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Introduction: Navigating the Peak of Inflated 
Expectations
The contemporary market for artificial intelligence solutions is characterized by an unprecedented level of investment, media 

attention, and vendor activity, creating an environment often described as a "gold rush." Organizations across every sector 

face immense pressure from boards, investors, and the market at large to adopt AI, driven by a fear of being left behind. 

However, this urgency coincides with a period of profound technological immaturity for many of the most heavily marketed 

solutions. This disconnect between market pressure and technological reality creates a high-risk environment for 

procurement and investment decisions.

A critical framework for understanding this dynamic is the Gartner Hype Cycle, which models the typical progression of a new 

technology from conception to mainstream adoption. The cycle's phases—Technology Trigger, Peak of Inflated Expectations, 

Trough of Disillusionment, Slope of Enlightenment, and Plateau of Productivity—provide a map of a technology's maturity and 

social application. According to recent analyses, key areas of AI are scattered across this volatile landscape. Generative AI 

(GenAI), for instance, is now entering the "Trough of Disillusionment," a phase where interest wanes as initial experiments and 

implementations fail to deliver on lofty promises. Simultaneously, concepts like "AI Agents" and the prerequisite of "AI-ready 

data" are situated at the very "Peak of Inflated Expectations," where breathless enthusiasm and a torrent of unproven vendor 

claims are at their zenith.

This positioning reveals a fundamental cause-and-effect relationship that defines the current market's primary danger. The 

unsubstantiated, visionary promises made by vendors for technologies at the "Peak" are the direct cause of the costly project 

failures, wasted resources, and organizational cynicism that characterize the "Trough." A staggering 62% of AI sales initiatives 

are reported to fail due to unrealistic expectations and poor preparation, and a quarter of IT leaders express regret over their 

AI investments due to a lack of proper planning. The market is thus caught in a cycle where the hype itself precipitates the 

subsequent disillusionment, threatening to undermine the real, tangible benefits that AI can offer when deployed strategically.

An organization's procurement strategy must therefore be calibrated to a technology's specific position on this cycle. For 

technologies at the "Peak," the foremost risk is over-investment driven by hype. For those in the "Trough," the risks are 

twofold: either abandoning a technology that still holds significant value or repeating the same mistakes that led early 

adopters to failure.



The Report's Purpose and Strategic Value
This report is not an argument against the adoption of artificial intelligence. On the contrary, it is a strategic manual for its wise 

adoption. It is designed to arm business leaders, technology executives, and procurement specialists with the analytical tools 

necessary to cut through the pervasive marketing noise, ask penetrating and substantive questions, and avoid the "brutal 

crash into the trough of disillusionment".

The central thesis of this analysis is that skepticism is not an 

obstacle to innovation but a strategic asset. By 

deconstructing the language of AI marketing, this report 

provides a framework to shift the procurement process 

from a vendor-led conversation, which is often based on 

vision and hype, to a business-led evaluation focused on 

solving specific, measurable, real-world problems.

The objective is to empower organizations to make sound, 

defensible investments in AI that deliver tangible value 

rather than contributing to the cycle of hype and 

disappointment. This approach recognizes that true 

competitive advantage will not belong to the earliest 

adopters, but to the most diligent ones.

Empower Decision-Makers
Provide analytical tools to assess AI 

vendors' claims critically and make 

informed purchasing decisions 

based on evidence rather than 

marketing rhetoric.

Promote Healthy 
Skepticism
Establish skepticism as a strategic 

asset in the procurement process, 

not as resistance to innovation but 

as a pathway to successful 

implementation.

Drive Business-Led 
Evaluation
Shift from vendor-led 

conversations based on visionary 

promises to business-led 

assessments focused on specific, 

measurable problems and 

solutions.

Throughout this document, we will methodically deconstruct the marketing tactics used by AI vendors, analyze the specific 

risks they create, and provide actionable frameworks for conducting due diligence that cuts through the hype. The goal is not 

to discourage AI adoption but to ensure that when organizations do invest, they do so with clear eyes, realistic expectations, 

and the tools to hold vendors accountable for their promises.



A Taxonomy of AI Buzzwords: The Language of 
Obfuscation
The language used to market AI solutions is often deliberately ambiguous. It functions to create an aura of profound capability 

while simultaneously avoiding the burden of concrete, measurable, and contractually enforceable commitments. This lexicon 

is a form of "capability-washing," a linguistic tactic analogous to "green-washing" or "ethics-washing," where vague, positive-

sounding terms are used to imply a level of technical sophistication or ethical rigor that may not exist. This is not merely 

imprecise communication; it is a strategic use of language designed to sell an expansive vision while delivering a narrow, and 

often fragile, tool.

AI 
Marketing 
Language

Adjectives of 
Unproven 

Supremacy
Cutting-Edge, Game-

Changing

Nouns of 
Ambiguous Power

Ecosystem, Platform

Red Flag Terms
Seamless Integration, 

Future-Proof

Vague Verbs of 
Transformation

Revolutionize, 
Empower

This taxonomy categorizes this language to expose its underlying function in the sales process. By identifying these patterns, 

procurement professionals can develop a more discerning ear for claims that sound impressive but lack substantive meaning. 

The following sections break down these categories and analyze their strategic purpose in the vendor's sales narrative.

Understanding this taxonomy is the first step in reclaiming control of the procurement conversation. When you can recognize 

these linguistic tactics, you can respond with targeted questions that force vendors to move from vague promises to specific, 

verifiable commitments. This linguistic awareness becomes a powerful tool in separating genuine innovation from marketing 

hype.



Vague Verbs of Transformation
A prominent category of AI buzzwords consists of verbs that promise a dramatic, positive outcome without specifying the 

mechanism, the metric for success, or the baseline against which success will be measured. These words are engineered to 

evoke an emotional response and sell a vision of effortless progress.

Common Examples
Revolutionize

Empower

Elevate

Transform

Streamline

Unleash

Harness

Supercharge

Reinvent

Strategic Function
These terms create an emotional 

association with dramatic 

improvement while avoiding 

specific, measurable 

commitments. They shift the 

conversation from concrete 

metrics to aspirational visions.

Why They're Dangerous
These verbs are fundamentally 

unfalsifiable and serve to distract 

from necessary questions about 

process re-engineering, systems 

integration, and quantifiable 

improvement. They set 

dangerously unrealistic 

expectations that rarely align with 

implementation realities.

When a vendor claims to "revolutionize your workflow," they are making a statement of ambition, not describing a product 

feature. Such language obscures the reality that successful AI implementation is less about a revolutionary event and more 

about incremental, measurable gains. Similarly, a promise to "streamline" a process like accounts payable is meaningless 

without a commitment to a specific percentage reduction in processing time or cost from a clearly defined baseline.

"Our AI solution will revolutionize how your organization handles data analysis, empowering your team to make better 

decisions and unleash unprecedented levels of productivity."

This sample vendor claim contains three transformation verbs but provides no specific information about how the system 

works, what measurable improvements it delivers, or how success would be defined. This ambiguity creates a situation where 

any result, no matter how modest, could be framed as fulfilling the promise of "revolution" or "empowerment," making it 

impossible to hold the vendor accountable for specific outcomes.



Adjectives of Unproven Supremacy
This category includes a host of subjective superlatives that vendors use to assert market leadership, imply unique capability, 

and subtly discourage rigorous comparative analysis. These adjectives position a product as exceptional without providing the 

evidence to support such claims.

Common Examples

Cutting-Edge

Game-Changing

Best-in-Class

Innovative

State-of-the-Art

Bleeding-Edge

Pivotal

Next-Generation

Industry-Leading

Strategic Analysis

These are marketing claims, not technical specifications. A "game-

changing" solution should be supported by verifiable evidence, such as 

independent case studies or client testimonials that demonstrate a 

fundamental and disruptive shift in a specific business metric. Without 

such proof, these adjectives are empty assertions designed to create a 

sense of urgency and FOMO (Fear of Missing Out), pressuring 

organizations into making hasty decisions based on the perception that 

they might fall behind competitors.

The term "bleeding-edge" is particularly revealing, as it inadvertently hints at the high risk and lack of stability often associated 

with unproven technologies. When a vendor describes their solution as "bleeding-edge," they are implicitly acknowledging 

that the technology is so new that it may not be fully tested or stable—bleeding edge inherently suggests pain and risk. Yet, this 

admission is paradoxically presented as a selling point rather than a caution.

Claims of being "industry-leading" or "best-in-class" are similarly problematic because they imply objective superiority 

without specifying the metrics or evaluations that support this ranking. Without clear evidence of how this leadership position 

was determined—through what independent benchmarks, comparative studies, or market analyses—these phrases become 

meaningless appeals to authority rather than substantive product differentiators.

Decision-makers should train themselves to mentally flag these adjectives as warning signs that demand further investigation. 

When a vendor uses these terms, the appropriate response is to ask for the specific evidence that supports their claim of 

supremacy and to inquire about the methodologies used to establish this position relative to competitors.



Nouns of Ambiguous Power
These terms are used to package and describe AI solutions in ways that imply a comprehensive, integrated, and powerful 

system. In reality, the underlying technology may be a simple algorithm, a standalone tool, or a disconnected set of 

functionalities. These nouns create an impression of sophistication and completeness that may not accurately reflect the 

product's actual capabilities.

Ecosystem
Suggests a mature, seamlessly 

interconnected suite of products 

that work in concert, but may be 

used to describe a single tool with a 

few basic API connections.

AI Agents
Implies autonomous, reasoning 

entities with independent decision-

making capability, when in reality 

most are simple rule-based 

systems with limited contextual 

understanding.

Platform
Suggests a robust foundation upon 

which multiple applications can be 

built, but often refers to a single 

application with limited 

extensibility.

The term "Ecosystem" has become particularly prevalent in AI marketing. It creates an image of a living, breathing network of 

technologies that work together harmoniously. This metaphor implies maturity, stability, and comprehensive functionality. 

However, in many cases, what is being described as an "ecosystem" is merely a single application with a few integrations or API 

endpoints—far from the rich, interdependent system the term suggests.

"Agentic AI" and "AI Agents" are especially dangerous terms. Currently positioned at the "Peak of Inflated Expectations," these 

phrases imply a level of autonomy, reasoning, and independent decision-making capability that modern AI does not possess. 

This narrative can lead organizations to grant these systems unsupervised access to critical business functions, such as 

procurement or financial transfers. As documented in Stanford University's AI Index Report, even state-of-the-art models can 

fail in unpredictable ways, and granting an "agent" the keys to the kingdom without monumental governance frameworks is a 

security and operational nightmare waiting to happen.

Terms like "Enterprise AI" bundle together the authority of enterprise-grade solutions with the promise of artificial 

intelligence, creating a powerful marketing construct. However, the designation of "Enterprise" often has more to do with 

pricing models and customer targets than with any specific technical capabilities or stability features. The use of these 

ambiguous power nouns effectively elevates simple technologies to sound like transformative forces, setting the stage for 

disappointment when the reality fails to match the implied grandeur.



The Red Flag Glossary: The Buzzword-to-
Question Translator
To counter the language of obfuscation, decision-makers must be equipped to translate vague marketing claims into specific, 

probing questions. This act of translation shifts the burden of proof from the buyer (to discover limitations after purchase) to 

the vendor (to substantiate claims before a contract is signed), fundamentally altering the power dynamic of the procurement 

process.

The following table provides an actionable tool for this purpose. For each common buzzword or marketing phrase, it identifies 

what that language often hides and provides a strategic question designed to cut through the ambiguity and expose the 

underlying reality.

Vendor Buzzword/Phrase What It Often Hides The Strategic Question to Ask

Seamless Integration Difficult, costly, custom API work; 

lack of support for legacy systems; 

prolonged implementation timelines.

"What specific systems in our 

existing tech stack (e.g., Salesforce, 

SAP, Oracle) do you have pre-built, 

documented connectors for? Can 

you provide a referenceable client of 

our scale and complexity and detail 

their integration timeline and total 

cost?"

Data-Driven Insights Raw data output requiring 

significant human analysis; poor data 

quality leading to flawed 

conclusions; lack of causal inference.

"Please provide a demonstration 

using a sample dataset relevant to 

our industry. How does the tool 

differentiate between correlation 

and causation? What are the specific 

data cleansing, formatting, and 

labeling requirements from our end 

before the system can be used 

effectively?"

Agentic AI A simple rules-based automation 

script; a model with no true 

autonomy, memory, or complex 

reasoning capability.

"Define the agent's precise scope of 

autonomy. What specific guardrails, 

human oversight mechanisms, and 

approval workflows are in place to 

prevent catastrophic errors, such as 

the autonomous procurement failure 

scenario highlighted by Stanford's AI 

Index Report?"

Ethical & Unbiased Lack of formal bias testing or 

auditing; unaudited or 

demographically skewed training 

data; "ethics-washing" as a 

marketing tactic.

"What specific bias detection 

framework (e.g., LIME, SHAP) did you 

use to test the model against 

protected attributes? Can you 

provide the results of your latest 

third-party bias audit and document 

the demographic composition of 

your training data?"

This translation process serves several strategic purposes. First, it reclaims control of the conversation, shifting from the 

vendor's prepared narrative to specific areas of concern for the buyer. Second, it creates a record of specific claims that can 

later be referenced during contract negotiations or performance evaluations. Third, it quickly separates vendors who can 

substantiate their claims with evidence from those who rely primarily on marketing language.

The most telling indicator of a vendor's credibility is often their response to these types of questions. Vendors with genuinely 

valuable, mature solutions will welcome the opportunity to demonstrate their capabilities with specific examples and data. 

Those who respond with more marketing language, defer to future roadmap items, or become defensive are sending clear 

signals that their solution may not be as robust as their marketing suggests.

By systematically applying this buzzword-to-question translation throughout the vendor evaluation process, organizations 

can dramatically reduce the risk of investing in solutions that fail to deliver on their promises.



Deconstructing Core Vendor Narratives
Beyond individual buzzwords, vendors construct overarching narratives to frame their products. These narratives are 

powerful stories designed to simplify complex technology and appeal to strategic business goals. However, they often mask 

significant technical limitations and contractual risks. This section dissects four of the most common and dangerous vendor 

narratives, contrasting the marketing pitch with the underlying reality.

Understanding these narratives is crucial because they form the backbone of vendor presentations and marketing materials. 

They create a compelling worldview that, if left unchallenged, can lead organizations to make decisions based on an 

incomplete or distorted understanding of what they're purchasing. By recognizing these standard narratives, procurement 

teams can prepare targeted questions that address the specific gaps and misrepresentations in each story.

The four core narratives we'll examine are:

The "Proprietary Self-Learning Algorithm": The claim that a vendor's unique, self-improving algorithm provides a 

sustainable competitive advantage.

1.

The "Cognitive" Solution: The suggestion that the AI system simulates human-like intelligence and understanding.2.

The "Future-Proof" Platform: The promise that a one-time investment will shield the organization from technological 

obsolescence.

3.

The Promise of "AGI-Level" Intelligence: The subtle invocation of science fiction-like general intelligence to elevate 

perception of a narrow AI tool.

4.

Each of these narratives has a specific function in the sales process and exploits particular psychological vulnerabilities in 

decision-makers. By deconstructing them, we can develop more effective strategies for evaluating the actual capabilities and 

limitations of AI solutions.



The "Proprietary Self-Learning Algorithm": 
Unpacking the Black Box
The Marketing Narrative

A cornerstone of many vendor pitches is the "proprietary self-

learning algorithm." This phrase is carefully chosen to convey two 

powerful ideas: uniqueness ("proprietary" suggests a secret sauce 

that competitors cannot replicate) and automation ("self-learning" 

implies a system that improves itself over time without requiring 

manual effort or intervention). The narrative positions the 

technology as a distinct competitive advantage and a 

maintenance-free asset.

The Technical Reality

The term "self-learning" is a marketing simplification, not a precise 

technical descriptor. It typically refers to specific machine learning 

paradigms that allow models to learn from unlabeled data. These 

include self-supervised learning (SSL), where a model learns by 

completing a task for which the answer is inherent in the data itself 

(e.g., predicting a masked word in a sentence), and reinforcement 

learning (RL), where a model learns through trial and error by 

receiving rewards or penalties for its actions.

While these techniques are powerful, they are not magical. They require immense volumes of data, careful engineering of the 

learning task (the "pretext task" for SSL or the "reward function" for RL), and are still susceptible to learning spurious 

correlations or undesirable behaviors. Crucially, they do not grant the system general cognitive abilities or common-sense 

understanding; they are sophisticated pattern-matching engines operating within a defined scope.

The Contractual Danger

The word "proprietary" should be treated as a significant legal red flag during procurement. While presented as an asset, it 

contractually establishes the vendor's technology as a "black box," shielding its inner workings from scrutiny and creating a 

cascade of risks for the customer.

Data Usage and IP 
Contamination
The most significant risk is that 

the vendor may use your 

organization's sensitive, 

proprietary data—such as 

customer lists, strategic plans, 

or R&D information—to train 

and improve their core model. 

This means you are effectively 

paying to enhance a product 

that will then be sold to your 

competitors. Standard 

confidentiality clauses in 

contracts are often insufficient 

to prevent this, as a vendor can 

argue they are using the 

learnings from the data, not the 

data itself, while still keeping the 

data "confidential". A recent 

study revealed that an alarming 

92% of AI vendors claim broad 

data usage rights that extend far 

beyond what is necessary for 

service delivery.

Lack of Explainability 
and Accountability
If a "proprietary" model 

produces a biased, erroneous, or 

harmful output—for example, 

denying a loan application for 

discriminatory reasons or 

generating a flawed engineering 

specification—the customer 

may have no way of determining 

why that decision was made. 

This lack of transparency 

creates a significant liability and 

compliance gap, especially in 

regulated industries.

IP Infringement Liability
The vendor's "proprietary" 

algorithm may have been 

trained on a massive dataset 

that includes copyrighted 

material, patented designs, or 

other third-party intellectual 

property that was used without 

authorization. While many 

proprietary AI vendors offer 

some form of IP infringement 

indemnity, these protections are 

often narrow and riddled with 

exceptions. The customer, as the 

user of the infringing output, 

can be left exposed to legal 

claims.

This narrative of the "proprietary self-learning algorithm" creates a powerful illusion of value while simultaneously building 

contractual protections for the vendor at the expense of the customer. Organizations should approach these claims with 

extreme caution and insist on clear contractual language regarding data usage, model training, explainability, and liability.



The "Cognitive" Solution: Selling Human-Like 
Intelligence
The Marketing Narrative

Vendors, most notably IBM with its Watson platform, have popularized the term "Cognitive Computing" to position their 

solutions as a more advanced class of technology than "mere AI". The narrative suggests a system that does not just automate 

tasks but simulates human thought processes, understands context, learns from interactions, and serves as an intelligent 

partner to augment human decision-making. This framing aims to command a premium price and differentiate the product in a 

crowded market.

The Technical Reality

"Cognitive Computing" is largely a marketing construct, not a distinct technical discipline with its own unique set of underlying 

technologies. It describes a goal—to create systems that mimic human cognition—but the tools used to pursue this goal are the 

same foundational elements of modern AI: machine learning, natural language processing (NLP), neural networks, and deep 

learning. The emphasis on human-computer interaction, context-awareness, and augmentation is a valid and valuable design 

philosophy. However, the term itself can dangerously exaggerate a system's ability to truly "understand," "reason," or "think" in 

a human sense. These systems remain sophisticated pattern-matching engines that operate on data; they do not possess 

consciousness, sentience, or genuine comprehension.

True Context
Understanding

Independent
Reasoning

Actual Learning
from Experi...

Human-like
Problem Solving

Basic Pattern
Recognition

Strategic Implication

When a vendor emphasizes that their solution is "cognitive," it should trigger a specific line of inquiry focused on 

substantiating these claims of contextual understanding. The evaluation team must move beyond the marketing language and 

demand concrete, demonstrable proof. A powerful question to pose is: "Describe a specific scenario where your system 

produced two different recommendations from the exact same data query, based solely on a change in user context. How does 

the system technically ingest, model, and apply that contextual information to alter its output?" The vendor's ability—or 

inability—to provide a clear, technical answer will reveal whether "cognitive" is a genuine design feature or simply an inflated 

marketing term.

This narrative is particularly effective because it appeals to our natural tendency to anthropomorphize technology. By 

suggesting that the AI has human-like qualities of understanding and reasoning, vendors tap into our innate comfort with 

human interaction and our preference for working with entities we perceive as intelligent. This psychological manipulation can 

lead organizations to place unwarranted trust in systems that lack the genuine contextual understanding and judgment 

capabilities that human experts provide.



The "Future-Proof" Platform: An Impossible 
Promise
The Marketing Narrative

A vendor may claim their AI platform is "future-proof," a powerful promise that suggests a one-time investment will shield the 

organization from the relentless pace of technological change. This narrative appeals to a desire for stability and long-term 

value, positioning the product as a definitive solution that will not become obsolete.

The Technical Reality

In the field of AI, which is defined by exponential progress 

and unpredictable breakthroughs, the concept of a "future-

proof" solution is a fallacy. A large language model (LLM) or 

computer vision algorithm that is considered state-of-the-

art today can be significantly outperformed and rendered 

obsolete within 18 to 24 months. Claiming a platform is 

"future-proof" is a fundamental misrepresentation of the 

nature of the technology. It encourages a dangerous 

mindset of "set it and forget it" in a domain that demands 

constant learning and adaptation.

The Real Goal: Adaptability

The strategic objective for an organization should not be to procure a static, "future-proof" system, but rather to invest in an 

adaptable one. Due diligence must therefore shift from evaluating the current model's performance in isolation to assessing 

the platform's architectural flexibility and the vendor's commitment to evolution.

Key Indicators of Adaptability
Model Agnosticism: Does the platform's architecture allow for the underlying AI model to be easily swapped out for a 

newer, more powerful one (e.g., upgrading from a proprietary model to a future open-source model) without requiring a 

complete re-engineering of the entire workflow?

Data Pipeline Flexibility: How easily can new and diverse data sources be integrated into the system to retrain or fine-

tune models as business needs change?

Vendor Roadmap and R&D Investment: Does the vendor have a clear, credible, and adequately funded roadmap for 

incorporating new research and techniques into their platform?

Focus on Organizational Learning: The most resilient strategy involves building internal skills and fostering a culture of 

continuous learning, rather than relying on a single vendor's promise of a magic box that will never age.

This narrative is particularly dangerous because it targets a genuine organizational anxiety about technological obsolescence. 

In a rapidly evolving field like AI, decision-makers are understandably concerned about investing in solutions that may quickly 

become outdated. The "future-proof" claim offers false comfort, suggesting that a single purchase can resolve this 

fundamental tension. In reality, successful AI adoption requires an ongoing commitment to learning, adaptation, and evolution

—there are no shortcuts around this fundamental truth.

When evaluating vendors making "future-proof" claims, organizations should redirect the conversation toward concrete 

evidence of adaptability and flexibility. Request detailed technical documentation about the platform's architecture, 

integration capabilities, and upgrade paths. Ask for examples of how the platform has evolved in response to new AI 

breakthroughs in the past, and how existing customers have been able to incorporate those advances without disruptive 

migrations or rebuilds.



The Promise of "AGI-Level" Intelligence: The 
Sci-Fi Seduction
The Marketing Narrative

While few vendors will explicitly claim their product is Artificial General 

Intelligence (AGI), many will subtly invoke the concept to describe their 

product's long-term vision, trajectory, or potential. AGI refers to a 

hypothetical form of AI that possesses human-level cognitive abilities 

across a wide and general range of tasks, capable of learning and 

reasoning in a manner similar to humans. This narrative taps into the 

futuristic and powerful imagery of science fiction to make a current 

product seem more advanced than it is.

The Technical Reality

AGI does not exist. It remains a theoretical research goal, and there is no 

consensus in the scientific community that it is even achievable, let alone 

imminent. All AI systems in existence today are forms of Artificial Narrow 

Intelligence (ANI), meaning they are designed and trained to perform 

specific, well-defined tasks (e.g., image classification, language 

translation, playing chess). To conflate the capabilities of a current ANI 

product with the hypothetical potential of AGI is a profound and 

dangerous misrepresentation.

The Psychology of the Pitch

The invocation of AGI in a sales context is a sophisticated marketing tactic that leverages the "halo effect" to create unearned 

credibility for a limited product. The process works as follows:

Build on Cultural Understanding
The concept of AGI is widely understood to represent the 

ultimate, powerful form of artificial intelligence, 

capturing the imagination with its promise of limitless 

potential.

Acknowledge Current Limitations
Vendors are acutely aware that their current ANI 

products have significant and well-documented 

limitations, such as bias, a tendency to "hallucinate" false 

information, and a complete lack of common-sense 

reasoning.

Create Association
By associating their limited ANI product with the grand 

concept of AGI, they borrow the perceived power, 

intelligence, and unlimited potential of the hypothetical 

technology and apply it, by association, to their actual, 

narrow product.

Strategic Misdirection
This encourages the buyer to evaluate the product not on 

its demonstrable, present-day capabilities and flaws, but 

on a speculative, idealized future state. It is the 

equivalent of selling a go-kart by showing a blueprint for 

a spaceship.

The immediate danger is that this tactic leads to a massive overestimation of the tool's current reliability, safety, and suitability 

for high-stakes, autonomous tasks. Organizations may deploy these systems in critical applications under the mistaken belief 

that they possess general intelligence, judgment, or common sense, when in fact they are limited, narrow tools that can fail in 

unexpected and potentially catastrophic ways when faced with novel situations or edge cases.

When a vendor makes subtle references to AGI or implies their product is on a trajectory toward general intelligence, this 

should immediately trigger heightened scrutiny. Ask specific questions about the current, demonstrated capabilities of the 

system, focusing on documented limitations and failure modes rather than hypothetical future capabilities. Insist on proof of 

performance in real-world scenarios that match your specific use case, and be wary of demonstrations that use carefully 

curated examples designed to suggest broader capabilities than actually exist.



The Anatomy of Risk: From Vague Promises to 
Tangible Peril
The abstract language and ambitious narratives used by AI vendors are not merely marketing fluff; they are the direct 

antecedents of tangible business failures, financial liabilities, and reputational crises. When an organization's expectations are 

set by hype rather than by a rigorous assessment of reality, the subsequent collision with the technology's actual limitations 

can be catastrophic.

This section connects the dots between vague promises and concrete peril, using documented case studies to illustrate the 

real-world consequences. By understanding the specific ways in which marketing hype translates into business risk, decision-

makers can better anticipate and mitigate these dangers through more rigorous procurement practices.

We will examine three primary categories of risk:

Operational & Performance 
Risk
The gap between promised 

capabilities and actual 

performance, leading to project 

failures and operational disruption.

Financial & Contractual 
Risk
The financial and legal liabilities 

created by ambiguous promises 

and one-sided contract terms.

Reputational & Ethical Risk
The damage to brand and 

stakeholder trust from public AI 

failures and ethical breaches.

Each risk category will be illustrated with real-world examples that demonstrate how marketing language directly contributed 

to significant business problems. These case studies serve not just as cautionary tales but as practical learning opportunities 

that highlight specific procurement practices that could have prevented or mitigated the negative outcomes.

By tracing the line from marketing language to specific business risks, this section provides a concrete foundation for the due 

diligence framework presented in the subsequent section. Understanding what can go wrong—and why—is an essential 

prerequisite for knowing what questions to ask and what safeguards to put in place during the procurement process.



Operational & Performance Risk: The Chasm 
Between Hype and Reality
The most immediate risk stems from the vast chasm between the "fully automated," "transformative" experiences promised in 

marketing materials and the often fragile, context-dependent performance of current AI systems. This disconnect leads to 

failed projects, wasted capital, and significant operational disruption.

Case Study: The "Willy Wonka Experience" 
Fiasco

In 2024, an event in Glasgow was marketed using vibrant, 

fantastical, and entirely "AI-generated" imagery that 

promised an immersive, magical chocolate wonderland. 

Customers who purchased tickets based on this marketing 

arrived to find a sparsely decorated, dimly lit warehouse 

with a handful of cheap props. The event became a viral 

sensation for all the wrong reasons, leading to public 

ridicule, demands for refunds, and a perfect physical 

manifestation of the gap between AI-generated hype and 

operational reality.

This case serves as a powerful metaphor for any technology 

procurement where the promise, crafted by AI, bears no 

resemblance to the delivered product. The marketing 

materials depicted a capability that did not exist in reality, 

creating expectations that were impossible to fulfill with the 

actual resources and technology available.

Case Study: McDonald's AI Drive-Thru Misadventures

In an effort to "streamline" and improve efficiency, McDonald's began testing AI-powered voice recognition systems in its 

drive-thrus. The promise was a faster, more accurate ordering process. The reality was a system that frequently 

misunderstood customer requests, leading to bizarre and incorrect orders, such as adding bacon to an ice cream cone or 

recording an order for hundreds of chicken nuggets.

These failures, which quickly went viral on social media, highlight the brittleness of AI when deployed in complex, 

uncontrolled, real-world environments with high variability (e.g., different accents, background noise). The risk, obscured by 

claims of "robust" or "intelligent" systems, was a degradation of the customer experience and operational chaos for employees 

who had to manage the fallout from these errors.

Key Lessons on Operational Risk

These case studies highlight several critical insights about operational risk in AI implementations:

Context Sensitivity: AI systems often perform well in controlled demonstrations but fail when exposed to the full 

complexity and variability of real-world environments.

1.

Implementation Gaps: There is frequently a massive gap between what marketing materials suggest is possible and what 

can actually be delivered with current technology.

2.

Organizational Readiness: Many organizations lack the technical infrastructure, processes, and expertise needed to 

successfully integrate and manage AI systems, leading to implementation failures even when the technology itself 

functions as designed.

3.

Downstream Impacts: AI failures don't occur in isolation; they cascade through operations, affecting customer experience, 

employee workload, and business processes in ways that can amplify the original problem.

4.

To mitigate these operational risks, organizations must insist on realistic demonstrations using their own data and use cases, 

conduct controlled pilots before full deployment, and develop comprehensive contingency plans for managing AI system 

failures.



Financial & Contractual Risk: The High Cost of 
Ambiguity
Vague promises and ambiguous contractual terms surrounding AI performance, data rights, and liability are not just 

theoretical problems; they translate directly into significant financial and legal risk for the customer. The following case 

studies illustrate how marketing hype and contractual ambiguity can lead to concrete financial consequences.

1

FTC vs. Air AI
In August 2025, the U.S. Federal Trade Commission 

(FTC) filed a lawsuit against the company Air AI, alleging 

that it used deceptive claims to sell business coaching 

and AI services to small businesses. The company 

marketed its "conversational AI" with unsubstantiated 

promises that customers could earn tens of thousands, 

or even millions, of dollars. The FTC complaint also 

alleged that the company offered deceptive refund 

guarantees that it failed to honor.

This case is a critical example of how extreme marketing 

hype can cross the line into illegal deception, causing 

direct financial harm to customers who invested based 

on false promises of ROI. It moves the conversation 

about AI hype from the realm of marketing ethics to that 

of regulatory enforcement and consumer protection law.

2

Air Canada's "Lying" Chatbot
A customer, seeking to book a flight after a death in the 

family, asked Air Canada's AI chatbot if he could apply 

for a bereavement fare retroactively. The chatbot 

incorrectly confirmed that he could do so within 90 days. 

Based on this information, the customer purchased a 

full-price ticket. When Air Canada later refused to honor 

the discount, citing the chatbot's error, the customer 

took the airline to court.

In a landmark decision, a civil tribunal ruled against Air 

Canada, stating that the company was responsible for all 

information on its website, whether it came from a static 

page or a chatbot. The ruling established a clear legal 

precedent: an organization cannot absolve itself of 

responsibility by blaming an AI error. This case starkly 

demonstrates the financial and legal liability that comes 

with deploying AI systems that can provide incorrect 

information to customers.

Financial and Contractual Risk Patterns

These cases reveal several critical patterns of financial and contractual risk that organizations must address when procuring AI 

solutions:

Regulatory Enforcement Risk: As AI becomes more 

prevalent, regulatory bodies like the FTC are 

increasingly scrutinizing marketing claims for AI 

products. Vendors who make unsupported claims about 

ROI, performance, or capabilities may face regulatory 

action, and customers who relied on those claims may 

find themselves without recourse.

1.

Liability for AI Outputs: Organizations are legally 

responsible for the outputs and decisions of their AI 

systems, even when those systems malfunction or 

provide incorrect information. This creates significant 

financial exposure, especially when AI systems interact 

directly with customers or make consequential 

decisions.

2.

Hidden Implementation Costs: Marketing materials 

often present AI implementation as straightforward and 

cost-effective, but the reality frequently includes 

substantial hidden costs for data preparation, systems 

integration, ongoing maintenance, and necessary human 

oversight.

3.

To mitigate these financial and contractual risks, organizations should:

Ensure that all marketing claims are explicitly backed up in contractual language, with specific performance guarantees 

and remedies for non-performance.

Negotiate clear limits on data usage and ownership, with explicit prohibitions on using customer data to train models that 

will benefit competitors.

Demand comprehensive liability protection, including indemnification for errors, omissions, or IP infringement in AI-

generated outputs.

Conduct thorough due diligence on the vendor's financial stability, regulatory compliance history, and past litigation.

Build in contractual provisions for regular audits and assessments of the AI system's performance, with clear paths for 

remediation or contract termination if performance falls short.

By approaching AI procurement with the same level of contractual rigor applied to other high-risk business agreements, 

organizations can significantly reduce their financial and legal exposure while still capturing the benefits of artificial 

intelligence technologies.



Reputational & Ethical Risk: When "Smart" 
Technology Looks Foolish
Deploying AI systems without a deep understanding of their inherent limitations regarding bias, accuracy, and contextual 

awareness can lead to public failures that inflict severe and lasting damage to a brand's reputation and credibility. The 

following case studies illustrate how AI failures can quickly become public relations disasters with significant business 

consequences.

Google's Bard/Gemini Launch 
Stumble
During the highly anticipated public 

debut of its AI chatbot, then named 

Bard, Google presented a 

demonstration in which the AI 

confidently but incorrectly stated that 

the James Webb Space Telescope had 

taken the "very first pictures of a planet 

outside of our own solar system." The 

factual error was immediately spotted 

by astronomers and the public, leading 

to widespread criticism and a reported 

$100 billion drop in the market value of 

Google's parent company, Alphabet.

This incident is a textbook example of 

an "AI hallucination"—where a model 

generates plausible but entirely false 

information—and it showed that even 

the world's most advanced technology 

companies are not immune. The 

reputational cost of a high-profile AI 

failure can be immense, eroding public 

trust in the brand's core competency.

Coca-Cola's #MakeItHappy 
Campaign Hijacking
In 2015, Coca-Cola launched a well-

intentioned social media campaign that 

used an automated bot to transform 

negative tweets containing the hashtag 

#MakeItHappy into cheerful ASCII art. 

The campaign backfired spectacularly 

when the online publication Gawker 

created a bot to tweet lines from Adolf 

Hitler's "Mein Kampf" with the 

campaign's hashtag.

Coca-Cola's bot, lacking any true 

contextual understanding or ethical 

guardrails, dutifully converted the 

hateful text into playful images of dogs 

and palm trees, which it then tweeted 

from the official Coca-Cola account. 

The incident was a public relations 

disaster, forcing the company to shut 

down the campaign and illustrating the 

catastrophic danger of deploying 

automated systems in open, adversarial 

environments without anticipating how 

they can be manipulated.

Amazon's Biased AI Recruiting 
Tool
Amazon developed an internal AI tool 

to help screen and rank job candidates 

by analyzing their resumes. The 

company discovered, however, that the 

system was systematically penalizing 

resumes that contained the word 

"women's" (as in "captain of the 

women's chess club") and downgrading 

graduates of two all-women's colleges.

The AI had taught itself this bias 

because it was trained on a decade's 

worth of the company's own resume 

data, which reflected the historical 

dominance of men in the tech industry. 

Amazon ultimately had to scrap the 

project. This case is a seminal example 

of how AI, rather than eliminating 

human bias, can amplify and automate it 

at scale if not carefully designed and 

audited. It highlights the profound 

ethical and legal risks associated with 

using unaudited AI systems for high-

stakes decisions like hiring.

Key Patterns in Reputational Risk

These case studies reveal several critical patterns of reputational and ethical risk that organizations must address when 

deploying AI solutions:

Hallucinations and Factual Errors: AI systems, particularly large language models, can generate convincing but entirely 

false information with absolute confidence. When these errors occur in public-facing applications, they can severely 

damage brand credibility and trust.

1.

Adversarial Exploitation: AI systems often lack common sense and ethical guardrails, making them vulnerable to 

manipulation by bad actors who can exploit these blindspots to create embarrassing or harmful outputs.

2.

Algorithmic Bias: AI systems trained on historical data can learn and amplify existing biases, leading to discriminatory 

outcomes that create both reputational damage and legal liability.

3.

Amplification of Mistakes: When AI systems fail, they often do so in ways that are more visible and consequential than 

human errors, creating outsized reputational impact relative to the underlying mistake.

4.

To mitigate these reputational and ethical risks, organizations should:

Conduct thorough bias audits of AI systems before deployment, with particular attention to impacts on protected groups 

and historically marginalized populations.

Implement robust human oversight and review processes for AI-generated content before it reaches the public, especially 

in high-visibility contexts.

Develop comprehensive crisis response plans specifically for AI failures, with clear protocols for acknowledging errors, 

providing corrections, and implementing fixes.

Invest in ongoing monitoring and testing of AI systems to identify emerging biases or failure modes before they create 

public incidents.

Build diverse teams to design, develop, and oversee AI systems, as this diversity can help identify potential blind spots and 

biases that might otherwise go unnoticed.

By proactively addressing these reputational and ethical risks, organizations can capture the benefits of AI while avoiding the 

potentially devastating consequences of public failures and ethical lapses.



The Diligence Framework: A Playbook for 
Vendor Interrogation
To navigate the treacherous landscape of AI procurement, organizations must adopt a disciplined, evidence-based approach to 

vendor evaluation. This requires moving beyond the marketing presentation and conducting a rigorous interrogation of the 

technology, the data, the security posture, and the contractual terms. This section provides an actionable framework for that 

process, designed to empower organizations to make informed and defensible decisions.

The Core Principle of Specificity: From Vague to Concrete

The strategic countermeasure to all forms of marketing hype is the relentless demand for specificity. This principle involves 

actively translating a vendor's abstract, vague, and qualitative claims into concrete, specific, and quantitative questions that 

demand verifiable answers. This forces the conversation away from the comfortable territory of abstract promises ("Our AI 

drives efficiency") and into the domain of measurable evidence ("What was the average percentage reduction in person-hours 

for Task X across your three largest clients in our industry, and can we speak to them?").

Adopting this mindset is the single most important step in piercing the veil of marketing language. Vague terms like "a lot," 

"soon," or "most" should be immediately challenged and replaced with precise figures like "ten thousand," "by 4:00 p.m. 

tomorrow," or "94%".

This approach accomplishes several critical objectives:

It shifts the burden of proof from the buyer to the vendor

It creates a record of specific claims that can be contractually enforced

It quickly separates vendors with substantive offerings from those relying primarily on marketing language

It builds a foundation for meaningful comparison between competing solutions

The following comprehensive framework provides a structured approach to applying this principle of specificity across all 

dimensions of the vendor evaluation process. By systematically addressing each of these areas, organizations can dramatically 

reduce the risk of investing in solutions that fail to deliver on their promises.



The Comprehensive Vendor Questionnaire
The following structured questionnaire synthesizes expert recommendations into a non-negotiable checklist for vendor due 

diligence. It is designed to be used as a formal part of the Request for Proposal (RFP) and vendor interview process. Each 

question is crafted to cut through marketing language and force vendors to provide specific, verifiable information about their 

solution's capabilities, limitations, and requirements.

Category 1: Core Technology & Architecture

"What specific type of AI model or 

models does your system use (e.g., 

transformer-based LLM, diffusion 

model, graph neural network)? Is 

it built upon a publicly available 

open-source foundation model, or 

is it entirely proprietary from the 

ground up?"

"Is the model's decision-making 

process explainable? If so, what 

specific technical methods (e.g., 

SHAP, LIME, attention 

visualization) do you employ to 

provide this explainability? Can 

you provide a sample 

explainability report for a decision 

relevant to our proposed use 

case?"

"What is the intended, original 

use case for which this system 

was designed? If our proposed use 

case differs, what are the 

potential risks and limitations of 

repurposing the technology?"

Category 2: Training Data, Privacy & Data Rights

"What were the primary sources 

of the data used to train your 

foundational model? Can you 

provide documentation on data 

provenance, including the 

proportion of data that was 

licensed, publicly available, 

scraped from the web, or 

synthetic? Was any of the training 

data subject to copyright or other 

use restrictions?"

"Will our company's inputs, 

queries, or any data generated 

through our use of your service be 

used to retrain or fine-tune your 

model for the benefit of other 

customers? Point to the specific 

clause in the contract that 

explicitly forbids this practice. 

How is our data logically and 

physically segregated from that of 

other clients?"

"What are your data retention 

policies for the data we provide 

and the outputs generated? How 

do you comply with data 

protection regulations such as 

GDPR and CCPA, particularly 

regarding data subject rights like 

the right to be forgotten?"

Category 3: Performance, Validation & Limitations

"Describe in detail the processes 

used for model testing, 

evaluation, validation, and 

verification. Can you share the 

results of any third-party 'red 

teaming' exercises, penetration 

tests, or independent 

performance benchmarks?"

"What are the known limitations 

and failure modes of the system? 

Under what specific conditions or 

types of input does its 

performance degrade? What is 

your documented and measured 

hallucination rate for tasks 

directly relevant to our use case, 

and how is this rate calculated?"

"How do you measure, monitor, 

and mitigate algorithmic bias? 

What specific demographic 

attributes and fairness metrics 

(e.g., demographic parity, equal 

opportunity) do you track and 

report on? Can we review your 

latest bias audit report?"

This questionnaire is not exhaustive but provides a strong foundation for technical due diligence. The key is to insist on 

specific, detailed answers to each question and to document these responses for later reference during contract negotiations 

and implementation planning. Vendors who are unable or unwilling to provide clear, substantive answers to these questions 

should be viewed with significant caution, as this evasiveness often indicates that their solution may not live up to their 

marketing claims.



The Comprehensive Vendor Questionnaire 
(Continued)
Category 4: Security, Integration & Scalability

"What specific measures are in 

place to protect the system 

against adversarial attacks, 

including prompt injection, data 

poisoning, and model inversion or 

extraction attacks?"

"Provide a detailed list of the 

hardware, software, and internal 

personnel skill sets required for a 

successful implementation. What 

is the typical ramp-up time for 

non-technical employees to 

become proficient with the 

solution?"

"How does your solution 

integrate with our existing 

technology stack? Provide 

technical documentation for your 

APIs and a list of pre-built 

connectors. What is the estimated 

timeline for full integration into 

our current operations?"

Category 5: Costs, ROI & Support

"Provide a comprehensive pricing 

model that details all potential 

costs, including licensing fees, 

implementation charges, data 

processing or API call volume 

fees, support packages, and 

training costs. What is the 

projected total cost of ownership 

(TCO) over a three-year period?"

"Substantiate your ROI claims by 

providing at least three detailed, 

referenceable client case studies 

from our industry. These case 

studies must include the specific 

metrics used to measure impact 

and effectiveness. We require 

contact information for these 

clients to conduct reference calls."

"What levels of ongoing customer 

support, training, and access to 

technical experts are included in 

the standard contract? What are 

the service-level agreements 

(SLAs) for support response and 

issue resolution?"

Interpreting Vendor Responses

When evaluating vendor responses to these questions, watch for these warning signs:

Deflection to Future Capabilities: "We're working on 

that feature for our next release." This indicates a 

current limitation being masked as a roadmap item.

1.

Return to Marketing Language: Responding to specific 

questions with more vague claims suggests an inability 

to substantiate their assertions.

2.

Excessive Confidentiality Claims: "That's proprietary 

information we can't share." While some aspects of 

technology may be genuinely confidential, excessive 

secrecy often hides limitations.

3.

Inconsistent Answers: Different team members 

providing contradictory information may indicate 

internal confusion about the product's actual 

capabilities.

4.

Conversely, look for these positive indicators:

Willingness to Acknowledge Limitations: Vendors who openly discuss their product's boundaries typically have more 

mature offerings and realistic expectations.

1.

Specific, Detailed Responses: Answers that include precise metrics, documented processes, and specific examples 

demonstrate real capability.

2.

Evidence-Based Claims: References to third-party validations, published research, or independent benchmarks suggest a 

commitment to transparency.

3.

Clear Documentation: The ability to quickly provide detailed technical documentation indicates a mature product and 

organization.

4.

Remember that the goal is not to find a perfect solution—all AI technologies have limitations and challenges. The objective is 

to clearly understand what those limitations are, how they might impact your specific use case, and whether the vendor has 

the transparency and capability to address them effectively. This understanding forms the foundation for realistic planning, 

appropriate risk mitigation, and ultimately successful implementation.



Beyond the Conversation: A Multi-Pronged 
Validation Strategy
Verbal assurances and marketing presentations are insufficient for high-stakes AI procurement. A rigorous diligence process 

must include hands-on validation and meticulous legal review. This section outlines practical steps for moving beyond vendor 

claims to direct evidence of capability and performance.

Sandboxed Trials and 
Proof-of-Concept
Never procure a significant AI 

system without first conducting a 

hands-on trial. Insist on a time-

bound PoC that uses your own 

anonymized data in a secure, 

sandboxed environment. Crucially, 

the specific, measurable success 

criteria for the PoC must be 

defined and agreed upon in writing 

by all stakeholders before the trial 

begins. This prevents "moving the 

goalposts" and ensures an 

objective evaluation.

Third-Party Audits
For mission-critical or high-risk 

applications (e.g., medical 

diagnostics, financial underwriting, 

critical infrastructure control), an 

organization should consider 

commissioning an independent 

third-party expert to audit the 

vendor's claims regarding security, 

bias, data privacy, and 

performance. While this adds cost 

to the procurement process, it can 

be an invaluable investment for 

mitigating catastrophic risk.

Contractual Scrutiny
All verbal promises made during 

the sales process are legally 

meaningless unless they are 

explicitly codified in the final 

contract. Legal teams must conduct 

a meticulous review of the master 

service agreement, paying special 

attention to clauses related to data 

rights, liability caps, IP indemnity, 

performance warranties, and SLAs. 

Assume that any ambiguity in the 

contract will be interpreted in the 

vendor's favor.

Effective Proof-of-Concept Design

A well-designed PoC is one of the most powerful tools for validating vendor claims. To maximize its effectiveness:

Use Real-World Data: Test with data that represents the actual complexity, volume, and edge cases you'll encounter in 

production.

1.

Define Specific Success Metrics: Establish quantitative thresholds for accuracy, speed, reliability, and other key 

performance indicators.

2.

Test Failure Modes: Deliberately introduce challenging scenarios to understand how the system degrades and recovers.3.

Simulate Integration: Test connectivity with your actual systems rather than in an isolated environment.4.

Involve End Users: Include the people who will use the system daily in the evaluation process.5.

Contract Review Essentials

Given that only 17% of AI contracts provide warranties related to 

compliance with documentation, and liability is often aggressively 

capped, this legal review is a critical line of defense against 

financial and operational risk. Pay particular attention to:

Performance Warranties: Ensure that specific performance 

claims are backed by contractual guarantees with meaningful 

remedies.

Data Usage Rights: Explicitly limit how the vendor can use 

your data, with prohibitions on using it to train models for 

other customers.

Intellectual Property: Clarify ownership of inputs, outputs, 

and any customizations or fine-tuning performed using your 

data.

Liability Provisions: Negotiate appropriate liability caps that 

reflect the actual business risk of system failure, not just a 

percentage of fees paid.

Exit Strategy: Ensure clear terms for data retrieval, transition 

assistance, and continuity if you need to change vendors.

This multi-pronged approach—combining specific questioning, hands-on validation, third-party verification, and rigorous 

contractual review—provides a comprehensive framework for evaluating AI vendors. While it requires significant time and 

resources, this investment is minimal compared to the potential costs of implementing an AI system that fails to deliver on its 

promises or creates unexpected liabilities.

By insisting on this level of due diligence, organizations can dramatically improve their chances of successful AI 

implementation while protecting themselves from the risks created by exaggerated marketing claims and one-sided 

contractual terms.



Implementing the Framework: A Practical 
Roadmap
Transitioning from theory to practice requires a structured approach that integrates the diligence framework into your 

organization's existing procurement processes. This section provides a step-by-step roadmap for implementation, with 

practical guidance for different stages of the AI procurement journey.

Needs

Vendors

Evaluate

Validate

Phase 1: Pre-Procurement Preparation

Before engaging with vendors, establish a solid foundation for evaluation:

Define Specific Business Problems: Clearly articulate the exact business problem you're trying to solve and the 

quantifiable outcomes that would constitute success. This problem definition becomes your north star for vendor 

evaluation.

1.

Assemble a Cross-Functional Team: Include stakeholders from business units, IT, legal, security, and data privacy to ensure 

comprehensive evaluation.

2.

Establish Evaluation Criteria: Develop a scorecard with weighted criteria that reflect your organization's specific needs 

and risk profile.

3.

Baseline Current Performance: Document your current process metrics to provide a clear basis for measuring 

improvement.

4.

Phase 2: Initial Vendor Engagement

When first interacting with vendors:

Issue a Structured RFI/RFP: Incorporate the questionnaire from this framework into your formal vendor solicitation 

process.

1.

Conduct Structured Demonstrations: Require vendors to demonstrate their solution using your scenarios rather than 

their prepared scripts.

2.

Perform Reference Checks: Speak with existing customers in similar industries with similar use cases, asking specifically 

about implementation challenges and how the vendor responded.

3.

Initial Technical Deep Dive: Have your technical team conduct a detailed review of the architecture, security model, and 

integration approach.

4.

Phase 3: Detailed Evaluation and Testing

For shortlisted vendors:

Execute the Proof of Concept: Follow the PoC guidance outlined in the previous section, with clear success criteria and 

rigorous documentation.

1.

Conduct Technical Due Diligence: Have experts review model documentation, training methodologies, and performance 

metrics.

2.

Assess Organizational Fit: Evaluate the vendor's support model, training offerings, and cultural alignment with your 

organization.

3.

Perform Security and Compliance Review: Verify the vendor's security controls, certifications, and compliance with 

relevant regulations.

4.

By methodically following this roadmap and adapting it to your organization's specific context, you can transform the abstract 

frameworks in this report into concrete, actionable steps that lead to better AI procurement decisions. The key is maintaining 

a disciplined approach that balances the excitement of new capabilities with rigorous validation of vendor claims.



Building Organizational Capability: Beyond 
Vendor Selection
Effective AI procurement is not just about selecting the right vendor; it's about building the organizational capabilities needed 

to successfully integrate, govern, and evolve AI solutions over time. This section explores the internal competencies 

organizations must develop to become sophisticated consumers and managers of AI technology.

Developing AI Literacy

Organizations need to foster broad AI literacy to make informed 

decisions:

Executive Education: Ensure leadership understands AI's 

capabilities, limitations, and strategic implications without 

being swayed by hype.

Technical Team Training: Develop deeper technical knowledge 

among IT and data teams who will implement and support AI 

systems.

End-User Awareness: Build basic understanding among all 

employees who will interact with AI systems, including 

awareness of potential biases and limitations.

Establishing AI Governance

Create structures and processes to govern AI use throughout its lifecycle:

Ethics & Risk Committee
Establish a cross-functional committee responsible for 

evaluating the ethical implications and risks of AI 

applications before deployment.

Technical Standards
Develop organizational standards for AI model 

documentation, testing, monitoring, and maintenance to 

ensure consistency across initiatives.

Monitoring Framework
Implement systematic monitoring of AI systems in 

production to detect drift, bias, or performance 

degradation over time.

Incident Response Protocol
Create clear procedures for responding to AI failures, 

including communication plans, technical remediation 

steps, and accountability structures.

Building Technical Infrastructure

Develop the technical foundation needed to effectively implement and manage AI:

Data Infrastructure: Establish robust data pipelines, quality controls, and governance that provide the foundation for 

effective AI.

1.

Testing Environments: Create sandboxed environments where AI systems can be safely evaluated before production 

deployment.

2.

Monitoring Tools: Implement tools to track AI performance, detect anomalies, and alert when systems operate outside 

expected parameters.

3.

Integration Framework: Develop standardized approaches for integrating AI into existing business processes and 

technical systems.

4.

Cultivating an Experimental Mindset

Foster a culture that balances innovation with skepticism:

Incremental Approach: Start with low-risk use cases to build experience before tackling mission-critical applications.

Learning from Failure: Create psychological safety for teams to report and learn from AI limitations and failures.

Continuous Evaluation: Regularly reassess deployed AI systems against evolving best practices and new technology 

options.

Balanced Perspective: Maintain healthy skepticism while remaining open to genuine opportunities for transformation.

These organizational capabilities complement the vendor evaluation framework, creating a foundation for successful AI 

adoption that extends beyond the initial procurement process. By investing in these internal competencies, organizations can 

become more sophisticated consumers of AI technology, better equipped to cut through vendor hype and identify solutions 

with genuine business value.



Future-Proofing Your AI Strategy: Trends and 
Adaptation
The AI landscape is evolving at an unprecedented pace, with new capabilities, business models, and regulatory frameworks 

emerging constantly. This section explores how organizations can develop an AI procurement strategy that remains effective 

amidst this rapid change, focusing on adaptability rather than prediction.

Key Trends Reshaping AI Procurement

Several significant trends are transforming how organizations should 

approach AI vendor evaluation:

Democratization of Foundation Models: Open-source and API-

accessible foundation models are reducing barriers to entry and 

changing evaluation criteria from model quality to implementation 

effectiveness.

1.

Regulatory Evolution: Emerging AI regulations in the EU, US, and 

globally are creating new compliance requirements that must be 

factored into vendor selection.

2.

Rising Emphasis on Explainability: As AI moves into regulated 

domains, the ability to explain model decisions is becoming a non-

negotiable requirement.

3.

Shift to Specialized AI: After initial experimentation with general-

purpose AI, organizations are increasingly seeking domain-specific 

solutions optimized for particular industries or functions.

4.

Growing Focus on TCO: As AI moves from experimental to 

operational, total cost of ownership (including data preparation, 

integration, and ongoing management) is receiving greater scrutiny.

5.

Building Adaptability into Your Procurement Process

Rather than trying to predict exactly how AI will evolve, focus on building adaptability into your procurement approach:

Favor Architectural 
Flexibility
Prioritize solutions with modular 

architectures that allow components 

to be upgraded or replaced as 

technology evolves. Evaluate 

vendors on their ability to 

incorporate new models and 

techniques over time.

Maintain Data Sovereignty
Ensure contracts preserve your 

ownership and control of data, 

allowing you to migrate to new 

solutions if needed. Avoid vendor 

lock-in through proprietary data 

formats or restrictive licensing 

terms.

Build in Compliance 
Headroom
Select solutions that exceed current 

regulatory requirements to 

accommodate evolving standards. 

Evaluate vendors on their regulatory 

awareness and compliance 

roadmaps.

Scenario Planning for AI Evolution

Use scenario planning to prepare for different potential futures:

Scenario Implications for Procurement Preparation Strategy

Rapid Open-Source Advancement Proprietary models may lose 

competitive edge; implementation 

expertise becomes more valuable 

than model ownership

Favor vendors with expertise in 

customizing and implementing open 

models; ensure contracts allow 

model switching

Stringent Regulatory Regime Compliance becomes a major cost 

driver; non-compliant vendors face 

existential risk

Prioritize vendors with robust 

governance frameworks and 

compliance track records; build 

compliance requirements into 

contracts

Industry Consolidation Smaller vendors may be acquired or 

fail; technology integration becomes 

challenging

Assess vendor financial stability and 

exit options; ensure data portability 

and transition assistance in contracts

By combining trend awareness with adaptable procurement strategies and scenario planning, organizations can develop an 

approach to AI vendor selection that remains effective even as the technology and market continue to evolve. The goal is not 

to perfectly predict the future of AI, but to build procurement processes that can adapt to whatever that future holds.



Conclusion: Skepticism as a Strategic 
Prerequisite for Success
The analysis presented in this report leads to an unequivocal conclusion: the landscape of AI solutions is saturated with 

exaggerated claims, ambiguous language, and visionary narratives that mask significant operational, financial, reputational, 

and legal risks. The buzzwords and marketing frameworks detailed herein are not harmless industry jargon; they are 

instruments of obfuscation that can lead to misinformed investments, failed projects, and profound organizational 

disillusionment. They must be actively and systematically dismantled through a process of rigorous, evidence-based due 

diligence.

The path forward for organizations is not to retreat from AI, but to approach it with a healthy and strategic skepticism. True 

competitive advantage in the age of AI will not belong to the earliest adopters, but to the most diligent ones. The frameworks 

and questions provided in this report are designed to transform the procurement process from a reactive, hype-driven 

exercise into a proactive, strategic function that aligns technology acquisition with tangible business value.

Reclaim Control of the 
Narrative
Use the taxonomy of buzzwords 

and the buzzword-to-question 

translator to shift conversations 

from vendor marketing to 

substantive evaluation of 

capabilities and limitations.

Implement Rigorous 
Validation
Apply the multi-pronged validation 

strategy—including structured 

questioning, hands-on testing, and 

contractual scrutiny—to verify 

vendor claims before committing 

resources.

Build Organizational 
Capability
Develop the internal competencies 

needed to become sophisticated 

consumers and managers of AI 

technology, including literacy, 

governance, and technical 

infrastructure.

Ultimately, the challenge of navigating the AI market underscores a broader truth about the future of work. As has been noted 

in the Harvard Business Review, an individual's job is unlikely to be replaced by AI; it is far more likely to be replaced by a 

person who knows how to use AI effectively. This report extends that axiom to the organizational level: a company's market 

position will not be lost to a competitor that simply "uses AI." It will be lost to a competitor that knows how to procure, 

implement, and govern AI wisely. Diligence is the bedrock of that wisdom.

By approaching AI procurement with the strategic skepticism and rigorous methodology outlined in this report, organizations 

can cut through the hype, make sound investments, and harness the genuine transformative potential of artificial intelligence. 

The companies that will thrive in the AI era are not those that chase every technological trend, but those that develop the 

discernment to separate substantive innovation from empty promises and the discipline to implement solutions that deliver 

measurable business value.


