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The Strategic Imperative: Beyond the Hype
The integration of generative artificial intelligence (GenAI) into the enterprise represents a fundamental shift in 

competitive dynamics, promising to unlock unprecedented levels of productivity and innovation. However, realizing 

this potential requires moving beyond technology-centric experimentation toward a disciplined, strategy-led 

approach. A successful implementation is not merely about adopting a new tool; it is about reimagining business 

processes, empowering the workforce, and building a sustainable competitive advantage. The most common failure 

pattern is a technology-first approach, where organizations rush to deploy solutions without a clear vision of the value 

they intend to create. A truly "faster, better, smarter" implementation paradoxically begins with the deliberate and 

strategic work of aligning AI initiatives with core business objectives.

Technology Adoption

Tools and Platforms

Strategy Alignment

Change Management

Governance and Compliance

Organizations that succeed with generative AI recognize that the visible aspects of implementation4the tools, 

models, and applications4represent just the tip of the iceberg. The larger, more critical factors lie beneath the 

surface: strategic alignment, organizational readiness, data governance, and cultural transformation. Companies that 

focus exclusively on technology adoption without addressing these foundational elements risk significant investments 

with minimal returns.

The strategic imperative for business leaders is clear: approach generative AI implementation with the same rigor and 

discipline applied to any major business transformation. This means starting with a clear vision, establishing 

measurable objectives, and developing a comprehensive roadmap that addresses both technological and 

organizational dimensions of change.



The Universal First Step: Aligning with 
Business Objectives
Across a wide range of expert analyses and implementation guides, a singular consensus emerges: the generative AI 

journey must begin with a clear and unambiguous definition of business goals. This foundational step ensures that 

every subsequent investment of time, capital, and human resources is directed toward measurable outcomes. The 

process starts by examining the organization's overarching strategic objectives and identifying specific business 

challenges that GenAI could address. Whether the primary goal is to enhance the customer experience, drive 

operational efficiency, or accelerate innovation, AI initiatives must provide direct and demonstrable support for these 

broader business aims.

Define Strategic Goals

Begin by examining your 

organization's overarching 

strategic objectives and 

identifying specific business 

challenges that GenAI could 

address. Focus on how AI can 

directly support core business 

priorities rather than 

implementing technology for its 

own sake.

Identify Transformation 
Opportunities
Look beyond incremental 

improvements to consider how 

GenAI can fundamentally 

transform business processes 

or create entirely new revenue 

streams. For example, a media 

company might use GenAI to 

create personalized content at 

scale, opening new markets and 

audience segments.

Establish Quantifiable 
Metrics
Develop clear key performance 

indicators (KPIs) from the 

outset, including financial 

indicators (revenue growth, cost 

savings), operational metrics 

(productivity improvements, 

time saved), and customer-

centric measures (satisfaction 

scores, engagement rates).

A "smarter" approach compels leaders to look beyond incremental improvements and focus on how generative AI can 

fundamentally transform business processes or create entirely new revenue streams. For instance, a media company 

might set a goal not just to write articles faster, but to use GenAI to create personalized content at a massive scale, 

thereby opening up new markets and audience segments. This requires the deep involvement of business leaders 

from the outset to outline expected outcomes and establish quantifiable metrics to gauge success.

These key performance indicators (KPIs) are not an afterthought; they are the bedrock of the business case and could 

include financial indicators like revenue growth or cost savings, operational metrics such as productivity 

improvements or time saved, and customer-centric measures like satisfaction scores or engagement rates. This initial 

strategic alignment provides the clarity and purpose necessary to navigate the complexities of implementation with a 

clear direction.



A Unified Adoption Framework: The  Maturity 
Stages
To move from high-level objectives to a structured execution plan, organizations can leverage two powerful and 

complementary frameworks. These models provide a comprehensive grid for strategic planning, offering both a 

functional "what to do" guide and a developmental "where you are" diagnostic.

The integration of these two frameworks creates a powerful diagnostic and prescriptive tool that allows organizations 

to accurately assess their current state and prioritize the most critical activities for advancement. Rather than 

attempting to implement all aspects of AI transformation simultaneously4which often leads to resource dilution and 

failure4this unified approach enables leaders to focus their efforts strategically.

By first understanding where they fall on the maturity spectrum, organizations can identify the specific gaps 

preventing progress. Then, by selectively addressing the workstreams that directly impact those gaps, they can create 

a focused roadmap that maximizes the return on their AI investments while minimizing risk. This targeted approach 

transforms the daunting challenge of AI implementation into a manageable, iterative process with clear milestones 

and measurable outcomes.



AI Roadmap: Seven Key Workstreams
The AI Roadmap serves as a functional framework detailing the seven key workstreams required to deliver AI at scale. 

It is not a rigid, sequential checklist but rather a menu of critical activities from which an organization can select and 

sequence based on its specific goals and maturity level.

1

AI Strategy

Defining the organization's AI 

ambitions and their alignment 

with the business strategy. This 

includes developing a clear 

vision for how AI will transform 

the business and establishing 

governance structures to guide 

implementation.

2

AI Value

Realizing value through a 

portfolio of AI initiatives, starting 

with pilots and evolving to a 

continuous value creation model. 

This workstream focuses on 

identifying high-impact use 

cases and establishing metrics 

to track and demonstrate ROI.

3

AI Organization

Evolving the organizational 

structure, from establishing 

initial communities of practice 

to designing a target operating 

model for scaled AI. This 

includes defining roles, 

responsibilities, and reporting 

relationships.

4

AI People and Culture
Managing the workforce impact 

through upskilling, job redesign, 

and cultural adaptation. This 

workstream addresses the 

human side of AI transformation, 

ensuring employees have the 

skills and mindset to work 

effectively with AI.

5

AI Governance
Managing AI-related risks 

through principles, policies, and 

formal governance structures. 

This includes addressing ethical, 

legal, and regulatory 

considerations to ensure 

responsible AI use.

6

AI Engineering
Building the necessary technical 

foundation, including platforms, 

tools, and vendor strategies. This 

workstream focuses on the 

infrastructure and technical 

capabilities needed to develop, 

deploy, and maintain AI 

solutions.

7

AI Data
Ensuring the organization has AI-ready data, which involves different capabilities than traditional data 

management. This includes data acquisition, preparation, governance, and quality management.

These workstreams provide a comprehensive view of the functional areas that organizations must address to 

successfully implement AI at scale. However, not all workstreams require equal attention at every stage of the AI 

journey. The key to effective implementation is understanding which workstreams are most critical based on an 

organization's current maturity level and strategic objectives.



The 5 Stages of AI Adoption: A Maturity Model
The 5 Stages of AI Adoption functions as a developmental or maturity model. This model helps an organization 

accurately diagnose its current state and understand the common challenges or "gaps" that prevent progression to 

the next level.

Becoming Aware

Early interest in AI, with a focus on research and exploring potential. The key challenge is the "Zero-to-One Gap," a 

lack of buy-in from leadership or employees.

Key Activities: Research, education, building awareness, identifying potential applications

Primary Focus: Overcoming skepticism and building basic understanding

Experimenting
A few individuals or teams actively use AI tools, but there is no formal strategy. The primary challenge is the 

"Literacy Gap," where a lack of broad AI understanding prevents wider adoption.

Key Activities: Pilot projects, proof of concepts, developing early use cases

Primary Focus: Building skills and demonstrating potential value

Optimizing

Lessons from experiments are applied to create repeatable processes and a formal AI strategy. The main 

hurdle is the "Technology Gap," a lack of appropriate, enterprise-grade AI tools.

Key Activities: Establishing formal AI strategy, developing repeatable processes

Primary Focus: Scaling successful experiments and building technical infrastructure

Standardizing
AI usage is standardized across the business with enterprise-wide technology and a culture of 

innovation. The challenge is the "Systems Gap," which involves building the systems to ensure 

consistent, effective use at scale.

Key Activities: Enterprise-wide deployment, standardization, integration with core business processes

Primary Focus: Creating sustainable systems and governance for AI at scale

Transforming

The organization uses AI to completely revolutionize its operations, gaining a significant competitive edge 

and being recognized as an industry leader.

Key Activities: Continuous innovation, business model transformation, industry leadership

Primary Focus: Leveraging AI as a core competitive differentiator

This maturity model provides organizations with a framework to assess their current state of AI adoption and identify 

the specific challenges they need to overcome to advance to the next level. By understanding where they are in the 

adoption journey, organizations can make more informed decisions about where to focus their efforts and resources.



From Framework to Action: Prioritizing for 
"Faster, Better, Smarter" Progress
The path to a "faster, better, smarter" implementation lies in the synthesis of these two models. An organization should 

not attempt to tackle all seven of Gartner's workstreams at once. Such an approach would dilute resources and lead 

to failure. Instead, a more intelligent and ultimately faster path involves a targeted, iterative cycle of diagnosis and 

action.

Diagnose
Use the 5 Stages of AI Adoption 

framework to conduct an honest 

assessment of the organization's 

current AI maturity level. For 

example, is the organization stuck 

in the "Awareness" stage due to 

leadership skepticism?

Prioritize
Based on this diagnosis, identify 

the 2-3 most critical Gartner 

workstreams that directly address 

the specific "gap" preventing 

progress. An organization 

struggling with the "Zero-to-One 

Gap" (lack of buy-in) should not 

be focused on advanced "AI 

Engineering" tasks. Its priority 

should be the "AI Strategy" 

workstream (to define a 

compelling ambition and business 

case) and the "AI People and 

Culture" workstream (to educate 

leadership and build buy-in).

Execute
With priorities clarified, develop a 

concrete roadmap that outlines 

key milestones, responsibilities, 

and realistic timelines. This 

roadmap should begin with a 

limited number of high-impact 

pilot projects or proofs of concept 

(PoCs). These pilots serve a dual 

purpose: they test the technology 

in a controlled environment and, 

crucially, they generate "early wins" 

that can be showcased to build 

confidence and momentum across 

the organization, helping to 

overcome initial resistance.

Low Maturity

Tactical Approach

High Maturity

Strategic Approach

Optimizing - High 
maturity, tactical focus

Experimental - Low 
maturity, tactical focus

Transformation - High 
maturity, strategic 

focus

Foundation Building - 
Low maturity, strategic 

focus

This integrated approach reveals that the feasibility of executing the Gartner workstreams is causally linked to the 

organization's maturity stage as defined by the Grammarly model. Attempting to build a sophisticated "portfolio of AI 

products" (an advanced activity in the 'AI Value' workstream) is destined for failure if the organization has not yet 

overcome the foundational "Literacy Gap."

By diagnosing its maturity level, an organization can avoid wasting resources on advanced initiatives it is not ready for. 

The "smarter" path is to apply surgical precision, focusing effort on the specific workstreams that unlock the next level 

of maturity. This creates a virtuous cycle of progress, transforming the daunting task of AI adoption into a 

manageable, iterative journey.



A Compendium of High-Value Use Cases
To build a compelling business case and inspire action, leaders must move beyond the abstract potential of 

generative AI to the realm of concrete, quantifiable business impact. The evidence of transformation is already 

widespread across industries, with 66% of CEOs reporting measurable business benefits from their GenAI initiatives. 

This section provides a data-rich catalog of proven, high-value applications, demonstrating how organizations are 

leveraging GenAI to achieve significant returns on investment.

By examining these real-world examples, organizations can identify the most promising opportunities within their own 

operations and develop targeted implementation strategies. The use cases span multiple functional areas4from 

customer service and marketing to product development and back-office operations4providing a comprehensive 

view of GenAI's transformative potential across the enterprise.

Each example includes specific metrics and outcomes, offering concrete evidence of the business value that can be 

achieved through strategic AI implementation. This data-driven approach helps build a robust business case for 

investment and provides benchmarks against which organizations can measure their own success.



Transforming Customer Operations and 
Experience
Customer service has rapidly become the number one generative AI priority for CEOs, as the technology offers a 

direct path to enhancing customer satisfaction while reducing operational costs.

Customer Support Automation

GenAI is revolutionizing the contact center by powering 

sophisticated chatbots and virtual agents capable of 

understanding natural language and providing 24/7, 

context-aware responses. These systems go far beyond 

simple FAQ bots. They can access and process vast 

amounts of information to accurately answer customer 

queries, draft follow-up emails, summarize complex 

support tickets for human agents, and proactively 

create knowledge base articles to improve self-service 

options.

Markerstudy Group, a UK insurance provider, 

developed a call summarization app using Azure 

OpenAI that saves its claim handlers approximately 

four minutes per call, translating to an estimated 

56,000 hours saved annually.

In another case, the Standard Bank of South Africa 

deployed an IT help desk bot that successfully resolves 

99% of all employee queries without human 

intervention.

Personalized Customer Engagement

Beyond reactive support, AI is a powerful engine for 

proactive, personalized customer engagement. By 

analyzing vast datasets of customer behavior, 

preferences, and purchase history, AI can deliver 

tailored experiences at scale. This includes 

recommending products in real-time, personalizing 

website content, and curating unique shopping 

journeys.

ASOS uses an AI-powered conversational interface 

to curate product selections based on individual 

shopper preferences and highlight relevant trends, a 

strategy that directly boosts conversions, reduces 

returns, and increases customer loyalty.

56K
Hours Saved Annually

Markerstudy Group's call 

summarization app saves claim 

handlers approximately four minutes 

per call

99%
Query Resolution Rate

Standard Bank of South Africa's IT 

help desk bot resolves employee 

queries without human intervention

24/7
Customer Support

GenAI-powered virtual agents 

provide round-the-clock service 

with consistent quality

These examples demonstrate how generative AI is fundamentally transforming the customer experience landscape. 

Organizations that strategically implement these technologies can simultaneously reduce operational costs while 

delivering higher levels of service4a previously elusive combination that creates significant competitive advantage.



Accelerating Marketing, Sales, and Content 
Creation
Generative AI is a force multiplier for marketing and sales teams, automating creative and administrative work to drive 

efficiency and effectiveness.

Content Generation and SEO

AI tools like Jasper and ChatGPT can generate high 

volumes of engaging marketing copy, email 

campaigns, blog posts, and social media updates in a 

fraction of the time it would take a human writer. 

These tools can also analyze search data and trends 

to suggest keywords and phrases that optimize 

content for higher visibility on search engines.

Heinz integrated OpenAI's DALL-E image 

generator into its marketing campaigns to create 

novel and appealing visuals.

The cost savings can be substantial, with companies 

like Nestlé reporting a 70% reduction in content 

creation costs by using an in-house AI service.

Sales Enablement

For sales teams, GenAI acts as a powerful assistant, 

automating the administrative tasks that often bog 

down representatives and prevent them from 

focusing on building relationships and closing deals. 

AI can identify and prioritize high-potential sales 

leads, analyze customer data to suggest personalized 

outreach strategies, and even draft initial contact 

emails.

Lumen Technologies is using Microsoft Copilot to 

summarize past sales interactions, reducing a task 

that took four hours to just 15 minutes and 

projecting annual savings of USD $50 million.
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The impact of generative AI on marketing and sales extends beyond simple efficiency gains. By automating routine 

tasks and content creation, these technologies free up human talent to focus on strategic activities that require 

creativity, emotional intelligence, and relationship building. This shift not only improves productivity metrics but also 

enhances job satisfaction and enables more innovative approaches to customer engagement.

Additionally, the consistency and scalability provided by AI-powered content generation allow organizations to 

maintain a strong market presence across multiple channels simultaneously4something that would be prohibitively 

resource-intensive using traditional methods. This expanded reach, combined with the ability to rapidly test and 

iterate different approaches, creates a significant competitive advantage in increasingly crowded marketplaces.



Reinventing Product Development and 
Engineering
The impact of generative AI extends deep into the technical functions of an organization, accelerating the cycles of 

innovation in both software and physical product development.

Code Generation and Software Development

For software developers, GenAI tools like GitHub Copilot 

are transformative. These assistants can write, update, 

and maintain code; suggest completions; automate 

debugging; and generate necessary documentation like 

user manuals and technical specifications. This not only 

speeds up the development process but also improves 

code quality and allows developers to focus on more 

complex architectural challenges.

Allpay used GitHub Copilot to increase its developer 

productivity by 10% and boost the volume of code 

delivered into production by 25%.

Generative Design and Prototyping

In the manufacturing sector, generative design uses AI 

algorithms to explore thousands of design possibilities 

for a physical part, optimizing for factors like weight, 

strength, and material usage. This allows companies to 

create lighter, more efficient components while 

reducing material waste.

General Motors has integrated generative AI into its 

manufacturing processes to design innovative 

vehicle parts, leading to lighter components, 

reduced production costs, and enhanced overall 

vehicle efficiency.

The ability to rapidly explore design alternatives that 

humans might never consider enables breakthrough 

innovations and significant competitive advantages in 

product development.

Automated Code Generation
AI assistants can generate code 

snippets, complete functions, and 

even build entire modules based on 

natural language descriptions, 

reducing development time by up to 

40% for routine tasks.

Intelligent Debugging
GenAI can identify potential bugs, 

security vulnerabilities, and 

performance issues in code, 

suggesting fixes and optimizations 

that improve overall software quality 

and reliability.

API Integration Automation
AI tools can automatically generate 

code for API integrations based on 

documentation, dramatically 

reducing the time and complexity 

involved in connecting different 

systems and services.

These examples illustrate how generative AI is fundamentally changing the nature of technical work across industries. 

By automating routine aspects of coding and design, AI enables human engineers and developers to focus on higher-

level problem-solving and innovation. This shift not only accelerates development cycles but also leads to better 

products and solutions that might not have been discovered through traditional approaches.



Optimizing Core Business and Back-Office 
Functions
Perhaps the broadest impact of generative AI lies in its ability to streamline core business operations and augment 

employee productivity across the enterprise.

Employee Productivity 
and Workflow Automation
The most universal use case is 

the automation of repetitive, 

mundane tasks. By offloading this 

work to AI, employees are freed 

to focus on more complex, 

creative, and strategic work, 

which boosts not only efficiency 

but also job satisfaction and 

innovation.

EchoStar's Hughes division 

leveraged Microsoft's Azure AI 

Foundry to create 12 new 

production apps for tasks like 

sales call auditing and customer 

retention analysis, which are 

projected to save 35,000 work 

hours annually and boost 

productivity by at least 25%.

Financial Services and 
Risk Management
In the finance industry, AI is being 

used to analyze complex market 

trends, generate detailed 

financial reports, and automate 

forecasting. For risk 

management, GenAI can quickly 

scan massive volumes of data to 

identify patterns or anomalies 

that might indicate fraud or other 

risks, aiding underwriters and 

claims adjusters.

Goldman Sachs has already 

deployed its own internal 

generative AI assistant to help its 

bankers, asset managers, and 

traders with tasks like 

summarizing documents and 

translating code.

Healthcare and Life 
Sciences
The impact of GenAI in 

healthcare is profound. It is 

transforming drug discovery, 

diagnostics, and patient care. AI 

tools can summarize lengthy 

patient histories, lab results, and 

medical records, allowing 

physicians to make faster, more 

informed decisions.

Insilico Medicine, using its 

generative AI platform, 

developed a novel treatment for 

fibrosis that entered human 

clinical trials in under 18 months

4a process that typically takes 

five to ten years. In the clinical 

setting, Acentra Health created 

"MedScribe," an AI tool that saved 

11,000 nursing hours and nearly 

$800,000 by automating 

documentation tasks.

The implementation of generative AI in core business functions demonstrates how this technology can 

simultaneously address multiple strategic objectives4reducing costs, improving quality, accelerating processes, and 

enhancing employee experience. This multidimensional impact is what makes GenAI such a powerful transformative 

force across the enterprise.

Furthermore, the cross-functional nature of many of these applications creates network effects that amplify their 

value. As AI-powered automation spreads across departments, data silos break down, collaboration improves, and the 

organization develops a more integrated, responsive operating model that can adapt quickly to changing market 

conditions.



High-Value Use Cases Summary
To provide a consolidated view for strategic planning, the following table summarizes some of the most compelling 

use cases and their quantified impact.

Business Function Specific Use Case Company Example Quantified Impact / ROI

Customer Service Call Summarization Markerstudy Group Saved 56,000 hours 

annually

Customer Service IT Help Desk Automation Standard Bank of South 

Africa

Resolves 99% of all 

employee queries

Sales Enablement Sales Interaction 

Summaries

Lumen Technologies Projected annual savings 

of USD $50 million

Software Development Code Generation Allpay Increased productivity 

by 10%, delivery volume 

by 25%

Employee Productivity Workflow Automation EchoStar Hughes Projected to save 

35,000 work hours 

annually

Employee Productivity Daily Task Automation Tüpra_ Employees save over an 

hour daily

Healthcare Drug Discovery Insilico Medicine Reduced drug-to-trial 

time from 5-10 years to 

<18 months

Healthcare Clinical Documentation Acentra Health Saved 11,000 nursing 

hours and nearly 

$800,000

Manufacturing Generative Design General Motors Designed lighter parts, 

reduced production 

costs

Marketing Content Creation Nestlé Reduced content 

creation costs by 70%

Customer Service

Sales

Software Dev

Employee 
Productivity

Healthcare

This evidence-based catalog demonstrates that generative AI is not a future promise but a present-day reality, 

delivering tangible value across the enterprise. By studying these examples, leaders can identify the most promising 

opportunities within their own organizations and build a robust, data-driven case for investment.

The diversity of use cases also highlights the versatility of generative AI as a technology. Unlike many previous 

technological innovations that were limited to specific functions or industries, GenAI has broad applicability across 

virtually every aspect of business operations. This universality means that organizations can develop a portfolio 

approach to implementation, selecting and prioritizing use cases based on their specific strategic objectives, current 

pain points, and organizational readiness.



The Implementation Decision Framework: 
Build, Buy, or Integrate
After aligning on strategic goals and identifying high-value use cases, leaders face a critical technical decision: which 

implementation pathway to pursue. This choice between building a custom solution, buying an off-the-shelf product, 

or integrating via APIs is a complex one, with significant trade-offs in terms of speed, cost, control, and long-term 

strategic value. A "smarter" decision requires a clear-eyed assessment of these trade-offs against the organization's 

specific context, resources, and competitive ambitions.

The implementation pathway decision is not merely a technical consideration but a strategic one that will 

fundamentally shape the organization's AI capabilities and competitive positioning. Each approach offers distinct 

advantages and limitations, and the optimal choice depends on a range of factors including business objectives, 

available resources, time constraints, and risk tolerance.

Organizations must carefully evaluate these factors to select the pathway4or combination of pathways4that best 

aligns with their strategic priorities. In many cases, a hybrid approach may be most effective, leveraging different 

implementation models for different use cases based on their strategic importance, complexity, and resource 

requirements.



The Three Pathways: A Comparative Overview
There are three primary avenues for bringing generative AI capabilities into an organization, each with a distinct profile 

of advantages and disadvantages.

Pathway 1: Off-the-Shelf (SaaS): The "Faster" Route

This pathway involves adopting existing Software-as-a-Service (SaaS) products that have generative AI 

features embedded within them. Examples include AI-powered CRM platforms, marketing automation tools 

like Jasper, or collaborative suites with AI assistants.

This approach offers the quickest time-to-value, with implementation timelines often measured in days or 

weeks. The upfront costs are typically low, making it an attractive option for businesses that need to 

deploy a solution quickly without a large capital expenditure.

However, this speed comes at the cost of control. SaaS solutions offer limited customization, forcing 

businesses to adapt their workflows to the software's standardized processes, and they place data 

security and privacy in the hands of the vendor. This pathway is ideal for startups, for testing ideas with a 

Minimum Viable Product (MVP), or for implementing AI in non-core business functions where speed and 

simplicity are the top priorities.

Pathway 2: Custom Development: The "Better" Route for Differentiation
This pathway involves building a proprietary generative AI solution from the ground up, including training or 

extensively fine-tuning a model on the company's own data. This approach offers the ultimate level of 

control, customization, and security.

It allows a business to create a truly unique capability that is perfectly tailored to its specific workflows 

and can serve as a powerful competitive differentiator and a protected piece of intellectual property. This 

is particularly crucial for large enterprises in highly regulated industries like healthcare or finance, where 

data governance and compliance requirements are stringent.

However, this path is the most resource-intensive, requiring significant upfront investment, a long 

development timeline (often 6-18 months or more), and deep in-house expertise in machine learning and 

data science. While the initial cost is high, custom solutions can deliver a superior long-term ROI, with one 

analysis showing a 55% return over five years compared to 42% for SaaS.

Pathway 3: API-Based Integration: The "Smarter" Route
This pathway represents a strategic middle ground, leveraging Application Programming Interfaces (APIs) 

from foundation model providers like OpenAI, Cohere, or cloud platforms such as AWS Bedrock and Google 

Cloud.

This approach allows an organization to build its own custom applications on top of state-of-the-art, pre-

trained models. It provides a powerful balance between speed and customization, avoiding the immense 

cost and time of training a foundation model from scratch while still enabling the development of tailored 

solutions.

Businesses retain control over the application logic and user experience, and while data is sent to a third-

party API, there is a shared responsibility model for security that can be managed with proper controls. 

This pathway is often the "smarter" choice for businesses that want to innovate and create differentiated 

applications without undertaking the massive commitment of a full custom build.

Understanding these pathways is essential for making informed implementation decisions. Each approach represents 

a different balance of speed, control, cost, and customization, and the optimal choice depends on the organization's 

specific needs, resources, and strategic objectives.



The Decision Matrix: Choosing Your Path
The choice between these pathways is not a matter of one being universally superior; it is about selecting the 

approach that best aligns with an organization's strategic priorities, risk tolerance, and resource constraints. The 

following decision matrix provides a structured framework for evaluating these trade-offs.

Decision Vector SaaS (Off-the-Shelf) API-Based Integration Custom Development

Implementation Speed Fastest (Days/Weeks) Fast (Weeks/Months) Slowest (Months/Years)

Initial Cost Low Medium (Usage-based) High (Significant upfront 

investment)

Total Cost of Ownership 

(TCO)

High (Recurring 

subscription fees)

Variable (Scales with 

usage)

Lower recurring costs 

post-build

Customization & Control Low (Standardized 

workflows)

Medium/High (Control 

over application, not 

model)

Total (Full control over 

model and application)

Scalability Vendor-dependent High (Leverages cloud 

infrastructure)

High (Designed for 

specific scale needs)

Data Security & Privacy Vendor-managed 

(Potential risk)

Shared responsibility 

(Requires robust 

controls)

Full control (Highest 

security potential)

Required In-House 

Expertise

Low (Configuration skills) Medium (API integration, 

prompt engineering)

High (Deep ML, data 

science, MLOps)

Best For Startups, MVPs, quick 

wins, non-core functions

Balanced innovation, 

custom apps on proven 

models

Core competitive 

advantage, regulated 

industries

Custom Development

SaaS API Integration

Ease & 
Customization

Control & ROI

Speed & 
Control

Optimized 
GenAI

This matrix serves as a strategic planning tool, compelling a leadership team to move beyond a single-factor decision 

(like focusing only on initial cost) toward a holistic evaluation. It translates complex technical options into clear 

business trade-offs, enabling a "smarter" choice that aligns with the company's financial and strategic reality.

This may lead to a nuanced, portfolio-based approach where SaaS is used for HR, an API-based solution powers the 

customer-facing chatbot, and a long-term custom build is planned for a core R&D function.



Technical Deep Dive: Model Selection Criteria
Once a pathway involving model choice is selected (API-based or Custom), the technical decisions become more 

granular. Choosing the right foundation model is critical to success. The evaluation should be driven by a clear set of 

criteria:

Problem Fit and Performance

The primary consideration is whether the model is 

suitable for the specific task. A model that excels at 

creative text generation may not be the best for 

summarizing financial reports. Key performance 

metrics include:

Quality and accuracy of the generated outputs

Consistency of results across different inputs

Ability to generalize to novel situations

Task-specific capabilities (text generation, 

summarization, etc.)

Scalability, Resources, and Cost

Developers must analyze the computational 

requirements and economic considerations:

Computational resources needed (GPUs, 

memory, infrastructure)

Cost model (tokens processed, API calls, 

infrastructure hosting)

Scalability with projected usage and traffic 

volumes

Latency and throughput considerations

Security and Trust

For enterprise use, the model must be trustworthy 

across multiple dimensions:

Hosting environment security and controllability

Robustness against security threats like prompt 

injection

Training data ethics and proper licensing

Intellectual property (IP) infringement prevention

Data privacy compliance capabilities

Development and Integration Complexity

The practical aspects of implementation must be 

considered:

Availability of supporting tools and frameworks

Compatibility with existing codebases and 

systems

Documentation quality and community support

Ease of integration with current architecture
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These criteria provide a structured framework for evaluating and selecting the most appropriate foundation model for 

a specific use case. By systematically assessing each factor, organizations can make informed decisions that balance 

performance requirements, resource constraints, security considerations, and implementation complexity.

It's important to note that model selection is not a one-time decision. As the AI landscape evolves rapidly, with new 

models and capabilities emerging regularly, organizations should establish a process for periodically reassessing their 

model choices to ensure they remain optimal for their evolving needs.



System Integration Patterns
Integrating generative AI into applications requires standardized architectural approaches. These "integration 

patterns" provide proven, reusable blueprints that save time, improve quality, and reduce risk.

Entry Point

The user interface or system component where queries or requests originate, such as a chatbot input 

field, document upload, or API call from another system.

Prompt Pre-processing

Enhancement of the raw query with context, instructions, or constraints to guide the AI model's 

response, often including system prompts that define behavior parameters.

Inference

The core interaction with the AI model, where the processed prompt is submitted to the model API or 

local implementation to generate a response.

Result Post-processing

Validation, formatting, and enhancement of the model's output to ensure it meets quality standards, 

complies with policies, and is presented appropriately.

Presentation
Delivery of the final result to the user through the appropriate interface, potentially with additional 

context or interactive elements.

Within this framework, several key patterns have emerged:

Retrieval-Augmented Generation (RAG)

This is a powerful pattern for real-time question-

answering. Instead of relying solely on the model's pre-

trained knowledge (which can be outdated or generic), 

the system first retrieves relevant, up-to-date 

information from a private knowledge base (like a 

company's internal documents) and then passes that 

information to the model as context along with the 

user's query.

This grounds the model's response in factual, 

proprietary data, significantly reducing "hallucinations" 

and improving relevance. RAG has become the 

dominant pattern for enterprise applications where 

accuracy and specificity are critical.

Batch Processing Patterns

For use cases that don't require real-time interaction, 

batch patterns are more efficient. This could involve 

collecting a large number of documents and running 

them through a model in a batch to perform tasks like:

Metadata Extraction: Identifying key entities in 

contracts

Summarization: Creating executive summaries of 

long reports

Classification: Categorizing support tickets or 

content

Translation: Converting documents to different 

languages

Generative Integration

An emerging and transformative trend is the use of AI to 

accelerate the integration process itself. This concept, 

termed "Generative Integration," leverages AI to 

understand user intent and automatically generate the 

necessary components for connecting systems, such 

as:

Complex SQL queries for data extraction

Data field mappings between different applications

API connectors and transformation logic

This blurs the lines between "build" and "buy," as the act 

of building is itself becoming automated and 

accelerated by AI.

The API-based pathway is more than just a compromise; it can be a strategic bridge. It allows a company to begin 

with the "smarter" approach, gaining invaluable experience in building and deploying GenAI applications without the 

massive upfront cost and risk of training a foundation model.

During this phase, the company can collect high-quality, proprietary data on how users interact with the application. 

This data, representing successful and unsuccessful outcomes, becomes a powerful asset. After proving the ROI of 

the application, the company is in a much stronger position to take the next step. It can use this curated dataset to 

fine-tune a smaller, more efficient open-source model or even build a highly specialized custom model, leading to 

lower long-term operational costs and greater competitive differentiation. This de-risks the journey toward full 

custom development, making it a phased and data-driven evolution rather than a single, high-stakes bet.



The Human-Centric Organization: Driving 
Adoption and Literacy
The most sophisticated technology and brilliant strategy will fail if the people within the organization do not embrace 

the change. A "better" and "smarter" generative AI implementation recognizes that technology is only half of the 

equation. Sustainable success is fundamentally a human endeavor, dependent on a workforce that is skilled, 

confident, and culturally aligned with the AI-driven transformation. Neglecting the human-centric aspects of 

adoption is the fastest path to ensuring an expensive technology investment fails to deliver its promised value.

Building a human-centric organization for AI adoption requires a multifaceted approach that addresses both the 

emotional and practical aspects of change. Leaders must acknowledge that AI implementation is not merely a 

technical challenge but a profound organizational transformation that affects how people work, collaborate, and 

create value.

By investing in change management, cultural development, and comprehensive AI literacy programs, organizations 

can transform potential resistance into enthusiasm and create an environment where AI becomes a catalyst for 

innovation rather than a source of anxiety. This human-centered approach not only accelerates adoption but also 

enhances the quality and impact of AI implementations by leveraging the unique human capabilities that remain 

essential in an AI-augmented workplace.



The AI Change Management Imperative
The integration of AI is an inherently disruptive process that fundamentally alters workflows, roles, and decision-

making. As such, it demands a deliberate and structured change management strategy. Research indicates that 

enterprises that formally integrate change management into their AI initiatives are 47% more likely to meet their 

objectives.

Gaining Buy-in and Addressing Resistance
The journey begins with securing genuine buy-in 

from both senior leadership and the employees who 

will use the technology daily. This requires a 

concerted effort to demystify AI, moving beyond 

technical jargon to clearly articulate how it will 

benefit the organization and, more importantly, how it 

will enhance specific roles by automating mundane 

tasks and freeing up time for more strategic work.

Resistance is a natural and expected part of this 

process, often rooted in fear of the unknown or 

anxiety about job security. A "smarter" change 

management approach does not seek to suppress 

this resistance but to engage with it. By treating non-

adopters and skeptics as a valuable source of insight, 

leaders can identify potential risks, usability issues, 

and ethical blind spots that enthusiastic early 

adopters might overlook. When these concerns are 

genuinely considered and addressed, skeptics can be 

transformed into the most credible advocates for the 

change.

Fostering a Culture of Innovation
Top-down mandates are insufficient to drive deep 

adoption. Leaders must cultivate a culture that 

encourages and rewards innovation from the ground 

up. This involves creating a safe environment for 

experimentation, where employees feel comfortable 

testing AI tools without fear of negative 

consequences for making mistakes.

Establishing "super users" or "change agents"4

individuals who are passionate about AI's potential4

can be highly effective. These champions can lead 

pilot programs, share best practices, and provide 

peer-to-peer support, accelerating adoption 

organically across the organization.

Embed in 
Culture

Broader 
Adoption

Create 
Champions

Address 
Concerns

Awareness & 
Education

Effective change management for AI implementation requires a structured yet flexible approach that recognizes the 

unique challenges of this transformative technology. Unlike previous technological changes, AI often raises existential 

questions about work identity and value, making the emotional and psychological dimensions of change management 

especially important.

By investing in comprehensive change management that addresses both the rational and emotional aspects of 

adoption, organizations can significantly accelerate the pace of implementation while reducing resistance and 

improving outcomes. This human-centered approach transforms what could be a disruptive and anxiety-producing 

process into an opportunity for growth, innovation, and competitive advantage.



Building Enterprise-Wide AI Literacy: A 
Structured Approach
One of the most significant and overlooked risks in the AI revolution is the growing gap between technology 

deployment and workforce readiness. A staggering 93% of U.S. companies plan to increase their AI investments, yet 

only 49% of their HR leaders say they are prioritizing AI and data analysis training. This disconnect leads to 

underutilization of expensive tools, inefficient processes, and, ultimately, failed implementations. The promise of AI 

often goes unrealized not because the technology is flawed, but because the people expected to use it are not 

equipped to do so.

Defining AI Literacy

True AI literacy goes far beyond basic technical 

proficiency. It is a composite skill that includes a 

foundational understanding of AI's capabilities and 

limitations, the ability to critically evaluate its outputs 

for accuracy and bias, and the knowledge to use it 

responsibly and ethically within a business context.

An AI-literate employee knows not just how to use a 

tool, but when to use it, when to question it, and how to 

integrate it effectively into their workflow.

AI literacy is not about turning everyone into a data 

scientist. It's about enabling all employees to be 

intelligent consumers and collaborators with AI 

systems.

A Multi-Layered Training Program

A one-size-fits-all training program is ineffective for 

building enterprise-wide literacy. A "better," more 

structured approach is required, tailored to the diverse 

needs of the workforce:

Foundational Training: All employees, regardless of 

role, should receive foundational training that covers 

basic AI concepts, essential terminology, and the 

organization's ethical guidelines and usage policies. 

This creates a common language and understanding 

across the company.

1.

Role-Specific Training: Training must be practical 

and relevant. This means creating customized 

sessions that are tailored to how different functions

4such as marketing, finance, legal, or HR4will use 

specific AI tools in their day-to-day work.

2.

Hands-on Learning: The most effective way to learn 

AI is to use it. Organizations should provide 

"sandbox" environments where employees can safely 

experiment with AI tools and participate in practical 

workshops and simulations that demonstrate AI's 

impact on real-world tasks.

3.

Continuous Learning and Collaboration: AI is 

evolving at an unprecedented pace. Therefore, 

training cannot be a one-time event. Organizations 

must foster a culture of continuous learning by 

establishing communities of practice where 

employees can share discoveries, creating 

mentorship programs to connect AI experts with 

novices, and regularly updating training materials to 

reflect the latest technological advancements.

4.

The investment in building a human-centric organization yields returns that extend far beyond simple productivity 

gains. AI literacy, for example, is a critical component of an organization's security and governance posture. Untrained 

employees are far more likely to use un-vetted, public "shadow AI" tools for their work, inadvertently exposing 

sensitive company data or intellectual property to third parties whose data policies may allow for the use of inputs 

for their own model training.

A properly trained employee, familiar with the company's acceptable use policies, will understand the risks and use 

only sanctioned, secure enterprise tools. Furthermore, a literate workforce is better equipped to identify and flag the 

biased or inaccurate outputs (hallucinations) that AI models can produce, preventing poor business decisions based 

on flawed information. In this light, investment in AI literacy is a direct and necessary investment in mitigating 

enterprise risk.

Ultimately, the culture built around AI is a direct driver of its ROI. A culture defined by fear and top-down mandates 

will result in grudging, minimal adoption. In contrast, a culture built on trust, transparency, and co-creation, where 

employees are empowered to experiment and their feedback is valued, will lead to proactive innovation. Employees in 

such an environment will discover and champion new, high-value applications for AI that were never part of the initial 

strategic plan, unlocking value far beyond what was originally envisioned.

Conceptual Understanding
Knowledge of fundamental AI 

concepts, capabilities, and limitations

Technical Skills
Ability to use AI tools effectively and 

interpret their outputs

Critical Evaluation
Capacity to assess AI outputs for 

accuracy, relevance, and potential 

bias

Ethical Awareness

Understanding of responsible AI use 

and potential ethical implications

Integration Capability
Skill to incorporate AI effectively into 

existing workflows and processes



The Value Realization Engine: Measuring 
What Matters
For generative AI initiatives to be sustainable, they must demonstrate tangible value. This requires a sophisticated 

approach to measurement that moves beyond simple financial calculations to capture the full spectrum of business 

impact. A "smarter" organization develops a comprehensive value realization engine, using a balanced set of Key 

Performance Indicators (KPIs) to track progress, diagnose problems, and make data-driven decisions to optimize its 

AI investments.

The Foundational ROI Calculation
The starting point for measuring value is the standard Return on Investment (ROI) calculation. This formula 

provides a clear, high-level financial justification for the initiative.

The formula is:

ROI =  ×
Total Costs

(Total Benefits2 Total Costs)
100%

For example, if a generative AI project costs $400,000 to implement and generates $600,000 in benefits 

(through a combination of cost savings and new revenue), the ROI would be 50%.

A "smarter" application of this formula requires a rigorous accounting of both sides of the equation:

Total Costs of Ownership (TCO): A comprehensive cost analysis must extend beyond the initial software 

license or development costs. It should include all associated expenses, such as infrastructure and cloud 

computing, data preparation and management, model training and fine-tuning, employee training and change 

management, ongoing maintenance and support, and governance and compliance activities.

Total Benefits: The benefits side should quantify direct financial gains, such as cost reductions from 

automation and revenue growth from improved sales or new product offerings. However, it must also 

incorporate the value of indirect and strategic benefits, which, while harder to measure, are often the most 

significant.

Effective measurement is essential for maintaining stakeholder support, optimizing implementation strategies, and 

ensuring that AI investments deliver their promised value. By developing a comprehensive value realization engine 

that captures both quantitative and qualitative impacts, organizations can build a compelling case for continued 

investment while identifying opportunities for improvement and expansion.



A Multi-Layered KPI Dashboard
While the ROI formula provides a crucial financial snapshot, it does not explain why an initiative is succeeding or 

failing. To truly understand performance and manage it effectively, a multi-layered KPI dashboard is essential. This 

approach, similar to a balanced scorecard, connects technical performance metrics to tangible business outcomes, 

creating a clear causal chain that allows for effective diagnosis and intervention. The following table outlines a 

comprehensive, four-tiered framework for organizing GenAI KPIs.

Tier Category Sample Key Performance 
Indicators (KPIs)

Tier 1: Model & System Quality

(Technical Performance)

Model Quality Accuracy, Precision, Recall, F1 

Score, Coherence, Fluency, 

Groundedness (factual 

consistency), Safety Score

System Performance Uptime, Error Rate, Model Latency, 

Retrieval Latency, Request 

Throughput, Token Throughput

Tier 2: User Adoption & Experience

(Human Interaction)

Adoption & Engagement Adoption Rate (% of target users), 

Frequency of Use, Session Length, 

Queries per Session, Query Length

User Satisfaction Thumbs Up/Down Feedback, 

Customer Satisfaction (CSAT), Net 

Promoter Score (NPS), User Effort 

Score

Tier 3: Operational Efficiency

(Process Impact)

Speed & Productivity Average Handle Time (AHT) 

Reduction, Process Completion 

Time, Time Saved per Task, Error & 

Correction Rate

Automation & Deflection Call/Chat Containment Rate, 

Automation Rate (% of tickets fully 

resolved by AI), Human-in-the-

Loop (HITL) Rate

Tier 4: Business Value

(Financial & Strategic Impact)

Financial Impact Cost Savings (e.g., from reduced 

AHT), Revenue Growth (e.g., from 

higher conversion), Return on Ad 

Spend (ROAS), Payback Period

Strategic Impact Reduction in Time-to-Market, 

Number of New Products/Features 

Launched, Employee/Customer 

Churn Reduction

1
Business Value
Financial & Strategic Impact

2
Operational Efficiency
Process Impact

3
User Adoption & Experience
Human Interaction

4
Model & System Quality
Technical Performance

This tiered framework is a powerful diagnostic tool. It allows leaders to trace the story of value creation from the 

bottom up. For instance, if a Tier 4 business value KPI like "Cost Savings in Customer Support" is underperforming, a 

manager can investigate the preceding tiers to find the root cause. Is the issue in Tier 3, with a low "Call Containment 

Rate"? If so, is that caused by a Tier 2 problem, such as low "User Adoption"? And could that low adoption be the result 

of a Tier 1 issue, like high "Model Latency" or poor "Accuracy," which frustrates users? This structure provides a data-

driven path for problem-solving, connecting the daily work of the technology team directly to the organization's profit 

and loss statement.

Measuring the Intangible: A "Smarter" Approach to Value

Many of generative AI's most profound benefits are strategic and intangible, making them difficult to capture in a 

standard ROI calculation. These include benefits like enhanced organizational innovation, improved quality of strategic 

decision-making, a more engaged and satisfied workforce, and a stronger brand reputation. A "smarter" measurement 

framework acknowledges these benefits and seeks to quantify them using proxy metrics.

While one cannot directly measure "innovation," one can track the "number of new product features launched per 

quarter" or the "reduction in R&D cycle time" as indicators of accelerated innovation. Similarly, the impact on 

employee experience can be gauged through metrics like "employee satisfaction scores (eSS)" or "voluntary employee 

turnover rates". By identifying and tracking these relevant proxies, organizations can build a more complete and 

compelling narrative of the total value generated by their AI initiatives, capturing the full story of their competitive 

advantage.



The Trust Architecture: Governance, Risk, and 
Responsibility
In the era of generative AI, governance is not a bureaucratic obstacle to be overcome; it is a strategic enabler of trust. 

A "smarter" organization understands that robust guardrails do not inhibit progress but rather accelerate the safe, 

ethical, and effective adoption of AI. Building a comprehensive trust architecture is a non-negotiable prerequisite for 

mitigating significant financial, legal, and reputational risks, and for earning the confidence of customers, employees, 

and regulators. This architecture rests on the foundational pillars of data governance, security, fairness, and 

transparency.

Establishing a 
Governance Framework

Effective AI governance begins 

with establishing clear 

structures and responsibilities. 

The first step is to form a cross-

functional AI governance 

committee or a Center of 

Excellence (CoE). This group 

should include representatives 

from legal, compliance, IT, data 

science, and key business units.

Its mandate is to develop, 

implement, and oversee the 

organization's AI policies and 

procedures, ensuring they align 

with established external 

frameworks, such as the NIST AI 

Risk Management Framework 

(AI RMF), and internal corporate 

values. This committee is 

responsible for assessing and 

managing risks, establishing 

training requirements, and 

creating a system for reporting 

and responding to AI-related 

incidents.

Data Governance and 
Privacy

Data is the lifeblood of 

generative AI, and its 

governance is the foundation of 

the entire trust architecture. 

Effective data governance is not 

merely a risk mitigation activity; 

it is a direct prerequisite for 

building high-performing, 

reliable AI models. Poor data 

quality, often resulting from 

siloed and inconsistent data 

sources, inevitably leads to 

inaccurate, biased, and 

untrustworthy AI outputs.

Key technical practices include:

Creating a Comprehensive 

Data Catalog: To govern 

data, you must first know 

what data you have. A 

centralized data catalog 

provides visibility into all 

data assets across the 

organization, adding 

business context and quality 

metrics.

Implementing Federated 

Access Controls: Rather 

than a rigid, centralized 

approach, a federated 

model empowers data 

owners and stewards4those 

closest to the data4to 

manage access permissions, 

ensuring a balance between 

accessibility and security.

Protecting Sensitive Data: 

Enterprise knowledge 

sources often contain 

personally identifiable 

information (PII) and other 

sensitive data. Robust 

processes must be in place 

to identify and treat this 

data through masking, 

tokenization, or redaction 

before it is used to train or 

prompt a model.

Implementing Data Loss 

Prevention (DLP): DLP 

solutions are critical for 

monitoring and controlling 

the flow of data into and out 

of AI systems, alerting users 

to potential risks and 

automatically applying 

protection controls to 

prevent the leakage of 

sensitive or proprietary 

information.

Security
AI systems, particularly those 

accessible externally, are new 

targets for malicious actors. A 

proactive security posture is 

essential. This begins with 

rigorous vetting of any third-

party AI vendors or open-

source tools to understand their 

security policies and how they 

handle customer data.

New tools should be tested in a 

"sandbox" environment to 

evaluate their data handling 

before being deployed more 

broadly. A zero-trust security 

approach should be applied to 

all AI workflows, utilizing 

granular, role-based access 

controls (RBAC) and continuous 

authentication to ensure that 

users and systems only have 

access to the data and 

functions they absolutely need.

Fairness and Bias Mitigation
Generative AI models are trained on vast datasets 

from the internet and internal sources, and they can 

inherit and amplify the societal biases present in 

that data. If left unchecked, this can lead to 

discriminatory outcomes in areas like hiring, lending, 

or marketing. Mitigating bias is an active and 

ongoing process that involves:

Using diverse and representative training data

Conducting regular fairness assessments and 

audits of model outputs to detect and correct 

for bias

Involving diverse stakeholders, not just technical 

teams, in the model development and evaluation 

process to bring different perspectives

Transparency and Accountability
Many advanced AI models operate as "black boxes," 

making it difficult to understand their internal 

decision-making processes. This lack of 

transparency can erode trust. To counter this, 

organizations must commit to transparency by 

clearly labeling when a user is interacting with an AI 

system and being open about its capabilities and 

limitations.

Accountability requires establishing clear ownership 

for each AI system, so it is known who is responsible 

if something goes wrong. It also involves creating 

detailed audit trails of AI decisions and their 

influencing factors, and providing clear feedback 

mechanisms for users to report issues or challenge 

AI-driven outcomes.

In the age of AI, this commitment to building a robust trust architecture becomes a powerful competitive advantage. 

An organization that can verifiably demonstrate that its AI systems are secure, private, fair, and accountable will win 

the trust of its customers, attract and retain top talent, and navigate the evolving regulatory landscape more 

effectively. Proactive governance is not a cost center; it is a strategic investment in building a resilient and trustworthy 

brand.



The Next Frontier: Future-Proofing Your AI 
Strategy
A "smarter" generative AI strategy is not a static plan for a single technology deployment. It is a dynamic blueprint for 

building an organizational capability that can adapt to and capitalize on the rapid evolution of artificial intelligence. 

Leaders must build their strategies with an eye toward the next frontier, ensuring that the foundational investments 

made today are the building blocks for the more advanced and transformative AI of tomorrow.

1Traditional AI (Past)

Analytical and predictive in nature. Analyzes 

existing data to perform preset tasks, such as 

classifying an email as spam or predicting 

customer churn. Limited to specific, narrowly 

defined use cases with explicit programming.

2 Generative AI (Present)

Creative and responsive. Learns patterns from 

data and uses them to generate entirely new 

content, such as text, images, or code. Primarily 

reactive - responds to specific prompts or 

inputs from users with contextually appropriate 

content.

3Multimodal AI (Emerging)
Integrates multiple data types. Can understand, 

process, and generate content across a 

combination of different modalities4text, 

images, audio, and video. Enables richer and 

more intuitive applications, such as analyzing 

images while generating text explanations.

4 Agentic AI (Near Future)
Proactive and autonomous. Designed to pursue 

complex, multi-step goals with limited human 

supervision. Can perceive its environment, 

reason about a course of action, act on that 

reasoning, and learn from the outcome. 

Represents a shift from AI as a tool to AI as an 

autonomous collaborator.

5Innovative AI (Future)
Genuinely creative and innovative. Goes beyond 

recombining patterns from training data to 

develop truly novel ideas, formulate new 

problems, and create transformative 

innovations. Capable of out-of-the-box 

thinking and discovering unexpected solutions 

that humans might not consider.

The data governance frameworks and technical infrastructure established today for text-based GenAI must be 

designed with the future in mind. The rise of multimodal models means that an organization's ability to compete will 

depend on its access to vast, well-organized, and accessible datasets of images, videos, and audio4not just text. A 

company that narrowly builds its data infrastructure around text will be unprepared for a future where a customer can 

search for a product using a photo or where a factory's performance is optimized using real-time video analysis. A 

"smarter" organization builds a flexible, scalable data lake and a comprehensive data catalog from the outset, creating 

a future-proof foundation that can accommodate diverse data types as new use cases emerge.

This evolution from generative to agentic and innovative AI also represents a significant move up the value chain. 

Generative AI primarily excels at optimizing existing business processes4writing code faster, summarizing meetings 

more efficiently, personalizing marketing content at scale. Agentic and Innovative AI will enable the creation of entirely 

new business processes and even new business models4from fully autonomous financial risk management systems 

to AI-driven drug discovery platforms that generate novel hypotheses. The ultimate strategic prize is not just 

incremental efficiency gains, but fundamental business model disruption.

Therefore, the "faster, better, smarter" approach to implementation is not solely about the speed and quality of the 

initial deployment. It is about building a resilient, adaptable organizational "AI engine"4a combination of technology, 

talent, culture, and governance4that is capable of learning, evolving, and continuously integrating more advanced 

forms of intelligence over time. The organizations that succeed will be those that view their current generative AI 

initiatives not as a final destination, but as the first, critical step on a longer and more transformative journey.


