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WHAT: The Sixth Force Arrives at the Deal Table 

The year is 1979. Sony ships the first Walkman. Intel releases the 8088 microprocessor. VisiCalc, the first 

electronic spreadsheet. Introduction of the Apple II. And in Boston, a young Harvard Business School 

professor named Michael Porter publishes an article in Harvard Business Review titled How Competitive 

Forces Shape Strategy.¹ Five forces, Porter argues, shape the profit potential of every industry: the threat 

of new entrants, the bargaining power of suppliers, the bargaining power of buyers, the threat of 

substitutes, and the intensity of rivalry among existing competitors. The model becomes the backbone of 

the strategy curriculum in nearly every MBA program on the planet. It enters its fifth decade essentially 

unchanged. 

The model endures for a reason, and it omits something for a reason. Porter treated technology as a factor 

that acts through the five forces, not alongside them.² That position held when technology cycles ran 

twenty years, and strategy cycles ran five. It no longer holds. Technology now moves faster than strategy. 

Faster than planning cycles. Faster than the frameworks that guide them. We therefore add a sixth force to 

the model: Advancing Technologies, the emerging and over-the-horizon technologies that create new 

industries, destroy old ones, and reset the balance of power among the original five. 

Artificial intelligence is the defining case of the sixth force. AI in 2026 sits where digital photography sat 

in 1980 and where streaming sat in 2005: past the proof of concept, short of full maturity, and dismissed 

in a hundred boardrooms as a factor to be monitored rather than a force to be ridden. The historical 

castings are instructive. Kodak saw the advancing technology, invented the digital camera in its own 

Rochester laboratory, and protected the past.³ Blockbuster never looked, declining to buy Netflix for $50 
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million in 2000.⁴ NVIDIA committed to CUDA six years before the demand arrived and became the most 

valuable firm on Earth.⁵ Somewhere in every industry, those three roles are being cast again right now. 

For most firms, the decisive question is not whether to take a position on advancing technologies. It is 

about taking that position at a speed organic development cannot match. The answer, more often than any 

other instrument, is acquisition. Two global mega-trends now converge at the point of the acquisition 

decision. Artificial intelligence commands an estimated $1.5 trillion in global spending in 2025. Global 

M&A transaction value approaches $5.0 trillion in the same period. The firms operating at that 

intersection face a category of questions that standard due diligence playbooks do not address: what is the 

target firm's AI maturity, how does it compare to ours, and what does that gap or alignment mean for the 

value we expect to create? 

Figure 1 summarizes this white paper's argument in the What, So What, Now What narrative arc. The 

three sections that follow correspond directly to that arc. 

WHAT SO WHAT NOW WHAT 

Advancing technologies, AI 

foremost among them, now decide 

industry outcomes. Acquisition is 

the fastest means of taking a 

position in them, and every buyer 

and seller sits at a specific stage of 

AI maturity. 

Firms that read the maturity gap, 

target the four AI value domains, 

and design the human-machine deal 

team deliberately capture faster 

time-to-value and higher deal 

returns. Those that do not inherit 

unrecognized risk. 

Convene the leadership team 

around seven Socratic questions. 

Assess the buyer's and seller's AI 

maturity before close. Appoint an 

AI Deal Lead, run the 90-day pilots, 

and draw the automation roadmap 

stage by stage. 

Figure 1. The Sixth Force M&A Argument at a Glance: What, So What, Now What 

The vocabulary of the sixth force begins with a distinction. Advanced technologies have already arrived. 

They are visible, priced, and available to every competitor with a budget, which is why they confer parity 

rather than advantage. Advancing technologies are different. They are just now emerging, or they sit over 

the horizon beyond the line of sight. Their industrial consequences remain unwritten, and that uncertainty 

is precisely where advantage lives. Industry dominators latch onto advancing technologies while the 

evidence is incomplete, because waiting for complete evidence means waiting until the advantage is gone. 

Figure 2 draws the distinction. 

Advanced Technologies Advancing Technologies 

Already arrived and commercially available Just now emerging, or over the horizon beyond the line 

of sight 

Visible to every competitor Visible to those who look deliberately 

Priced by the market Priced by judgment 

A source of parity A source of advantage 

Adopted to keep up Seized to dominate 

Figure 2. Advanced Versus Advancing Technologies: The Distinction That Decides Who Dominates 
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To act on the sixth force through acquisition, buyers and sellers next need a common vocabulary for 

where each firm stands. The Framework Foundry AI Maturity Model defines five stages that describe 

where any firm or functional unit within a firm sits on the AI development continuum. Each stage carries 

a distinct M&A implication. Figure 3 provides the definitions and their acquisition-specific meanings. 

Stage Definition M&A Implication 

AI Aware The C-suite and firm have seen and heard 

of AI; questions begin with boards and 

investors. 

Baseline: establishes that AI is on the 

agenda but not yet in execution. 

AI Exploration Early adopters' learning capabilities; 

minimal use cases, low risk, design-of-

experiment posture. 

Acquisition can accelerate learning; the 

acquirer gains tested use cases without 

having to start from scratch. 

AI-Enabled 

Processes 

Automating current low-level tasks to 

achieve velocity and free human capacity 

for higher-order cognitive work. 

Operational integration yields benefits 

from shared AI-enabled workflows. 

AI-Led Strategy AI repositions the firm for accelerated 

growth, competitive advantage, and market 

share gains. 

Buyers can achieve competitive positioning 

at a speed that is unavailable through 

organic development. 

AI Business Model Enterprise or business unit is AI-native; 

ecosystem dominance, with external and 

structural impacts. 

A scale-changing acquisition: the acquirer 

gains ecosystem reach or an AI-native 

revenue model. 

Figure 3. The Framework Foundry AI Maturity Model: Stages, Definitions, and M&A Implications 

The maturity model applies at two levels of analysis. The first is the firm level: where does the buyer sit, 

and where does the seller sit? The second is the functional level: within each firm, which functions are 

AI-mature and which are not? A seller may operate at AI-led strategy maturity in sales and marketing 

while remaining at the AI-aware stage in the supply chain. Functional-level maturity mapping reveals 

integration opportunities and risks that firm-level analysis obscures. It also shapes everything that 

follows: the diligence workstream, the value-creation agenda, and the design of the deal team itself. 

SO WHAT: Four Disciplines That Convert the Force Into Deal 

Value 

The sixth force explains why AI now belongs at the center of acquisition strategy. It does not, by itself, 

tell a deal team what to do on Monday morning. Four disciplines drive the conversion of force into value: 

reading the maturity gap between buyer and seller, targeting the four domains where AI creates 

measurable deal value, designing the human-machine deal team that does the work, and prioritizing the 

integration initiatives that deserve scarce post-close attention. 

Discipline One: Read the Maturity Gap 

AI due diligence is not the same as technology due diligence. Technology due diligence asks whether the 

seller's systems are sound, scalable, and free of hidden liability. AI due diligence asks a more 
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consequential question: whether the seller's AI initiatives are strategically coherent, commercially viable, 

and compatible with the acquirer's own AI direction. The distinction matters because AI has become a 

major strategic initiative at progressive firms, and overlooking it is equivalent to overlooking a core 

product line. Competing AI initiatives between buyer and seller will clash post-close if not identified 

before signing. And AI capabilities affect valuation in ways that traditional financial models do not 

capture. A seller at AI-led strategy maturity commands a premium that the multiples alone cannot 

explain. Understanding why requires an AI-specific assessment. 

The most consequential output of that assessment is not a stage label but a gap map. Comparing buyer 

and seller maturity, function by function, reveals where the combination creates AI-driven value and 

where it creates AI-driven friction. Figure 4 shows an example gap map for a consumer packaged goods 

manufacturer acquiring a complementary brand. Note the relative maturities of the buyer and seller. 

 

Figure 4. AI maturity gap map. 

When the buyer is less mature than the seller, the acquisition carries AI acquisition logic: the buyer 

purchases a capability it cannot develop organically at the required speed. That is a legitimate deal 

rationale, and a fragile one. Sellers at AI-led strategy maturity have talent, data practices, and operating 

rhythms that break under integration pressure. The buyer who does not understand this risks destroying 

the AI capability that justified the price. When the buyer is more mature than the seller, the story runs in 

the opposite direction. The buyer can accelerate the seller's AI development faster than the seller could 

achieve independently, a source of post-close value that should be planned deliberately rather than 

assumed as a byproduct of the combination. When buyer and seller sit at comparable maturity, the 

question becomes initiative compatibility: which AI projects can be combined, which should run 

independently, and which should be terminated in favor of the superior version. 
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Discipline Two: Target the Four Value Domains 

A maturity diagnosis identifies where AI value might live. The value itself arrives in four domains: 

innovation acceleration, revenue growth, cost management, and deal thesis achievement. Figure 5 

organizes the four domains and the AI applications inside each. 

Revenue Growth 

AI-powered cross-sell mapping 

Predictive customer retention 

Dynamic pricing optimization 

New market identification 

Cost Management 

Automated procurement analysis 

Workforce overlap modeling 

Footprint rationalization 

Supplier contract renegotiation targets 

Innovation Acceleration 

R&D portfolio gap analysis 

IP landscape mapping 

Technology roadmap alignment 

Talent cluster identification 

Deal Thesis Achievement 

Real-time KPI dashboards 

Milestone predictive modeling 

Assumption stress-testing 

Integration risk scoring 

Figure 5. AI Value Creation Domains in M&A: Four Quadrants of Opportunity 

Innovation acceleration addresses the most frequently cited disappointment in M&A: buying a firm for its 

technology or its people. Natural language processing tools now read patent portfolios, academic 

citations, and regulatory filings in parallel, surfacing IP adjacencies and defensive liabilities that a data 

room index conceals. R&D portfolio analysis, once a three-week engagement for a specialty consulting 

firm, becomes a seventy-two-hour AI-assisted report. Skills-based workforce analytics do the same for 

talent, identifying capability clusters where traditional headcount analysis sees only titles. The difference 

between retaining the scientist who can accelerate a pipeline drug and losing her to a competitor is exactly 

the kind of costly error these tools prevent. 

Revenue growth is the weakest link in most deal models. Bankers build the cross-sell case, boards 

approve it, and integration teams spend two years apologizing for it. AI changes the analysis by operating 

on actual transaction data rather than management interviews. Propensity models run on anonymized 

customer data before close and hand the integration team a prioritized customer list on day one, not day 

one hundred. Dynamic pricing models identify where the merged entity holds pricing power it has not yet 

exercised. Market expansion analysis that once took months of traditional research now takes days. 

Cost management is the most reliably modeled element of a deal thesis and the one most likely to 

generate regret in execution. Procurement is where AI delivers the fastest, most defensible savings: an 

engine that ingests purchasing data from both firms identifies supplier duplications, rate disparities, and 

renegotiable rebate structures within weeks of gaining access to the system. Workforce modeling works 

in two directions: identifying redundancy and identifying critical retention risk. The latter is 

underappreciated. Traditional planning asks who can be let go. AI-enabled planning also asks who will 

leave on their own and whom the firm cannot afford to lose. 

Deal thesis achievement is the domain that protects the other three. AI does not write the deal thesis. 

Experienced executives and advisors do that. But AI monitors whether the integration is tracking toward 

the thesis with a rigor that manual reporting cannot match. Real-time dashboards connected to enterprise 
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systems expose deviations from plan before they become unrecoverable. The integration team that learns 

in month two that customer retention is tracking below assumptions can intervene. The team that learns in 

month eight cannot. 

Discipline Three: Design the Human-Machine Deal Team 

The four domains describe where AI creates value. They say nothing about how the deal team should 

work with the machine, and that design question is where most AI initiatives in M&A quietly fail. We 

borrow a frame from control system design (the engineering discipline that models how a system holds a 

desired output through continuous feedback). A deal team is a control system. The investment thesis is 

the setpoint. The gap between what the team knows and what it needs to know is the error signal. The 

analysts and executives are the controllers. The machine enters this loop at a specific point, and getting 

that point right is the whole game. It is not the author of the deal: it has no setpoint of its own. Nor is it a 

passive tool: a tool does not close a feedback loop. The machine is an active participant that generates 

candidate outputs, which the human evaluates, which drives the next iteration. 

This framing rules out the two failure modes we see most often. The first treats AI as an autonomous 

dealmaker, turning it loose to source, screen, and recommend, with the human reduced to a rubber stamp. 

The second treats AI as a novelty tool, bolted onto one task such as document search, while the rest of the 

process runs as it always has. The first error abdicates judgment. The second wastes the capability. 

Between those errors sit four levels of automation, each a meaningful step beyond the last. Manual 

process is the baseline: people do the work with conventional tools and hold every judgment. Hybrid 

automation adds machine assistance to human work without changing who is in charge. Cognitive 

automation hands the machine a defined analytical task end-to-end, with the human setting the parameters 

and judging the final result. Agentic automation goes further still: the system pursues a goal across 

multiple steps, makes intermediate decisions, and returns a complete result with minimal human 

intervention. These levels are not a ladder that every task must climb. The right level depends on what the 

task requires. 

Framework Foundry organizes the acquisition into ten stages across two phases. The pre-close phase 

covers strategize, decide, find, price, and transact. The post-close phase covers mobilization, launch, 

transformation, remediation, and harmonization. Figure 6 maps each stage from where it stands today 

toward the automation level that fits it. 



 

FRAMEWORK FOUNDRY | frameworkfoundry.ai | 7 

 

Figure 6. The M&A automation roadmap. Each stage moves from where it stands today toward the automation level 

that fits it. 

Step back from the map. A pattern appears. The stages that move all the way to agentic automation, 

strategize, find, price, launch, transform, and remediate, share a common character: they are dominated by 

analysis, pattern recognition, monitoring, and execution at scale. The stages that stay at hybrid, decide, 

mobilize, and harmonize turn on judgment, accountability, relationships, and trust. The single stage at 

cognitive automation, transact, is a deliberate blend that automates the document-heavy analysis while 

keeping the negotiating table human. The dividing line is not difficult. Deciding the growth strategy is 

harder than finding a target, yet finding goes agentic while deciding stays hybrid. The line is whether the 

task is fundamentally analytical or fundamentally human. Analysis delegates well. Judgment, 

accountability, and relationship do not. 

Discipline Four: Prioritize Against the Benefit Criteria 

Not every AI initiative identified in diligence merits integration. Resources are finite, integration 

complexity is high, and attention is the scarcest resource in any post-close environment. Framework 

Foundry recommends evaluating AI integration initiatives against ten benefit criteria, ranked by strategic 

and financial significance. Figure 7 presents those criteria in an organized format for quick reference. 
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AI Integration Benefit Criteria (Highest to Lowest Priority) 

1.  Innovations never before possible 6.  Digital nimbleness 

2.  Customer success and retention 7.  Valuation of the combined entity 

3.  Accelerated profitable revenue growth 8.  Synergies by function, business unit, and geography 

4.  Eliminated avoidable operating costs 9.  Ecosystem dominance 

5.  Competitive positioning 10. Knowledge worker capacity redeployment 

Figure 7. AI Integration Benefit Criteria for Prioritization 

The criteria at the top of the list reflect the highest-order value that AI can deliver: innovation that was not 

previously possible, customer outcomes that directly protect revenue, and profitable growth that 

vindicates the acquisition price. The criteria further down reflect operational and structural value that is 

real but secondary to strategic impact. A prioritization process that inverts this ranking, chasing efficiency 

savings while deferring innovation and customer impact, typically underperforms the deal thesis. The 

ranking is also not static. In the first thirty days, quick wins in cost visibility and customer data 

integration matter most. By month six, the strategic criteria should be the dominant frame. 

Case Studies: The Frameworks in Named Transactions 

The maturity gap, the value domains, and the human-machine design are not abstractions. Three recent 

transactions illustrate how they surface in practice, what the acquiring firm did or must still do in 

response, and what the outcomes reveal about the discipline required to capture AI-driven value in M&A. 

CASE 1 | Salesforce / Informatica | $8 Billion Acquisition, 2025 | AI MATURITY AS THE DEAL THESIS 

When Salesforce announced its agreement to acquire Informatica in May 2025 for approximately $8 billion, the 

deal was widely read as an extension of its CRM platform. The deeper logic was an AI maturity play. Salesforce 

had built an AI-led strategy around its Agentforce platform, deploying autonomous AI agents across sales, 

service, and marketing workflows. The limiting constraint was not model capability. It was data quality: agents 

operating on untrustworthy or ungoverned data produce unreliable outputs. Informatica had built enterprise-grade 

AI maturity in exactly that domain, with data governance, cataloging, and quality capabilities among the most 

mature in the enterprise software market. On the Framework Foundry AI Maturity Model, an AI-led strategy 

buyer acquired a target at a comparable or higher maturity stage within its domain. The deal closed in November 

2025, ahead of the original projected timeline. 

The case illustrates two principles. First, the most consequential maturity gaps are not always gaps between more 

and less mature firms. They are sometimes complementary gaps, where one firm's AI-led capability is constrained 

by an infrastructure deficit that a mature target in an adjacent domain resolves. Second, when AI maturity is the 

deal thesis rather than a supporting rationale, the integration timeline compresses. Salesforce moved faster than its 

own schedule because the strategic necessity of the data foundation for its AI roadmap was never ambiguous. 
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CASE 2 | Mars / Kellanova | $35.9 Billion Acquisition, 2025 | BUYER LESS AI MATURE THAN SELLER 

Mars completed its $35.9 billion acquisition of Kellanova in December 2025, uniting M&M'S and Snickers with 

Pringles, Cheez-It, and Pop-Tarts. The public rationale centered on portfolio breadth, distribution scale, and 

international reach. The AI maturity dimension received less attention and is arguably the most consequential 

integration challenge the combined firm now faces. Kellanova entered as the more AI-mature firm. Its RGM 

Navigator platform made salty snack promotions 91% more effective between 2024 and 2025; its technology 

leadership published a roadmap for agentic AI in supply chain management; and IoT devices were deployed 

across its manufacturing plants. On the maturity model, Kellanova occupied a position at or approaching AI-led 

strategy across several functions, while Mars reflected AI-enabled process maturity. 

The gap was not fatal to the deal thesis. It introduced a specific risk: an acquirer inheriting an AI-led capability it 

was not organizationally positioned to scale. The most urgent integration question is not how to rationalize 

duplicate initiatives. It is about protecting the acquired firm's AI-led capabilities and the people behind them as 

the acquirer accelerates its own maturity. This is the buyer-less-mature scenario described in the So What section, 

where human-machine design and the benefit criteria earn their keep. Kellanova's platforms and data leadership 

could erode rapidly under a less AI-mature integration culture. Whether Mars designed the integration 

specifically to protect those assets will determine whether the deal captures the AI-driven commercial value 

Kellanova had already proven achievable. 

 

CASE 3 | Capital One / Discover Financial Services | $35.3 Billion Acquisition, 2025 | BUYER MORE 

MATURE THAN SELLER 

Capital One closed its acquisition of Discover Financial Services in May 2025 for $35.3 billion, creating the 

largest credit card issuer in the United States by loan volume. The public rationale was ownership of the 

payments network, projected to generate $1.2 billion in network synergies by 2027. That framing was accurate 

but incomplete. The deeper rationale was an AI data play. Capital One entered the transaction operating firmly at 

the AI-led strategy stage, with more than a decade of machine learning infrastructure behind fraud detection, 

credit underwriting, and customer personalization. What it needed was not more AI capability but more 

proprietary data at scale to fuel the models it had already built. Discover supplied exactly that: a large, distinctive 

transaction dataset generated by a different cardholder population across a proprietary network. 

The integration has proceeded with significant complexity and cost. Capital One reported a $4.3 billion net loss in 

the second quarter of 2025 as integration expenses exceeded original estimates, with technology migration 

scheduled to run into 2027. The lesson belongs in every AI diligence protocol: the cost of closing a technology 

infrastructure gap between two firms with different systems maturity is reliably underestimated in deal models. 

The AI opportunity was real. The integration cost to capture it was higher than projected. 

 

NOW WHAT: Building the Domination Playbook 

Convene the Leadership Team Around the Seven Socratic Questions 

The playbook begins above the deal, with the leadership conversation that decides whether acquisition is 

the right instrument at all. Frameworks do not make decisions. Leadership teams do, and they change 

course only when they confront questions they cannot answer comfortably. We recommend seven 

Socratic questions, asked honestly in a room with the full leadership team, without slide decks, and with 

written answers prepared in advance (we favor questions over prescriptions because every industry's 

technology exposure differs, and a borrowed answer is worse than an earned one). Figure 8 lists them. 



 

FRAMEWORK FOUNDRY | frameworkfoundry.ai | 10 

The Seven Socratic Questions 

1 Which advanced technologies transform your industry right now? 

2 Do your customers care? 

3 How do you use advanced technologies for competitive advantage today? 

4 Do those technologies shift the balance of power in your industry? 

5 In which market segments, current and future, do advanced technologies have the most effect? 

6 What are the advancing technologies you are considering now? 

7 What specific actions will drive the domination of your industry? 

Figure 8. The Seven Socratic Questions for the Sixth Force 

The sequence carries the logic of the sixth force. Questions one through five interrogate advanced 

technologies, because a team must master the present before it can see past it. Question six crosses the 

horizon into advancing technologies, where the real strategic stakes live. Question seven demands 

commitment: named initiatives, named owners, dated milestones, and allocated capital. The exercise 

belongs to the chief executive, not the chief technology officer, because advancing technologies pose 

capital allocation and portfolio questions that sit with the CEO and the board. And the answers earn their 

keep only when they change resource allocation: a funded pilot, a killed project, a new hire, an acquisition 

screen. That last output is the bridge to the deal process. When question seven produces an acquisition 

screen, the maturity model takes over. 

Embed AI Maturity Into Screening and Diligence 

The AI maturity conversation should begin before a letter of intent is signed. During target screening, the 

acquisition team should develop a preliminary read on the target's maturity stage from public signals: 

technology conference participation, AI-related patent filings, talent acquisition patterns on professional 

networks, and product announcements that indicate AI capability. Firms with AI-led strategy or AI 

business model maturity command premium valuations that experienced buyers should anticipate. The 

question is not whether to pay that premium, but whether the deal team has the analytical capability to 

confirm that the underlying maturity is real, defensible, and transferable. Inflated claims of AI maturity 

are a known risk in technology M&A. 

Once the deal moves to formal diligence, the AI maturity assessment should be a named workstream with 

a dedicated lead, a defined scope, and a clear deliverable: a functional-level maturity map for both buyer 

and seller, a gap analysis, and a preliminary prioritization of integration initiatives against the ten benefit 

criteria. The workstream requires a combination of competencies rarely found in a single function. 

Business strategy context, so the team assesses AI initiatives against the deal thesis rather than in 

isolation. Data and technology literacy, so the team can evaluate training data quality, model governance, 

and infrastructure scalability. People and culture assessment, because AI maturity is as much an 

organizational capability as a technical one. The workstream should feed its findings into the financial, 

operational, legal, and people streams rather than reporting in isolation to the deal team. 
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Appoint the AI Deal Lead and Run the 90-Day Pilots 

Every acquisition needs a named AI Deal Lead. This is not a technology title. It is an acquisition-

execution role with accountability for mapping AI use cases to the deal thesis, standing up pilots within 

the first 30 days, and reporting AI-driven value capture to the deal's steering committee. The role profile 

rests on three competencies: deal-process literacy, data-platform fluency, and executive communication. 

The last competency is the scarcest. 

AI capability in M&A is built through a sequence of pilots rather than enterprise rollouts. The firms that 

attempt to deploy AI across all workstreams simultaneously find that the complexity of integration defeats 

the technology before it delivers value. We recommend a 90-day pilot architecture organized in three 

phases: Assess, Deploy, and Scale. Figure 9 outlines the framework. 

Days 1-30: Assess 

Map AI-ready data assets 

Inventory use cases 

Appoint AI Deal Lead 

Baseline KPIs 

Identify quick wins 

Days 31-60: Deploy 

Launch 3-5 pilots 

Integrate data pipelines 

Train integration teams 

Establish governance 

Report to the IMO weekly 

Days 61-90: Scale 

Expand proven pilots 

Automate reporting loops 

Link AI to the  deal thesis 

Capture value metrics 

Adjust roadmap targets 

Figure 9. The 90-Day AI Integration Pilot Architecture 

Each phase has a defined governance checkpoint: the integration management office reviews pilot 

performance before authorizing the next phase. The architecture also serves a talent function. Integration 

team members who participate in the first pilots become the internal advocates for AI-enabled methods in 

subsequent deals, and that organizational learning compounds across the deal portfolio. That 

compounding, more than any individual tool, is the advantage that distinguishes successful serial 

acquirers from acquisitive competitors. 

Draw the Automation Roadmap and Argue It 

The ten-stage automation map in Figure 6 is our considered draft. Your firm's map should be argued, not 

inherited. A draft roadmap, marked with where each stage stands today and where it should move, is a 

tool for forcing that argument in a specific firm with specific capabilities and a specific tolerance for risk. 

Reasonable executives will disagree about where a given stage should sit. The disagreement is the point. 

Two practical cautions accompany the roadmap. The first concerns oversight as automation deepens. At 

the hybrid level, human reviewers catch everything, so errors surface quickly. At the agentic level, the 

machine runs many steps before a human sees the result, which means the design of the objective and the 

rigor of the final review must carry the oversight that continuous human checking used to provide. The 

second concerns data. An agentic system reaching across thousands of documents can surface a firm's 

confidential information in places it should not go, and it can ingest sources whose reliability no one has 

checked. The discipline that governs what the machine may touch and what it may send outward matters 

more as the machine's reach grows. 
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Convert Practice Into a Repeatable Capability 

The firms that will lead in AI-enabled M&A are not necessarily those with the most AI talent or the most 

advanced technology. They are the firms that have converted this discipline into a repeatable 

organizational capability, deal after deal, using better practices (we say "better" rather than "best" because 

no practice is ever final, and improvement is continuous). That conversion requires three investments. 

Documentation codifies the diligence protocol, the maturity assessment templates, and the roadmap 

framework into playbook materials that endure personnel turnover. Practice applies the framework on 

every acquisition, including deals where AI is not the primary rationale, because maturity gaps in 

industrial, healthcare, and consumer transactions create the same post-close failures with less warning and 

less organizational readiness. Learning captures the outcomes from each completed integration: which 

gaps proved most costly to close, which initiatives overdelivered against the deal model, and which 

prioritization criteria best predicted integration success. The firm that accumulates those answers builds 

an institutional advantage that compresses time-to-value across the deal portfolio. 

Conclusion 

Michael Porter built a model that has guided strategy for forty-seven years, and nothing in this paper 

retires it. The five forces remain the sharpest available lens on the structure of an industry as it stands. But 

the decisive competitive question of the 21st century is no longer how attractive an industry is. It is how 

long the industry will exist in its current form and who will hold the high ground when it changes. That 

question belongs to the sixth force, and for most firms, the fastest way to answer it is at the deal table. 

The frameworks assembled here form one operating discipline. The sixth force supplies the strategic 

rationale. The maturity model gives the deal team a common language and a gap map. The four value 

domains give the integration a target list. The human-machine design gives the team an operating system 

that aggressively automates where analysis pays off and holds the line where judgment rules. The Socratic 

questions, the AI Deal Lead, the 90-day pilots, and the playbook convert all of it into a capability that 

compounds across the deal portfolio. 

Socrates taught by asking, and we close the way he would. Which advancing technology, visible today 

only at the edge of your line of sight, will decide who dominates your industry a decade from now? 

Which acquisition, screened and diligenced through the maturity lens, puts your firm on the right side of 

that answer? And when the machine hands your deal team its analysis, who in your firm is accountable 

for deciding what it means? The goal is not to buy AI capability. It is to build a firm that is always 

becoming more capable, one deal at a time. 
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