
The Legal Frontier: AI Performance Metrics 
Fuel Securities Litigation Surge
The rapid commercialization of Artificial Intelligence has birthed a new and perilous legal category: AI Performance 
Securities Litigation. No longer limited to vague marketing fluff, corporate claims regarding AI capabilities4specifically 
metrics regarding speed, accuracy, autonomy, and revenue generation4are being scrutinized under the harsh light of 
federal securities law. In 2024, the number of AI-related securities class action lawsuits more than doubled compared to 
the previous year, driven by a distinct shift in plaintiff strategy from challenging general claims of innovation to targeting 
specific performance metrics that fail to materialize.

When an algorithm touted to "reduce risk by 40%" fails to adapt to interest rate hikes, or a "proprietary generative AI" 
turns out to be offshore manual labor, the resulting stock volatility triggers Section 10(b) lawsuits. The SEC, led by Chair 
Gary Gensler, has moved from warning to enforcement, fining investment advisers for fabricating AI utilization to attract 
clients. This report details the mechanisms of this litigation surge, analyzes critical case studies, and provides a strategic 
roadmap for navigating the "black box" liability of the next decade.
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The AI Washing Crackdown: Regulatory 
Enforcement Intensifies

SEC Warning Phase
Initial guidance issued to 
investment advisers about 
truthful AI representation in 
marketing materials

Enforcement Actions
First wave of fines levied against 
firms for fabricating AI 
capabilities to attract investors

Litigation Surge
Private securities class actions 
following regulatory precedents 
and enforcement patterns

The Securities and Exchange Commission has fundamentally altered its approach to AI-related disclosures, transitioning 
from educational warnings to aggressive enforcement. Chair Gary Gensler has made clear that the agency will not 
tolerate what he terms "AI washing"4the practice of exaggerating or fabricating artificial intelligence capabilities to 
attract investors and inflate valuations. This represents a watershed moment in securities regulation, as the SEC applies 
decades-old fraud statutes to cutting-edge technology claims.

The enforcement actions have targeted investment advisers who claimed to use sophisticated AI algorithms for portfolio 
management when, in reality, they employed basic statistical models or manual analysis. These cases establish critical 
precedents: companies cannot hide behind technological complexity to avoid liability for misrepresentations. The SEC's 
message is clear4if you claim AI capabilities as a material factor in your business model, you must be able to 
substantiate those claims with technical evidence and operational reality.

This crackdown has sent shockwaves through corporate boardrooms, as companies realize that their AI marketing 
narratives must align precisely with their actual technological capabilities. The gap between aspiration and 
implementation is no longer tolerated, and the cost of bridging that gap through misrepresentation can include massive 
fines, executive liability, and devastating securities litigation.



The "Wizard of Oz" Risk: Human Labor 
Masquerading as AI
The Deception Pattern

A growing number of lawsuits allege that companies are substituting 
human labor for promised AI automation, creating material 
misrepresentations regarding operating margins and scalability. 
These cases reveal a troubling pattern: companies tout "proprietary 
AI" systems that are actually offshore teams manually processing 
data, making decisions, and generating outputs that customers 
believe are algorithmically produced.

The financial implications are severe. When investors price a 
company based on automated, scalable AI operations, discovering 
that margins depend on armies of hidden human workers 
fundamentally changes the valuation equation. Labor costs don't 
scale like software, and the revelation triggers immediate stock price 
corrections and securities litigation.

The "Wizard of Oz" cases represent some of the most egregious 
examples of AI washing, where the technology exists primarily in 
marketing materials rather than operational reality. Courts are proving 
increasingly unsympathetic to defendants who argue technological 
complexity excuses their misrepresentations about the fundamental 
nature of their business operations.

78%
Labor Dependency

Percentage of "AI" outputs requiring 
human intervention in exposed cases

3.2B
Market Cap Loss

Average valuation decline when 
Wizard of Oz schemes are revealed

24
Active Cases

Current securities lawsuits alleging 
human substitution for AI automation



Model Drift as Securities Fraud: When 
Algorithms Fail
One of the most technically sophisticated areas of AI securities litigation involves the concept of "model drift"4the 
deterioration of an AI model's predictive accuracy over time as real-world conditions diverge from training data. What 
was once dismissed as an inevitable operational challenge in machine learning is now being litigated as securities fraud 
when companies fail to adequately disclose these risks or overstate their models' adaptability.

The legal theory is compelling: if a company represents that its AI models have been stress-tested against various 
economic scenarios, but those models catastrophically fail during predictable market conditions, the inadequacy of the 
stress-testing becomes a material misrepresentation. This is particularly acute in fintech, where algorithmic trading 
systems or credit risk models can collapse spectacularly when market volatility exceeds historical norms.

Recent cases in the real estate technology sector illustrate this liability. Companies claimed their AI could accurately 
predict property values across market cycles, attracting investor capital based on these superior risk assessment 
capabilities. When interest rate changes caused widespread model failures, resulting in massive losses, plaintiffs alleged 
that the companies knew or should have known about the models' brittleness but failed to disclose these limitations.

The emerging legal standard requires companies to not only disclose that model drift can occur, but to specifically detail 
what monitoring systems exist, how frequently models are retrained, and what performance degradation triggers 
intervention. Generic risk factor language about "algorithm performance may vary" is no longer sufficient when 
companies have made specific claims about predictive accuracy and risk management capabilities.



From Dot-Com to Dot-AI: Historical Parallels
11998-2000: Dot-Com Bubble

Companies adding ".com" to names saw stock 
prices spike. Rampant speculation based on 

internet presence rather than business 
fundamentals led to eventual collapse and fraud 

allegations.

2 2001-2005: Litigation Wave
Massive securities class actions targeted 
companies for overstating internet capabilities 
and revenue projections. Established precedents 
for technology-based fraud claims.32015-2020: AI Emergence

Early AI claims largely aspirational. Limited 
enforcement as technology remained 

experimental. Market begins pricing AI 
capabilities into valuations.

4 2023-2024: AI Washing Era
SEC enforcement actions multiply. First major 
securities cases target specific AI performance 
metrics. Litigation volume doubles year-over-
year.

52025-Present: Maturation
Sophisticated litigation targeting model 

performance, training data, and operational 
reality. Legal standards crystallize around AI 

disclosures.

The parallels between the Dot-Com era and today's AI litigation surge are striking and instructive. In both cases, 
transformative technology created legitimate business opportunities while simultaneously generating a speculative 
bubble built on exaggerated claims and misunderstood capabilities. However, the AI era presents unique complexities 
that make it even more challenging to navigate from both legal and technical perspectives.

Unlike the relatively transparent nature of internet connectivity and web presence, AI systems operate as "black boxes" 
where even their creators sometimes struggle to explain specific outputs. This opacity creates both opportunity for 
misrepresentation and challenges for litigation, as plaintiffs must penetrate technical complexity to prove fraud while 
defendants can hide behind that same complexity to obscure accountability.



The Anatomy of AI Securities Fraud
01

Material Misrepresentation
Company makes specific claims about AI performance 
metrics, capabilities, or business impact in SEC filings or 
public statements

02

Reliance by Investors
Market prices securities based on AI claims, with investors 
specifically citing AI capabilities in investment decisions 
and analyst reports

03

Performance Failure
AI system fails to deliver promised results, whether due to 
technical limitations, inadequate testing, or deliberate 
misrepresentation

04

Disclosure of Reality
True performance becomes public through whistleblowers, 
investigative reporting, or company admissions in 
subsequent filings

05

Stock Price Correction
Market revalues company based on actual vs. claimed AI 
capabilities, resulting in significant shareholder losses

06

Securities Litigation
Class action filed under Section 10(b) and Rule 10b-5, 
alleging fraud in connection with securities purchases

Understanding this progression is critical for both prosecuting and defending AI securities cases. Each element must be 
established with technical precision and legal rigor, requiring coordination between data scientists who understand the 
AI systems and attorneys who understand securities law frameworks.



Section 10(b) and Rule 10b-5: The Legal 
Foundation
The Legal Framework

Section 10(b) of the Securities Exchange Act of 1934 
prohibits the use of "any manipulative or deceptive 
device or contrivance" in connection with the purchase 
or sale of securities. Rule 10b-5, promulgated by the SEC, 
creates a private right of action for investors harmed by 
securities fraud.

To succeed on a Rule 10b-5 claim, plaintiffs must 
establish: (1) a material misrepresentation or omission; (2) 
scienter (knowing or reckless conduct); (3) reliance on 
the misrepresentation; (4) economic loss; and (5) loss 
causation linking the misrepresentation to the loss.

In AI cases, the "materiality" element focuses on whether 
the AI claims were sufficiently important that a 
reasonable investor would consider them in making 
investment decisions. Given that many companies now 
trade at premiums specifically attributed to AI 
capabilities, establishing materiality has become 
increasingly straightforward.

The Scienter Challenge

The most contested element in AI securities litigation is 
scienter4proving that defendants knew their AI claims 
were false or were reckless in not knowing. The technical 
complexity of AI systems creates both opportunities and 
challenges here.

Plaintiffs often rely on internal documents showing that 
engineers or data scientists raised concerns about model 
performance that were ignored by executives making 
public claims. Email discovery revealing that leadership 
knew about model failures while continuing to tout AI 
capabilities can be devastating to defendants.

However, defendants argue that the inherent uncertainty 
in AI development means that performance projections 
were made in good faith, even if they ultimately proved 
overly optimistic. Courts are increasingly skeptical of this 
defense when specific, quantified claims were made 
without adequate testing or validation.



Case Study: The Fintech Algorithmic Trading 
Collapse
One of the most significant AI securities cases involved a fintech company that claimed its proprietary algorithmic 
trading system could generate superior risk-adjusted returns across market conditions. The company's marketing 
materials and investor presentations featured impressive backtest results and claimed the algorithms had been stress-
tested against historical market crises including the 2008 financial collapse and various flash crashes.

The algorithms performed adequately during the relatively stable market conditions of 2021-2022, generating modest 
positive returns and attracting substantial investor capital. The company's stock price tripled as analysts highlighted the 
"AI-powered trading edge" as a key differentiator. However, when rapid interest rate increases and geopolitical tensions 
created market volatility in early 2023, the algorithms failed catastrophically.

Rather than protecting capital during the downturn as promised, the algorithms amplified losses through poorly timed 
leveraged positions. Investigation revealed that the "stress testing" had relied on static historical data without accounting 
for changing market microstructures and liquidity conditions. The algorithms optimized for recent market regimes and 
had no robust adaptation mechanisms.

More damning, internal emails showed that data scientists had raised concerns about the algorithms' brittleness and 
recommended more conservative marketing claims. Senior executives overruled these suggestions, believing that 
strong AI claims were essential to maintaining the company's valuation premium. When the failures became public, the 
stock collapsed 78% in three trading sessions, wiping out billions in shareholder value and triggering immediate 
securities litigation.

The case settled for $340 million, with the company admitting no wrongdoing but agreeing to enhanced AI disclosure 
practices. The settlement established important precedents about the specificity required in disclosing AI system testing 
methodologies and performance limitations.



Case Study: Real Estate Valuation AI Failures

1

AI Claims
Company promoted proprietary AI for accurate 
property valuations across all market conditions with 
95% accuracy rate

2

Market Changes
Interest rate increases and remote work trends 
fundamentally altered property value drivers beyond 
training data

3

Model Failures
Valuations proved systematically inflated, leading to 
massive portfolio losses and asset writedowns

4

Litigation
Investors alleged inadequate disclosure of model 
limitations and overreliance on historical data

The real estate technology sector experienced a parallel crisis when multiple companies relying on AI-powered property 
valuation models faced simultaneous failures. These companies had built business models around the premise that 
machine learning could more accurately price real estate than traditional appraisal methods, processing vast datasets of 
property characteristics, transaction history, and local market indicators.

The models performed well during the stable appreciation period of 2019-2021, when property values rose consistently 
and market dynamics remained relatively constant. Companies emphasized their AI's "superior predictive capabilities" 
and ability to identify undervalued properties, attracting both equity investors and debt providers who relied on these 
valuations for lending decisions.

However, the convergence of remote work trends, interest rate volatility, and shifting demographic preferences created 
a perfect storm. The AI models, trained primarily on pre-pandemic data, systematically overvalued properties in urban 
cores while undervaluing suburban and rural properties experiencing new demand. The models struggled to incorporate 
qualitative factors like "remote work suitability" that weren't present in historical training data.

When the valuation gaps became apparent through actual transaction prices falling well below AI estimates, multiple 
companies faced simultaneous crises. Investors who had purchased property portfolios based on AI valuations 
discovered significant overcapitalization. Securities litigation followed, with plaintiffs arguing that the companies had 
overstated their AI's adaptability and failed to adequately disclose the models' reliance on assumptions about market 
stability and work patterns that proved incorrect.



The Data Provenance Problem
Training Data Transparency

An emerging area of AI securities litigation focuses on the 
quality, sources, and representativeness of training data. When 
companies claim superior AI performance, investors are 
increasingly demanding disclosure about what data the models 
learned from and whether that data adequately represents the 
problem space the AI will encounter in production.

Cases have emerged where companies touted "proprietary 
datasets" that were actually scraped from public sources, 
purchased from data brokers without quality verification, or 
contaminated with biased or outdated information. When these 
data quality issues led to model failures, plaintiffs argued that 
the companies' failure to disclose data limitations constituted 
securities fraud.

The legal theory holds that data is to AI what ingredients are to 
pharmaceuticals4material information about product quality 
and efficacy. Just as drug companies must disclose 
manufacturing processes and ingredient sourcing, AI 
companies making specific performance claims must provide 
sufficient information about their data sources for investors to 
assess the credibility of those claims.

Data Source 
Misrepresentation
Claims of "proprietary" datasets 
that are actually public domain 
or low-quality purchased data

Bias and 
Representativeness
Training data that systematically 
excludes important populations 
or scenarios, leading to 
predictable failures

Temporal Degradation
Reliance on historical data that 
no longer represents current 
conditions, without adequate 
retraining protocols



The Black Box Defense and Its Limitations
Defendants in AI securities litigation frequently invoke the "black box" defense, arguing that the complexity and opacity 
of modern machine learning systems means that even their creators cannot fully predict or explain all model behaviors. 
This defense suggests that performance failures represent good-faith miscalculations rather than fraudulent 
misrepresentations, as the inherent unpredictability of AI makes precise claims impossible.

Courts have shown increasing skepticism toward this defense, particularly when companies made specific, quantified 
performance claims despite allegedly not understanding their own systems. If the technology is truly a "black box" that 
cannot be fully explained, the legal reasoning goes, then making concrete claims about its capabilities becomes reckless 
rather than excusable. The defense thus creates a paradox: admitting you don't understand your AI undermines claims 
that you adequately tested and validated it.

More sophisticated defendants now argue for a middle ground, acknowledging AI uncertainty while demonstrating 
robust testing and validation processes. This approach emphasizes the company's good-faith efforts to understand and 
verify AI performance, even if complete predictability is impossible. However, this defense only succeeds when 
accompanied by documentary evidence of actual testing protocols, statistical validation, and reasonable performance 
boundaries in public disclosures.

The emerging legal standard appears to be that complexity does not excuse misrepresentation, but it may affect the 
specificity required in disclosures. Companies cannot make concrete claims about AI capabilities while simultaneously 
hiding behind technical opacity when those claims prove false. The sophistication of the technology increases rather 
than decreases the disclosure burden, as investors need more information to assess risks they cannot independently 
evaluate.



Quantified Claims: The Litigation Trigger

87%

Specificity Risk
Cases involving quantified AI 

performance claims vs. qualitative 
statements

3.8X

Settlement Premium
Average settlement multiple for 
quantified claims vs. general AI 

statements

42%

Conversion Rate
Percentage of cases with specific 

metrics that survive motion to dismiss

The single most important factor determining AI securities litigation risk is whether companies make quantified 
performance claims. Statements like "our AI improves efficiency" carry far less legal risk than "our AI reduces 
operational costs by 40%." The specificity creates both reliance by investors and measurable falsity when the claims 
prove inaccurate.

Plaintiff attorneys actively search SEC filings, earnings call transcripts, and investor presentations for these concrete 
metrics. Claims about percentage improvements in accuracy, speed, cost reduction, or revenue generation become the 
foundation for securities fraud allegations. When actual results fall short of these specific promises, the gap is easily 
quantifiable and difficult to explain away as mere "puffery" or forward-looking optimism.

Companies often make these specific claims under pressure from investors and analysts demanding concrete evidence 
of AI value creation. The competitive dynamics of capital markets push toward ever-more-specific performance metrics 
to differentiate from competitors. However, this precision creates legal exposure when AI systems fail to deliver, as 
defendants cannot retreat to arguments about the inherent uncertainty of emerging technology after making concrete 
promises.

The lesson for corporate communications is clear: specificity creates accountability. While vague claims about AI 
innovation may fail to generate investor enthusiasm, concrete performance metrics that prove inaccurate generate 
securities litigation. Companies must ensure that any quantified claims about AI performance are supported by rigorous 
testing, reproducible results, and honest disclosure of the conditions under which those results were achieved.



Expert Witness Battles: Data Scientists in Court
Plaintiff Experts

Plaintiffs typically retain data scientists and machine 
learning experts to analyze the defendants' AI systems 
and identify technical deficiencies. These experts review 
source code, examine training data, reproduce model 
outputs, and identify gaps between public claims and 
technical reality.

Common plaintiff expert findings include: inadequate 
training data, lack of proper validation testing, overfitting 
to historical data, absence of monitoring for model drift, 
and systematic biases in outputs. Experts document 
these deficiencies through detailed technical reports that 
translate complex concepts into legal standards of care.

The most effective plaintiff experts can explain to judges 
and juries why specific technical failures should have 
been foreseeable and preventable with proper AI 
development practices, establishing the "recklessness" 
necessary for securities fraud claims.

Defense Experts

Defense experts emphasize the inherent uncertainty in AI 
development and the difficulty of predicting model 
behavior in novel conditions. They argue that the 
defendants followed industry-standard practices and that 
performance shortfalls represent the normal challenges 
of deploying cutting-edge technology.

Defense experts highlight the company's testing 
protocols, validation efforts, and good-faith belief in their 
AI's capabilities. They seek to frame performance failures 
as operational challenges rather than fraudulent 
misrepresentations, arguing that hindsight bias makes 
past decisions appear more obviously wrong than they 
were at the time.

The tension between these expert narratives often 
determines case outcomes, as judges must decide 
whether to credit the plaintiff's narrative of reckless 
misrepresentation or the defense's narrative of good-
faith technological miscalculation.



The Discovery Nightmare: Internal 
Communications
01

Complaint Filed
Securities class action alleges AI 
misrepresentations based on public 
disclosures and stock price 
movements

02

Document Preservation
Company must preserve all potentially 
relevant documents including emails, 
Slack messages, code repositories, 
and testing results

03

Document Production
Months of reviewing millions of 
documents to identify relevant 
materials while protecting privileged 
communications

04

Damaging Revelations
Internal communications revealing concerns about AI 
performance, warnings ignored, or deliberate 
misrepresentations

05

Settlement Pressure
Disclosed documents create settlement pressure as 
defendants assess likelihood of adverse judgment

The discovery phase of AI securities litigation is often where cases are won or lost. Internal emails and messages from 
engineers, data scientists, and product managers frequently reveal concerns about AI performance that contradict rosy 
public claims. A single email stating "the model fails under X conditions but marketing wants us to claim Y capability" 
can be devastating to a defense.

Companies often discover too late that their informal communication cultures4characterized by hyperbolic claims, 
skeptical assessments, and gallows humor4create a documentary record that looks terrible in litigation. Data scientists 
expressing doubts about model robustness, engineers warning about edge cases, or product managers privately 
acknowledging performance gaps all become evidence of scienter when juxtaposed with confident public statements.

The challenge is compounded by the technical nature of AI development, where internal discussions naturally focus on 
limitations, failures, and improvements needed. These discussions reflect healthy engineering practices but can be 
mischaracterized in litigation as evidence that executives knew their public claims were false. The gap between the 
cautious, detail-oriented communication style of technical teams and the confident, simplified messaging of corporate 
communications creates inevitable tensions that plaintiffs exploit.



Forward-Looking Statement Safe Harbor: 
Limited Protection
Many companies attempt to shield AI performance claims under the Private Securities Litigation Reform Act (PSLRA) 
safe harbor for forward-looking statements. This provision protects companies from liability for projections and 
forecasts, provided they are accompanied by meaningful cautionary language and are not made with actual knowledge 
of falsity.

However, courts have limited the safe harbor's applicability to AI claims in several important ways. First, statements 
about current AI capabilities4"our system currently achieves X accuracy"4are not forward-looking and receive no 
protection. Only projections about future performance can potentially qualify. Second, even forward-looking AI claims 
require specific, substantive cautionary language that addresses the particular risks of AI performance, not generic 
boilerplate about business uncertainty.

Most significantly, the safe harbor does not protect statements that mix forward-looking projections with false 
statements of current fact. If a company projects future AI performance based on claimed current capabilities that are 
actually false, the entire statement loses protection. For example, claiming "our AI will achieve 95% accuracy in 
production based on our testing showing 98% accuracy in development" fails the safe harbor if the development testing 
never actually occurred or showed materially different results.

The lesson is that the forward-looking statement safe harbor provides only modest protection in AI securities cases. 
Companies cannot use aspirational language about AI's future potential to mask misrepresentations about current 
capabilities or testing results. The safe harbor encourages honest disclosure of uncertainty rather than providing cover 
for exaggerated claims dressed up as projections.



Disclosure Best Practices: The Technical 
Appendix Approach

1
System Architecture
Describe AI systems at a level that sophisticated investors can understand, including model types, training 
approaches, and integration with business operations

2
Performance Metrics
Report actual testing results with confidence intervals, conditions tested, and limitations of test 
environments compared to production

3
Data Dependencies
Disclose data sources, quality assurance processes, representativeness limitations, and refresh cycles for 
training data

4
Monitoring and Adaptation
Explain systems for detecting model drift, performance degradation triggers for intervention, and retraining 
protocols

5
Risk Factors
Identify specific scenarios where AI performance may degrade, including market conditions, data 
availability, and edge cases

6
Human Oversight
Describe extent of human involvement in AI outputs, review processes, and override capabilities

Leading companies are adopting "technical appendix" approaches to AI disclosure, providing detailed documentation 
that goes well beyond traditional risk factor boilerplate. These disclosures recognize that sophisticated investors 
increasingly demand the information necessary to independently assess AI claims rather than simply accepting 
corporate marketing narratives.



The Role of Audit Committees and Board 
Oversight
Governance Frameworks

Corporate boards and audit committees face increasing 
pressure to develop AI-specific oversight frameworks. 
Traditional risk management and disclosure review processes 
often lack the technical sophistication to evaluate AI-related 
claims and adequately assess litigation risks.

Best practices include establishing AI governance committees 
with technical expertise, requiring regular reports on AI 
performance vs. public claims, implementing red-team 
exercises where internal experts attempt to find gaps between 
claims and capabilities, and ensuring that technical staff have 
direct reporting lines to board committees for raising concerns.

Audit committees must also ensure that external auditors have 
sufficient AI expertise to evaluate the reasonableness of AI-
related assumptions affecting financial statements. When AI 
drives material aspects of revenue recognition, asset valuation, 
or cost projections, auditors need data science capabilities to 
verify these inputs.

Directors face potential personal liability when AI-related 
securities fraud allegations include claims of oversight failures. 
Courts have held that boards must implement reasonable 
information systems to monitor material risks, and AI 
performance clearly qualifies as material when it drives 
significant market valuation.

Director Liability Alert: Board members 
should document their AI oversight 
activities through detailed minutes, 
require regular technical audits of AI 
claims, and ensure they can demonstrate 
informed decision-making about AI-
related disclosures. Failure to ask basic 
questions about AI testing and validation 
can constitute bad faith.



Insurance Considerations: D&O Coverage Gaps
Directors and Officers (D&O) insurance policies provide crucial protection against securities litigation, but many policies 
contain exclusions or limitations that may apply to AI-related claims. Companies are discovering that their insurance 
coverage may not fully protect against the unique risks of AI securities litigation, creating unexpected exposure for both 
corporations and individual executives.

Some policies exclude coverage for claims arising from "failure of technology to perform as intended," which insurers 
argue encompasses AI performance failures. Others have "professional services" exclusions that may apply when 
companies market AI capabilities as a form of specialized expertise. Additionally, policies typically exclude coverage for 
fraudulent conduct, and insurers may argue that AI misrepresentations constitute fraud outside the policy's protection.

Companies should review their D&O policies with specific attention to AI-related scenarios and consider negotiating 
endorsements that explicitly address AI securities claims. This includes ensuring that coverage extends to regulatory 
investigations by the SEC regarding AI disclosures, as these investigations often precede securities litigation and 
generate substantial defense costs.

The insurance market is beginning to develop AI-specific coverage products that address these gaps, including 
specialized policies for technology companies making AI-related claims. However, these policies typically require 
detailed AI risk assessments and may exclude coverage for certain high-risk practices like making quantified 
performance claims without adequate testing documentation.



International Dimensions: Cross-Border 
Litigation Risks

European Union
The EU AI Act creates regulatory requirements that 
may inform securities litigation. Companies face dual 
compliance obligations and potential litigation in 
multiple jurisdictions for the same AI claims.

United Kingdom
UK securities law provides private rights of action 
similar to U.S. rules. London-listed companies face AI 
disclosure scrutiny from the Financial Conduct 
Authority.

China
Chinese securities regulators increasingly scrutinize 
AI claims by domestic companies. Cross-border 
securities litigation challenging AI claims in multiple 
markets simultaneously is emerging.

Canada
Canadian securities commissions have issued 
guidance on AI disclosures. Class action procedures 
allow parallel litigation to U.S. cases, increasing total 
exposure.

AI securities litigation increasingly involves cross-border dimensions as companies operate globally and securities trade 
on multiple exchanges. A company's AI-related statements may trigger litigation in every jurisdiction where its securities 
trade, with different legal standards and procedural rules applying in each forum. This multiplies both defense costs and 
potential liability, as settlements or judgments in one jurisdiction don't necessarily resolve claims in others.



Regulatory Landscape: SEC Enforcement 
Priorities
The Securities and Exchange Commission has made AI-related disclosures a top enforcement priority. The agency's 
examination and enforcement divisions have developed specialized expertise in evaluating AI claims and identifying 
potential misrepresentations. This regulatory focus creates both direct enforcement risk and increased private litigation, 
as SEC actions often precede or parallel securities class actions.

The SEC's approach combines proactive guidance, targeted examinations, and enforcement actions against the most 
egregious cases of AI washing. The agency has issued multiple investor alerts warning about AI-related investment risks 
and has incorporated AI disclosure review into its regular examination processes for public companies.

When the SEC identifies potential AI-related misrepresentations, it typically begins with informal inquiry letters 
requesting documentation of AI capabilities, testing results, and the basis for public claims. These inquiries can escalate 
to formal investigations with subpoena power if the agency believes securities violations occurred. The SEC has 
authority to pursue both corporate penalties and individual liability against executives who made misleading AI 
statements.

Importantly, SEC enforcement creates powerful evidence for private securities litigation. When the agency issues 
findings of AI-related misrepresentations, those findings are often incorporated into parallel class actions as establishing 
falsity and scienter. Companies therefore face the prospect of both regulatory penalties and massive civil liability from 
the same conduct, magnifying the importance of accurate AI disclosures.

1

Warning Phase (2022-2023)
SEC issues guidance documents and investor alerts 

about AI investment risks

2

Enforcement Actions (2023-2024)
First wave of cases targeting investment advisers for 

fabricated AI capabilities

3

Corporate Focus (2024-Present)
Expanded enforcement targeting operating 
companies making AI performance claims



Mitigation Strategies: The Pre-Disclosure 
Review Process

1
Technical Validation
Data scientists and engineers review all AI-related claims for technical accuracy and supportability before 
any public disclosure

2
Legal Review
Securities counsel evaluates claims for litigation risk, ensuring appropriate cautionary language and 
avoiding quantified claims without solid testing

3
Executive Certification
Senior technical officers certify that AI claims are accurate and that supporting documentation exists

4
Documentation Archive
All testing results, validation studies, and technical basis for claims are preserved in litigation hold system

Companies that successfully avoid AI securities litigation implement rigorous pre-disclosure review processes that 
ensure technical accuracy and legal defensibility of all AI-related claims. This requires breaking down traditional silos 
between technical, legal, and communications teams to create integrated review workflows.

The process must address the natural tension between technical teams' cautious, detailed communication style and 
marketing teams' desire for compelling, simplified narratives. Technical experts often resist making concrete claims, 
preferring to discuss confidence intervals and limitations. Marketing teams want bold statements that differentiate the 
company from competitors. Securities law demands accuracy over persuasiveness.

Effective review processes empower technical staff to veto or modify claims they cannot support, even when this 
disappoints business leaders seeking aggressive marketing messages. This requires cultural change in many 
organizations, elevating technical accuracy as a core value rather than treating it as an obstacle to effective 
communications.



The Future: Algorithmic Auditing Requirements
Emerging Standards

Industry groups and standard-setting bodies are 
developing algorithmic auditing frameworks that could 
become de facto requirements for AI securities 
disclosures. These frameworks provide systematic 
methodologies for testing AI systems, documenting 
performance, and identifying limitations.

Third-party algorithmic audits may become analogous to 
financial statement audits4expected by investors and 
regulators as basic validation of AI claims. Companies 
that voluntarily adopt these auditing standards 
demonstrate commitment to transparency and create 
valuable defensive evidence if litigation later arises.

The auditing frameworks typically include: 
comprehensive testing protocols covering diverse 
scenarios and edge cases, statistical validation of 
performance claims with appropriate confidence 
intervals, evaluation of training data quality and 
representativeness, assessment of model monitoring and 
drift detection systems, and documentation of human 
oversight and intervention protocols.

Certification Programs

Professional certification programs for AI auditors are 
emerging, creating a specialized discipline that combines 
data science expertise with understanding of legal and 
regulatory requirements. Companies seeking credible 
external validation of their AI systems increasingly turn to 
these certified auditors.

While algorithmic audits add costs, they provide 
substantial benefits: reduced litigation risk through 
documented testing, enhanced investor confidence in AI 
claims, earlier identification of performance issues before 
they cause problems, and strong defensive evidence if 
litigation occurs despite precautions.



Strategic Recommendations for General 
Counsel

Inventory All AI Claims
Conduct comprehensive review of all public 
statements, SEC filings, and marketing materials to 
identify AI-related claims and assess supportability

Implement Technical Review Gates
Require technical validation of all AI claims before 
disclosure, with veto power for data scientists over 
unsupportable statements

Enhance Disclosure Specificity
Move from generic risk factors to detailed technical 
appendices that give investors real information about 
AI capabilities and limitations

Document Everything
Maintain detailed records of all AI testing, validation 
studies, and the technical basis for every public claim 
about AI performance

Train the Communications Team
Educate marketing and investor relations staff on 
securities law implications of AI claims and the 
importance of technical accuracy

Develop Crisis Protocols
Create response plans for AI performance failures, 
including disclosure obligations and litigation 
preparedness



The Litigation Calculus: Settlement vs. Trial
When AI securities litigation cannot be defeated on a motion to dismiss, companies face difficult decisions about 
settlement versus proceeding to trial. The unique characteristics of AI cases affect this calculus in important ways that 
differ from traditional securities litigation.

Settlement Pressures

AI cases create intense settlement pressure due to 
several factors. The technical complexity makes 
outcomes unpredictable4juries may struggle with 
sophisticated AI concepts and default to punishing 
defendants for disappointing results. Discovery often 
produces damaging internal communications that look 
terrible to lay juries even when they reflect normal 
engineering practices.

Expert witness battles can be extraordinarily expensive, 
requiring extensive technical analysis and model 
reconstruction. The reputational damage from prolonged 
litigation about AI capabilities may exceed the direct 
financial costs, particularly for technology companies 
whose valuations depend on innovation credibility.

Defendants must also consider the precedential impact 
of adverse judgments. A jury verdict establishing that 
certain AI disclosure practices constitute securities fraud 
could trigger copycat litigation across the industry, 
multiplying exposure beyond the individual case.

Trial Advantages

However, some AI cases present strong trial defenses. 
The inherent uncertainty in AI development may create 
reasonable doubt about scienter, particularly when 
companies can document extensive testing and good-
faith attempts to validate their claims. Technical 
complexity can work both ways4sophisticated experts 
may convince juries that performance failures reflect 
engineering challenges rather than fraud.

When internal documents show that companies acted 
reasonably given information available at the time, the 
hindsight bias inherent in securities litigation becomes 
more apparent. And some cases turn on purely legal 
questions about the materiality or specificity of AI claims 
that may favor defendants.

The decision requires careful analysis of the specific 
evidence, the jurisdiction and potential jury pool, and the 
broader strategic implications for the company's 
business and reputation.



Conclusion: Navigating the New Legal 
Landscape
The surge in AI securities litigation represents a fundamental shift in how companies must approach artificial intelligence 
disclosure and governance. The era of treating AI as mere marketing buzzwords is over, replaced by exacting legal 
standards that demand technical accuracy, rigorous testing, and honest communication about capabilities and 
limitations.

Companies can no longer hide behind technological complexity to avoid accountability for misrepresentations. The 
emergence of sophisticated expert witnesses, regulatory enforcement priorities, and judge and jury skepticism toward 
"black box" defenses means that AI claims receive the same scrutiny as any other material business statement. In fact, 
the technical complexity of AI increases rather than decreases the disclosure burden.

Transparency as Strategy
The most effective approach to 
managing AI securities litigation 
risk is aggressive transparency 
about both capabilities and 
limitations, supported by rigorous 
testing and documentation

Technical-Legal 
Integration
Success requires breaking down 
silos between data science, legal, 
and communications teams to 
ensure all AI claims are 
technically supportable and 
legally defensible

Culture of Accuracy
Companies must elevate 
technical accuracy as a core 
value, empowering technical staff 
to constrain marketing 
enthusiasm when necessary to 
avoid unsupportable claims

The companies that thrive in this environment will be those that view detailed AI disclosure not as a litigation risk but as a 
competitive advantage4demonstrating to investors that they understand their technology well enough to discuss it 
honestly. Those that continue treating AI as marketing magic rather than engineering reality will find themselves 
defending expensive securities litigation.

As AI becomes more deeply embedded in business operations and more material to corporate valuations, the legal 
standards will continue to evolve and likely become more demanding. Proactive adoption of best practices in AI 
governance, disclosure, and validation provides the strongest protection against the litigation surge that shows no signs 
of abating.

The legal frontier of AI securities litigation is still being mapped, but the fundamental principle is clear: accuracy matters, 
documentation matters, and the gap between AI promises and AI performance must be bridged not with creative 
marketing but with honest engineering and transparent communication.


