ARIP provides the missing governed
: reasoning layer between Al-assisted

| research and real-world decisions.
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Research & Insight EARIP
Platform (ARIP) attole o

From intelligence-driven decisions
-=» compounding organizational
learning = improved enterprise
performance




What Is ARIP? @

 ARIP is a learning & decision-enhancing governance system that:
v Converts ideas into hypotheses to be tested through evidentiary reasoning.
v Enhances Al for problem solving by storing context and defining approach.
v Improves decision-making through analytics, measured results, audit trails.

« Everybody has ideas. ARIP transforms them into hypotheses for the
User and Al to "reason” to closure; all supported by advanced analytlcs.

- ARIP functions like a court of law: (GD Fo

v" User presents claims and evidence to
support an “idea” that gets fully defined.

v" User debates the case in Al sessions that
address contradiction, risk, and scenarios.

v" ARIP guides, then computes the results.




The Problem Statement ARIP Helps Solve ()

« Organizations don’t struggle because of lack of data or Al. They
struggle because learning from ideas and decision-making are not
explicit, defined, rigorous, and auditable.

v Decisions are made amidst high uncertainty

v" Reasoning is implicit, political, or forgotten (
v Al accelerates activity — not judgment

v' Teams often repeat similar mistakes.

[N N

« QOrganizations lack a system that governs how human ideas are
formed, evolved, and executed, with their outcomes learned from.

«  Speed without decision integrity just gets you to the wrong
answer faster.




The Learning Engine (CDIF + ULA) 'S

« Two proprietary systems make ARIP unique and powerful.
v" Coherent Diagnostic Information Framework (CDIF)

»  Fragility of decision-making confidence tracked EXECUTIVE VIEW
ARIP Decision Dashboard (What leaders see)
> Assumption versus hard evidence quality detection Nt -sncssnty -vd
>  Signals progress/decay in hypothesis development DMAIC PRASE CONTROLLER
(DEFINE — MEASURE — ANALYZE — IMPROVE — CONTROL/CLOSURE)
> P re m atu re d ecis io n CIOS u re Wa rni ng S Governs lifecycle progression, decision timing, and action control
/ - - - -
Unified Learning Architecture (ULA) pors o T
. (Investment-domain deployment of ARIP Core)
»  Preserves complete lifecycle and outcome records COIFENGINE [} e it el
. .  Support pressure : C::::(I)—nr?:;ket:rcarzd;dai:e compertsn « Lifecycle Learning Records
> Compares analytical patterns across decisions e B e iy
« Drift detection  Non-executing learning layer
»  Tests which signals were actually informative
» ldentifies calibration and method-improvement candidates R

* Hypotheses e Evidence * Decisions * Outputs * Outcomes ¢ Learning Records

> B u Ild S p rop rl eta ry I nSt| tu tl On a I Iea rn In g Ove r tI m e (Supports auditability, immutable snapshots, and lifecycle continuity)

« CDIF enhances today’s decision. ULA ensures tomorrow’s decisions
are better.




ARIP: Al-agnostic. ERP-neutral. Enterprise-friendly.

ARIP Architecture:
«  Works with any Al or multiple platforms. 7 ARIP

 Minimal external data retention:
v" Mainly decision telemetry - B0eciions

_——

v/ Reads data, does not own it

HYPOTHESES

* Deploys as (multiple implementation paths): .

REASONING

e”’
Y

\
Y

a. Standalone SaaS
b. Overlay
c. Licensed engine
« Specific domain “modules” add layers.
v' Templates change, the ARIP core does not.

ore Lifecycle Engine
» ANALYZE - IMPROVE




How ARIP Works: A Real-Time Walkthrough

* ldea: | think Company A is a compelling investment opportunity.

CDIF / CDIF-T Checks
e structural stability

e support vs fragility

o trajectory / drift

CONTROL / CLOSURE

Decision + rationale
+ monitoring + audit trail

Idea / Question

RCRS + contradiction
review « fill gaps

Decision question
+ hypothesis

PAM + Six Sigma

CTQs + evidence intake
+ CDIF + CDIF-T

A

Example Hypothesis:
H4- CH R (see Research Report)

[ DART Evidence Construction ] Analytical State
e

diagnosticity « authority « relevance « tim * support aggregation
o control-state signals
e trend / drift indicators



https://img1.wsimg.com/blobby/go/1fe6a4f8-bf3a-487a-b0ae-9689f11e6062/A.%20SWICH%20Research%20Report%20-%20CHR%20(2026-0-2d4d917.pdf

ARIP Use Cases: Reasoning/Analytics Across Domains 9

Domain Module

1) Strategic Investment
Module

2) Project Portfolio
Module

3) Program Funding
Module

4) Contract Spend
Module

5) Expense Control
Module

6) Supply Chain
Module

7) Litigation Strategy
Module

Candidate Type

Investment or M&A
opportunities

Project candidates

Programs or initiatives

Vendor contracts

Expense categories

Suppliers or sourcing
options

Legal strategies or claims

Dynamic Variables

Valuation, diligence status,
integration risk, synergy potential

Budget, staffing, milestone timing,
delivery risk, expected benefit

Funding envelope, public impact,
delivery performance, policy urgency

Renewal date, SLA performance,
switching cost, spend exposure

Cost savings, reversibility,
operational disruption, timing

Reliability, cost, geopolitical risk,
capacity, resilience

Legal cost, probability of success,
settlement value, timing risk

Example PMC Actions

Advance diligence, pause,
reject, stage capital

Approve, defer, reduce scope,
terminate, monitor

Continue, expand, sunset,
reallocate

Renew, renegotiate, replace,
exit
Maintain, reduce, consolidate,
eliminate

Shift volume, dual-source,
renegotiate, monitor

Proceed, settle, cap spend,
abandon




ARIP Education System: Enhancing Student
Reasoning in the Age of AI

ARIP CORE e

‘ Al PROVIDERS (EXTERNAL SE!|
Structured Al assistan d, ot

RVICES)

EVIDENCE
BETTER LEARNING

Governed Al-enhanced reasoning and learning

Executive Summary

Generative Al is rapidly entering classrooms, but education systems face a fundamental problem: the final assignment no
longer reliably shows how much thinking the student actually did. A polished essay, analysis or recommendation may
reflect genuine student reasoning, heavy Al assistance, or almost complete cognitive outsourcing. Recent academic
studies show that existing approaches largely focus on banning Al, detecting Al-generated text, or providing Al tutors.
These remedies, by themselves, do not provide a student with a formal method to optimize reasoning, or produce a

governed record for institutions to assess how a student employed Al in the thinking process.

The Al-Augmented Research & Insight Platform (“*ARIP”) provides students with a reasoning process that is a structured,
auditable workflow rather than leaving it hidden inside an AI chat or behind a finished submission. Within ARIP, a
student works under an authenticated User ID and progresses an idea or assignment through a phased governance
lifecycle:

1. DEFINE — state clearly what is being tested or argued.

2. MEASURE — build the claims, evidence and counter-evidence.

3. ANALYZE — evaluate support, contradiction, uncertainty and weaknesses.

4. IMPROVE — revise the reasoning where the evidence requires it

5. CONTROL/CLOSURE — record and justify the outcome, along with any remaining uncertainty.

The value of the system is not the sequence alone. ARIP records the operations performed inside that sequence. It
distinguishes material originated by the student from material introduced by Al records whether Al suggestions were
accepted, rejected or revised; links claims to evidence; preserves the order in which decisions were made; and maintains
an append-only history of how the student’s analytical position changed. This creates something conventional assignments
and Al-detection tools cannot pravide- reasoning provenance.

An educator is no longer limited to asking, “Did this student use AI?” Instead, the educator can examine:
o what the student originated;
+ what Al contributed;
* how the student evaluated Al suggestions;
o whether contradictory evidence was seriously considered;
o whether the student revised a position when warranted;

* what evidence supported the final conclusion; and

« whether the student retained intellectual control over the work.

A conventional chatbot can generate answers, but it does not enforce institutional rules around attribution, sequence,
evidence, acceptance, revision and closure. A word processor records a document, not the reasoning that produced it.
ARIP Education therefore operates as a controlled reasoning environment: assessable student reasoning is developed
inside ARIP under authenticated identity, while Al assistance is provided through an institution-approved integrated Al
service and automatically identified as Al-originated. External source materials may be admitted as evidence where
permitted, but externally prepared reasoning cannot silently enter the record as student-originated work. Al-detection tools
attempt to infer authorship after the fact. ARIP instead governs the human—AlI reasoning process as it occurs. For schools
and universities, this creates a potential new model for responsible Al adoption: allow students to use powerful Al tools,
but require their reasoning, judgment and participation to remain visible and accountable.

At institutional scale, the same ARIP architecture allows educators to assess reasoning development across assignments

and over time, while preserving privacy, teacher judgment and academic-integrity controls. Rather than treating Al as
something education must either prohibit or surrender to, ARIP offers a third path:

Student S |
eamn contest
+ Governed human-Al reasoning :
i e snd st ARP LEARNING LFECYCLE omer | A
« Submit claims & evidence —
um M Insttutional  Specialized
+ Challenge Al outputs _L} L 4 Q o €= proderA  Provider8  Model Tools
* Revise reasoning # Control / Structured
* Close assignment Define Analyze Spove Closure responses 3
Question Evidence  PAM+SixSigma | Review Decision
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« Design and review leaming tasks | | feview W Tristed ecord o eariog.rea
o Setassignment constraints and assess CORE MODULES 4 S 8 o
« Inspect provenance ~ o - * Student « Reasoning history
5 R:::, Lm.r.g % Assignment & Reasoning & Evidencentake/ « Teacher actions « Assessment record
Constraint Engine Workspace W DART o Accepted / rejected Al outputs  » Audit trail
o Provide feedback i :
gt Tasks,rles, scafolds HumanAl collsboration i * Evidence
Institution / Administrator Contradiction Diagnostics Provenance /
Yy N Govern Review ] | [chemgey Audit Trail ULALEARNING LAYER
« Govern deployment ad conigurd Capture, reuse and improve over time
« Identity & role management Identiy and resolve Analytical support Traceabiity, versioning
Q « Policy settings inconsistencies & indicators & accountability |« preservedouteomes « Institutional learning
[——= * Retention * Patterns « Future improvement
* Reporting N P * Reuse

Privacy & audit controls

ﬁ CROSS-CUTTING GOVERNANCE AND ACCESS CONTROLS

a.- i ;u

285 Governed User 1Ds

Q 9

SYSTEM ROLES Student Teacher / Assessor @ nstitution / Administrator o ARIP/ Al Layer
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Conceptuse case + Draft for discussion « SWICH

PILOT DESIGN

Validation

& m—p  Comparison Primary outcomes Secondary outcomes msin DL Govemance
« 25100 students. conventional workflow vs. = Sudatesoemen # ConisicionTesmonse: ratings « Ethics review

« Revision behaviour
* Academic-integrity
observations

« Reasoning visibility
« Completion burden
« Usability

+ 2-4 govemed assignments ARIP-supported workflow « Do not treat indicators as
validated until agreement and

outcome evidence are established

+ Academic-integrity
review before launch

PILOT EXECUTION

Implement the pilot through a governed, structured workflow

Course setup > Governed assignments > Student reasoning activity = [ ) Teacher review & assessment > Pilot evaluation
8 i 2-4 tasks inside ARIP Ideas, evidence, contradiction Provenance-aware grading l Compare outcomes,
Rubrics, permissions, policies i Kot spdenn -, e |l Compars aacon

TEACHER ASSESSMENT
How educators inspect and judge
reasoning quality

LEARNING OUTCOMES
What changes in student work and
learning quality

. STUDENT ACTIVITY GOVERNANCE REVIEW

o How students engage inside the

governed workfic
Hlustrative measures

v

Ilustrative checklist

Institutional readiness, compliance and
responsible deployment

Nlustrative rubric (average score out of 5)

B rsomentconpetonrote (D 92% Reasoning visibility [ == a1 ©® Conventional @ ARIP-supported @  Privacy and retention compliance Ready
§ = Qualty of evidence judgrment (D 38 | w 5 . & @  Auditabity / provenance completeness Ready
idence submmissions - = 69
Contradiction handling L 40 L 753 57 @  Ethics considerations Ready
/ it teail Revision qualit - 39 % B
O wocpt/eie/eatrel @D 6% ST Al | 2 ©  Academic.integrity obsenvatons Noissues
losure quality L= I . s
A Contradictions reviewed () 31 troctor veoers oty GEEEEEEERTS 43 B & @  Role/ permission controls Ready
structor usefulness rating Sk P e
£ Revisioncount - 28 clarity Randling revsions confidence () Deployment readiness decision In review
“ARIP makes student reasoning more visible S
@ Tmeontask/usabiityfeectock (D 425 | 66 sndeasiertoassess ¢ Moo soianye b joisicsli Govenance review confirms controls are in place
Pilot instructor (Hustrative) Sedperid o for aresponsibl, imited pot deployment.

in this pilot (illustrative results),

SYNTHESIS & GO / NO-GO REVIEW

Educator value © Refine and expand

Usabilty findings Student behaviour insights Governance readiness Pilot
What worked and whatneeds | Instructor benefits and -3 Patterns, gains and v Compliance, risks and ‘i Review O Validate further
femaining challenges unintended effects mitigations Outcome | © Donot scale until issues resolved

Improvement

GonmedtierDs | & Humanpaticpation

| Q Tonpaeny | " 9
Use AI — but make the human reasoning observable, governable and assessable.

Concept use case + Draftfor discussion + SWICH



ARIP- HP? Procurement Decision
Governance Module:

From Procurement Workflow to

Decision Integrity and Learning

Executive Summary

Procurement organizations increasingly operate at the intersection of cost
pressure, supply risk, regulatory expectations, contract complexity,
digital transformation and rapidly expanding Al capability. Deloitte's
2025 Global CPO Survey describes procurement as being at an inflection
point as functions invest heavily in digital tools and Al while remaining
accountable for risk, supplier performance and enterprise value.
McKinsey similarly describes procurement as a function sitting at the = P
confluence of large internal and external data flows, with analytics and Foundation

Al creating opportunities for faster, better sourcing decisions. [1][2]
1. Operational Source Systems
Execute procurement transactions

s ARIP-HP2

Procurement Decision-Governance Engine
Evidence-based | Governed | Auditable | Human-authorized

2. ARIP-HP?Decision-Governance Engine
Governed reasoning, evidence chain, and human decision record

3. Post-Decision Follow-Through & Learning
Monitor outcomes and inform future decisions

The operating systems that support procurement - ERP, procure-to-pay,
eSourcingL contract lifecycle management, supplier-risk, finance and
business-intelligence systems - are essential. They capture requisitions,
sourcing events, bids, approvals, purchase orders, invoices, contracts,
performance records and related workflow. ARIP- HP? is not intended to
replace those systems. It is conceived as a decision-governance layer that

purchase orders, invoices
Monitoring
+ Track implementation <

Governed

Procure-to-Pay

. R N N :_Q Sourcing, buying, evidence ' 1 —m- * Monitor compliance
uses their records as evidence and preserves the reasoning behind receiving, payments Source manifestsll _@ . PEFINE * Detect variances and risks
: sal evidence artifacts Set decision need, .
consequential procurement decisions. . scope, citeria and
o®o eSourcing ] evidence plan R
The distinction is important. A workflow system can show that an S e sl testonees 1 Transaction data controL/ "\
valuatior ,
approval occurred. A sourcing tool can rank bids. An Al copilot can Suppber informaton CLOSURE ; Outcomes
. H St 2 : \ Decision Value realized
summarize supplier responses or draft negotiation language. ARIP-HP* is ELIIVI : R / ) 5 outois ( ) Rk ol Conidnon outiommes
. . . . ontracts, terms, -] % i
designed to address a different question: was the procurement decision obligations 9 ARIP-HP + Supplier.and performance
. N . Risk and complianeel ion, Governed K « Approved decision results
framed clearly, supported by traceable evidence, tested against credible Evidence Repository and rationale
P P . i i D Do d All evidence, analysis, o Act d conditi
contradictions, challenged before closure, explicitly authorized by a v :"Pl"":' Rd'lsk pesmlsion "’ kst tised e l
: . . upplier due diligence, .
human User, and linked to later outcomes so the organization can learn ESG, third-party risk N Supportingdais « Notifications to oo
from it? and analytics operational systems eaming
? ) + Analyze out
. . i Finance / BI . ‘GZ‘:Xée.n‘Z”gﬁi"ﬁ best practices
The module applies the ARIP lifecycle to procurement, supply-chain and all  spend data, budgets, + Refine criteria, models and guidance
. -, . f forfuture deci
contract decisions: DEFINE the decision proposition; MEASURE the oy ! Y e
claims, evidence and counter-explanations; ANALYZE the support and g Document Repository User Decision Record 2]
. . e — « Authorized by human decision-maker
structural state; IMPROVE by stress-testing contradictions and B e goalfpe .i o {Cophived ationalé and Bvilence ey
. . . correspondence nsights inform future aecisions
scenarios; and CONTROL/CLOSURE by capturing the authorized ° Immutable and auditable record t (but do not replace the governed record) J

decision, rationale, follow-up triggers and later outcomes. Al may assist
with extraction, summarization, CTQ drafting, contradiction discovery =
and report preparation, but the decision record remains User-owned.

Operational systems execute procurement t

overns the reasoning and decision record.




ARIP Defence Decision Assurance Module:
Reconstructing Human-Al Decisions for After-Action Review
and Institutional Learning

Executive Summary

Artificial intelligence is increasingly used to compress military decision cycles by fusing data, identifying patterns,
generating assessments, and supporting courses of action. The Department of National Defence and Canadian Armed
Forces (DND/CAF) have stated that Al should augment rather than replace human decision-making, while decisions that
augment human judgment should be traceable, explainable and accountable. IDEaS challenges issued in 2022 and 2026
have also sought trusted human-autonomy teaming, after-action analysis, audit of Al-enabled decisions, and explainable
multi-modal fusion for operational decision-making. [1][2][4][5]

These requirements create a problem that is different from building a faster sensor-fusion model or a better course-of-
action optimizer: after an operation or exercise, can the organization reconstruct what information was available, how Al
and human reasoning interacted, why a particular decision was reached, and whether the reasoning was sound given what
was reasonably knowable at the time?

The Al-Augmented Research & Insight Platform (ARIP) can be adapted as a governed post-decision assurance
environment. The proposed ARIP Defence Decision Assurance Module would not attempt to replace live Command and
Control systems, multi-modal fusion engines, or tactical decision-intelligence platforms. Its initial role would be
retrospective: preserve or reconstruct the decision-time evidence state, evaluate how the evidence was interpreted,
compare the original analytical signals with facts revealed after the outcome, examine contradictions and alternatives, and
create a structured record of lessons that can be reused in later training, experimentation and capability evaluation.

The core distinction is between decision-time truth and outcome-time knowledge. ARIP should never rewrite what was
known at the time simply because the outcome is now known. Instead, it preserves the original epistemic state and adds a
separate post-outcome validation layer. A defence deployment could therefore support a structured sequence:

1. CAPTURE /RECONSTRUCT — preserve the decision event, alternatives, Al outputs, source artifacts,
warnings, timestamps and the actual User decision.

2. DEFINE — express the actual decision problem and material courses of action as explicit review hypotheses or
candidates.

3. MEASURE — reconstruct the CTQs and decision-time evidence set, while separately recording what post-
outcome facts reveal about the accuracy, timeliness, independence and relevance of those inputs.

4. ANALYZE — reproduce the decision-time analytical state using only contemporaneous information, then
compare CTQ-level analytical signals with realized facts for calibration and learning.

5. IMPROVE / AFTER-ACTION REASONING REVIEW — examine contradictions, missed alternatives, Al
reliance, assumptions, counterfactuals and whether better use of information already available could have
improved the decision.

6. CONTROL / CLOSURE — record the review conclusion, distinguish decision quality from outcome quality,
and preserve lessons, follow-up actions and future monitoring requirements.

7. ULA LEARNING — observe repeated post-decision records to identify recurring evidence failures, reasoning
weaknesses, trust-calibration patterns and transferable lessons without mutating historical decisions.

The result is a new form of decision provenance. Data provenance answers where information came from, how that
information became an accepted belief, how it was challenged, what the human decided, and what the outcome later
revealed.

The shift: The after-action question changes from “Did the mission succeed?” to “Given what was knowable at the
time, was the reasoning sound, what caused the ouicome, and what can the human-AI team learn before the next
decision?”

Operational Environment
Data Inputs & Al Systems

@)
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Imagery
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ARIP captures and reviews after the event.

DOES NOT INTERFERE WITH LIVE DECISIONS
P e et a
v v

Decision-Time Snapshot = Outcome Validation

FROZEN AT TO

ARIP automatically captures and preserves the decision-time state:

Evidence and information available

Contradictions or uncertainties
Recommended COAs

.

o Timestamps HISTORICAL

o Alassessment and confidence levels RECORD
PRESEREVED

.

.

=Q ADDS LATER ANNOTATIONS

After the exercise, ARIP links outcomes to the original
record and adds validation tags, without changing
the decision-time record.

Q Confirmed (as expected) ADDITIONAL

€ Disproved (different outcome) ANALYSIS,
NOT AN

@  stale (no longer relevant) oVERwRITE

© Leamedinsight




ARIP-P3: A Portfolio, Program & Project]
Decision-Support & Allocation System

The ARIP Core

The AI-Augmented Research & Insight Platform (ARIP) converts unstructured ideas, evidence,
claims, analytical judgments, contradiction reviews, scenario comparisons, decisions and outcomes into
governed lifecycle records that are deterministic, auditable, reproducible and suitable for future learning.

ARIP is not simply an Al-chat interface, portfolio dashboard or scoring model. It separates and governs:
DEFINE — MEASURE — ANALYZE — IMPROVE — CONTROL/CLOSURE

Al may assist research, evidence evaluation, contradiction testing, scenario analysis, comparison and
reporting, while deterministic methods perform governed analytical calculations and the human retains
decision authority. Every accepted claim, evidence record, contradiction, analytical state, scenario,
decision, override, monitoring trigger and outcome can be persisted so that the reasoning behind a
decision can later be reconstructed and audited.

This domain implementation of ARIP supports organizations that must compare multiple candidates
competing for scarce capital, funding, capacity or management attention. Potential applications include:

+ Project/Program/Portfolio Selection & Prioritization — selecting, prioritizing, pausing or
terminating projects; allocating capital and resources; testing alignment with strategic objectives.

« Capital Project & Infrastructure Decisions — comparing investment alternatives, engineering
changes, design options, scope decisions, scheduling options, and risk-response strategies.

+ R&D / Innovation Portfolio Management — selecting research ideas, comparing technology
pathways, deciding whether experiments or development programs should advance, and
allocating scarce R&D resources.

+ Program Funding & Grant Allocation — evaluating competing funding proposals, testing
evidence and assumptions, balancing portfolios, making decisions, and monitoring outcomes.

ARIP provides the bridge between analytical evidence and real-world allocation decisions. Analytical
outputs would not automatically dictate action. Instead, immutable analytical states would be combined
transparently with dynamic decision factors such as cost, timing, risk, reversibility, resource availability,
strategic alignment, opportunity cost and competing alternatives. The system then supports transparent
comparison while preserving the human’s authority to make, explain and record the final decision.

ARIP-P3 provides a controlled environment for researching and validating governed human-Al portfolio
decision-making, with findings potentially applicable across research, innovation and industrial program-
management contexts.

Core Function

The ARIP Lifecycle in a Portfolio, Program and
Project Decision-Support & Allocation System

Candidate A
(

(Converts an idea into a governed hypothesis, fully defined in accordance with "SMART" principles
(Converts evidence into a structured "Claim to Question” (CTQ) and DART evidence-strength outputs
Aggregates evidence support, process reliability, structural stability, and trajectory diagnostics
Performs risk & contradiction review, scenario modeling, and CTQ refinement to confirm next steps

Records decisions, monitors outcomes, and governs next actions

ARIP turns a User claim to support a hypothesis, into a structured object (CTQ) that Al can question.
“Diagnosticity| Attestability|Relevance|Time™: constructs and measures CTQ-level evidence strength.
Aggregates quality-weighted diagnostic evidence into a bounded hypothesis-support state.

ARIP Six Sigma treats the hypothesis state as the process, evaluating evidence reliability and quality
Evaluates structural stability, collapse pressure, and temporal trajectory of the hypothesis state
Performs structured risk and contradiction reasoning before a decision is made by the User

Bayesian Contradiction Diagnostic evaluates whether evidence favours the claim or contradiction.
(Converts analytical outputs into governed allocation, approval, reduction, closure, monitoring decisions

Preserves and compares lifecycle and decision records for learning, improving future ARIP executions

CDIF / CDIF-T Checks
« structural stability
* support vs fragility
« trajectory / drift

CTQs + evidence intake PAM+ Six Sigma
L + CDIF / CDIF-T J,

—

decision object +

RCRS + scenario review
strategic fit L

Candidate B L

IMPROVE
decision object + >
strategic fit

PAM + Six Sigma

L + CDIF / CDIF-T RCRS + scenario review

LCTQS + evidence intake

PORTFOLIO / DECISION / CONTROL

Candidate C decsiononjecs CTQs + evidence intake
L strategic fit L l

ALLOCATION COMPARISON

allocation + rationale
+monitoring

IMPROVE compare eligible candidates

— + trade-offs

PAM. Sk Sigma J anns + scenario review

+ CDIF / CDIF-T

Candidate D L

decision object +
strategic it

PAM + Six Sigma
+CDIF / CDIF-T

CTQs + evidence intake

RCRS + scenario review

I I

DART Evidence Construction
diagnosticity + authority + relevance + time

J ULA LEARNING CAPTURE
!
Analytical State

support + control-state signals
+ trend / drift indicators
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H4-V2 Reduce turnaround time H2-V4 Reduce protocol deviations 2025 Research Insight Report ® Apr23,2025 1605  Variant candidate identified (HS-V1) Al GUtpot
in clinical data review in Phase Ill trials ) =] Apr 22,2025 09:41 User acceptance requested (H4-V3) User Action
" Revi t s and prepare
de @  Apr21,2025 13:27  Decision record finalized (H2-V4) Decision
Up @®  Apr20,2025 10:14 Monttoring trigger opened (H2-V4) Monitoring

*Note: Example mock-up is for illustrative purposes only.



What Exists Today and What’s Next 'S

This is not an idea-stage concept

Scientific foundations submitted

Full technical architecture
Provisional Patents filed (USPTO)

CA LA A

Comprehensive application designs

|

' use Al If you want a quick answer, just use Al directly.

ARIP doesn’t try to replace how people casually

ARIP exists for the situations where:

— the question is complex,

— the decision is high-stakes,

— the reasoning must be defensible, and

— Users/organizations want to reuse what is learned.

-

Development partner (Aurelis) under MSA/SoW,; Prototype build ready.

We are not selling a narrative. We are commercializing an automated
learning system that has already enhanced complex decision-making.

Accepted into Vector Institute’s FastLane program, with access to:

v/ applied Al expertise,
v/ machine-learning talent, and
v/ commercialization guidance.

veeron | s
ST | VECTIUR

/]

FAST
LANE



ARIP is Just the First Application

A ARIP .

Al-Augmented Research &
Insight Platform

REAL-WORLD
4, ppLicATIONS

) | STABILITY
] COMERENCE
DRIFT DETECTION
COLLAPSE CONTROL

|||I AMPLIFICATION MONITORING

“CIDF” is the broader theoretical research framework; ARIP’s
“CDIF” is its decision-domain diagnostic implementation.




Conclusion

s @ AR|P

Al-AUGMENTED
RESEARCH & INSIGHT PLATFORM Al-Augmented Research & Insight Platform

DECISION SUPPORT

Transform information
into confident decisions

HYPOTHESIS MANAGEMENT

Track, test, and refine
hypotheses with clarity

REASONING ASSISTANCE

Al-augmented reasoning
for deeper insight

ANALYTICS & VISUALIZATION

Turn complex data into
actionable understanding

AMPLIFICATION MONITORIG o g maR W
« Drift detection \ C/S/O/VS — I ; g\\k\:\\\g
» Contradiction & collapse monitoring S = /*/-)’po THESES RE ASON\N_G :

* Amplification & spectral monitoring
* Hybrid stochastic-informational systems

* Coherence stability signals *OHERENCE ! [ 1T NSIGHT

Bringing coherence to complexity — from insight to impact.

ARIP is the governed
reasoning layer
between Al-assisted
research and real-
world decisions.

ARIP turns ideas into
auditable hypotheses,
structures evidence,
computes support and
stability, forces
contradiction review,
records decisions,
and learns from
outcomes.
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