
MONOGRAPH

Medical Science Educator
https://doi.org/10.1007/s40670-025-02607-1

both applicants and programs. Operationally, admissions 
offices can now use automated triage tools, intelligent doc-
ument-processing systems, and workflow bots to handle 
the surge of primary applications and associated paperwork 
[1]. Applicant communication is increasingly mediated by 
conversational chatbots that answer FAQs around the clock, 

Introduction

Over the past five years, artificial intelligence (AI) has 
impacted nearly every stage of medical-school admis-
sions, potentially shifting traditionally labour-intensive 
processes toward algorithm-assisted decision making for 
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Abstract
Artificial intelligence (AI) is transforming medical school admissions, yet the interview remains a largely human-centered 
process. This work explores how AI is shaping interview preparation, design, and delivery—raising both opportunities 
and risks. Drawing from industrial-organizational psychology and corporate hiring practices, we outline emerging threats 
such as AI-enabled cheating and offer practical strategies to preserve fairness and authenticity. We provide three action-
able recommendations that use AI to extend access and efficiency while maintaining human judgment and value in the 
interview process. Medical education leaders must act now to implement policy, training, and safeguards that align with 
ethical and legal standards.
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while micro-targeted outreach engines personalize e-mail, 
text, and social-media messages in real time [2]. Applicants 
themselves now turn to a flourishing market of AI-enabled 
tools. Generative platforms such as ChatGPT or Gemini 
draft and polish essays, simulate interview questions, and 
supply personalized admissions roadmaps; adaptive test-
prep engines offer item-level feedback and dynamically 
adjust difficulty [3].

Contrasting this algorithmic surge, the admissions inter-
view remains a rare, human-centered encounter. The slower 
integration of AI for interviews comes with good reason. 
As the only new and spontaneous bit of data, interviews 
are among the most important factors in determining which 
aspiring physicians receive offers. Programs use interviews 
to assess competencies and alignment with program values 
that have, to date, been difficult to evaluate algorithmically 
in a fair and scalable way. Yet, interviews are still impacted 
today by AI-enabled coaching, real-time prompting, and 
automated scoring advances.

Here, we focus on the interview as the next AI frontier 
in admissions innovation. We begin by surveying the cur-
rent evidence base, drawing lessons from industrial-orga-
nizational psychology and corporate hiring, and cataloging 
emergent risks—including AI-facilitated cheating. We then 
offer actionable strategies for admissions leaders. Through-
out, we argue that thoughtful, hybrid integration of AI can 
enhance fairness and efficiency without eroding human 
judgment at the heart of selecting tomorrow’s physicians.

Current Landscape: AI in Medical School 
Selection

Early touch-points with applicants are increasingly auto-
mated: conversational chat-bots triage e-mails, micro-
targeted social-media campaigns adapt messages in real 
time, and—most visibly—the 2024–25 American Medical 
College Application Service® (AMCAS) certification state-
ment explicitly permits candidates to “utilize … AI tools 
for brainstorming, proofreading, or editing,” [4] provided 
the final submission is their own work. This policy signal 
underscores how normalized generative tools have become 
before an application even reaches an admissions office. 
This emphasis is further highlighted by the breadth of prac-
tical resources including the Association of American Medi-
cal Colleges’ (AAMC) “Principles for the Responsible Use 
of AI in and for Medical Education”, which outlines seven 
core obligations—fairness, transparency, ethical rigor, pri-
vacy protection, human oversight, accountability, and con-
tinuous evaluation. These are used to ensure AI augments 
rather than replaces human judgment in teaching and selec-
tion [5, 6].

Once files arrive, machine-learning screeners can triage 
the high volume of primary applications using local and 
institution specific criteria. Multicentre implementation 
studies show that algorithms can reproduce faculty inter-
view-invitation decisions with high fidelity: Triola, Keir 
and colleagues report AUROC (Area Under the Receiver 
Operating Characteristic curve) exceeding 0.8 while main-
taining parity across applicant characteristics [7]. Natural-
language-processing models that mine narrative statements 
push predictive performance even higher when combined 
with structured metrics [8]. These tools have potential to 
cut reviewer workload, and decrease inter-rater variability, 
yet most programmes should keep a human “second look,” 
reflecting cautious, hybrid adoption. Likewise, applicants 
are embracing generative AI. A 2025 survey reported that 
more than half of applicants “use or intend to use” genera-
tive AI in their materials [3].

The interview phase remains the most human-centered—
and least automated—step. Unlike corporate hiring, where 
AI-scored one-way video interviews are more common 
for screening applicants, most medical schools still rely 
on human interview using traditional or Multiple Mini-
Interview (MMI) formats. No peer-reviewed study to our 
knowledge has yet validated an AI-scored interview for 
widespread high-stakes medical school admissions. How-
ever, the use of AI for preparing on both the applicant and 
program side, along with concerns of unethical use during 
the interview adds pressure to administrators. This blend of 
adoption in file review, widespread applicant experimenta-
tion, and guarded use during interviews frames the chal-
lenges and opportunities explored in the sections that follow.

Lessons from IO Psychology Literature for 
Corporate Hiring

The Industrial/Organizational Psychology literature, and 
particularly personnel selection research, has a long his-
tory of examining the benefits and risks associated with job 
interviews [9]. There is ample evidence in terms of their 
psychometric properties (e.g., criterion-related validity - or 
how well they predict work performance [10], or adverse 
impact [11], what types of interviews hiring professionals 
use [11], or how fair are they perceived by applicants [12]. 
For example, meta-analytical evidence suggests that inter-
views, when designed and delivered in a structured way, are 
the selection instruments with the most valid prediction of 
job performance (ρ =.42; [10]).

The use of technology in interviews, and especially 
live (i.e., synchronous, video-conference) interviews has 
also been extensively explored [13]. This research gen-
erally shows that applicants’ performance is lower in 
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video-conference than in-person interviews, for instance 
because applicants are less able to demonstrate their skills 
or can experience more anxiety. Asynchronous video inter-
views (AVIs) have emerged as an alternative (or comple-
ment) to live interviews in recent years. Yet, the selection 
literature has reacted rapidly, proposing a theoretical model 
of how AVI design choice can influence applicant behaviors 
and selection outcomes [14] and empirical examinations of 
how AVIs are used in practice [15], applicant reactions [16], 
potential misconceptions [17], or applicant training [18].

Because AVIs are asynchronous and applicant responses 
are recorded, it created opportunities for organizations to 
leverage AI to review and score such responses automati-
cally. Initial empirical work has shown that AI (i.e., machine 
learning) powered AVIs could be used to automatically 
evaluate transcriptions of applicants’ responses to assess 
their personality, demonstrating significant correlations 
with human ratings of personality [19, 20]. There is also 
evidence that such automated interviews can predict future 
work performance, although the validity was about half of 
that of in-person structured interviews (r =.24; [21]). To 
date, the potential use of AI in live interviews has seldom 
been explored. The main reason is that AI is viewed mainly 
as beneficial to reduce time commitment, variability in out-
comes, and costs. Yet, since human interviewers are already 
involved in live interviews, replacing their judgments with 
AI has more limited practical value. That said, there are 
opportunities to use AI for interview development (e.g., 
help with writing questions, coaching applicants, or creat-
ing rating scales).

It is important to note that most of the existing research 
has relied on transcriptions of video-recorded responses in 
AVIs. Yet, this is primarily done to reflect organizational 
practices, with most of the largest AVI providers having 
stepped away from using video or audio content (e.g., facial 
expressions, pitch), largely to avoid unfair evaluations [22] 
or to adhere to emerging AI-related legislation. In addition, 
although initial evidence about the utility of AI-evaluated 
interviews is promising, it also depends on the quality of 
the response transcription, which can be prone to misinter-
pretation [23] and training such machine learning models 
requires large samples [24]. However, the emergence and 
accessibility of large language models (LLMs) will likely 
make AI-powered AVIs more cost-effective, and possibly 
more valid.

Some research has also examined how applicants react to 
interviews involving responses automatically rated by AI. 
Initial work suggests that AI-evaluated interviews are per-
ceived as less fair [25]. Yet, such reactions can be improved 
by providing applicants with video explanations of the ben-
efits of AI-supported interviews [26] or justifications for the 
process [27]. Importantly, not all applicants react similarly. 

For instance, applicants with prior experiences of discrimi-
nation (by humans) tend to view AI evaluations more posi-
tively [28].

Candidates and employers can also use AI-Driven Virtual 
Interviewers in their process [29]. The AI-Driven Virtual 
Interviewer addresses key challenges faced by both inter-
viewers and job seekers by automating the screening pro-
cess, standardizing evaluations to reduce inconsistency, and 
offering candidates realistic practice with immediate feed-
back to improve skills and confidence. From the applicant 
perspective they can train with an AI virtual interviewer to 
develop more self-awareness and interview skills. This has 
a key role in providing support for applicants from back-
grounds where they may not have had experiences to sup-
port the development of interview skills.

Finally, with the growing popularity of LLMs like Chat-
GPT or Gemini, more recent work has started to examine 
how job applicants can use AI when completing their inter-
views. Selection researchers have proposed that applicants 
can use AI in three main ways [30]; They can use it as (1) a 
“substitute” to help fill the gaps in their qualifications and 
improve their scores (e.g., ask AI to provide them with a 
good answer to an interview question); (2) an “equalizer” 
to help reduce deficits in familiarity (e.g., use AI to prac-
tice for interviews, to replace a human coach); or (3) an” 
augmenter” to align with how AI will be used at work (e.g., 
as an assistant or co-pilot). While all three scenarios will 
lead to increase in interview performance scores for appli-
cants, only the first one will likely negatively impact the 
quality of hiring (or admission) decisions, since applicants 
are using AI to “fake” or “cheat” to appear more qualified. 
Recent empirical work confirms that interviewees instructed 
to use AI to complete an AVI obtain higher scores, espe-
cially if they simply read the AI-generated response without 
attempting to adapt it [31].

Yet, this line of research is in its infancy, and it remains 
unclear how interviews can be designed (or conducted) 
to reduce applicant AI use. For instance, evidence from 
other selection/admission tools (i.e., situational judgment 
tests) suggests that integrating protections such as limited 
response time or preventing copy-and-pasting could be 
helpful [32]. In addition, the rapid development of new AI 
tools could also facilitate applicants’ use of such technol-
ogy in live interviews. For instance, AI co-pilots (e.g., [33, 
34]) can transcribe and analyze questions asked by an inter-
viewer and provide applicants with recommended answers 
in real-time. Applicants can even be replaced by AI-pow-
ered virtual avatars (e.g., [35]) in live video-conference 
interviews. And wearable technology (such as Meta’s smart 
glasses) can even help applicants discretely bring such AI-
copilots with them for face-to-face interviews.
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To date, asynchronous interviews have been particularly 
vulnerable to AI use, with applicants increasingly utilizing 
AI tools to script real-time responses. Though real-time vir-
tual interviews and MMIs are susceptible to similar tech-
nological advances. While currently less vulnerable than 
virtual formats, in-person interviews still face the risk of 
deceptive AI assistance (e.g. via smart glasses technology), 
allowing applicants to receive real-time prompts. To address 
this increasing complexity in the interview landscape, 
admissions committees may consider leveraging semi-auto-
mated question generators. Interview question generators 
are available with varying degrees of efficacy and reliability 
that support committees to draft and take advantage of large 
item banks in short periods of time. Workable, Prospect 
HR, and NodeFlair [45–47] are examples of HR companies 
offering these kinds of tools, however significant human 
involvement is a necessity to ensure question sets are well 
balanced, minimizes performance inconsistency, and meet 
the program’s mission (i.e. human-in-the-loop [48]). This 
approach may facilitate a more flexible and harder to game 
selection process (i.e. through a structured bank of follow-
up probes; e.g., U.S. Office of Personnel Management [49]).

Together, these risks and opportunities illustrate a guid-
ing principle: use AI to extend reach, standardize prepara-
tion, and surface additional signals, but keep final decisions 
anchored in human expertise and well-audited processes. 
Committees must reconsider the value and risk trade-off, 
and how they can design interviews that balance efficiency, 
reliability, fairness, and mission while thoughtfully weigh-
ing the benefits of face-to-face interactions against their 
logistical hurdles to both applicants and programs.

Mitigation Strategies for Admissions Officers

Emerging evidence and practice reports agree safeguarding 
interview integrity requires clear policies, targeted training, 
and judicious technology use [31]. The first layer is policy 
and communication. Admissions offices should publish 
explicit AI-usage statements within interview instructions, 
distinguishing preparation from performance. For example, 
an applicant may rehearse with a generative tool or preview 
common prompts, but any real-time assistance—whether a 
teleprompter, an earpiece, or live text overlay—constitutes 
misconduct [50, 51]. Citing concrete scenarios (e.g. “Using 
ChatGPT to brainstorm or refine a response is acceptable; 
reading its answer verbatim during the interview is not”) 
sets expectations and dissuades borderline behavior. Pro-
grams should also remind candidates of the consequences 
of misrepresentation.

The second layer is interviewer training. Faculty and 
student assessors benefit from short, simulation-based 

Risks and Opportunities of AI in the 
Interview Process

Despite some potential benefits from the integration of AI 
into medical school interviews, there are significant risks 
that might compromise the integrity of the admissions 
process. Virtual, real-time interviews can be a target since 
they are an important element of the holistic review. Appli-
cants can use AI technologies to present polished answers 
beyond their actual communication skills, beliefs, or emo-
tional intelligence. For instance, Canagasuriam and Lukacik 
(2025) found higher overall AVI performance ratings across 
ChatGPT assisted conditions compared to non-assisted. 
Importantly, response delivery did not differ between condi-
tions, but ChatGPT conditions received lower honesty rat-
ings [31]. Similarly, tools like Final Round AI, AIApply’s 
“Interview Buddy”, and Verve AI offer real-time copilots 
that listen to interview questions via the candidate’s micro-
phone, process the question using an LLM, and return sug-
gested answers instantly [36–38]. These answers can be 
displayed on a hidden teleprompter or browser overlay, 
allowing candidates to respond confidently and fluently in 
live interviews. Admissions offices have the opportunity to 
recommend or offer AI-led interview practice systems to 
reduce the pressure to chat, purchase costly coaching and 
to rehearse in a realistic, standardized environment [18, 30].

Additionally, there are concerns about the potential use 
of AI to create a fake digital twin, which is an artificially 
generated persona designed to impersonate the applicant 
during interviews [39]. Those digital twins can respond to 
questions in each applicant’s style, tone, and even visual 
likeness [40]. In asynchronous interviews, where real-time 
identity verification may be difficult, these digital twins 
could autonomously generate responses, which makes it 
difficult to distinguish from a real human interaction. This 
technology was highlighted as emphasized by the AAMC 
in their 2024 webinar on scholarly publishing and AI tools 
[41]. These AI models make it increasingly feasible to 
complete entire interview sessions. Moreover, the appli-
cants can receive help with responses via teleprompters or 
audio feeds. This raises serious concerns with the process, 
as admissions decisions may be based on fake responses 
that in some cases do not even originate from a real appli-
cant. Committees can consider recording interviews for 
analysis, which can be transformed into summaries, verify 
authenticity, identify key themes or provide scoring sup-
port (see Gartner’s list of interview intelligence tools [42]). 
These technologies have already proliferated the corporate 
world, companies like Insight7 [43] and Gong [44] provide 
these kinds of conversation analytics to improve customer 
engagement. However, they must first be evaluated relative 
to their predictive value and impact to fairness.

1 3



Medical Science Educator

prohibited real-time assistance, coupled with randomized 
proctoring spot-checks rather than wholesale reliance on 
algorithmic detectors. While these policy recommenda-
tions are in place (e.g. AAMC Guidelines [6]) the degree to 
which they are in place and in practice varies widely across 
schools. Increasing regulatory trends—such as the EU AI 
Act’s requirements for documented human oversight, trans-
parency, and the option of human-only review—reinforce 
this oversight mandate and make clear communication 
essential [61]. Admissions committees, as the institutional 
nucleus for AI-related policy, can strengthen trust by dis-
closing where AI tools are used, where human judgment 
intervenes, and why authentic, unscripted dialog remains 
central to evaluation. Because cheating technologies and 
counter-detectors will likely co-evolve, the policy focus 
shifts toward cultivating a culture of professionalism and 
embedding layered safeguards (e.g., dynamic questioning, 
timed responses, and follow-up probes) that reduce the pay-
off of AI deception rather than trying to catch every instance 
after the fact.

Recommendations for Medical Education 
Leaders

Medical school admissions leaders face growing challenges 
and opportunities as AI becomes increasingly embedded in 
candidate preparation, interview design, and institutional 
processes. Based on the evidence and insights presented 
in this work, we offer three key take-home messages with 
actionable guidance for navigating this evolving landscape.

Avoid Escalating an AI Arms Race

As applicants adopt increasingly sophisticated tools to aid 
or falsify interview performance—ranging from ChatGPT-
generated responses to real-time AI copilots—schools face 
mounting pressure to detect and respond. However, attempts 
to match deception with surveillance often devolve into an 
unsustainable “arms race.” Detection tools remain inconsis-
tent, and the burden of oversight diverts attention from more 
foundational principles of the interview.

Rather than invest in ever-more complex detection meth-
ods, admissions offices should return to the core values 
and purposes of the interview: assessing authenticity, inter-
personal character, and alignment with program mission. 
Lessons from corporate space share this view. Deloitte’s 
decision to reinstate in-person final interviews—after expe-
riencing the limits of virtual integrity—is a telling example 
[62]. Similarly, structured formats with tailored follow-up 
probes that ask applicants to provide more specific details 
about past experiences and behaviors could reduce the value 

workshops that normalize spotting red flags such as flat into-
nation, unnatural pauses, or sudden leaps in linguistic com-
plexity [50, 51]. Training emphasizes tailored probes— “Tell 
me exactly what you did next” or “How would you handle 
that if circumstances changed?”—to disrupt rehearsed nar-
ratives and reveal depth of understanding. Equally impor-
tant is clarifying for interviewers what they are evaluating: 
authenticity, reflection, and interpersonal responsiveness 
rather than polished oratory. When those dimensions are 
explicit, AI-assisted eloquence loses its evaluative currency 
[9, 18, 25]. This falls under developing a proper standard-
ized interview and evaluation process, which while it might 
help reduce the effect of AI, is also best-practice to make 
interviews more valid, reliable, and standardized [9].

A third layer involves proctoring and monitoring tailored 
to format. Asynchronous platforms can employ single-take 
recording, browser lockdown, and webcam-based room 
scans; some schools are piloting eye-tracking overlays that 
flag off-screen reading during timed prompts [52, 53]. Live 
virtual interviews can require a 360-degree camera sweep, 
while in-person formats rely on device checks and gov-
ernment-ID verification upon entry [54]. Advances in AI 
deception are giving way to new sets of products and ser-
vices (e.g. Proctorio [48], Respondus [55]) for enhanced ID 
verification and proctoring, including measures like biomet-
ric analysis, keystroke patterns, and live verification. None 
of these methods is fool proof, but each raises the effort and 
risk of cheating, preserving the deterrent effect.

Evidence comparing AI-assisted and human-generated 
responses underscores how elusive reliable detection has 
become and is likely to remain. Overall, results indicate 
inconsistent performance across different tools and AI mod-
els [56]. AI detection in university assignments also shows 
difficulty identifying AI content and can generate inconsis-
tency [57, 58]. Human raters struggle to identify deceptive 
behaviors in video interviews [50]. Most of the AI detection 
research has been focused on written content. It is unclear 
how well it will apply to verbal responses. And the more 
customizable AI co-pilots become (e.g., providing responses 
based on applicant specific information they feed before the 
interview- such as a resume, list of past experiences, course 
transcript, etc.) the more difficult it will likely be to detect. 
Functionally, this can be viewed as a typical ‘arms race’ as 
AI deception advances so too will AI detection [56, 59, 60]. 
Importantly, escalating this race can come at great risk to 
the admissions committees and if they choose to engage, 
they will need to invest in consistent oversight, training and 
application monitoring if they want to rely heavily on tech-
nological detection infrastructure.

Emerging policy guidance argues for deterrence over 
detection. Policy recommends explicit honor-code lan-
guage that distinguishes permissible AI preparation from 
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Human judgment should remain central, with AI serving to 
support—not supplant—comprehensive review.

Recommendation  Pilot low-risk AI innovations (e.g., mock 
interview platforms, interview summarization tools) and 
establish formal protocols, resources for evaluating their 
fairness, validity, and impact before integrating them into 
decision-making.
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