
The Coming AI Vendor Shakeout: An 
Exhaustive Analysis of Enterprise Risk and 
Supply Chain Resilience
A comprehensive strategic analysis for enterprise leaders navigating the impending consolidation wave in 
the artificial intelligence vendor ecosystem.

Rick Spair - December 2025



Executive Summary: The Precarious State of 
the AI Supply Chain
The global enterprise technology landscape is currently traversing a period of profound instability, 
characterized by an unprecedented divergence between technological adoption and vendor viability. 

Following the generative AI boom that characterized 2023 and 20244a period often described as a 
"Cambrian explosion" of innovation4the market is now entering a severe phase of correction, 
consolidation, and structural rationalization. While the adoption metrics are staggering4with reports 
indicating that 44% of U.S. businesses now pay for AI tools, up from a mere 5% in 2023, and average 
contract values reaching $530,0004the underlying foundation of this ecosystem is alarmingly fragile. The 

market is saturated with thousands of early-stage startups, many of which are fueled by unsustainable 
venture capital subsidies rather than durable business models.

44%
Business AI Adoption

U.S. companies now paying for AI 
tools, up from just 5% in 2023

$530K
Average Contract Value

Enterprise AI agreements 
reaching unprecedented levels

18-24
Critical Months

Timeline for the anticipated 
vendor shakeout event

Industry consensus now points to an imminent "shakeout" over the next 18 to 24 months, a period where a 
significant percentage of these AI startups will cease to exist as independent operating entities. This 
correction will not be a gentle cooling of an overheated market but a harsh, Darwinian selection event 

driven by brutal economic realities: the exorbitant cost of compute infrastructure, the rapid 
commoditization of "wrapper" application layers, and the aggressive, predation-like consolidation 
strategies of the "hyperscaler" incumbents.

For enterprises that have integrated these emerging tools into their critical business workflows, the 
implications of this shakeout are severe and multifaceted. The failure of an AI vendor is distinct from 
traditional SaaS bankruptcy; it involves unique risks such as the "orphaning" of proprietary fine-tuned 

models, the potential sale of sensitive training data during liquidation to satisfy creditors, and the exposure 
of "zombie" API endpoints that persist as unmonitored security vulnerabilities.

This report delivers a comprehensive, expert-level examination of the coming AI vendor consolidation. It 
dissects the macroeconomic and technical drivers of startup failure, analyzes specific "failure modes" 
through detailed case studies, and provides a rigorous framework for enterprise resilience.



Part I: The Macroeconomics of the Shakeout
To anticipate the scale of the impending vendor mortality event, it is necessary to first deconstruct the 

distorted economic reality that currently sustains the AI startup ecosystem. The "AI gold rush" has been 
defined by a temporary decoupling of valuation from fundamental unit economics, creating a cohort of 
companies that are technically impressive but financially untenable in a normalizing interest rate 
environment.

Valuation Distortion

Massive valuations 
disconnected from revenue 
fundamentals and 
sustainable business models

Capital Dependency

Startups reliant on 
continuous venture funding 
rather than operational cash 
flow

Interest Rate Impact

Rising rates exposing 
structural weaknesses in 
growth-at-all-costs strategies

The fundamental issue plaguing the AI vendor ecosystem is the massive divergence between market 

enthusiasm and business viability. While technological capabilities have advanced at an unprecedented 
pace, the underlying economics of delivering AI services remain brutally challenging. Venture capital has 
temporarily masked these structural problems, creating an artificial support system that cannot persist as 
capital markets normalize and investors demand profitability over growth.

The coming correction represents a necessary market rationalization4a painful but inevitable process that 

will separate sustainable businesses from unsustainable experiments. For enterprise buyers, 
understanding these macroeconomic forces is essential for predicting which vendors will survive and 
which will disappear, leaving their customers stranded with orphaned systems and disrupted workflows.



1.1 The Burn Rate Crisis 
and "GPU Poverty"
The primary engine driving the looming shakeout is the 
unsustainable burn rate endemic to the generative AI sector. 

In traditional Software-as-a-Service (SaaS) models, the Cost 
of Goods Sold (COGS) typically comprises cloud hosting and 
customer support, allowing for gross margins in the range of 
70-80%. AI companies, however, face a fundamentally 
different cost structure due to the computational intensity of 

training and running Large Language Models (LLMs).

Traditional SaaS

70-80% gross margins with predictable, 

scalable infrastructure costs

AI Services

Variable compute costs scaling linearly with 

usage, eroding margins dramatically

Financial Crisis

Burn multiples exceeding 3.0x making path to 

profitability impossible

The computational demands of AI create a cost structure 
that defies the traditional SaaS playbook. Every user 
interaction4every question asked, every document analyzed, 
every image generated4incurs direct infrastructure costs 

that often exceed the revenue generated from that 
interaction. This creates a perverse dynamic where growth 
actually accelerates losses rather than driving toward 
profitability. Companies find themselves in a race between 
achieving scale economies and running out of capital, with 

the latter outcome increasingly likely.



The Inference Cost Trap

Investors and market analysts have identified a critical 
vulnerability in the business models of many application-layer AI 
companies: the crushing weight of inference costs. Every 
interaction a user has with a generative AI tool incurs a direct, 
variable compute cost. For startups that "wrap" third-party 
models (such as OpenAI's GPT-4, Anthropic's Claude, or Google's 
Gemini), these costs scale linearly with usage, often without a 
corresponding linear increase in revenue per user. To capture 
market share, startups have largely subsidized these costs, 
leading to upside-down unit economics where the cost of 
servicing a customer exceeds the revenue generated.

Recent financial benchmarking reveals that AI-driven companies 
typically sustain monthly burn rates ranging from $100,000 to 
over $500,000, a figure significantly higher than their non-AI SaaS 
peers. More alarmingly, the "burn multiple"4a key efficiency 
metric measuring cash burned to generate each net new dollar of 
Annual Recurring Revenue (ARR)4remains dangerously high. 
While top-performing startups strive for a burn multiple below 
1.0x, a substantial portion of the AI sector operates with 
multiples above 3.0x. This implies that for every dollar of revenue 
added, the company burns three dollars of venture capital4a 
ratio that is unsustainable as capital markets tighten in 2025.

Critical Metric Alert: AI startups 
with burn multiples above 3.0x 
are burning three dollars for 
every dollar of revenue 
generated4an unsustainable 
trajectory that signals imminent 
failure without significant 
capital infusion or dramatic 
pivot.

3.0x

Typical Burn Multiple

AI companies burning $3 for every 
$1 of new revenue

$500K

Monthly Cash Burn

Upper range for AI startups' 
operational costs

1.0x

Sustainable Target

Burn multiple threshold for healthy 
unit economics



The "Rule of 40" Collapse
The "Rule of 40," a standard heuristic for assessing the health of software companies (stating that growth 

rate plus profit margin should exceed 40%), has effectively collapsed within the AI sector. Data from 2024 
indicates that the median Rule of 40 for enterprise software startups with over $50 million in revenue 
plummeted to just 9%, down from 21% in 2021. Only 13% of companies currently meet this traditional 
threshold. This structural deterioration suggests that even mid-stage companies4those that have 
theoretically achieved "product-market fit"4are struggling to balance growth with operational efficiency.
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As investors shift their focus from "growth at all costs" to "path to profitability," companies unable to 
correct this imbalance will find themselves cut off from follow-on funding, precipitating a wave of 
insolvencies. The collapse of the Rule of 40 metric signals a fundamental disconnect between the AI 

sector's growth ambitions and its economic reality. This divergence cannot persist indefinitely4correction 
is inevitable, and it will be severe for companies that have prioritized expansion over efficiency.

The structural deterioration of financial health metrics indicates that even companies with significant 
revenue are struggling to achieve sustainable unit economics4a warning sign of systemic fragility 
across the AI vendor ecosystem.



1.2 The "Acqui-hire" Phenomenon: 
Disruption by Absorption
A defining and particularly disruptive feature of the current market cycle is the prevalence of the "acqui-
hire" (acquisition-hire). This trend is driven by the acute scarcity of top-tier AI research talent and the desire 

of large incumbents to circumvent antitrust scrutiny associated with full corporate acquisitions.

01

Talent Scarcity

Large tech companies unable to recruit elite AI 
researchers through traditional hiring

02

Regulatory Avoidance

Structured as licensing deals rather than 
acquisitions to bypass antitrust review

03

Product Abandonment

Startup's technology and customer base left behind 
as "zombie" assets

04

Customer Disruption

Enterprise users forced to migrate with minimal 
notice or support

The acqui-hire represents a particularly insidious form of vendor failure because it masquerades as 
success while delivering catastrophic outcomes for customers. Unlike traditional bankruptcies where a 

trustee attempts to preserve value, acqui-hires deliberately destroy the acquired company's products and 
services. The acquiring company has zero interest in maintaining the startup's technology4they want only 
the talent. This leaves enterprise customers in a uniquely difficult position: their vendor hasn't failed 
financially, yet their service has been terminated just as definitively as if it had.



The Anatomy of a Pseudo-Acquisition
Large technology companies, finding it difficult to innovate internally at the pace of the market, are acquiring startups not for 
their products, customer bases, or revenue streams, but almost exclusively for their engineering teams. This results in a 
scenario where the startup's product is abandoned, and the corporate entity is left as a "zombie" shell.

The Inflection AI Precedent

The effective absorption of Inflection AI by Microsoft in 
early 2024 serves as the archetype for this trend. 
Despite raising $1.5 billion and launching a consumer 
product (Pi) that garnered millions of users, the 
company's trajectory was abruptly altered. Microsoft 
hired the co-founders, Mustafa Suleyman and Karén 
Simonyan, along with the majority of the technical staff. 
The deal was structured as a licensing agreement rather 
than a standard acquisition, leaving Inflection AI as a 
hollowed-out entity with a pivoted focus and no clear 
roadmap for its original consumer base.

The Character.AI / Google Deal

A similar pattern emerged with Character.AI, which 
entered into a $2.7 billion licensing agreement with 
Google. As part of the deal, the founders returned to 
Google DeepMind, and the startup shifted its strategy 
away from building proprietary foundation models to 
relying on third-party models. The original product 
vision and customer commitments were effectively 
abandoned in favor of the acquiring company's strategic 
priorities.

Enterprise Impact Warning: Acqui-hires are often 
more damaging than bankruptcies. In bankruptcy, 
assets may be sold to operators with incentive to 
maintain service. In acqui-hires, the acquiring 
company deliberately shuts down the product, 
forcing immediate migration under extreme time 
pressure.



Customer Impact of Acqui-hires
For enterprise customers, these "acqui-hires" are often more damaging than straightforward bankruptcies. 

In a bankruptcy, a trustee may attempt to sell the technology assets to a new operator who has an 
incentive to maintain the service. In an acqui-hire, the acquiring company typically has no interest in 
maintaining the startup's legacy product, viewing it as a distraction. The product is often shut down 
immediately or placed into "maintenance mode" with no future updates, forcing customers to scramble for 
alternatives and migrate data on extremely short timelines.

1Week 1: Announcement

Acqui-hire deal announced with vague 
language about "strategic partnership" 

and "continued support" 2 Week 2-4: Uncertainty

Customer support becomes 
unresponsive; technical staff stop 
engaging with users and issues3Week 6: Shutdown Notice

Formal notification that service will 
terminate in 60-90 days; data export tools 

released 4 Week 10-12: Crisis Mode

Enterprise teams scrambling to identify 

alternatives, migrate data, and rebuild 
integrations5Week 16: Service Termination

APIs shut down; all customer data and 

customizations permanently lost if not 
exported



1.3 The Consolidation of Compute Power
The "industrial era" of AI is defined by massive capital expenditures on data centers and energy infrastructure, 
creating a competitive moat that effectively precludes independent startups from competing on model 
performance. With the "hyperscalers"4Microsoft, Alphabet, Amazon, and Meta4projecting combined capital 
expenditures of $320 billion in 2025, primarily dedicated to AI infrastructure, the gap between the platform 
owners and the application layer is widening into a chasm.

$320B
Hyperscaler CapEx

Combined infrastructure 
investment by Big Tech in 2025

4
Dominant Players

Microsoft, Alphabet, Amazon, Meta 
controlling compute access

100%
Dependency Loop

Startups paying infrastructure "tax" 
back to platform owners

This infrastructure dominance creates a dependency loop that reinforces consolidation. Startups that attempt to 
train their own models must pay a "tax" to the cloud giants for GPU access. Startups that use APIs pay a similar 
"tax" for model inference. Industry analysis suggests that a significant portion of the venture capital flowing into 
AI startups is immediately recycled back to Amazon (AWS), Google (GCP), and Microsoft (Azure) to pay for 
compute costs. This dynamic inherently favors consolidation, as the platform owners possess a structural cost 
advantage that allows them to undercut independent vendors on price while offering superior, low-latency 
integration with existing enterprise technology stacks.

Platform Dominance Cloud Payments

AI StartupsVC Investment

The fundamental asymmetry in the AI value chain means that independent startups are structurally 
disadvantaged against platform owners who control both the infrastructure and the customer relationship.



Part II: The Anatomy of 
Vulnerability 3 
"Wrappers" vs. Platforms
To successfully navigate the coming shakeout, enterprise 
buyers must develop the capability to distinguish between 
defensible technology platforms and fragile "wrappers." A 

significant percentage of the AI startups formed during the 
2023-2024 boom fall into the latter category, making them 
highly susceptible to rapid obsolescence and vendor failure.

Defensible Platforms

Proprietary data moats, specialized fine-tuning, complex 
orchestration logic that creates sustainable competitive 
advantage

Fragile Wrappers

Thin UI layers over third-party APIs with minimal 
differentiation and high vulnerability to feature 

subsumption

The distinction between wrappers and platforms is not 
merely academic4it represents the difference between 
vendors that will survive the shakeout and those that will 
disappear. Enterprise decision-makers must develop 
sophisticated due diligence capabilities to identify which 

category a prospective vendor falls into, as this 
determination should fundamentally shape contract 
negotiations, integration architecture, and contingency 
planning. The following sections provide a detailed 
framework for making this critical assessment.



2.1 Defining the "Thin Wrapper" Risk

A "wrapper" is an application that derives the vast 
majority of its core value proposition from a third-party 

foundation model (such as GPT-4, Claude 3.5 Sonnet, or 
Gemini) rather than from proprietary intellectual 
property or data. These applications typically provide a 
User Interface (UI), some degree of prompt engineering, 
and basic workflow integration, but rely entirely on the 

underlying API for reasoning, generation, and 
intelligence capabilities.

The Risk of Feature Subsumption ("Sherlocking")

The primary existential threat to wrapper startups is "Sherlocking"4a phenomenon named after Apple's 

tendency to incorporate third-party app features into its operating system, rendering the standalone apps 
obsolete. In the AI era, foundation model providers are aggressively moving up the stack.

Chat with PDF

Third-party tools made 

obsolete when OpenAI added 
native file analysis to ChatGPT

AI Copywriting

Template-based tools 

threatened by embedded 
capabilities in Microsoft 365 
Copilot

Workflow Automation

Simple integrations replicated 

by platform providers with 
superior data access

For an enterprise buyer, betting on a wrapper carries the risk that the vendor will be rendered irrelevant by a 
single feature update from a foundation model provider. Once the unique value proposition is subsumed, 
the startup often fails to retain customers, leading to a death spiral of churn and revenue loss. The 

enterprise is then left with stranded investments, disrupted workflows, and the urgent need to migrate to 
alternative solutions4often under significant time pressure and without adequate preparation.



2.2 Technical Indicators of a Wrapper
Identifying a wrapper requires looking beyond the marketing hype and sales decks. Technical due diligence 

must focus on the "thickness" of the application layer and the ownership of the intelligence.

Feature Thin Wrapper (High Risk) Defensible Platform (Lower Risk)

Model Dependency Relies exclusively on one or two 

public APIs (e.g., OpenAI, 
Anthropic)

Uses hybrid orchestration of 

proprietary models, open-source fine-
tunes, and multiple external APIs

Data Architecture Passes user data directly to the 

LLM with minimal pre-
processing or context

Enriches data via proprietary RAG 

pipelines, knowledge graphs, or vector 
databases before inference

Differentiation Source Value is primarily in the UI/UX or 
"workflow sugar"

Value is in proprietary data moat, 
specialized fine-tuning weights, or 
complex agentic reasoning logic

Switching Costs Low; users can easily switch to 
ChatGPT or another wrapper 
with minimal friction

High; the system "learns" and adapts 
to the enterprise's specific context 
over time

IP Ownership No ownership of model weights; 
IP is limited to the frontend code 
and prompt strings

Owns fine-tuned model weights 
(LoRA adapters) and unique 
evaluation datasets

Critical Question #1

"Are you fine-tuning your 
own models, or are you 
relying solely on context 

injection via RAG?"

Critical Question #2

"If OpenAI or Anthropic 
changes their API pricing, 
deprecates a model, or alters 

their content policy 
tomorrow, how does that 
impact your service 
delivery?"

Critical Question #3

"Do you own the model 
weights, or are they hosted 
and controlled by a third 

party?"



The "Prompts vs. Fine-Tuning" Litmus Test
A critical distinction lies in how the vendor customizes the AI for the enterprise. "Prompt engineering"4simply writing clever 
instructions or "system prompts" for the model4is not a defensible moat. It is easily replicated, leaked, and transferred. "Fine-
tuning," however, involves updating the weights of a model using a specialized dataset, creating a unique asset that performs 
specific tasks better than the general model.

Prompt Engineering

Weak Moat: Text instructions that can be copied, reverse-
engineered, or leaked. Provides minimal competitive 
protection and no technical barrier to entry.

Fine-Tuning

Strong Moat: Modified model weights representing 
proprietary knowledge and performance characteristics. 
Difficult to replicate without access to specialized training 
data and compute resources.

Essential Due Diligence Questions

"Are you fine-tuning your own models, or are you relying 
solely on context injection via RAG?"

"If OpenAI or Anthropic changes their API pricing, 
deprecates a model, or alters their content policy 
tomorrow, how does that impact your service delivery?"

"Do you own the model weights, or are they hosted and 
controlled by a third party?"

"Can you demonstrate the loss curves from your training 
runs and provide evidence of systematic model 
evaluation?"

"What is the size and composition of your evaluation 
dataset, and how do you measure model performance 
improvements?"

Enterprises must ask specific, probing questions to determine the depth of the technology. Vendors that hesitate, deflect, or 
provide vague responses to these technical inquiries are likely operating as thin wrappers with limited defensibility. True 
platform companies will eagerly discuss their fine-tuning processes, training methodologies, and proprietary data pipelines4
these represent their core competitive advantage.



2.3 The "Zombie API" Risk
When a wrapper startup fails, the immediate impact on the enterprise is often the creation of "zombie 

APIs." These are API endpoints that remain active but unmaintained, or conversely, endpoints that simply 
vanish without warning, breaking any integration that relied on them.

01

Service Degradation

APIs remain nominally operational but performance 
degrades as infrastructure is scaled down to reduce 
costs

02

Security Vulnerabilities

No patches or updates applied; known 
vulnerabilities remain unaddressed and exploitable

03

Credential Exposure

Orphaned API keys and authentication tokens 
hardcoded in enterprise systems become attack 
vectors

04

Data Breach Risk

Bankrupt vendor's infrastructure compromised or 
sold; lingering credentials enable unauthorized 
access

Startups that shut down may leave behind "orphaned secrets"4API keys and authentication tokens that 
were hardcoded into enterprise systems. These represent a significant security vulnerability. If a bankrupt 
vendor's infrastructure is compromised or sold to a third party, these lingering credentials can be used by 

attackers to gain lateral movement into the enterprise's network. The prevalence of orphaned agents4
autonomous AI systems that continue to run without human oversight4further complicates this risk 
landscape, as they may continue to execute transactions or process data in violation of compliance 
policies.

Security Alert: Zombie APIs represent a critical attack surface. Enterprise security teams must 
maintain comprehensive inventories of all AI vendor integrations and implement automated 
monitoring to detect when vendors cease active maintenance or experience service degradation.



Part III: The Mechanics of 
Vendor Failure and 
Enterprise Impact
The collapse of an AI vendor is rarely a clean, orderly break. 
It is typically a messy, protracted process that can expose 
enterprise customers to significant legal, operational, and 

reputational damage. Understanding the different "failure 
modes" is essential for developing effective risk mitigation 
strategies.

1 The Pivot

Vendor abandons original market or product to chase 
new opportunities, leaving early customers with 

deprecated features and declining support

2 The Shutdown

Complete cessation of operations with liquidation of 
assets, creating urgent data migration requirements 
and workflow disruptions

3 The Financial Zombie

Company continues operating while technically 
insolvent, delivering degraded service quality and 
unreliable roadmap commitments

Each failure mode presents distinct challenges and requires 

different response strategies from enterprise risk 
management teams. The following sections examine real-
world case studies that illustrate these patterns and extract 
actionable lessons for vendor due diligence and contingency 
planning.



3.1 Failure Mode A: The Pivot (e.g., Jasper AI)
Case Study: Jasper AI

Jasper AI, one of the earliest darlings of the generative AI boom, raised $125 million at a $1.5 billion valuation in 2022. 
It built a massive business by offering AI writing templates to marketers. However, the launch of ChatGPT in late 2022, 
which offered similar functionality for free or at a much lower cost, eroded Jasper's competitive advantage.

In response, Jasper was forced to execute a dramatic "pivot." The company shifted its focus from individual prosumers 
and SMBs to enterprise marketing teams, attempting to move upmarket to survive. This pivot was accompanied by 
significant layoffs, a reduction in internal valuation by 20%, and a departure of the original founders.

1

Peak Success

$125M raised at $1.5B valuation, 
dominant in AI writing market

2

Disruption

ChatGPT launch commoditizes core 
value proposition overnight

3

Crisis Response

Layoffs, 20% valuation reduction, founder 
departures

4

Strategic Pivot

Desperate shift to enterprise market with 
uncertain outcome

Impact on Enterprise Customers:

Feature Discontinuation

As the vendor focuses on new 
"enterprise" features, legacy 
tools and workflows used by 
early adopters are often 
deprecated or neglected, forcing 
customers to adapt or abandon 
their existing implementations.

Support Degradation

Layoffs often impact customer 
success and support teams 
first, leading to slower response 
times and unresolved bugs 
during the transition period 
when customers need 
assistance most.

Pricing Volatility

Desperate to improve unit 
economics and extend runway, 
pivoting vendors often 
aggressively raise prices, 
breaking budget forecasts and 
forcing unplanned procurement 
negotiations.



3.2 Failure Mode B: The Shutdown & Liquidation

Case Study: Artifact

Artifact, a personalized news app created by the co-founders of 
Instagram, launched to critical acclaim for its superior AI 

recommendation engine. However, despite the quality of the 
technology, the founders concluded that the "market 
opportunity isn't big enough to warrant continued investment." 
The app was shut down, and while the technology was 
eventually sold to Yahoo, the service itself ceased to exist for 
users.

Case Study: Tome

Tome, an AI-powered storytelling and presentation tool, faced a 
similar crisis of sustainability. In 2024, the company laid off 

virtually its entire workforce and scaled back operations 
significantly to explore "strategic options," effectively signaling 
a retreat from its original aggressive growth path.

Impact on Enterprise Customers:

Data Loss

When a service shuts down, the window to export data is 
often extremely short. If the vendor does not provide standard 
export formats (e.g., JSON, CSV, Markdown), proprietary data 

formats may become unreadable, trapping institutional 
knowledge in a dead format that cannot be recovered or 

migrated.

Workflow Disruption

Teams that built daily workflows around a tool like Tome 
suddenly find themselves unable to create or edit critical 
business documents, forcing a chaotic migration to legacy 

tools like PowerPoint under extreme time pressure with no 
transition support.

Liquidation Sales

In a bankruptcy scenario, a court-appointed trustee's primary 

duty is to maximize value for creditors. This often means 
selling the company's most valuable asset: its data. Customer 
data, even if theoretically protected by privacy policies, can be 

sold "free and clear" of original contractual obligations in 
certain bankruptcy jurisdictions.

The most dangerous aspect of liquidation scenarios is the potential sale of customer data to unknown third parties without the 
original privacy protections, creating compliance and competitive intelligence risks that persist long after the vendor disappears.



3.3 Failure Mode C: The Financial Zombie
Case Study: Stability AI

Stability AI, the company behind the open-source Stable Diffusion model, faced a severe financial crisis in 

2024. Reports emerged of massive debts to cloud providers (AWS, CoreWeave) and a burn rate that far 
outstripped its revenue (projected loss of $153 million against $11 million in revenue). While the company 
eventually secured a bailout from an investor group led by Sean Parker and installed new leadership, the 
period of instability created immense uncertainty for commercial partners.

$153M
Annual Losses

Projected deficit despite 
significant market presence

$11M
Annual Revenue

Revenue base insufficient to 
support operational costs

14x
Loss Multiple

Burning $14 for every $1 of 
revenue generated

Impact on Enterprise Customers:

Reliability Issues

Financial distress often leads 
to infrastructure cuts. A 
vendor struggling to pay its 
cloud bills may experience 
service outages, latency 

spikes, or throttled API 
performance, directly 
impacting the enterprise 
applications built on top of 
them.

Brain Drain

Top researchers and 
engineers rarely stay at a 
sinking ship. As talent flees, 
the vendor's ability to 
maintain complex models, 

update weights, or patch 
security vulnerabilities 
degrades rapidly, creating 
cascading technical debt.

License Uncertainty

In an attempt to monetize, 
desperate vendors may 
retroactively change 
licensing terms, demanding 
payments for previously 

open/free usage or asserting 
ownership over generated 
content, creating unexpected 
legal liabilities.

Warning Sign: Financial zombies are particularly dangerous because they continue operating 
long enough for enterprises to build deep dependencies, then fail catastrophically when the 
inevitable collapse arrives4often with less warning than a clean bankruptcy filing.



Part IV: Legal and Contractual Firewalls
Given the high probability of vendor failure, enterprise legal and procurement teams must treat AI contracts 

as high-risk instruments. Standard SaaS agreements are insufficient for the unique nuances of generative 
AI.

4.1 The "Liability Squeeze"

A critical trend emerging in 2024 and 2025 is the "liability squeeze." Courts are increasingly willing to 
entertain lawsuits against AI vendors and their customers for discriminatory or harmful outputs. The 

precedent set by Mobley v. Workday is particularly alarming for enterprises. In this case, a federal judge 
allowed a discrimination lawsuit to proceed against Workday, classifying the vendor as an "agent" of the 
employer.

Simultaneously, vendors are rewriting contracts to shift all liability to the customer. They often include 
broad indemnification clauses requiring the customer to defend the vendor against claims arising from the 
customer's use of the AI, effectively making the enterprise the insurer of the vendor's algorithmic flaws.

Courts 
Expanding 

Liability

Vendor 
Contract 

Shifts

Indemnity obligations to 
customer

Contracts push all liability

Allow suits vs customers

Allow suits vs vendors

The Trap: A vendor's liability cap is often limited to 12 months of fees. If an AI model hallucinates 
and causes a multi-million dollar compliance breach, copyright lawsuit, or discrimination claim, the 
enterprise is left holding the bag for damages that far exceed the liability cap.



4.2 Essential Contract Clauses for Resilience
To protect against the shakeout, enterprises must negotiate specific "prenuptial" clauses in their vendor 
agreements:

01

The "Model Escrow" Clause

Traditional source code escrow is 
outdated and insufficient for AI. 
Having access to the Python code 
is useless without the model 
weights and the training data 
pipeline. The contract must specify 
that in the event of bankruptcy, 
insolvency, or service cessation, the 
vendor will release the trained 
model weights (e.g., the LoRA 
adapters or full fine-tune), the 
training dataset used to customize 
the model, and the inference 
environment configuration (Docker 
containers, dependencies). 
Enterprises should utilize 
specialized AI escrow providers 
(such as NCC Group, Escrow 
London, or Iron Mountain) that 
possess the technical capability to 
verify and store terabytes of model 
weights and data, rather than just 
simple text files of source code.

02

The "No-Training" & Data 
Segregation Clause

To prevent data from becoming a 
transferable asset in a bankruptcy 
sale, the contract must explicitly 
state that the customer retains full 
ownership of all inputs and fine-
tuning data, and that this data must 
not be commingled with the 
vendor's general training pool. Legal 
Language: "Vendor shall not use 
Customer Data to train, fine-tune, or 
improve its foundational models or 
for the benefit of any other 
customer. Customer Data shall 
remain the sole property of 
Customer and shall be deleted upon 
termination or insolvency."

03

The "Transition Assistance" 
Covenant

Contracts should include a 
mandatory transition period (e.g., 
90 days) post-termination where 
the vendor must keep APIs active 
and assist with data migration. This 
prevents the "light switch" scenario 
where a mission-critical service 
goes dark overnight without 
warning, forcing enterprises into 
crisis mode with no support from 
the departing vendor.

4.3 Navigating Bankruptcy Courts

Enterprises must understand the legal realities of a Chapter 7 or Chapter 11 bankruptcy. In these proceedings, a 
software contract is often considered an "executory contract" that can be rejected by the trustee. This means the 
vendor can legally stop providing services to preserve cash. Section 365(n) Protection: In the U.S. Bankruptcy 
Code, Section 365(n) provides protections for licensees of "intellectual property," allowing them to retain use of 
the IP even if the licensor rejects the contract. However, it is legally ambiguous whether "SaaS access" or "Model 
Weights" qualify as IP under this definition. Legal counsel should structure the agreement as a license to 
intellectual property rather than just a service agreement to maximize the chance of invoking these protections.



Part V: Technical Defense 3 The "Vendor-Agnostic" Architecture
Legal protections are necessary but insufficient. If a vendor's servers go dark, a contract won't bring them back. The most robust defense is an architectural one: 
designing systems that assume vendor failure is inevitable.

5.1 The Rise of the LLM Gateway

The most effective architectural pattern for resilience is the implementation of an LLM Gateway (or AI Gateway). This serves as a middleware layer between the 
enterprise's applications and the various AI model providers (OpenAI, Anthropic, Cohere, internal models).

Abstraction Layer

Gateway abstracts API calls; applications never directly reference specific vendor endpoints

Intelligent Routing

Requests routed to optimal provider based on cost, latency, capability, and availability policies

Seamless Failover

Vendor failure or pricing changes handled by updating gateway configuration4zero code changes

The gateway abstracts the API calls. Instead of hardcoding openai.chat.completions.create directly into the application code, developers call the gateway, which 
then routes the request to the configured provider based on policy. If a primary vendor (e.g., a startup wrapper) fails, spikes prices, or suffers an outage, the 
enterprise can update the routing configuration in the gateway to switch to a fallback model (e.g., Azure OpenAI or an open-source Llama 3 model hosted internally) 
without rewriting a single line of application code.

Feature Portkey Kong AI Gateway Bifrost TrueFoundry

Focus Enterprise governance & 
observability

API management extension High-performance open 
source

Multi-model orchestration & 
hosting

Provider Support 1600+ models Major providers Major providers Major providers + self-
hosted

Latency Overhead Low Low Ultra-low (<100 µs) Low

Key Differentiator Guardrails & compliance 
features

Plugin ecosystem 
integration

Speed & efficiency Hybrid cloud deployment 
support

Failover Logic Advanced (multi-provider) Policy-based Basic Advanced

5.2 Model Agnosticism and "Evaluation-Driven Development"

To make the LLM Gateway strategy effective, the application logic itself must be model-agnostic. This means prompts and workflows shouldn't be over-optimized for 
the quirks of a single model. Enterprises should maintain a "Golden Dataset" of evaluation prompts and expected outputs. Before switching vendors or models, this 
dataset is run through the new model to verify performance. This automated "eval" process allows for rapid switching with confidence. Critical applications should 
have a pre-configured "backup brain"4if the primary specialized legal AI vendor goes offline, the gateway should automatically failover to a general-purpose model 
like GPT-4o with a specialized system prompt, ensuring continuity of service.

5.3 Own the Data, Rent the Intelligence

The ultimate defense against vendor lock-in is data sovereignty. Enterprises should avoid storing their knowledge base solely within a vendor's proprietary vector 
database or RAG system. Build a proprietary, internal Knowledge Graph or Vector Store (using standard tools like Pinecone, Milvus, or pgvector). The AI vendor 
should only be used for reasoning (inference), not for memory. If the vendor holds the memory (the indexed documents and embeddings), switching costs are 
astronomical because the data must be re-exported and re-indexed. If the enterprise holds the memory and simply sends relevant context to the vendor for 
processing, the vendor becomes a commoditized, swappable utility.



Part VI: Conclusion and Strategic 
Recommendations

The coming AI vendor shakeout is an inevitable consequence of market saturation and economic physics. For the next 
18 months, the landscape will be defined by the separation of sustainable businesses from hype-driven experiments. 
For enterprise buyers, the goal is not to avoid AI startups4innovation often happens at the edges4but to engage with 
them using a "defensive pessimism" strategy.

Adopt a "Portfolio Approach"

Do not bet the company's critical strategy on a single 
startup. Distribute risk across multiple vendors and 
internal open-source efforts to ensure no single 
vendor failure creates systemic disruption.

Mandate "Prenups" for All AI Contracts

No contract should be signed without clear exit 
provisions, data portability guarantees, and, where 
appropriate, model escrow arrangements that protect 
enterprise interests.

Invest in "Sovereign AI" Architecture

Build internal capabilities (LLM Gateways, Vector 
Databases) that allow you to treat models as 
swappable components rather than monolithic 
platforms with lock-in.

Monitor the "Canary in the Coal Mine"

Establish a continuous monitoring process for vendor 
health. Track news of layoffs, executive departures, 
and downtime. Be ready to trigger your "Exit Strategy" 
at the first sign of distress.

The consolidation wave will be painful, resulting in billions of dollars of stranded investment and orphaned 
technologies. However, for the prepared enterprise, it also represents an opportunity to mature their AI strategy, 
moving from chaotic experimentation to a disciplined, resilient, and scalable integration of artificial intelligence.

Organizations that implement the architectural safeguards, contractual protections, and due diligence frameworks 
outlined in this report will not only survive the shakeout4they will emerge stronger, with battle-tested AI capabilities 
that can adapt to whatever vendor landscape emerges from the consolidation. The key is to begin implementing these 
protections now, before the crisis arrives, rather than attempting reactive damage control when critical vendors begin 
to fail.

The enterprises that thrive in the post-shakeout era will be those that treated AI vendor relationships with 
appropriate skepticism, built defensive architectures from the start, and maintained the capability to adapt rapidly 
when market conditions inevitably shifted.


