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ABSTRACT

This paper develops a unified theoretical and empirical framework for understanding the rise of
Intelligence Capital as a new dominant factor of production: institutionalized, process-owning human+Al
systems that learn, retain memory, and compound in economic value.

We argue that recent macroeconomic anomalies, including sustained output growth with weak
employment creation, rising productivity without proportional hiring, and increased capital
concentration, reflect a structural transition rather than cyclical fluctuations. Using cross-national labor
and productivity data, we document a “labor inversion” in which output increasingly flows through
embedded intelligence systems prior to labor-market absorption, generating persistent “phantom jobs.”

At the microeconomic level, we reinterpret the firm as a learning-and-compounding engine rather than a
transaction-cost minimizer, modeling enterprises as portfolios of Intelligence Capital Generators that
internalize knowledge, capture feedback, and exhibit power-law return dynamics.

We introduce the Intelligence Capital Yield Function to formalize how exploration, failure, and
institutional learning are converted into scalable economic advantage. The analysis shows that high
experimental failure rates and valuation asymmetries are endogenous features of Intelligence Capital
formation rather than indicators of misallocation.

Finally, we identify organizational and behavioral constraints that limit compounding and propose
governance mechanisms that align managerial incentives with long-run learning yield. The findings
contribute to theories of the firm, endogenous growth, and technological change by demonstrating how
intelligence-based capital reshapes productivity, employment, and competitive dynamics in advanced
economies.
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Executive Summary

The Intelligence Capital Manifesto argues that the global economy has entered a structural transition in
which economic growth is no longer primarily driven by labor or traditional capital, but by Intelligence
Capital: institutionalized, process-owning human—Al systems that learn, retain memory, and compound
in value over time. This shift explains a set of contemporary anomalies—including strong GDP growth
with weak job creation, rising productivity without proportional hiring, capital concentration, high Al
pilot failure rates, and valuation asymmetries—that are often treated as separate phenomena but are, in
fact, manifestations of a single underlying transformation.

1. PHANTOM JOB LOSS * 3. Al PILOT FAILURE
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~—— 4. PRODUCTIVITY DIVERGENCE
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between firms that effectively
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recursive leverage, while traditional
labor produces linear gains.
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dynamic, as those with the most effective > traditional assets, leading to massive

systems compound advantages. disparities in market capitalization.

— 5. VALUATION ASYMMETRY
The market begins to value companies

At the macroeconomic level, the paper documents a “labor inversion” in which output increasingly flows
through embedded intelligence systems before reaching labor markets. This produces persistent
“phantom jobs”: roles that would historically have been created but are now structurally bypassed.
Evidence from the United States and Europe indicates that this decoupling is not cyclical but reflects a
durable reorganization of production around cognitive infrastructure rather than human labor.

At the microeconomic level, the manifesto reframes the firm. Departing from the Coasean view of firms
as transaction-cost minimizers, it models enterprises as learning-and-compounding engines organized
around portfolios of Intelligence Capital Generators. These generators encode workflows, capture
feedback, and accumulate institutional knowledge, enabling firms to generate increasing returns through
endogenous learning. Competitive advantage arises not from deploying Al tools, but from owning and
governing systems that continuously improve their own economics.

The paper introduces the Intelligence Capital Yield Function to formalize how exploration, disciplined
failure, and institutional learning are transformed into scalable economic value. Within this framework,
high experimental failure rates are interpreted as necessary inputs to capital formation rather than as
inefficiencies. Power-law return structures and extreme outcome dispersion are shown to be intrinsic
features of Intelligence Capital systems.
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Organizational and behavioral constraints are identified as primary barriers to effective Intelligence
Capital formation. Loss aversion, endowment effects, and familiarity bias systematically impede
transformation. The manifesto proposes a managerial “change stack” based on reversible pilots, status
repricing, and embedded human—Al collaboration to overcome these frictions and enable sustained
learning velocity.

The analysis further argues that contemporary concerns about Al-driven “bubbles” misunderstand the
economics of cognitive capital formation. High capital expenditure, concentrated returns, and valuation
asymmetries reflect discovery and scaling processes inherent to new dominant asset classes. Financial
markets are increasingly pricing future Intelligence Capital dominance rather than current product
revenues, while many traditional enterprises remain undervalued due to unrecognized Intelligence
Capital deficits.

Finally, the manifesto situates Intelligence Capital as a new dominant factor of production, comparable in
historical importance to land, machinery, and information. In this emerging regime, enterprises and
nations compete primarily on their ability to generate, govern, and compound institutional intelligence.
The CEQ’s central role shifts from overseeing digital transformation to stewarding internal capital
markets for learning systems.

The central conclusion is that economic advantage in the coming decades will accrue not to
organizations that merely adopt artificial intelligence, but to those that systematically transform
intelligence into durable, self-reinforcing capital. Firms and societies that master Intelligence Capital
formation will dominate productivity, innovation, and geopolitical influence, while those that do not will
become structurally dependent.

Thesis
The central conclusion of manifesto is:

We are not entering an Al economy. We are entering an Intelligence Capital economy.
In this economy:

Advantage comes from generating, governing, and compounding institutional intelligence.
Tools do not confer durable power; learning systems do.
Firms and nations that master Intelligence Capital will dominate.

Those that do not will become structurally dependent.

© 2026 Visionary Future LLC. All rights reserved. 3
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The Intelligence Capital Manifesto
A. Presentation of Arguments
I. The Structural Break

The global economy has crossed a structural threshold. Output continues to grow, but employment no
longer follows. Meanwhile, capital concentrates and returns accelerate.

This is not a recessionary distortion. It is a systemic transition.

For more than half a century, economic growth and labor absorption were tightly coupled. Okun’s Law
expressed this stability. For every 2% growth in GDP, we would see a 1% decrease in unemployment.
That relationship has now inverted. In 2025, the United States and Europe experienced strong GDP
growth with near-zero net job creation. Counterfactual labor modeling reveals 28 million “phantom jobs”
that historically would have existed but never formed.

The economy is no longer primarily organized around human labor.
It is now organized around Intelligence Capital.

See detailed labor analysis in Part B.

© 2026 Visionary Future LLC. All rights reserved. 5
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Il. Intelligence Capital Defined

Intelligence Capital is institutionalized intelligence embedded in enterprise workflows, systems, and
decision structures that functions as a compounding economic asset.

It is not talent. It is not data. It is not software.
Intelligence Capital organises around Intelligence Capital Generators, which

e Own processes.
® Retain memory.
e Operate under auditable control (and invite requiring proof of control).

® |mprove its own economics over time.
When intelligence meets these conditions, it ceases to be a tool and becomes capital.

And this is a really interesting capital asset. For the first time ever, we have a capital asset that increases
in value when we use it. Previously, when we had an asset (like a piece of heavy equipment that was
used to manufacture a widget), as soon as you use it, it starts to experience wear-and-tear, and starts to
lose value. We call this depreciation. (Or, if it were something intangible, like a patent, we would call this
decrease in value amortisation).

In Ronald Coase’s theory of the firm, expressed in his seminal 1937 paper “The Nature of the Firm”, he
proposed a comprehensive way of looking at how a company organised it activities and made decisions.
Intelligence Capital (IC) theory turns this entirely on its head. At the microeconomic level, Intelligence
Capital (IC) theory departs from Ronald Coase’s Theory of the Firm in a fundamental way: it shifts the
unit of analysis from transaction-cost minimization to learning-and-compounding optimization.

Below is the core distinction.

1. Coase: The Firm as a Transaction-Cost Minimizer

In “The Nature of the Firm” (1937), Coase explains firm boundaries through comparative transaction
costs:

A firm internalizes activities when:
Cost(internal coordination) < Cost(market contracting)

Key microeconomic assumptions:

© 2026 Visionary Future LLC. All rights reserved. 6
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Primary cost Search, bargaining, monitoring
Role of management Substitute for markets
Knowledge Mostly tacit, costly to transmit
Assets Physical + human
Boundary logic “Make vs buy”
Optimization target Minimize coordination costs

Microeconomically, the firm is a governance structure that reduces friction. The firm exists to avoid
market inefficiency.

2. Intelligence Capital: The Firm as a Learning-Compounding Engine

In Intelligence Capital theory, the firm is not primarily a coordination device. It is a capital formation
system for intelligence.

“The value creation engine for the Al economy is ‘intelligence capital’... Intelligence that
owns a process and captures, refines and compounds knowledge and learning”

Inside each Intelligence Capital Generator, there is an Intelligence Capital Engine that captures, refines
and compounds knowledge.

Microeconomically, the firm is modeled as:
A portfolio of Intelligence Capital Generators that:

Encode workflows
Capture feedback
Accumulate learning
Improve autonomously

Scale nonlinearly

© 2026 Visionary Future LLC. All rights reserved. 7
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Key assumptions:

Dimension Intelligence Capital View

Primary cost Learning leakage

Role of management Portfolio governor
Knowledge Codifiable, accumulative
Assets Human + Al + workflows
Boundary logic “Learn vs lose”
Optimization target Maximize learning yield

The purpose of the firm is to compound intelligence.

3. Boundary Formation: “Make vs Buy” vs “Learn vs Rent”

The Coasean Boundary Rule helps a firm (and a manager) decide the make-vs-buy decision. You
internalize when:

TC_market > TC_internal

Example: Hire engineers if contracting them is expensive.

Whereas the Intelligence Capital Boundary Rule says you internalize when:
Learning_capture_internal > Learning_capture_external
Example: Build internal Al copilots even if vendors are cheaper, because:

Internal systems retain data
Improve with use
Generate proprietary models

Become capital assets

So the boundary is set by learning retention, not transaction cost.

© 2026 Visionary Future LLC. All rights reserved. 8
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4. Treatment of Knowledge

In Coase knowledge is:

Sticky
Costly
Difficult to transmit

Secondary to contracts

Firms economize on knowledge-transfer costs.

In Intelligence Capital knowledge is:

The primary asset
Endogenously produced
Automatically stored

Continuously recombined
“traditional IT depreciates; intelligence capital compounds”
Knowledge is not a friction. It is the return-generating asset.
5. Production Function: Static vs Dynamic

Coase (Implicitly) states of firm production:
Y =f(L, K, M)
Where coordination reduces waste. Learning is exogenous.

Intelligence Capital states that firm production:

Yi = f(L, K, Al, ZLearning;-4)

Where past learning raises future productivity.

Intelligence Capital Manifesto

Learning is endogenous capital. This is closer to an internal increasing-returns model than to

neoclassical production.

© 2026 Visionary Future LLC. All rights reserved.
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6. Failure Economics

Under Coase, failure is a sign of inefficiency. Failed transactions are deadweight loss. When you have a
failure, you write it off. The concept of writedowns is embedded throughout modern finance and
accounting.

Under IC, failure is asset formation. This is a provocative idea. “If you're not ‘failing’ at least 95% of the
time, you’re not experimenting enough”.

Thomas Edison famously said, “I didn’t fail 10,000 times. | discovered 10,000 ways not to make a light
bulb” (emphasis ours). The operant word is “discovered”. Edison was on a knowledge and learning
journey. Every time his experiment ‘failed’, he wrote down what he tried, how it didn’t work, and
perhaps a hypothesis on why it didn’t work.

Failed experiments generate:
e Training data
® Process refinements
e Model updates
e Organizational learning

They increase future productivity.

In IC, failure is capitalized, not written off.

7. Managerial Objective Function
In a Coasean Firm, managers optimize:

7 = Revenue — Production Costs — Transaction Costs

In an Intelligence Capital Firm, managers optimize:

T = Revenuey + A(Intelligence Stock:)

“The enterprise objective is therefore not Al adoption. It is Intelligence Capital yield”
Current profit is subordinated to:

Learning velocity
Model quality
Workflow ownership
Data depth

© 2026 Visionary Future LLC. All rights reserved.
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This is a fundamentally different micro objective.

8. Organizational Form: Hierarchy vs Portfolio

Coase proposes that a firm offers a hierarchy to replace markets. The structure of this hierarchical firm
minimizes supervision cost.

Intelligence Capital completely reverses this trend and proposes an internal market, and an external
market-of-markets. Under Intelligence Capital, the ‘firm’ consists of a portfolio of generators. “A portfolio
of Generators constitutes the enterprise’s Intelligence Capital stock”.

Each unit is evaluated by:
Learning rate
Scalability
Reusability

Spillover value
This resembles venture-capital allocation inside the firm, not classical hierarchy.

The CEO becomes a portfolio manager of generators. The coordinating cost of this more complex model
is close to nil due to technology.

The New Culture of the Firm

There are interesting implications for the culture of the firm and management, which are the subject of a
future paper.

To address briefly here: the IC firm teaches a nimble, fluid internal labor-market culture. We have seen
this show up in select organisations, where employees bid their time on different projects, but it’s not
widespread. Still, there is an extant body of knowledge around these internal labour markets, most
famously but not exclusively with the software company Valve. Others who have experimented with
aspects of this include Haier, Schneider Electric, and Unilever.

© 2026 Visionary Future LLC. All rights reserved. 1
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Outcome Category Impact Observed in Research

Productivity Unilever unlocked over 300,000 hours of productivity by allowing employees to bid on "gigs" outside their
core roles. Schneider Electric reduced their "time-to-fill" for projects by 40-90 days.

Retention Research by LinkedIn and SHRM shows that employees in companies with high internal mobility stay 2x longer
and are 3.5x more engaged than those in rigid hierarchies.

Innovation Speed Haier reduced the distance between R&D and the customer to "zero." Because teams bid on customer needs
directly, they eliminated the 6-12 month "approval cycle" common in traditional firms.

Waste Reduction Valve’s model prevents "promotion-oriented work"—projects created just to make a manager look good. If a
project is low-value, employees simply won't "bid" their time onto it, and the project dies naturally.

We conclude that we don’t have to invent a new management science to describe how labor can
internally organise around IC, but instead apply and extend lessons learned from decades of experience
with internal labour markets.

The ‘center’ of the firm, perhaps thought more as a node in a network or web, stewards a culture of
flexibility and innovation. It manages metrics, and evaluates Intelligence Capital Generator performance,
determining when an IC Generator needs to be further fueled on success, or terminated on failure (and
what the lessons are of failure).

The highest performing IC Generators have a mix of biologic and synthetic intelligences. You don’t “fire’
the biologics (people) when you terminate a generator: you re-assign them to a new generator. What we
don’t know, yet, and need to conduct research around: do you keep the biologic/synthetic pairing for a
new generator? Do you assign a new synthetic? What way of capturing and refining knowledge from
failure produces the best outcomes?

If 99.97% of generators ideally fail, how do you keep humans motivated? We note the psychology of
intermittent reward, and the fact that 0.03% odds are substantially better than the typically lottery.
Properly positioned, people can understand how not ‘winning’ one particular round doesn’t prohibit the
big payoff later.

9. Returns Structure

The return profile for Coase is mostly linear. Coordination improves efficiency at the margin. A 5%
operational improvement quarter over quarter is considered ‘good’ under Coase.

Intelligence Capital, however, looks for extreme returns on a power-law curve. Augmentation can lead to
200% to 600% ROI. Symbiotic or additional intelligence can generate a 2000% to 5000% ROI.

Microeconomically:

© 2026 Visionary Future LLC. All rights reserved. 12
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e A few generators dominate value
e Most fail
e Scale effects dominate

This is incompatible with Coase’s equilibrium framework.

10. The Microeconomic Shift

At the micro level, Coase explains why firms exist instead of markets. Coase models the firm as a
cost-minimizing institution.

Intelligence Capital, on the other hand, explains why some firms become self-reinforcing intelligence
monopolies. Intelligence Capital models the firm as a learning-maximizing capital engine.

Dimension Coase Intelligence Capital
Firm purpose Reduce transaction costs Compound intelligence
Boundary logic Make vs buy Learn vs lose
Knowledge Friction Asset
Failure Waste Investment
Management Coordination Portfolio governance
Returns Linear Power-law
Core constraint Contracting cost Learning capture
Dominant asset Labor & capital Symbiotic intelligence

Coase treats firms as devices for minimizing coordination friction; Intelligence Capital treats
firms as devices for maximizing cumulative learning.

Il. The New Factor of Production

Every economic era is defined by its dominant factor of production:

© 2026 Visionary Future LLC. All rights reserved. 13
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e Land defined agrarian power.

® Machinery defined industrial power.

e Information defined digital power.

e Intelligence Capital now defines economic power.

Enterprises no longer need proportional increases in labor to increase output. They need Intelligence
Capital.

This is why growth continues while hiring stalls. This is why productivity rises without workforce
expansion. This is why capital concentrates around cognitive infrastructure.

The economy has become cognitive, not ‘automated’. Automation would produce at-best Coasian
returns. The kinds of exponential returns we are seeing emerge, in some firms, are due to Intelligence
Capital. The fact that other firms are only getting 12% to 25% productivity gains is because they are
clinging to replacement economics.

Rip-and-replace is easy, fast, and emulates past practice like outsourcing so doesn’t take much work to
explain to the boss. Redesigning your entire organizational structure and model, and completely
reorienting your people about it in the process, is expensive, perceptually risky and requires trying
something new and therefore uncomfortable. It also delivers a 2000%+ ROI.

To win the Golden Fleece of 100X better, you have to battle through the Three-Headed Hydra of
Corporate Stasis: loss aversion, the endowment effect and the mere exposure principle.

People cling to these 3 cognitive biases:

e Loss aversion: “to do this new thing, | will lose the thing | have - my current job and way of
working - to try the new job and way of working”

e Endowment effect: “I overvalue this thing | have, my current job and way of working, versus
some new thing”

e Mere exposure principle: “I am comfortable with things thing | see and do every day, my current
job and way of working, and because | see it every day, | like it”

What you propose when you say “learn symbiosis with the machine and become a partner in an
Intelligence Capital Generator”, is you are saying “give up that thing you like, which you place excessive
value into, and which you really really like it, in exchange for this new thing that sounds risky and weird.”

© 2026 Visionary Future LLC. All rights reserved. 14
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Playbook for Change

Managers must (1) de-risk change through reversible pilots, (2) reprice status so Al-native roles
dominate advancement, and (3) embed human-Al symbiosis into daily workflows. Together, these
neutralize loss aversion, endowment bias, and familiarity bias—unlocking Intelligence Capital
compounding rather than incremental automation gains.

Here are three concrete, manager-level interventions that reliably overcome loss aversion, endowment
bias, and mere exposure—and move teams from “replacement economics” to Intelligence Capital
formation.

1. Convert Abstract Risk into Reversible Experiments
Problem addressed: Loss aversion (“I might lose what | have.”)

People don’t resist change; they resist irreversibility. So the first managerial move is to make
transformation feel reversible.

What to do

Create formally protected “symbiosis pilots” with:
o Time limits (90-180 days)
e Job security guarantees
e Explicit rollback rights
e |[solated KPIs

Example:

“For 120 days, this unit will operate as an Al-native team. No role eliminations. If it fails, we
revert.”

Why it works
Psychologically, this reframes:

e From: existential threat
e To: option with upside

Loss aversion collapses when downside is capped.

Operational rule

No pilot = no belief change. Narratives don’t beat incentives. Safe trials do.

© 2026 Visionary Future LLC. All rights reserved. 15
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2. Reprice Status: Make the “New Way” the Highest-Prestige Path
Problem addressed: Endowment effect (“My current role is valuable.”)

People don’t cling to workflows. They cling to status, identity, and signaling value. You must revalue the
future role above the current one.

What to do
Redesign recognition systems so that:

e Al-native teams get first access to:
o Promotions
o High-visibility projects
o External exposure
o Compensation upside
® Legacy roles quietly lose prestige

Example:

“All strategic initiatives now require Intelligence Capital certification.”

Why it works

Humans optimize for social ranking before efficiency. If “old way” = declining prestige, behavior shifts
fast.

Operational rule

If Al-native roles don’t lead to power and advancement, adoption will stall.
3. Industrialize Learning: Make Symbiosis the Daily Default

Problem addressed: Mere exposure (“I like what | see every day.”)

You cannot argue people out of familiarity. You must out-expose it. The third move is: engineer constant
contact with the new mode.

What to do

Embed Al-human symbiosis into daily routines:
e Default Al copilots in workflows
e Mandatory co-design sessions
e Shared dashboards showing IC output
e Weekly “augmentation reviews”

© 2026 Visionary Future LLC. All rights reserved. 16
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Example:

Every proposal must show:
Human input — Al synthesis — Human judgment — System learning

Why it works
After ~60-90 days of exposure:

e “Weird” becomes “normal”
e “Risky” becomes “how we work”

Preference follows familiarity.

Operational rule

If Al-symbiosis isn’t used daily, it won’t be trusted strategically.
The Integrated Change Stack

The three steps work because they align with human cognitive architecture:

Intelligence Capital Manifesto

Bias Managerial Countermeasure Mechanism
Loss Aversion Reversible pilots Limits downside
Endowment Effect Status repricing Revalues identity
Mere Exposure Workflow embedding Normalizes behavior

Adopt all three or expect failure. Partial adoption produces “the 12—-25% trap.”

How This Produces 100X Outcomes
When executed together, this stack does something subtle:
It shifts employees from:
“Protect my job”
to
“Invest in my Intelligence Capital.”

At that point:

© 2026 Visionary Future LLC. All rights reserved.
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People redesign their own workflows
Learning compounds

Process innovation accelerates
Organizational memory improves

Coordination costs collapse
That’s when you move from:

Automation ROl — Productivity bump
to
Cognitive ROl — Exponential scaling

Unlocking symbiotic intelligence doesn’t require a miracle, a magic wand or a magician. It requires
management to execute process, enlisting labour in positive transformation on the path to creating
resource abundance.

IV. The Intelligence Capital Labor Inversion

Labor has not disappeared. It has been bypassed. Growth now flows through Intelligence Capital before
it ever reaches labor markets. Jobs are no longer destroyed at scale. They are simply never created. This
is the Intelligence Capital Labor Inversion.

Historically:
Growth — Hiring — Output
Now:
Growth — Intelligence Capital — Output

Labor is no longer the marginal growth conduit. Intelligence Capital is. This is why Okun’s Law has
inverted (why we have a negative Okun coefficient). This is why job creation has decoupled from GDP.
This is why employment statistics understate structural displacement.

It is a hidden effect and subject to some debate. We conduct a more in-depth analysis in Appendix A
(U.S. market) and Appendix B (European market). Briefly in summary here: there not only were 28
million “phantom jobs” last year in the US and Europe, but we project a “widening scissors” over the
next 10 years that, in the most aggressive projection, results in widespread societal upheaval in multiple
OECD economies simultaneously. See below for our political analysis linking the extensive jobs deficit in

© 2026 Visionary Future LLC. All rights reserved. 18
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the youth educated class with social unrest.

Okun’s Law (Arthur Okun, 1962)

Describes an inverse relationship between GDP
(preductivity) and labor market participation

Intelligence Capital Manifesto

The Phantom Job Loss: Projected vs. Actual (2025)

Projected (Okun's Law)
 Actual Employment Change

}7 Y 200
—— =c(u—u) B
% - ”Phantom Jobs”
z Based on GDP growth,
¥ = potential GDP 21 Missing: they should exist, but don'’t
a .
Y =actual output £ 100 19m jObS
- factor relating changes in unemployment to § 15
N changes in output g Missing:
U = actual unemployment rate 50 gm jObS
U = natural rate of unemployment 25
20 United States Europe
For every 2% increase in GDP, thereis a 1%
decrease in unemployment...normally i o oty U e
Europe ~50% less impacted than US... but still a positive Okun coefficient!

United States: The Efficiency Scissors Extrapolated to 2035
e
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Quantitative Breakdown of the 19.0M U.S. Job Gap (2025)
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Europe: The Efficiency Scissors Extrapolated to 2035

49 M

Missing jobs

028 30

Sear.

wn 203 EE

Quantitative Breakdown of the 9.0M European Job Gap (2025)

s ana
To derive these figures, the analysis utilizes a synthesis model that conlrasts hislorical labor absorption with 2025 realized
data

1.The Counterfactual Baseline: We apply a historical Okun Coefficient of -0.5 (where a 2% GDP increase traditionally creates a
1% drop in unemployment) 1o the 2025 GDP growth rate. This establishes that the U.S. should have seen 19 million more jobs
than currently exist.

2Isolating Public Sector Volatility: Using Bureau of Labor Statistics (BLS) data from December 2025, we identify & specific
loss of 277,000 federal jobs (a 9.2% dedline since January 2025). largely attributed to administrative efforts to reduce the civil
service.

3.Adjusting for Cyclical "Payback”: The "Over-hiring Correction” is quantified by measuring the degree to which tech and
corporate employment has fallen back to pre-pandemic linear frends. While Oxford Economics suggests these economic
pressures dominate announced layoffs, they only account for 3 minority of the uncreated jobs in the total 19M gap.

4.Calculating the Al Residual: The remaining ~16.9M jobs represent the structural inversion. This is where GDP continues to
rise while job creation remains near-zero—a phenomenon the article defines as a "fundamental structural break” caused by
the reengineering of core workfiows into automated lsaming systems.

© 2026 Visionary Future LLC. All rights reserved.

Factor Estimated Impact | % of Primary Driver Factor Estimated % of Primary Driver
(Jobs) Total Impact (Jobs) | Total
Gap Gap
Public Sector Losses ~277,000 1.5% Federal workforce reductions and Cyclical & Other ~855,000 9.5% Correction for excessive hiring
deferred resignations. Masked Factors during 2021-2022 and
sector-specific shifts.
Post-Pandemic ~1,800,000 9.5% "Payback" for excessive over-hiring in
Correction 2021-2022. Al-Driven/Structural ~8,145,000 90.5% The “Efficiency Scissors™: Out
Decoupling growth continuing while labor
Al-Driven/Structural ~16,923,000 89.0% | The “Efficiency Scissors™: Output participation declines.
growth decoupled from labor.

nary Future analysi:

The analysis for Europe utilizes a Counterfactual Okun's Law Model to identify the divergence between econor

growth and labar absorptian:

«  Counterfactual Baseline: The mode! applies a historical Okun Coefficient—the ratio whers a specific
percentage of GDP growth typically generales a o ing decrease in 10 the 2024-20:
European growth rates.

- The Inversion Metric: In 2025, the relationship in Europe became "inverted.” representing a fundamental
structural break where robust GOP growth was observed alongside near-zero job grow

The Efficiency Scissors: By extrapolaling this chasm to 2035, the model projects that the "Efficiency Chasrt
for Europe will reach 48.9 million missing jobs as capital capture replaces labor participation
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V. The Intelligence Capital Mispricing Argument
Al is widely described as a speculative bubble because of:

e High failure rates
® Heavy capital expenditure
e Concentrated returns

e Valuation asymmetry

$80tr BULL CASE

13.85% Price CAGR $ 52 " 8t r RASECASE

vs 11.92% Revenue CAGR

Al-related value creation
by 2033 to incumbents

plus S8 5tr of startup value creation
Source: Visionary Future,

( Room to Run
BUT, it won't be a straight line

V4

Source: Visionary Future So other than irrational exuberance, what might be driving
this massive valuation growth?

These are not bubble signals. They are Intelligence Capital discovery signals. Our current finance and
economic tools are inadequate to characterizing these phenomena, therefore it is ascribing falsehood or
insufficient value to what is in fact a successful set of outcomes.

Every transition that produces a new dominant capital class requires massive experimentation. Failure is
the cost of discovering scalable capital architectures.

A 95% failure rate is not destruction. It is capital formation. 99.97% would produce even more
innovation, according to the literature (see our paper “Optimizing Innovation Failure Rates and
Intelligence: Why 95% Failure Isn’t Failing Enough” (2026) which argues for even more experimentation

and higher failure).

© 2026 Visionary Future LLC. All rights reserved. 20
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What appears to be excessive Al spending is in fact a global Intelligence Capital land grab. Markets are
not pricing tools. They are pricing future Intelligence Capital dominance. The real mispricing is not in Al
valuations. It is in the enterprises that are not priced at all for their Intelligence Capital deficit.

VL. Intelligence Capital Economics

Traditional IT depreciates. Intelligence Capital compounds. When you replace a human process with a
synthetic process, you get either no or linear productivity gains. When you have an intelligence that
owns a process and integrates humans and synthetic in a coequal relationship, you produce recursive
economic leverage.

The enterprise objective Intelligence Capital yield, the rate at which Al investment is converted into
durable, process-owning intelligence, rather than Al adotion.

Enterprises move through three economic states:

1. Al asexpense

2. Intelligence Capital formation

3. Intelligence Capital compounding

Most organizations remain in the first state while believing they are in the second.

© 2026 Visionary Future LLC. All rights reserved. 21
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VII. The Intelligence Capital Engine

Intelligence Capital does not emerge organically. It must be engineered. The Intelligence Capital Engine
is the enterprise operating system that converts Al experimentation into institutionalized economic
capability.

It performs three functions:

e Capture — retaining institutional memory from every success and failure.

o Refine — embedding intelligence into workflows through feedback and control.

e Compound — enabling each generation of intelligence to strengthen the next.

THE INTELLIGENCE CAPITAL ENGINE:

Enterprise OS converting Al experimentation into institutionalized economic capability.

1. CAPTURE
retaining institotional
memory from every
success and fallure. onti g
Al — == ! INSTITUTIONALIZED
EXPERIMENTATION ! ! . ' o/ i ECONOMIC CAPABILITY

5

Without an Intelligence Capital Engine, Al remains episodic. With it, intelligence is converted into
permanent capital.

© 2026 Visionary Future LLC. All rights reserved. 22
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VIII. Intelligence Capital Generators

Value is produced by Intelligence Capital Generators which house these Engines. An Intelligence Capital
Generator is an Al system that:

e Owns a defined business process.
® Retains memory and feedback.
e Operates under auditable control.

® |mproves its own unit economics over time.

Intelligence Capital Generators

Owns a defined Operates under
business process p . auditable control

Retains memory Improves its own unit
and feedback . economics over time

These are not pilots. They are not tools. They are process-owning intelligence assets. A portfolio of
Generators constitutes the enterprise’s Intelligence Capital stock.

© 2026 Visionary Future LLC. All rights reserved. 23
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IX. Portfolio Doctrine

Intelligence Capital must be governed as a portfolio of Intelligence Capital Generators. Most Generators
will fail, but a few will dominate returns, and the winners will more than repay the cost of the losers.

This is not inefficiency. It is the economic signature of every dominant capital transition. Enterprises that
understand this move from pilot theater to Intelligence Capital economics.

The "Universal Success Curve" suggests that the attrition rate from a raw idea to a commercial success is
nearly total (over 99%). Stevens & Burley (1997) is the definitive work.

Top of Funnel Innovation Failure Rates

Stage of Innovation Survival Rate Failure (Attrition) Rate Source / Study

Raw Idea to Success 0.03% 99.97% Stevens & Burley (1997)
Venture Capital Screening 0.5% —2% 98% —99.5% HBR (2023/24)

Concept to Prototype 25% 75% Rahul Goyal (2025)

Application of this to an innovation funnel suggests that we will have a portfolio of many experiments
(Intelligence Capital Generators), most of which statistically will fail.

"March of the 10,000"

Annual KPI's 5-Year Aggregate KPI's
2,000 Ideas 10,000
200 Pilots 1,000
| didn’t fail 10,000 times. MU
. S
| discovered 10,000 ways 30 100
not to make a light bulb . Products %

Thomas A. Edison

3-5 Exceptional Game-Changers

The power law returns distribution, however, says that the tiny fraction of IC Generators that succeed
will create exponential value creation across the overall portfolio.

© 2026 Visionary Future LLC. All rights reserved. 24



IMPERIAL
TRUSTED Al

Intelligence Capital is governed as a portfolio.

Most Generators will fail. A few will dominate returns.
The winners will more than repay the cost of the losers

("Power Law” of intelligence). This is the economic

signature of every dominant capital transition.

Moves the enterprise from pilot innovation theater to
Intelligence Capital economics.

Pilot Innovation
Theater

Theater to Economics

Intelligence Capital Economics

Intelligence Capital Manifesto

Winners more than repay

the cost of the

“Power Law" of
Intelligence

Economic Signature
of Capital Transition

losers

Returns & Value

Dominant

Winners

Number of Generators

Below is a table showing the main peer-reviewed empirical papers in the Gompers—Lerner tradition

that contain quantitative evidence on venture outcomes, together with what each implies about

“survival” or “success” in practice. It is important to note that none of these papers use a unified

definition of “surviva

fund-level performance. So this is a comparative evidence table, not a formal meta-analysis.

Study

Gompers (1995)

Gompers (1996)

Lerner (1994)

Gompers & Lerner (2000)

Kaplan & Schoar (2005)

Hall & Woodward (2010)

Puri & Zarutskie (2012)

794 firms; 2,143 rounds

350+VC-backed firms

>4,000 investments

Period

~1970s-1990

1972-1992

1978-1989

1987-1995

1980-2001

1987-2008

1981-2005

If we integrate the literature conservatively:

© 2026 Visionary Future LLC. All rights reserved.

Unit

Firms/ rounds

IPO firms

Firms

Deals

Funds

Firms

Firms

Outcome Metric

Continuationvs

termination across rounds

IPO timing & underpricing

IPO vs private/acquired

Valuationvs outcomes

IRR /PME

Exit outcomes

Survival vs failure

Empirical Evidence on VC-Backed Firm Survival & Success

Implied “Survival/ Succes:

~40%-50% discontinued
before late-stage
IPOsrepresent a small
minarity of VC-backed
firms

~15% reach PO

High attritionin “hot”
periods

<25% of funds beat public
markets

~25% positive exit; ~75%
zero/modest

VC-backed firms fail less
often but are fewer

Outcomes are proxied by IPO, acquisition, capital returned, continuation, or

Interpretation

Roughly half of VC-backed
firms fail before maturity

IPO is rare outcome
(<20% implied)
IPO-level “success™ is
uncommon

Many funded firms fail to
justify valuations
Majarity of VC portfolios
underperform

Strong evidence of power-
law survival

VC selects for higher
survival, but failures
remain large
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Early termination ~40%—-50%
No meaningful exit ~60%—70%
Positive exit (any) ~20%—30%
IPO-level success ~10%-15%
Outlier winners ~3%—7%

This is the closest thing to a cross-study “net survival rate” supported by the academic record.

Across multiple large-scale studies covering tens of thousands of firms and investments,
only about 20-30% of VC-backed ventures achieve a meaningful positive exit, with
IPO-level success limited to roughly 10-15%, and outlier returns concentrated in fewer
than 5% of firms.

Translating Venture Capital Learnings to Intelligence Capital Generators

If we take this data and apply it to the Intelligence Capital framework, we see a direct structural
mapping between the empirical venture-capital evidence and your Intelligence Capital (IC) Generator /
Engine framework, showing why extreme failure rates are not an anomaly but a necessary operating
condition of cognitive/knowledge-intensive capital systems.

© 2026 Visionary Future LLC. All rights reserved. 26
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Intelligence Capital and Venture Failure:

Why 70-80% Attrition Is a Feature, Not a Bug

1. Empirical Baseline (From the VC Literature)

Across large datasets (Gompers, Lerner, Kaplan, Hall, Puri):

Outcome Typical Rate

Early termination 40-50%
No meaningful exit 60-70%
Positive exit 20-30%
IPO / dominant winner 10-15%
System-defining outliers 3-7%

This pattern is stable over five decades, multiple countries, and different technology waves.

It is structural, not cyclical.

2. Why This Pattern Emerges in Intelligence Capital Systems
A. Intelligence Capital Is Non-Linear
Traditional capital:
Input — Output — Marginal Return
Intelligence Capital:

Input — Exploration — Learning — Network Effects — Optionality — Discontinuous
Returns

Most experiments cannot mature into scalable knowledge assets.
So attrition is inevitable.
Formally:

IC generation follows a power-law / Pareto / extreme-value distribution.
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This is what VC empirics are measuring.

B. Most “Projects” Are Really Probes
In IC systems, most ventures are not “firms.”
They are:

Hypothesis tests
Learning instruments
Data generators
Capability probes

Market-sensing devices

Their economic function is information production, not survival.

Failure = signal extraction.
Hence:

High death rate = high epistemic throughput.
C. Selection Pressure Creates Capital Efficiency

VC staging (Gompers 1995) mirrors IC governance:

Stage IC Function VC Analogue
Ideation Hypothesis space  Angel/pre-seed
Validation  Signal filtering Seed/Series A
Scaling Capitalization Growth/IPO

At each gate:

e Cognitive entropy is reduced
e Capital is concentrated
e Knowledge density rises

Attrition is how this filtering happens.

3. Intelligence Capital Generators: Portfolio Logic

Intelligence Capital Manifesto

Your IC Generators (labs, platforms, ecosystems, venture studios) behave like evolutionary systems.

© 2026 Visionary Future LLC. All rights reserved.
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They operate on:
Many low-cost mutations — ruthless selection — rare dominance
Mathematically, if you want:
® 1 system-level winner
You need:

® 20-30 partial successes
o 70+ failures
e Hundreds of probes

This matches the VC data.

4. Why “Low Failure” Means Low Intelligence Capital

Organizations boasting “90% Al success rates” are not high-performing.

They are:

Under-exploring
Over-optimizing
Path-dependent
Risk-averse

Learning-poor
They are running replacement economics, not IC economics.
Empirically:

Low failure — Low variance — No outliers — No compounding.

© 2026 Visionary Future LLC. All rights reserved.
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5. Intelligence Capital Engines: Where Value Accumulates

Failure happens upstream. Value compounds downstream. In IC Engines (platforms, networks, data
moats, institutional memory):

Component Function

Failed ventures Training data
Abandoned products  Design memory
Exited founders Talent pool

Dead models Architecture evolution
So “failed” ventures are absorbed into the Engine. They are not wasted. They are metabolized.

6. System-Level Economics: Why This Produces 100x Returns
Because IC returns obey:

E(Return) = Small N x Huge Impact

e 95% fail
® 4% succeed
e 1% dominates

Then, dominant node captures:

Network rents
Standards rents
Data rents
Coordination rents

Institutional rents

This is why Google, Visa, OpenAl-scale platforms emerge.

© 2026 Visionary Future LLC. All rights reserved.
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7. Mapping to Your Intelligence Capital Architecture

A. Generator Layer

Function Empirical VC Parallel

Exploration Angel/Seed
Hypothesis testing Early rounds
Rapid termination Write-offs
Knowledge capture Post-mortems

Failure rate: 70%+ = necessary.

B. Engine Layer

Function Empirical Parallel

Scaling Late-stage VC
Lock-in IPO
Institutionalization Platform dominance
Rent extraction Market power

Survival rate: 5-10%. But compounding is extreme.

8. Policy Implication: Why Governments Misread Innovation
Most governments try to:
Maximize “project success rate.”
Which destroys IC generation.
Optimal policy is:
Maximize learning velocity.

Which implies tolerating failure. VC markets accidentally discovered this. IC theory explains it.

© 2026 Visionary Future LLC. All rights reserved. 31
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9. Strategic Implication for Enterprises

For boards and CFOs:

Metric Replacement Econ IC Econ
KPI ROI Learning rate
Target  80% success 70% failure
Risk Minimize Optimize
Value Efficiency Optionality

Our framework formalizes this shift.

10. Synthesis: The Intelligence Capital Law of Attrition
From VC evidence + IC theory:

Any system generating scalable cognitive capital must sacrifice most experiments.
Formally:

IC Yield = f(Exploration Intensity x Failure Tolerance x Knowledge Retention)
Where:

e Exploration 1 — Failure T — Returns 1
® Suppression of failure — collapse of IC

Fifty years of venture-capital evidence show that only about 20-30% of ventures achieve meaningful
success and fewer than 10% become system-defining winners. Intelligence Capital theory explains why:
most ventures function as learning instruments rather than durable firms.

High attrition is not inefficiency—it is the mechanism through which cognitive capital is generated,
filtered, and concentrated into scalable engines of value. Entrepreneurial theorist Steve Blank
famously said that startups are ‘search engines for business models’. Intelligence Capital is the
ultimate realisation of this idea.

Below is a formal Intelligence Capital Yield Function (ICYF). It is written in the style of an applied
economic production function, grounded in the VC/innovation literature, but extending it into our
Intelligence Capital framework.
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The Intelligence Capital Yield Function (ICYF)

1. Purpose

The Intelligence Capital Yield Function formalizes how exploratory activity, failure, and institutional
learning are transformed into scalable cognitive-economic assets.

It explains why high failure rates are structurally necessary for high-value outcomes in
knowledge-intensive systems.

2. Core Definition

Let:
IC; = Stock of Intelligence Capital at time ¢
Y; = Economic yield generated from IC;

Then:

Y, = ®(IC)
where:

t
IC’t—/ G, A0 Ksds

0

and

3. Generator Function (Knowledge Production)
3.1 Intelligence Capital Generation

Gy =FE, x Fy x L,

Where:

Variable Definition

E; Exploration intensity (number, diversity, and novelty of experiments)

Fy Failure rate (proportion of terminated probes)

Ly Learning capture coefficient (fraction of failed/successful probes converted into

reusable knowledge)

© 2026 Visionary Future LLC. All rights reserved.
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Interpretation:

Intelligence Capital is produced by exploration multiplied by disciplined failure and

institutionalized learning.
If any term — 0, generation collapses.

3.2 Failure as Productive Input

Unlike classical production:

oIC
P >0 for F € (Fpin, Fopt)

Up to an optimal threshold:

Fyp ~ 0.6 — 0.8

Empirically consistent with VC data.

Beyond this:

oIC
oF

Chaos dominates.

4. Conversion Function (Selection & Amplification)

Not all generated IC compounds.

Define:
As = Selection efficiency
0s = Scalability factor
ks = Institutional retention rate
So:

t
IC’t—/ E,F,L A\ 0,k;ds
0

© 2026 Visionary Future LLC. All rights reserved.
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4.1 Selection Efficiency (A)
Measures ability to identify high-potential signals:

_ High-value signals selected

A=

Total signals produced

Low A = wasted experimentation.

High A = capital concentration.

4.2 Scalability Factor (9)

Measures how well insights can be industrialized:

0 — Addressable market x Network effects

Coordination cost

Without 6, IC remains local.

4.3 Institutional Retention (k)

Measures memory:

Knowledge retained

~ Knowledge generated

Low Kk = repeated failure.

High k = compounding.

5. Yield Function (Economic Conversion)

Economic output:

Y,=A-IC!
Where:
Parameter Meaning
A Market/institutional environment
B Nonlinearity exponent (8 > 1)
Empirically:

B~13-25

-> Superlinear returns.
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6. Full System Representation

Putting together:

t B
Y,=A (/ E.F,L )0,k ds)
0

This is the Intelligence Capital Yield Function.

7. Comparative Statics

7.1 Why “Efficiency” Kills IC

Traditional firms optimize:

min(F), min(F)

So:

IC =0
- No breakthrough.
7.2 Why Venture Ecosystems Win

VC systems maximize:

ET,FT,LT

with moderate A, 6, k.

> High IC.

7.3 Why Platforms Dominate

Platforms maximize:

- Exponential yield.
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8. Regimes of Intelligence Capital Production

Outcome
Bureaucracy Low Low Low Low Low Low Stagnation
Startup Hub High High Medium Medium Medium Low Volatility
Big Tech Platform Medium Medium High High High High Dominance
IC-Optimized High Optimal High High High High Compounding

9. Measurement Proxies (Operationalization)

Variable Proxy

E Experiments/year, pilots, patents
F Termination rate

L Post-mortem integration score

A Promotion rate of pilots

0 APl usage, platform adoption

K Knowledge reuse metrics

Y Market cap, productivity

10. Policy & Governance Implications

Governments
Maximize:
E-L-k
Not “success rate.”
Corporations
Target:
F ~ 0.65

in innovation portfolios.
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Investors

Optimize:

More than deal count.

11. Testable Hypotheses

H1: Organizations with (F \in [0.6, 0.8]) have higher long-run (Y).
H2: K mediates persistence of advantage.
H3: 8> 1 only when 6 > 6*,

H4: IC depreciation accelerates when K < K_min.

12. Executive Summary: Intelligence Capital Generator Yield Formula (ICGYF)

Y:A(/EXFXLX)\XHXndt)ﬁ

Value = (Exploration x Failure x Learning x Selection x Scale x Memory) ~ Power

The Intelligence Capital Yield Function

t
Y:Afo (ExFxLxAx0xk)" dt

Transforming Exploration, Failure & Learning into Scalable Value

IC GENERATION INPUTS

Exploration (E) Failure Rate (F) Learning (L)

Experiments & Diversity Productive Attrition Knowledge Capture

Selection (A) Scalability (6)
Efficient Filters Network Effects

Retention (k)

Institutional Memory

Amplification & Scaling

b 2

INTELLIGENCE CAPITAL YIELD

Exponential Returns Knowledge Moat

High Impact Exits Cumulative Advantage

Y =A(IC)?

Economic Output from Intelligence Capital
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In the Intelligence Capital Yield Function, “power” refers to the exponent B in the yield equation:
Y =A4-(C)
It is the parameter that determines how strongly Intelligence Capital compounds into economic value.

1. Formal Meaning
In standard production economics:

e IfB=1— linearreturns
e If B <1 — diminishing returns
e If B >1 — increasing (superlinear) returns

In our framework:
B measures the degree of cognitive—network amplification in the system.

It tells us whether accumulated intelligence merely adds value—or multiplies it.

2. Economic Interpretation in Intelligence Capital Terms

For Intelligence Capital systems:

B captures five structural forces:

B=f(N,D,S R,I)

Where:
Factor Meaning Example
N Network effects Platform ecosystems
D Data feedback loops ML model retraining
S Standards dominance Visa, TCP/IP
R Reputation/Trust Academic brands, certification

Institutional embedding Regulation, procurement

These create nonlinear reinforcement.
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3. Intuition: What 3 “Feels Like” in Practice

B =1 (Linear Intelligence)

“We get smarter, but only proportionally.

e Traditional consulting
® Classic R&D labs
® Bureaucratic innovation units

Growth is additive.

B = 1.2-1.4 (Weak Superlinearity)
“Some compounding, limited moat.”

e Strong mid-size tech firms
® Specialized Al vendors
® Regional platforms

We see scale benefits, but not dominance.

B = 1.5-2.0 (Platform Regime)
“Winner-take-most dynamics.”

e Big Tech platforms
e Payment networks
e Dominant data brokers

Small IC advantages snowball.
B > 2 (Systemic Control Regime)
“Runaway dominance.”

® Google Search (early 2000s)
e Visa/Mastercard networks
Core cloud infrastructure

Marginal IC — massive rent.

4. Why B Is Central to Our Thesis

Our core argument:
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Intelligence Capital is not valuable because it exists.
It is valuable because it compounds.

B is the mathematical representation of compounding advantage.

Without > 1, “Intelligence Capital” collapses into “better management.”

5. Relationship to Failure and Exploration

High failure portfolios increase IC stock. But only systems with high B can monetize it.

System Failure Rate 1C Stock B Outcome
Startup hub High High Low Volatility
Platform Medium High High Dominance
Corporate lab Low Low Low Stagnation

So:

Failure generates IC.
B determines who captures it.

6. How B Emerges (It Is Not Chosen)
Organizations cannot “set” 3. They engineer the conditions that produce it.
B rises when:

Learning loops are fast
Switching costs exist
Standards lock in

Data is proprietary

ik wnN e

Governance favors scaling

This is why most innovation programs never generate power.

7. Measurement Proxies (How to Estimate f3)

In practice, B can be inferred from:

A. Revenue vs Knowledge Stock
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_ logY¥; —logY;
~ log ICy — log IC

B. Market Share Elasticity

How much share increases per learning gain.
C. Marginal Return to R&D

When R&D returns accelerate, 3 > 1.
D. Network Density

Higher connectivity — higher .

Intelligence Capital Manifesto

8. Strategic Meaning

For boards and policymakers:

B answers: “If we get 10% smarter, how much richer do we get?”

€] +10% IC — Implication

1.0 +10% value No moat
1.3 +13% Weak moat
1.7 +18% Strong moat
20 +21% Dominance

9. Policy Implication

Governments often invest in E and L (exploration, learning). They rarely invest in 8. But  requires:

Interoperable platforms
Data governance
Standards leadership

Procurement scale

© 2026 Visionary Future LLC. All rights reserved.
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Without 3, public innovation leaks value.

Conclusion

In the Intelligence Capital framework, “power” () measures the degree to which accumulated
knowledge, data, and institutional advantage are converted into superlinear economic returns through
network, scale, and coordination effects.
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X. The New Competitive Divide
The Al economy will not be divided between companies that use Al and those that do not.
It will be divided between companies that:

e Generate Intelligence Capital systematically, and those that

e Consume Intelligence Capital produced by others.

The first group compounds advantage. The second group rents it. This divide will determine productivity,
profitability, labor relevance, and geopolitical power for decades.

XI. The CEO Doctrine

The CEQ’s role is no longer to oversee digital transformation. It is to govern the enterprise’s Intelligence
Capital strategy. Because in the Intelligence Capital economy:

e Strategy is Intelligence Capital generation.
e Operations are Intelligence Capital production.

e Advantage is Intelligence Capital compounding.

Enterprises that master this will dominate markets. Enterprises that do not will depend on those who do.

The CEO needs to steward a fluid labor market culture that can smoothly transition from IC Generator to

IC Generator as the portfolio rebalances

XIl. The Unified Explanation

A number of phenomena have recently emerged that people have viewed as separate. They are, in fact,
all part of the same structural transition in the economy:

Phantom job loss
Capital concentration
Al pilot failure
Productivity divergence

Valuation asymmetry

© 2026 Visionary Future LLC. All rights reserved. 44



¥RI\:IJ§TES::I AL Intelligence Capital Manifesto

but a feature. They are a necessary
workflows are reengineered into Fart of the experimentation and
automated learning systems,

reducing rellance on human labor for
productivity gains.

1. PHANTOM JOB LOSS ‘ 3. Al PILOT FAILURE
Structural break where GDP growth o - High failure rates (95%+) are not a bug
decouples from job creation. Core o Z s v e

; Z !

earning process, creating valuable
"negative knowledge" that refines
models.

4. PRODUCTIVITY DIVERGENCE

A widening gap in performance
between firms that effectively

leverage Intelligence Capital and those
that do not. Intelligence assets produce
recursive leverage, while traditional
labor produces linear gains.

2. CAPITAL CONCENTRATION

Investments flow disproportionately to oy,
entities that control Intelligence Capital .
generators. This fuels a "winner-takes-all"
dynamic, as those with the most effective
systems compound advantages.

5. VALUATION ASYMMETRY

The market begins to value companies
based on their future Intelligence Capital
¢ potential rather than current revenue or
¥ traditional assets, leading to massive
disparities in market capitalization.

They are all expressions of the rise of Intelligence Capital as the dominant factor of production.

XIIl. Final Doctrine

Al does not create advantage. Intelligence Capital does. The enterprises that generate it fastest will
define the next era of economic leadership.

We are not entering an Al economy.
We are entering an Intelligence Capital economy.

In that economy, advantage belongs to those who do not merely adopt intelligence, but generate it.
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Part B. Analysis and Discussion

The enterprises that generate Intelligence Capital fastest will define the next era of economic leadership.

Part | — Macro

Intelligence Capital and the Structural Break in the Global Economy

The global economy is undergoing a structural transition that cannot be explained by traditional
productivity, labor, or capital models. Growth continues. Employment does not. Investment accelerates.
Returns concentrate. The historical relationship between output and labor has fractured.

This is not a recessionary anomaly. It is the early signature of an Intelligence Capital economy.

The Structural Break

For more than half a century, economic growth and employment moved in tandem. Okun’s Law captured
this relationship with remarkable stability: rising GDP reliably produced rising employment. That
relationship has now inverted.

The Okun relationship is quite simple, and can be articulated as: for every 2% increase in GDP, there
should be a 1% decrease in unemployment.

Y -Y _
— =c(u—1u)
}7 = potential GDP

Y = actual output

c - factor relating changes in unemployment to
changes in output

U = actual unemployment rate
U = natural rate of unemployment
Source: Wikipedia

In 2025, both the United States and Europe experienced strong GDP growth with near-zero net job
creation. Applying historical labor absorption models reveals a “phantom job gap” of approximately:

e 19 million missing jobs in the United States

o 9 million missing jobs in Europe
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The Phantom Job Loss: Projected vs. Actual (2025)

Projected (Okun's Law)
20.0 mm Actual Employment Change

17.5

15.0

125

-19M
10.0 R

75

5.0

2.5

United States Europe

Jobs Growth/Delta (Millions)

Source: US BLS, Eurostat, Visionary Future analysis, Okun’s Law contrafactual

This is not a cyclical correction. It is a structural decoupling. Output is increasingly generated by
Intelligence Capital rather than human labor. If we extrapolate this trend out 10 years, we see 155 million
jobs in the US and Europe that should be created, that will fail to show up.

United States: The Efficiency Scissors Extrapolated to 2035

| GDP Growth (Capital)
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Source: U.S. BLS, Visionary Future analysis

Europe: The Efficiency Scissors Extrapolated to 2035

=g= Real GDP Growth (Capital)
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Source: Eurostat, Visionary Future analysis

See Appendix A (U.S.) and Appendix B (Europe) for more detail on these analysis, including source
citations. They represent the edge potential scenario. There are other, gentler scenarios, but the
directionality remains apparent.

Even a modest disruption holds the seeds of serious social upheaval, as the work of Turchin
(Cliodynamics, 2013) and others suggest.

Current Circumstances & the Economics of Revolution
For example, the 1979 Iranian case provides a historical warning for our 28 M "Phantom Jobs" model.

In 1970s Iran, the "Phantom Jobs" were over-hired public roles that vanished when the revenue model
(oil) was disrupted.

In our 2025 model, the "Phantom Jobs" are un-hired private roles that are vanishing because the labor
model is being disrupted by Al. In both cases:

1. Output vs. Labor: The economy learned it could technically function (or was forced to) without
that specific labor cohort.

2. The Grievance Gap: In 1979, the "educated jobless" became the primary engine of the
revolution. If our 28M figure is correct for 2025, the risk is not just economic inefficiency but
social instability—the "Grievance" variable you see in youth bulge theories.

According to the Brandeis University Middle East Brief, while university graduate
unemployment was nearly non-existent in the 1970s, it surged to over 19% in the following
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decades as the "educational mismatch" became permanent.

The 1979 Iranian case is more than a historical curiosity; it is a structural mirror to our 2025 "Efficiency

Scissors" thesis.

In both instances, we see a "Grievance Gap" where the economy's output (driven by Qil in 1979 and Al in
2025) decouples from the need for educated human labor, creating a class of "superfluous" intellectuals.

1. The Comparison: Structural Misalignment
While the causes differ (political revolution vs. technological evolution), the labor mechanics are
strikingly similar.

Feature Iran (1979-1980) USA & Europe (2025-2026)

The Catalyst Institutional Collapse: The The Efficiency Scissors: Al allows
state-led "Public Sector Sponge" firms to grow revenue without
failed as oil revenue distribution scaling headcount.
shifted.

Educated Youth Sudden Shock: From <1% Inflow Bottleneck: 13% decline in

Impact unemployment in 1976 to ~16% new-grad hiring in Al-exposed
post-revolution. sectors (Stanford/Dallas Fed).

The "Phantom" Over-hired Slack: Bureaucratic Un-hired Slack: Jobs that should

Nature jobs existed on paper but exist based on 2022 growth models
produced zero marginal value. are now "ghost roles" or

automated.

Social The Revolutionary Engine: The The 2026 Resentment: A surge in

Consequence "educated jobless" became the "under-employment" and
primary agitators for regime debt-laden graduates in
change. "waithood."

2. The 2025 "Inflow Bottleneck" (Stress Test Evidence)
Critics argue our claims about Al productivity are anecdotal. However, current 2025-2026 data shows
the impact isn't in layoffs (the "Outflow") but in non-hiring (the "Inflow").
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e The Stanford/Dallas Fed Data (Jan 2026): Workers aged 22-25 in "high Al-exposure"
occupations (coding, analysis, design) have seen a 13% decline in employment since 2022.

e The Job-Finding Rate: For young labor market entrants in high-Al fields, the job-finding rate has
dropped by over 3 percentage points since late 2023. This is the "Phantom" effect: the jobs
aren't being destroyed; the door is simply being locked for the next generation.

3. The "Intelligence Capital" Paradox
In 1979, Iran had a surfeit of graduates and a shortage of roles that weren't tied to state patronage. In

2025, the US and europe have a surfeit of cognitive talent and a shortage of entry-level roles that aren't
tied to Al-enhanced workflows.

The "Waithood" Indicator

Sociologists used the term "Waithood" to describe the Iranian youth of the late 20th century—a
prolonged period of being "stuck" between school and adulthood because of economic exclusion.

e 2025 Parallel: Our 28M "Phantom Jobs" figure is the quantitative measure of Waithood.
Revenue-per-Employee: PwC's 2025 Barometer shows Al-exposed industries have 3x higher
revenue growth per worker. This proves companies are "doing more with less," which validates
our 89% Al-driven structural factor.

Economic Stress Test Conclusion: Our 28M figure is likely accurate as a measure of
Economic Potential vs. Labor Utilization. The "Phantom" jobs are the human capacity that
the market has decided it no longer needs to pay for to achieve its current output levels.

Analyzing the Grievance Variable reveals that while the 2025 economy looks vastly different from 1979
Iran on the surface, the underlying "structural betrayal" of the educated youth is strikingly similar.

In both cases, a generation invested in high-level "Intelligence Capital" (education/specialized training)
only to find the "return on investment" canceled by a systemic shift—oil-state collapse in 1979 and
Al-driven "Efficiency Scissors" in 2025.
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1. The Debt-to-Income (DTI) "Trap"

In 1979, Iranian youth were largely debt-free but faced high inflation. In 2025, US youth face a
Debt-to-Income crisis that effectively creates a state of "financial paralysis."

Metric Iran (1979) USA (2025/2026)
Education Debt Virtually Zero (State-funded) $1.67 Trillion total; Avg. $37,400 per
borrower.

DTI for Grads Low (Assets were the High: For certain majors, debt is 154%
bottleneck) of first-year salary.

Entry-Level Patronage/ldeology The Al Bottleneck: Entry-level roles

"Gate" dropped 13% (2025).

Grievance Factor Political Exclusion Economic Exclusion: The "Phantom"

Job phenomenon.

The "Waithood" Comparison

e Iran 1979: Youth remained in "waithood" because the state could no longer fund the
bureaucracy. This idle intelligence became the catalyst for the revolution.

® 2025: Graduates are in "waithood" because Al-driven efficiency has raised the "entry bar" so
high that junior roles are being bypassed. The New York Fed reported in Q3 2025 that 41.8% of
recent graduates are underemployed—the highest level in five years.

2. Why the 28M "Phantom Jobs" Fuel the Grievance
The 28M figure represents the Unfilled Promise of the modern economy.

e The Ghost Job Economy: In late 2025, job openings exceeded actual hires by 2.2 million
monthly. Analysts call these "Phantom Menace" jobs—postings that companies keep online to
project strength but have no intention of filling.

e Interest Rate Shock: Federal student loan rates jumped to 6.53% for the 2025/26 cycle, a 138%
increase in five years.

Economist's Stress Test: The "Grievance" is higher in 2025 USA because the debt is
individualized. In 1979 Iran, the failure was seen as the State's; in 2025 USA, the "Phantom
Job" market makes youth feel the failure is personal, creating a more volatile, fragmented
social tension.
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3. Structural Conclusion: The "Intelligence Surplus"

The 28M phantom jobs are the quantitative proof of an Intelligence Surplus that the current capital
structure cannot (or will not) absorb.

1. Iran 1979: The surplus was absorbed by a bloated public sector until it popped.
2. USA & Europe 2025: The surplus is being ignored by an Al-optimized private sector.

The "Grievance" in 2026 is driven by the fact that Output is up, Corporate Revenue is up, but the Human
Inflow is frozen. Our "Efficiency Scissors" are cutting the cord between the middle class and the next
generation.

Stability Risk Mapping the U.S.

For example, we can create a Stability Risk Map to specify where the "Intelligence Capital" surplus, 19M
Phantom Jobs, is most concentrated and most likely to catalyze social grievances in 2026.

We measure risk by intersecting three variables: Al Job Exposure (The Efficiency Scissors), High Student
Debt (The DTI Trap), and Youth Underemployment (Waithood).

1. 2026 Stability Risk Map: High-Stress Corridors

Risk Level Representative States Primary Grievance Driver 2026 Stress Signal
Critical New York, California, The Structural Wall: High exposure "Brain Waste": Largest
New Jersey to Financial/Tech Al. downward BLS payroll
Underemployment for recent grads revisions are coming
in NYC/LA exceeds 20%. from these "elite" hubs.
High Massachusetts, District of The Debt-Credential Gap: High cost Waithood: Record
Columbia of education vs. 45% drop in number of PhD/Masters
"entry-level" tag for job ads (Q1 holders in the gig
2025). economy.
Moderate Texas, Georgia, Arizona The Infrastructure Pivot: Growth in Sectoral Split: Strong
Al data centers/chips is creating GDP growth but negative
blue-collar jobs but "phantomizing" "Sentiment" among
white-collar entry roles. educated youth.
Low South Dakota, Vermont, The Lag Benefit: Lower Al exposure Traditional Labor: Higher
Maine in core industries (Ag/Tourism) labor force participation

means the "Efficiency Scissors"
haven't closed yet.

for 18-24s.

2. Key 2026 Evidence: The "Intelligence Surplus"

The data supports our 19M job gap as a measure of Economic Displacement rather than a traditional
recession.
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e The Inflow Freeze: As of January 2026, 66% of enterprises report reducing entry-level hiring
specifically due to Al integration (IDC). In "Knowledge Hubs" like Massachusetts, this has created
a bottleneck where 2025 graduates are competing with "deferred" 2024 graduates for a
shrinking pool of non-automated roles.

e The Debt Catalyst: With student debt forgiveness stalled in 50+ state bills as of early 2026, the
Grievance Variable is tied to the "Individualized Failure" mentioned earlier. Unlike 1979 Iran,
where the state was the clear enemy, US youth in 2026 are experiencing "Economic
Gaslighting" —being told the economy is at record highs while they are personally excluded.

e The Geography of Discontent: California and New York currently have the highest
unemployment rates (5.5% and 4.6% respectively) and the highest "Legal Risk" for Al, as they
attempt to regulate the very tech that is "phantomizing" their tax base.

3. Stress Test Conclusion: Why the "Phantom" is Real

Our critics' "immigration policy" argument fails to explain why Computer Science unemployment
(6.06%) and Information Systems underemployment (28.45%) are rising simultaneously with
record-high Al investment.

The 19M jobs are not "missing" workers—they are Efficiency Dividends that are being captured by
capital (Nvidia/Microsoft/Alphabet) instead of being distributed as wages to the next generation of
Intelligence Capital.

Economic Forecast: If the "Efficiency Scissors" continue to decouple output from labor, the
19M "Phantom Jobs" will transition from a statistical anomaly to a political movement by
the 2026 Midterms.

Comparison of Current-day Circumstance to 1917 Russia

In 1917 Russia, much like our 1979 Iran vs US/EUR 2025 models, the "unemployment" of the educated
youth was less about a lack of work and more about a total collapse in the marginal utility of their
specific Intelligence Capital.

The Russian case provides the "Endgame" scenario for our Efficiency Scissors theory: when the
elite-educated class can no longer find a place in the economic structure, they don't just become
"unemployed"—they become the architects of a new system.

1. The Paradox: Shortage of Labor, Surplus of "Intellectuals"

In 1917, Russia was in the grip of WWI. There was an absolute shortage of physical labor
(peasant-soldiers), but an absolute surplus of urban, educated youth (the Intelligentsia) whose skills
were decoupled from the wartime economy.

e The "Phantom" Bureaucracy: Much like the 1970s Iranian "Public Sector Sponge," the Tsarist
regime had over-produced a class of clerks, lawyers, and students. When the war bankrupted
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the state, these "jobs" became phantoms overnight.

e The Unemployment Spike: By mid-1917, after the February Revolution, industrial output
collapsed by 40%. In Petrograd alone, unemployment for white-collar workers and skilled labor
jumped from negligible levels to over 15% as the administrative heart of the Empire stopped

beating.
Structural Breakdown: 1917 Russia vs. 2025 USA
Metric Russia (1917) USA (2025)
Primary Total War/State Collapse: Al Efficiency Scissors: Entry-level
Driver Administrative roles vanished as the cognitive roles are vanishing as
Tsarist state ran out of money. companies run on "Agentic
Workflows."
Educated The Intelligentsia: Highly educated, The "Phantom" Grads: High
Cohort deeply indebted (socially/politically), debt-to-income (DTI), high Al
and economically excluded. exposure, and "Waithood."
Grievance Irrelevance: The state didn't need Redundancy: The firm doesn't
Source lawyers; it needed bread and soldiers. need junior analysts; it needs a

GPT-5 enterprise license.

2. The "Intelligence Capital" Disconnect

The 1917 Russian youth faced a specific type of "Phantom Job" crisis. They were educated for a
19th-century European-style bureaucracy that was being incinerated.

e Education without Entry: University enrollment had doubled in the decade leading up to the
revolution. However, the private sector remained tiny. The "Efficiency Scissors" in 1917 was the
State’s inability to absorb the Intelligence Capital it had created.

o The Radicalization Metric: The "educated jobless" did not go home to wait for the market to
recover. They joined the Soviets. Trotsky and Lenin were effectively the leaders of the 1917
"Phantom Workers."

3. Stress Testing the 19M: The "Revolutionary Threshold"

Our 19M figure in 2025 represents 89% Al-driven structural loss. In 1917 Russia, the "structural loss"
was driven by Imperial Obsolescence.
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1. The "Efficiency" of the Soviet: The Bolsheviks argued that the "Phantom" jobs of the old
bureaucracy were parasitic. They promised a new "Efficiency" (Central Planning).

2. 2025 Parallel: Critics say Al is "anecdotal." The Tsarist ministers also thought the student protests
were "anecdotal" until the "Phantom Workers" (the students and the disaffected garrison) took
the Winter Palace.

Economic Insight: The common thread between 1917 Russia, 1979 Iran, and 2025 USA is
the Intelligence Overhang. When a society produces more "Intelligence Capital" than its
economic engine (Oil, War, or Al-Automated Business) can provide high-status roles for, the
surplus "intelligence" turns toward systemic disruption.

This Tri-Era Cohesion Stress Test benchmarks the "Grievance Breaking Point" across three distinct
collapses of Intelligence Capital. By adding the 2025 European graduate, we see a unique "Stagnation
Trap" that differs from the American "Debt Trap" and the Russian "State Collapse."

While the US graduate deals with the Efficiency Scissors of Al, the European graduate is being squeezed
by Energy-Driven Deindustrialization and a rigid labor market that prioritizes "insiders."

1. The Cohesion Stress Test (1917 vs. 2025)

Metric Russia (1917) USA (2025) Europe (2025)
Core Grievance Existential: Bread and Structural: The "Phantom Stagnant: The "Ceiling
Peace. Job" (The 19M Gap). Effect" (Low Mobility).
Purchasing Power Collapsed: Eroding: Housing/Insurance Compressed: High energy
Hyperinflation; a ruble costs outpace Al-stagnated costs + "Junior" wages
was worth $S0S in real wages. capped by social tax.
terms.
The "Intelligence The Red Guard / The Gig Economy / Radical Parental Subsistence: 40%
Sink" Soviets. Digital Subsistence. of grads in
Southern/Central EU living
at home.
Grievance Trigger The Bread Riot. The Debt Default: When DTI The "Exit" (Brain Drain):
prevents life-milestones High-tier talent moving to
(Home/Family). the US or UAE.

2. The European "Intelligence Capital" Paradox

In 2025, Europe faces a "Double Scissors" effect. Not only is Al automating entry-level cognitive tasks
(much like in our 19M US model), but the Energy Crisis of 2024-2025 has led to a structural decline in
the industrial sectors that usually absorb "technical" intelligence.
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e The 2025 EU Phantom Jobs: In Germany and France, "Short-time work" (Kurzarbeit) schemes
mask the fact that thousands of roles are now structurally redundant due to Al.

e The Stability Risk: Unlike the US, where the grievance is aggressive and debt-driven, the
European grievance is apathetic. The "Stability Risk" here isn't a revolution in the streets (1917
style), but a demographic and economic hollow-out.

3. The Breaking Point: Cost of Living vs. Status

The "Grievance Breaking Point" occurs when the Cost of Living Index exceeds the Status Utility of an
education.

1917 Petrograd: Status was high, but Col was "infinite" (starvation). Result: Violent Revolution.
® 2025 USA: Status is high, but ColL is "Debt-Locked." Result: Radicalization of the "Phantom
Worker."
e 2025 Europe: Status is diminishing (graduates doing non-grad work), and Col is high due to
energy. Result: Sustained Social Decay/Political Polarization.

4. Stress Test Conclusion for Our 19M Thesis

Adding the European data validates the "Efficiency Scissors" as a global phenomenon, but it highlights
that the Grievance is highest in the USA because of the Debt Multiplier. The 19M Phantom Jobs in the
US are more "dangerous" than the underemployed youth in Europe because the American graduate is
financially underwater while being economically ignored. In Russia 1917, the youth had nothing to lose;
in 2025 USA, the youth have a "negative" net worth—which is arguably a more potent fuel for systemic
stress.

This Cohesion Stress Test adds a crucial dimension to the 19M Phantom Jobs theory: the Political
Breakpoint. When Intelligence Capital is "un-hired" by the private sector and "un-supported" by the
state, it gravitates toward populist poles.

In 2026, we are seeing a massive realignment. While 1917 Russia saw a pivot to the Radical Left
(Bolshevism), the 2025-2026 "Phantom Generation" in the US and Europe is pivoting toward Populist
Conservatism and Right-Wing Anti-Establishment movements.
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1. Tri-Era Cohesion Stress Test: The Political Realighment

Metric

Youth Political Pole

The "Phantom"
Grievance

Institutional Trust

Target of Anger

Russia (1917)

Radical Left
(Bolsheviks): Demand
for state-run total
equity.

State collapse/War
debt.

0%: The Tsar was
viewed as divine; then
as a traitor.

The Monarchy /
Aristocracy.

USA

(2026 Midterm Outlook)

Populist Right (New
MAGA): 18-point net
swing among young men
toward GOP (2024-2025).

DTI/AIl Bottleneck:
"Phantom" jobs for
graduates.

Low/Declining: Only 72%
of youth say democracy is
"important" (down from
78% in 2021).

"The Machine":
Universities, Al Tech
Giants, and Federal
Bureaus.

2. Europe 2025-2026: The "Right-Wing" Youth Wave

Intelligence Capital Manifesto

Europe
(2025/2026)

Nationalist Right: AfD is #2 for
voters 16-24; RN (France) has
160k+ members.

Stagnation/Energy: High costs +
no "high-status" growth.

Polarized: High distrust in
EU/National institutions due to
"energy poverty."

"The Elite": Brussels bureaucrats
and "Woke" cultural policies.

The data refutes the idea that youth are "naturally progressive." In the 2025 German federal elections

and French snap-polling for 2026, the Alternative for Germany (AfD) and National Rally (RN) have

become the dominant voices for the "Intelligence Surplus."

e The Status Loss Fear: Young Europeans, specifically men, are using right-wing populism as a

shield against "Status Loss." They see the 19M Phantom Jobs phenomenon as a direct result of

globalist policies that prioritize green energy and immigration over domestic "Intelligence

Capital" utilization.

e The AfD Surge: By late 2025, the AfD reached 26%-39% in various German regional polls, driven

heavily by voters under 30 who feel "abandoned" by the traditional conservative-left coalitions.

e The RN Landslide: Marine Le Pen’s party (RN) has successfully framed itself as the "Party of the

Future" for French youth, focusing on "purchasing power" and "national dignity" to counter the

Al-driven job freeze in the service sector.
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3. USA 2026: The "Grievance Gap" in the Midterms
Our 19M Phantom Jobs figure is the "Ghost in the Machine" for the 2026 Midterms.

e The Gender Chasm: There is a widening chasm. Young men (18-29) are swinging toward
Trumpian populism (+12 Republican preference), viewing the "Efficiency Scissors" as a systemic
bias against traditional career paths.

o The Democratic Advantage (Fragile): While Democrats still lead in overall youth support (46%
to 29%), this is driven by "caution" rather than "enthusiasm." The Harvard Youth Poll (Fall 2025)
shows that 70% of struggling young people say democracy is "in trouble or failed."

Economist's Stress Test: The "Phantom Workers" of 2026 are not looking for a "New Deal";
they are looking for a "De-Complexification." In 1917, the Bolsheviks simplified the world

into "Proletariat vs. Bourgeoisie." In 2026, populists are simplifying the world into "The
Real Economy (People) vs. The Virtual Economy (Al/Elite)."
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Comparative Summary: Structural Stress and “Intelligence Surplus” Across Four Eras

Dimension

U.S. (2025-2026)

Europe (2025-2026)

Iran (1979)

Russia (1917)

Primary Structural
Driver

Nature of “Phantom
Jobs”

Educated Cohort
Profile

Labor Market Shock

Debt / Financial
Constraint

Purchasing Power
Trend

“Intelligence Sink”

Core Grievance

Grievance Trigger

Institutional Trust

Political
Realignment

Elite Target of Anger

Absorption
Mechanism for
Surplus Intelligence

Outcome Trajectory

Al “Efficiency Scissors”:
revenue growth without
hiring

Un-hired/automated
entry-level cognitive
roles

High debt, high Al
exposure, prolonged
“waithood”

Inflow freeze: ~13%
decline in new-grad
hiring

Severe: high DTI,

negative net worth

Eroding (housing,
insurance, debt service)

Gig economy, digital
subsistence

Economic exclusion +
debt lock-in

Inability to achieve life
milestones

Low and declining

Populist /
anti-establishment
rightward shift

Tech firms, universities,
federal bureaucracy

Largely absent (private
sector ignores surplus)

Fragmented
radicalization, electoral
volatility

Al automation +
energy-driven
deindustrialization

Masked redundancy
(Kurzarbeit, rigid labor
markets)

Credentialed but trapped in

low-mobility system

Structural stagnation,
limited new pathways

Moderate: high taxes,
housing/energy costs

Compressed by energy and
taxation

Parental support,
underemployment
Status stagnation + cost

pressures

Persistent low mobility

Polarized, EU/national
distrust

Nationalist / populist right

Brussels, national “elites,”
cultural liberalism

Weak (rigid institutions)

Demographic hollowing,
polarization
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Collapse of oil-funded
public sector

Over-hired,
low-productivity
bureaucracy

Educated, politically
excluded,
state-dependent

<1% — ~16% graduate
unemployment

Minimal education
debt

Eroded by inflation

Revolutionary
networks, clerical
activism

Political exclusion + job
collapse

Collapse of
patronage/state
funding

Collapsing legitimacy
of monarchy

Islamist-revolutionary
mobilization

Shah’s regime,
Western-aligned elites

Temporary
public-sector
absorption

Systemic revolution
(1979)

Total war + state fiscal
collapse

Obsolete
clerical/bureaucratic roles

Intelligentsia detached from
wartime economy

White-collar unemployment
>15% (1917)

Limited formal debt; social
indebtedness

Collapsed (hyperinflation,
shortages)

Soviets, Red Guard,
revolutionary cells
Irrelevance + material

deprivation

Bread shortages + war fatigue

Near-zero after 1916-17
failures

Radical left (Bolshevism)

Aristocracy, monarchy,
bourgeoisie

Failed state absorption

Violent regime overthrow
(1917)
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Cross-Era Structural Pattern (from the Evidence)
Across all four cases, the document identifies a recurring mechanism:

1. Overproduction of “Intelligence Capital”
— Expansion of higher education or technical skills.
2. Collapse or Transformation of the Absorbing System

— Oil state (Iran), Imperial bureaucracy (Russia), Al-optimized firms (US/EU), energy shock (EU).

3. Emergence of “Phantom” Labor
— Jobs that either never materialize (US/EU) or vanish suddenly (Iran/Russia).
4. Grievance Internalization Path
o Iran/Russia: Failure attributed to the state — collective revolt.
o US/EU: Failure individualized via debt and meritocracy — fragmented radicalization.
5. Political Rechanneling of Surplus Intelligence
— Educated but excluded cohorts become system challengers.

Key Differentiating Factor
The document highlights one decisive difference:
Debt Structure

e Iran/Russia: Low personal debt — grievances externalized (state blamed).
e U.S.: High personal debt — grievances internalized — volatile, atomized politics.
e Europe: Lower debt but high living costs — slow decay rather than rupture.

This makes the U.S. case structurally more unstable than Europe’s, despite similar Al pressures.

Strategic Interpretation
Based on the evidence:

1917 Russia = Collapse + War — Revolutionary Reset

1979 Iran = Rentier Failure — Ideological Revolution

2025 Europe = Stagnation — Demographic & Political Erosion
2025-26 USA = Al + Debt — Fragmented Populist Realignment

The U.S. trajectory most closely resembles a financialized version of the Russian-Iranian “intelligence
overhang,” but with:

e private-sector displacement instead of state collapse, and
e debt replacing hunger as the mobilizing constraint.

Intelligence Capital Manifesto
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The Rise of Intelligence Capital as the Dominant Factor of Production
Every major economic transition introduces a new dominant factor of production:

e The industrial era was defined by physical capital.

e The information era was defined by digital capital.

e The Al era is defined by Intelligence Capital.

Intelligence Capital is not automation. It is not software. It is institutionalized cognition — intelligence
embedded in systems that own processes, retain memory, and improve their own economic
performance over time.

As Intelligence Capital expands, enterprises no longer need proportional increases in labor to grow
output. The enterprise itself becomes a cognitive system.

This is why productivity can rise while employment stagnates. Intelligence Capital is absorbing the
marginal contribution that labor historically supplied.

The Phantom Job Phenomenon

The so-called “phantom job loss” is not mass unemployment. It is the absence of job creation that
historically would have occurred.

Companies are not firing at unprecedented rates. They are simply no longer hiring at historical growth
ratios. Intelligence Capital is doing the work before the job is created.

This produces a dangerous illusion: stability on the surface, structural displacement underneath.

Why This Is Not a Bubble

Critics point to high Al investment, high pilot failure rates, and concentrated returns as evidence of a
speculative bubble. History suggests the opposite. Every major technological transition exhibits:

e High experimentation

e High failure rates

e Capital concentration

e Winner-take-most outcomes
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The early automobile industry, television manufacturing, personal computing, and the internet all
followed this pattern. Intelligence Capital is no different.

A 95% failure rate in Al pilots is not a warning sign. It is the expected cost of discovering the architectures
that generate Intelligence Capital.

Capital Markets Are Correctly Pricing Intelligence Capital

At this writing in February 2026, the ‘Magnificent 7’ stocks of NVDA, GOOG, AAPL, TSLA, AMZN, MSFT
and META are valued collectively around $21 trillion. Visionary Future analysis places a base case
valuation in 2033 at $52.8 trillion (based on UNCTAD estimates of $4.8 trillion of Al revenue in 2033) and
an upside valuation at ~S80 trillion. Some would say this is too conservative. It’s becoming difficult to
forecast because of the structural disruption of the global economy; an economic forecaster in 1892
attempting to understand the world of 1985 (or 2005) would struggle likewise.

The base case forecast for the Mag7 group implies a price appreciation CAGR of 13.85%. For you to be a
buyer of the Mag7 stocks at this price, you only need to believe they will grow only somewhat faster
than the historic growth rate of the S&P 500 (10.3% for the period 1996-2025). Currently, the Mag7 are
growing much faster (2021-2025 revenue CAGR of 14%).

If anything, some might argue the Mag7 are undervalued today.

Capital expenditures of the hyperscalers, likewise, has been roundly criticized. Even with the old-line
depreciation of hardware and the rapid obsolescence of NVIDIA chips in the face of ever-improving
performance of systems, what appears to be excessive capital expenditure is in fact rational positioning
for control of Intelligence Capital infrastructure. Every market share gain of today accumulates not only
market position and ‘stickiness’ with user behavior, but also raw intelligence capital assets that
themselves begin to compound rapidly.

Investors are not paying for today’s products. They are paying for tomorrow’s Intelligence Capital
dominance.

Private capital markets are now more than twenty times deeper than in the dot-com era. That depth
enables the underwriting of long-horizon Intelligence Capital accumulation. The capex of the private
hyperscalers (OpenAl and Anthropic in particular) are rational in the face of the Intelligence Capital gains
they are and will continue to harvest.

This is why valuation concentration in hyperscalers and Al platform companies is not an aberration. It is
the early financial manifestation of Intelligence Capital compounding.

Intelligence on Demand

As an aside, we predict that at some point in the next 3 to 10 years, we predict the hyperscalers may spin
off their data center assets into standalone businesses. That is purely a financial engineering exercise,
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rather than a supposed admission of failure. The dynamics of the physical-asset world are different than
then digital-only world, and ownership of physical infrastructure may no longer make sense as the
hyperscalers transcend into new heights of valuation and market dominance.

We tend to favor the view, shared by many, that within a decade we will see a ‘distributed intelligence’
architecture, where the Intelligence Capital Generators are able to float through the ether independently
of any specific hardware platform, seeking intelligence on demand whenever they need to access
compute.

This does not, however, mean that we believe that open source intelligence will become the dominant
mode. We continue to believe that while open source will have a role to play in the coming world, that in
this regard Intelligence is no different than any other type of software-driven asset, and that
closed-source SOTA systems will command a premium and own the supermajority market share of the
Global 2000, much as certain members of the community fervently wish for otherwise to be true. Since
1985, when open source was introduced, in every single wave we have seen that open source invites
more participants into the market, broadening the base of the pyramid, rather than cannibalizing
meaningful market share from the closed source world.

The only example that has been offered to this author has been the enterprise server market for
operating systems. We will describe briefly why this does not invalidate the thesis.

Why Enterprise Servers Don’t Undercut the Argument

Linux servers illustrates a boundary condition—a case where open source wins when cost sensitivity,
modularity, and weak lock-in dominate the value equation. The server OS market had three unusual
features: (1) OS Value Was Already Commoditized. By ~2000, feature such as Kernel stability,
Networking, File systems and Process management were already indistinguishable. Operating systems
had diminishing marginal returns. There was little scope for “premium OS differentiation.” So Linux
didn’t undercut innovation—it undercut a commodity layer. Accordingly (2) Buyers Optimized for TCO,
Not UX. Enterprise buyers cared about:

Factor Importance

Reliability Very High
Cost Very High
Customizability High
Ul / Polish Low

Brand Low
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Linux was superior on License cost (zero), Customization, Hardware flexibility and Automation, so it won
on economic fundamentals. (3) Weak Lock-In on Servers. Unlike desktops, these enterprise OS servers
had No user habits, No file-format lock-in, No “app ecosystem” moat, No training costs, and a sysadmin
could switch OSes with scripts, so Microsoft had little defensibility.

It begs the question, was Windows Server low margin? Not exactly “low-margin”—but low strategic
leverage. Microsoft’s margins were fine. The problem was ecosystem control.

If we look at Windows Server economics:

Dimension L 14Y

Gross margin High
Strategic moat Weak
Platform leverage  Declining

Switching cost Low

And then we compare to desktop Windows:

Dimension Desktop

Lock-in Extreme
Network effects Massive

App dependency Total
Distribution control Near-monopoly

So Microsoft rationally prioritized where power lived. By 2014-2016, Microsoft accepted reality. They
pivoted:

® Azure
® Linux on Azure
e Open-source .NET

e GitHub acquisition
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Today:

Azure runs more Linux than Windows. The strategic shift by Microsoft was quite
sophisticated, and looked to capture value above OS layer.

Conditions for Open Source Dominance

Linux succeeded because all five of the following conditions were true:

Condition Servers Typical Market
Core layer commoditized 4 X
Low UX importance _I X
Low switching cost 4 ) ¢
Modular architecture 4 ) ¢
No strong network effects 4 ) ¢

When all five factors align, open source can dominate. This is rare. Enterprise servers weren’t a “failed
example” of open-core economics. They were an example of what happens when software becomes
pure infrastructure. And infrastructure always gets commoditized.

If we examine this through an Intelligence Capital lens, servers are a low cognitive yield layer

e No learning advantage

e No compounding advantage

e No data flywheel

o No behavioral moat
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So returns collapsed. Microsoft abandoned “infrastructure capital” and moved to:

e Cloud platforms
e Developer ecosystems
e Alservices

e Productivity suites

This places them into high compounding cognitive capital. Linux didn’t beat Microsoft. Commoditization
beat rent extraction.

With respect to foundation and frontier models:

Let’s map from “Linux displaced Windows Server” to open-weights vs closed foundation models, using
the same boundary-conditions logic (commoditization, switching costs, moats, and where the rents
actually sit).

1) The core analogy

Servers (then)

Linux = open, good-enough (often better), cheap, composable

e Windows Server = licensed, integrated, “vendor platform” play
Outcome: open displaced closed at the OS layer because the OS became commodity
infrastructure.

Foundation models (now)

e Open-weights models (e.g., Meta Llama, Mistral open releases, DeepSeek open releases)
expand participation and enable local deployment. (Meta Al)

o Closed models (e.g., OpenAl frontier via API) concentrate performance, reliability, governance,
and product integration. (QpenAl)

The question is: Is the “model layer” becoming commodity infrastructure (Linux/server OS), or staying
a differentiated product (Windows/desktop)?

2) When open weights displace closed models (Linux outcome). Open wins when the “model layer” is
treated like infrastructure, and these conditions hold:
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A) Performance is “good enough” for most workloads. Once most enterprise use cases are satisficed by
open models, the marginal value of frontier models collapses.

B) Switching costs are low. If apps talk to an “LLM abstraction layer” and prompts are portable, model
switching becomes like changing distros.

C) The moat is not the weights, but the ops. If the real enterprise pain is:

deployment,
latency,
compliance,
observability,

red-teaming,
then the premium shifts to managed services + support, the way RHEL monetized Linux.

D) Local deployment is a “must”. Regulated industries + sovereignty + IP protection drive self-hosted
demand. Open weights dominate by default here.

Translation: if the model becomes “just another dependency,” open weights can do to closed LLMs what
Linux did to Windows Server.

3) When open weights expand the market but don’t cannibalize (the usual hypothesis). Open broadens
the base without displacing the premium when the premium is protected by non-commoditizable
advantages:

A) Frontier capability matters economically. If top models reliably unlock:

materially higher conversion,
fewer hallucinations,
stronger reasoning,

better tool use,
then enterprises pay, even if open exists.

B) The product is more than the model. Closed providers can bundle:

orchestration,
evals,

safety tooling,
enterprise identity,
integrated agents,
audit logs,

SLAs,
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and win on “total system” (not raw weights). OpenAl’s pricing structure and managed offering
are explicitly built around this value stack. (OpenAl)

C) Data/network effects are real. If training data, feedback loops, and post-training pipelines compound
into a durable gap, open has a harder time “catching up.”

Translation: open weights become the “Linux of experimentation,” while closed models are the
“Bloomberg terminal” —expensive, but mission-critical.

4) A crucial wrinkle: “open weights” # “open source”. A lot of what the market calls “open” is actually
open weights with license constraints (e.g., restrictions on using outputs or model components to train
competing models, depending on license/version). (Llama)

That matters because true “Linux-like” displacement requires:

® permissive reuse,
® broad commercial rights,
e |ow legal friction.

Mistral has explicitly pushed permissive Apache 2.0 releases for multiple models, which is much closer to
the Linux dynamic. (Mistral Al)
DeepSeek has also released models and distilled models under MIT terms per its own release notes.

(DeepSeek API Docs)

So the cannibalization risk is highest where licensing is most permissive.

5) The likely market structure (what “actually happens”). Most plausible equilibrium is bifurcation, not
winner-take-all:

Segment 1: Regulated / sovereign / embedded / cost-sensitive

e prefers open weights (or on-prem managed open)
e pays for hardening, support, certification
e analogous to Linux in servers

Segment 2: Frontier-dependent / product-integrated / speed-to-market

e pays for closed via API
® wants SLAs, best-in-class reasoning, fastest iteration
e analogous to premium desktop + integrated ecosystem dynamics

In other words: open weights commoditize the baseline; closed models monetize the edge and the
system layer.
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6) Intelligence Capital mapping. A Linux moment happens when the asset’s yield is mostly Coasian (cost
minimization, standardization) rather than compounding cognitive advantage.

So for foundation models:

e |f models become interchangeable — the weights depreciate like server OSs did.
e |If closed providers keep compounding advantage in:
o reasoning reliability,
o tool use,
O enterprise governance,
o agentic workflows,
then Intelligence Capital accrues above the weight layer (data, orchestration,
distribution, trust).

Open weights pressure the model layer toward commodity; Intelligence Capital rents migrate upward to
control planes, workflows, evaluation/safety, and distribution.

In Appendix C, we conduct a more in-depth analysis of the open source argument, and provide a “Linux
Test for Al Commodization” scoresheet.

Flash Growth and Capital Acceleration

Technology adoption is no longer linear. Digital networks have created “flash growth” dynamics where
systems reach hundreds of millions of users in months rather than years.

This compresses capital cycles, amplifies winner effects, and accelerates Intelligence Capital formation.

Economic models built for slow diffusion cannot correctly price fast cognition.

The Incumbent Windfall

Incumbent enterprises that successfully convert Al investment into Intelligence Capital will capture
disproportionate value.

Because Intelligence Capital compounds inside existing workflows, incumbents possess an advantage
startups cannot easily replicate: embedded operational context.

This is why the largest share of Al-driven enterprise value will accrue not to startups alone, but to
enterprises that successfully re-architect themselves as Intelligence Capital systems.
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The New Economic Divide
The global economy is splitting into two classes of enterprises:

1. Those that generate Intelligence Capital

2. Those that consume Intelligence Capital produced by others

The first group compounds advantage. The second group rents it.
This divide will define productivity, wages, profitability, and geopolitical competitiveness for decades.
The Macroeconomic Implication

We are not entering an Al economy. We are entering an Intelligence Capital economy. And in this
economy:

e Growth decouples from labor.
® Returns concentrate around cognitive infrastructure.
e Capital flows toward intelligence ownership.

e Enterprises become the primary locus of cognition.

The macro question is no longer:
How fast will Al improve?
The macro question is:

Who will own and compound Intelligence Capital?

Macro Conclusion

The rise of Intelligence Capital represents a structural break in economic history. It explains phantom job
loss, capital concentration, productivity divergence, and valuation asymmetry within a single coherent
framework.

Enterprises that understand this shift will not ask whether Al is a bubble.

They will ask how quickly they can convert Al into Intelligence Capital.
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Because in the new economy, Intelligence Capital is the dominant factor of production.

Part Il — Micro

Intelligence Capital Economics

At the enterprise level, the failure of most Al initiatives is not a technology problem. It is a capital
formation problem.

Organizations are deploying Al as software expense rather than as capital infrastructure. As a result, they
optimize for local efficiency instead of enterprise compounding.

This is why purportedly 95% of Al pilots fail to reach production: they are not designed to generate
Intelligence Capital.

The Unit Economics of Intelligence Capital
Intelligence Capital obeys different economics than traditional IT:

e Software tools depreciate.

e Intelligence Capital compounds.

A system that merely assists humans delivers linear productivity gains. A system that owns a process
generates recursive economic leverage.

The microeconomic objective is therefore not Al adoption, but Intelligence Capital yield — the rate at
which an enterprise converts Al investment into durable, process-owning intelligence.

The Enterprise Intelligence Yield Curve
Enterprises progress through three economic states:

1. Al Expense: Al tools reduce friction but increase complexity. ROl remains marginal.

2. Intelligence Capital Formation: Al systems begin to own workflows, retain memory, and improve
autonomously.

3. Intelligence Capital Compounding: Each workflow strengthens the next. Marginal returns
accelerate.

Most organizations remain trapped in state one while believing they are in state two.
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Intelligence Capital Generators
True value is produced only by Intelligence Capital Generators — systems that:

e Own a defined business process.
e Retain institutional memory.
e Operate under auditable control.

e Improve their own economics over time.

These systems displace external cost, compress cycle time, reduce error, and institutionalize knowledge.
A portfolio of Generators constitutes the enterprise’s Intelligence Capital stock.

Portfolio Economics
Intelligence Capital must be governed as a portfolio:

® Many Generators will fail (99.97% is optimal).
e A small number will dominate returns.

e Winners will more than repay the cost of losers.

This is not waste. It is capital discovery. The enterprise that understands this moves from pilot theater to
Intelligence Capital economics.

The Intelligence Capital Mispricing Argument (Reframing the Bubble Debate)
Al is widely described as a speculative bubble because of:

e High failure rates
® Heavy capital expenditure
e Concentrated returns

e Extreme valuation dispersion
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These are not bubble indicators. They are early-stage Intelligence Capital pricing signals. Markets are
not mispricing Al tools. They are pricing future Intelligence Capital dominance.

Why Failure Rates Are a Feature

Every Intelligence Capital transition in history has required massive experimentation:
e Automotive manufacturing
e Television

e Semiconductors

e The internet

Failure is the discovery cost of dominant Intelligence Capital architectures.

A 95% failure rate is not destruction. It is capital formation. It arguably should be 99.97%.

Why Capital Is Concentrating

Intelligence Capital exhibits power-law economics. The owners of cognitive infrastructure capture most
returns. This is not speculation. It is structural inevitability.

Why Capex Looks Excessive
What looks like excessive spending is actually:

e Infrastructure control

e Talent absorption

e Data gravity

e Compute sovereignty

These are Intelligence Capital land grabs. Markets are not paying for products. They are paying for future
Intelligence Capital monopolies. In order to understand the capital expenditures of hyperscalers, it is
helpful to look at comparative spending.
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To date, critics of valuations have looked at absolute figures of Google’s capital expenditures (for
example) for the period 1998-2005 and compared it to the capex of OpenAl and Anthropic for the period
2018-2025.

First, we need to adjust for inflation. Immediately there’s an adjustment on Google’s spend. But that’s
not sufficient to explain the difference.

It’s important to examine different pools of capital and their relative sizes, 1999 versus 2025. Public
equities, during that period, grew from about $28 trillion to around $148 trillion or 5.3x growth.
However, examine the private markets. In 1999, they were around $750 billion ($0.75 trillion). In 2025
they reached $17.5 trillion, a 23.3x growth.

Asset Class 1999 2025/26 Growth Role in the Economy
Public Equities ~$28.0Tr ~$148.0 Tr ~5.3x High-liquidity, retail-accessible growth.

Bank Lending
(Total Credit) ~$35.0 Tr ~$115.0 Tr ~3.3x Primary liquidity for HH & SMEs.

Private Capital
Ecosystem ~$0.75 Tr ~$17.5Tr ~23.3x Strategic, long-term institutional ownership.

Sources: Preqin, Bain & Company Global Private Equity Reports, and US Federal Reserve Flow of Funds

It’s impossible to understand the context of capital spending by private hyperscalers without
appreciating the new depth in private capital markets. Having a pool of risk capital that is prepared to
underwrite creating a new market introduces an adjustment factor on capex, to reflect the relative
proportion of venture space consumed by a company. Venture capital valuation methodologies include
techniques that are different than conventional DCF stock analysis.

Capex Comparison: Early Search (Google) vs. Modern Al (OpenAl & Anthropic)

Goc pglc (1998-2005) Baseline I sLasB

S 3 S _ .

@ openAI (2018-2025) Actusis ‘ $21008

ANTHROP\C (z018-2025) Actuals - $9.608
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Capital Expenditure / Compute Spend (Bilions $USD)

Sources: Google S-1 (2004) and 10-K (2005); The Information; Bloomberg; Amazon disclosures; Anthropic; Preqin; McKinsey; World Federation
of Exchanges; Statista; UBS Global Family Office Report 2024; Sovereign Wealth Fund Instituted 2025 projections; Imperial College London
analysis.

Consider this: Visionary Future analysis suggests that the dominant companies in Al, who are from the
private venture markets, will enjoy a valuation of $8.5 trillion (base case) by 2033. Market evolution
trends teach us that we will see a winner-take-most or winner-take-all market. If you have unlimited
capital in 2026, what is a reasonable amount of money you would put into guaranteeing that you will
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‘win’ in 2033? The rational answer is somewhere between $1 trillion and S2 trillion. Because there isn’t
much else out there that has this kind of investment capacity that can generate this kind of return. If you
can make 4X your money in 7 years, you are doing better than the general index funds in the market. If
you can derisk that return by deploying a little more capital, you will.

Consider: the sovereign fund of Abu Dhabi, ADIA (which stood at $1.7 trillion as of December 2025),
needs to generate S5 billion per week of returns, just to keep pace with its hurdles. With large sovereign
funds demanding returns, and hyperscalers providing returns in a scalable investable capacity, it is not
surprising that we see the kinds of spending and investment levels that we are seeing.

The Mispricing Is Backwards

The real risk is not that Intelligence Capital is overpriced. The real risk is that most enterprises are not
priced at all for their Intelligence Capital deficiency.

The Intelligence Capital Labor Inversion

The labor market is not collapsing. It is being bypassed. This is the Intelligence Capital Labor Inversion.

The Structural Mechanism
Historically:
Growth — Hiring — Output
Now:
Growth — Intelligence Capital — Output

Hiring becomes optional. Intelligence Capital absorbs the marginal productivity contribution before the
job is created. This produces the phantom job effect:

® Not mass layoffs.

® Permanent job non-creation.

Why This Is Invisible
Because Intelligence Capital does not appear in employment statistics. It appears in:

e Shorter process cycles
e Lower headcount scaling
e Higher output per worker
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The Inversion

Labor is no longer the primary growth conduit, Intelligence Capital is. This is why Okun’s Law has
inverted. This is why GDP rises while employment stalls.

Enterprise Consequence

Enterprises that generate Intelligence Capital do not need proportional workforce expansion. Enterprises
that do not generate it cannot compete on cost, speed, or accuracy.

From Intelligence Capital to Enterprise Doctrine

This paper began with a macroeconomic anomaly: growth without jobs, capital without dispersion,
productivity without labor. It ends with an enterprise doctrine. The same force explains both:

Intelligence Capital.

At the macro level, Intelligence Capital breaks historical labor-output relationships. At the micro level, it
breaks traditional ROl models. At the enterprise level, it becomes the dominant source of advantage.

Al is not the revolution.
Intelligence Capital is.

Enterprises do not compete on technology. They compete on their ability to generate, govern, and
compound Intelligence Capital.

This is why:

e Al pilots fail.

e Capital concentrates.

e Llabor decouples.

e Returns accelerate.
They are all expressions of the same underlying transition. The enterprise that understands this no

longer asks:

How should we use Al?

© 2026 Visionary Future LLC. All rights reserved. 76



IMPERIAL
TRUSTED Al

Intelligence Capital Manifesto

It asks:
How do we generate Intelligence Capital faster than our competitors?

And that question changes everything.

Conclusion

We are not entering an Al economy. We are entering an Intelligence Capital economy. And in that
economy, advantage belongs to those who do not merely adopt intelligence — but generate it.
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Appendix A

Robustness Analysis of the 2025 U.S. “Phantom Jobs” Gap
and Intelligence Capital Effects

A.1 Purpose and Framing

We examine the claim that the U.S. economy in 2025 exhibited a large “phantom jobs” gap—on the
order of 19 million job-equivalents—arising from a structural decoupling between output and labor
input.

We frame this analysis within the broader theory of Intelligence Capital, which posits that advanced
computational, organizational, and human—machine systems can increasingly generate economic output
without proportional growth in traditional labor inputs.

Our objective is not to defend a single point estimate, but to rigorously stress-test whether a gap of this
magnitude is:

1. Econometrically plausible,
2. Consistent with official macroeconomic data, and
3. Robust to alternative assumptions about productivity, labor supply, and measurement error.

A.2 Empirical Context: Output—Labor Decoupling in 2025
We begin from documented macroeconomic patterns in 2024—2025:

e U.S. real output accelerated in multiple quarters of 2025.
o Nonfarm business output rose substantially faster than hours worked.
e Official labor productivity measures recorded sharp gains.

In Q3 2025, for example, nonfarm business output rose 5.4% while hours worked rose only 0.5%,
producing a large productivity increase.

At the same time, payroll employment growth slowed markedly, with only modest net job creation in
2025.

We interpret this pattern as evidence of an “Efficiency Scissors” dynamic: rising output alongside
stagnant labor input.

This phenomenon is empirically observable, independent of any attribution to artificial intelligence.
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A.3 Conceptual Definition: “Phantom Jobs” as Job-Equivalent Hours
We define “phantom jobs” as:

The difference between actual labor input and the counterfactual labor input that would
have been required to generate observed output under historical productivity
relationships.

Formally, we measure this in job-equivalent hours, not raw headcount.

Let:

»  Hgciual = total annual hours worked,
» Ap = productivity level wedge vs baseline,
« h =annual hours per job.

Then:

Har:tuai ) &p

Job-equivalent gap =~ b

This approach aligns with national accounting practice, which measures productivity in hours rather than
workers.

A.4 Data Anchors and Assumptions
We anchor the calculation using publicly available BLS and FRED data for December 2025:

Private payroll employment = 136.1 million
Average weekly hours = 34.2
Annual hours per worker = 1,778

Total private-sector annual hours = 0.242 trillion
We consider three plausible hours-per-job assumptions:

e 1,600 (part-time weighted)
e 1,800 (BLS average)
e 2,000 (full-time weighted)

We examine productivity wedges from 2% to 15% relative to baseline trends.
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A.5 Robustness Table: Implied Job-Equivalent Gaps (Millions)

Productivity Wedge 1,600 hrs/job 1,800 hrs/job 2,000 hrs/job

2% ~3.0 ~2.7 ~2.4
5% ~7.6 ~6.7 ~6.1
8% ~12.1 ~10.8 ~9.7
10% ~15.1 ~13.4 ~12.1
12% ~18.2 ~16.1 ~14.5
14% ~21.2 ~18.8 ~16.9
15% ~22.7 ~20.2 ~18.2

This table shows that a “phantom jobs” gap in the mid-to-high teens (millions) is mechanically consistent
with a productivity level wedge in the low-to-mid teens.

A.6 Threshold Analysis: Conditions for a 19M Gap

Solving for the productivity wedge required to produce a 19M job-equivalent gap yields:

Hours per Job Required Wedge

1,600 ~12.6%
1,800 ~14.1%
2,000 ~15.7%

Thus, a 19M gap implies a productivity level shift of roughly 13—16% relative to the chosen baseline.

This is a large but not implausible structural break in the presence of rapid digital and organizational
transformation.
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A.7 Measurement Uncertainty and Benchmark Revisions

We explored whether statistical mismeasurement could account for a substantial share of the gap.
Evidence indicates:

e Federal Reserve officials have acknowledged possible overstatement of payrolls in 2024—2025.

® Preliminary BLS benchmark revisions suggest roughly 900,000 fewer jobs than previously
reported.

e Media and analyst reports cite potential monthly overstatements on the order of 50-60k.

We conclude that measurement error plausibly explains 1-2 million jobs but cannot alone generate a
19M gap.

However, it amplifies uncertainty around baseline employment levels and reinforces the need for caution
in point estimates.

A.8 Immigration and Labor Supply
We considered the impact of post-2024 immigration policy changes on labor supply.
Multiple analyses indicate:

e Reduced net immigration under restrictive policy scenarios,
e Slower labor force growth beginning in 2025,
e Medium-term workforce shortfalls in the millions.

We find that immigration affects the availability of workers but does not negate the observed
output—hours decoupling.

It mainly alters the counterfactual: how many workers “could have” been employed absent policy shifts.

Any phantom-jobs estimate must therefore specify its immigration baseline.

A.9 Al, Capital Deepening, and Productivity
We examined whether Al-related productivity effects remain merely anecdotal.
Evidence includes:

e PwC and other industry analyses showing sharply higher productivity growth in Al-exposed
sectors,
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e Stanford Digital Economy Lab research documenting early-career employment declines in
Al-sensitive roles,
® Firm-level studies showing capital-Al complementarities.

While causal identification remains incomplete, the evidence supports the plausibility of a
technologically driven labor-intensity shift.

We therefore treat Al and related digital capital as a plausible contributor to the productivity wedge,
though not its sole determinant.

A.10 Labor Market Frictions and “Ghost Jobs”
We also examined labor-market frictions that affect perceived job availability:

e High prevalence of “ghost postings,”
e Declining entry-level hiring pipelines,
e Longer hiring cycles.

These mechanisms do not directly enter national accounts but help explain why jobseekers experience
greater “phantomness” than headline employment figures suggest.

They reinforce, rather than substitute for, the macro-level gap.

A.11 Integrated Interpretation
Taken together, our analysis supports the following unified thesis:

1. We believe that the U.S. economy in 2025 experienced a genuine decoupling between output
and labor input, visible in official productivity and hours data.

2. We believe that this decoupling is consistent with the emergence of Intelligence Capital systems
that embed computational, organizational, and human—machine capabilities into production.

3. We explored alternative explanations—statistical revisions, immigration policy, labor hoarding,
sectoral shifts, and market frictions—and find that none alone explains the observed pattern.

4. We considered whether a 19M “phantom jobs” figure is defensible and find that it is plausible
only under a high-productivity-wedge scenario (=13—16%), corresponding to an upper-tail stress
case.

5. We conclude that the central empirical fact is not the precise number 19M, but the existence of
a large and growing job-equivalent gap whose magnitude is highly sensitive to productivity
baselines.
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A.12 Implications for Intelligence Capital Theory
Our findings are consistent with three core implications:

1. Labor isincreasingly a non-linear input to output.
2. Value creation is shifting toward embedded intelligence systems.
3. Employment is becoming a lagging, indirect indicator of economic capacity.

This supports the Intelligence Capital framework’s claim that modern firms and economies accumulate
productive capacity through compounding cognitive and computational assets rather than proportional
workforce expansion.

A.13 Conclusion
We therefore conclude:

The “phantom jobs” phenomenon in 2025 is empirically grounded.

® A gap in the high single-digit to mid-teens millions is robust across reasonable assumptions.
A 19M gap represents an upper-bound stress scenario requiring a substantial productivity
regime shift.

® The phenomenon aligns with early-stage macroeconomic manifestations of Intelligence Capital.

Future work should focus on identifying causal channels, refining productivity baselines, and integrating
firm-level Al adoption data into national accounting frameworks.
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Appendix B
Robustness Analysis of the 2025 European “Phantom Jobs” Gap
and Intelligence Capital Effects

B.1 Purpose and framing

We examine the claim that Europe in 2025 exhibited a “phantom jobs” gap of ~9 million
job-equivalents—i.e., the difference between:

e Actual labor input (hours worked), and
e Counterfactual labor input that would have been required to produce observed 2025 output
under a historical productivity relationship.

We treat 9M as a stress-tested estimate (not a single “true” number), and ask whether it is:

1. Mechanically/econometrically plausible,
2. Consistent with official EU macro labor-output data, and
3. Robust to alternative assumptions about hours-per-job and baseline productivity.

B.2 Empirical context: output—labor decoupling signals in 2025 (EU)
Two official macro anchors matter most:

e EU real GDP growth (2025): Eurostat’s flash estimate implies ~1.6% annual GDP growth in the
EU (and ~1.5% in the euro area) in 2025. (European Commission)

e Employment and hours dynamics (2025): Eurostat reports in Q3 2025 that EU employment
(persons) rose ~0.5% y/y, while hours worked rose ~0.7% y/y; GDP in that quarter rose ~1.6%

v/y. (European Commission)

Key implication (arithmetic, not ideology):

If GDP grows materially faster than hours, labor productivity per hour rises; if GDP grows while hiring
remains comparatively muted, the economy can “feel like” it is expanding without proportionate job
creation.

That said, the EU’s aggregate productivity story differs from the U.S.: Eurostat’s longer-run productivity
indicators show weak productivity growth in recent years, with a modest rebound in 2024. (European
Commission)
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So the European “phantom” magnitude should generally be smaller than a U.S.-scale gap, absent a
Europe-specific step-change.

B.3 Conceptual definition: “phantom jobs” as job-equivalent hours

Following Appendix A’s approach, we measure phantom jobs as job-equivalent hours, not headcount.

Let:

»  H,.ual = total annual hours worked (economy-wide)
« Ap = productivity level wedge vs a baseline (e.g., "no regime shift" trend)
= h = annual hours per job (assumption set)

Then:

Hm:fucri ' &p

Job-equivalent gap =~ B

This is exactly the “hours-first” logic consistent with national accounts treatment of productivity and
labor input. (European Commission)

B.4 Data anchors and assumptions (EU-wide)

Employment (persons). Eurostat reports 198.0 million persons employed in the EU in Q3 2025.
(European Commission)

Average weekly hours. Eurostat reports 36.0 actual weekly hours (EU average, 2024; full-time +
part-time, ages 20-64, main job). We use this as a conservative anchor for an “order-of-magnitude”
2025 annualization. (European Commission)

Implied annual hours-per-job. Using 36.0 hours/week x 52 weeks = 1,872 hours/job/year (blended).
Europe has higher part-time prevalence than the U.S., so we explicitly stress-test lower annual
hours-per-job.

We therefore run three hours-per-job assumptions (robustness grid):

e 1,500 (part-time weighted)
e 1,700 (blended central case)
e 1,900 (full-time weighted)
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Total annual hours worked (working approximation).

Using the Q3 2025 employment level x 36 hours/week x 52 weeks implies total annual hours on the
order of ~0.371 trillion hours (used for the mechanical sensitivity table). (This is a modeling
convenience; the sensitivity results are what matter.)

B.5 Robustness table: implied job-equivalent gaps (EU, millions)

Using H ot = 0.371 trillion hours:

Productivity wedge vs baseline 1,500 hrs/job 1,700 hrs/job 1,900 hrs/job

2% ~4.9 ~4.4 ~3.9

5% ~12.4 ~10.9 ~9.8

8% ~19.8 ~17.4 ~15.6
10% ~24.7 ~21.8 ~19.5
12% ~29.7 ~26.2 ~23.4
14% ~34.6 ~30.5 ~27.3
15% ~37.1 ~32.7 ~29.3

Interpretation: A 9M European gap does not require a U.S.-style “low-to-mid teens” productivity wedge.
In Europe, given the larger employment base and materially different hours structure, single-digit
millions can emerge from a mid-single-digit productivity level wedge depending on hours-per-job.

B.6 Threshold analysis: conditions for a ~9M European gap

Solve for Ap that yields 9 million job-equivalents:

Hours per job Required productivity wedge

1,500 ~3.6%
1,700 ~4.1%
1,900 ~4.6%
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Bottom line: A ~9M European “phantom jobs” figure corresponds to a ~3.6-4.6% productivity level

wedge under these assumptions—material, but far less extreme than the wedge needed to justify a
~19M U.S. gap in Appendix A.

This is the central robustness point: Europe’s 9M claim is mechanically easier to support than the U.S.

19M claim, provided one can justify a ~4% level wedge relative to the chosen baseline.

B.7 Alternative explanations and uncertainty channels (Europe-specific)

The EU context introduces distinct confounders that can either inflate perceived “phantomness” or

compress measured gaps:

1.

Hours-per-worker dynamics and compositional shifts
Eurostat shows a long-run trend of declining hours per employed person (pre-2025), and a high
share of part-time work across several member states. (European Commission)

Small changes in average hours (or the full-time/part-time mix) can move the gap materially.
Short-time work, labor hoarding, and institutional smoothing

European labor markets are structurally more “employment-stabilizing” than the U.S. (collective
bargaining coverage, job retention schemes, etc.). That tends to shift adjustment into hours and
productivity rather than separations—exactly the mechanical channel that creates a
job-equivalent wedge in an hours-based decomposition. (This is a structural inference consistent
with the hours/employment split Eurostat reports.) (European Commission)

Measurement and revision risk

Eurostat’s flash GDP numbers and quarterly labor input series are revisable, and the wedge is
sensitive to revisions. Eurostat explicitly notes that the 2025 flash estimates are preliminary and
subject to revision. (European Commission)

Sectoral reallocation and “thin hiring”

Europe’s 2025 growth was uneven across countries (e.g., stronger in Spain than
Germany/Italy/France per contemporaneous reporting), which can concentrate output gains in
sectors/countries that are less labor-intensive or already capacity-heavy. (Reuters)

B.8 Intelligence Capital interpretation (how it fits, without over-claiming causality)

Within the Intelligence Capital lens, a ~4% productivity level wedge is directionally consistent with:

Capital deepening into software/compute + process redesign (organizational + computational
capabilities substituting for routine labor input), and

A measurable shift toward embedded intelligence systems that raise output per hour without
requiring proportional hiring.
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However, as with the U.S. memo, the macro wedge alone cannot uniquely identify Al as the causal
driver. The memo’s defensible claim is narrower and stronger:

Europe’s 2025 macro data plausibly support a non-trivial output—hours wedge; under
reasonable hours-per-job assumptions, a “9M job-equivalent “phantom” gap corresponds
to only a mid-single-digit productivity level wedge, which is mechanically plausible.

Intelligence Capital Manifesto

B.9 Integrated conclusion

e Empirical grounding: Eurostat’s 2025 GDP and labor-input series support the possibility of
output—labor decoupling. (European Commission)

® Robustness: A ~“9M European “phantom jobs” gap is consistent with a ~3.6-4.6% productivity
level wedge, depending on hours-per-job assumptions.

e Caution: The number is highly baseline-sensitive (hours-per-job, revisions, compositional
change).

e Interpretation: The macro fact pattern is compatible with Intelligence Capital dynamics, but
attribution requires firm/sector-level identification, not just national accounts.
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The Linux Test for Al Commoditization
A Diagnostic Framework for Intelligence Capital Durability
Purpose

To evaluate whether a given Al capability layer (models, agents, tooling, platforms) is likely to:

e (A) Commoditize under open-weight/open-source pressure, or
e (B) Sustain premium economic rents through compounding Intelligence Capital.

Intelligence Capital Manifesto

I. The Five Structural Tests

Each dimension is scored 0—4.
Higher total = stronger likelihood of sustained premium advantage.

1. Performance Sufficiency Threshold (PST)

Question: Is “good enough” performance economically sufficient for most users?

Score Condition

0 Open models meet most needs
1 Small frontier edge

2 Moderate advantage

3 Large advantage

4 Mission-critical superiority

Interpretation:
Low PST — commoditization risk.

2. Switching Cost Elasticity (SCE)

Question: How costly is it for users to change models/vendors?

© 2026 Visionary Future LLC. All rights reserved.

89



IMPERIAL

Intelligence Capital Manifesto

TRUSTED Al
0 Plug-and-play
1 Minor integration work
2 Moderate retraining
3 Deep workflow dependency
4 System-wide lock-in

Interpretation:
Low SCE — Linux-style displacement risk.

3. System Integration Depth (SID)

Question: Is value embedded in a broader operating system?

Score Condition

0 Standalone model

1 Light wrappers

2 Tool integrations

3 Enterprise platforms
4 Full cognitive OS

Interpretation:
High SID protects rents.

4. Data & Learning Flywheel Strength (DLF)

Question: Does usage compound into durable advantage?

© 2026 Visionary Future LLC. All rights reserved. 90



IMPERIAL
TRUSTED Al

Intelligence Capital Manifesto

Score Condition

0 No feedback loops

1 Weak signals

2 Partial learning

3 Strong loops

4 Self-reinforcing ecosystem

Interpretation:
Low DLF — depreciation.

5. Governance & Trust Embeddedness (GTE)

Question: Is the system institutionally trusted?

Score Condition

0 No compliance

1 Ad hoc controls

2 Basic standards

3 Enterprise-grade

4 Regulated-infrastructure

Interpretation:
High GTE stabilizes premium position.

Il. The Linux Test Score (LTS)
Formula:

LTS = PST + SCE + SID + DLF + GTE
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lll. Interpretation Bands

Score Regime Economic Outcome
0-6 Infrastructure Rapid commoditization
7-11 Transitional Margin pressure
12-15 Platform Sustainable rents

16-20 Cognitive Capital Monopoly-like returns

IV. Historical Validation

Windows Server (c. 2005)

PST 1
SCE 1
SID 1
DLF 0
GTE 2
Total 5

— Commoditized — Linux displacement
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Desktop Windows (c. 2000)

PST 3
SCE 4
SID 4
DLF 2
GTE 3
Total 16

— Durable monopoly

Intelligence Capital Manifesto

Cloud Hyperscalers (Today)

PST 3
SCE 3
SID 4
DLF 4
GTE 4
Total 18

— Cognitive Capital regime

V. Application to Foundation Models (2026 Baseline)
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Open-Weight Models

PST 2
SCE 1
SID 1
DLF 1
GTE 1
Total 6

— Infrastructure trajectory

Intelligence Capital Manifesto

Closed Frontier Models

PST 3
SCE 2
SID 3
DLF 3
GTE 3
Total 14

— Platform regime (for now)

VL. Intelligence Capital Implication

Core Proposition

Al rents do not accrue to “models.”

They accrue to systems that compound cognition.
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The Linux Test predicts where depreciation occurs.

Depreciation Path

Layer Fate

Weights Fast depreciation
Inference Margin compression
Toolchains Partial defense
Workflows Rent capture

Governance Rent stabilization

Value migrates upward.

VII. Strategic Guidance

For Builders
If LTS < 10:
e Move up the stack immediately
® |Invest in orchestration
e Build switching friction
e Embed governance

If LTS > 14:

e Defend data loops
e Deepen institutional lock-in
e Control interfaces

For Policymakers
Low LTS sectors:

e Encourage competition
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® Avoid over-subsidy
High LTS sectors:

e Treat as infrastructure
e Regulate early

For Investors

LTS Risk Profile

<7 Commodity risk
7-11 Margin erosion
12-15 Scalable

16+ Power law

VIIL. Intelligence Capital Law (Derived)

When cognitive yield migrates upward faster than open systems can follow, closed
platforms dominate. When it stagnates, open systems commoditize.

This is the modern equivalent of the OS wars.
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Econometric specification of the Linux Test

“commoditization vs durable premium” is an empirical outcome. The Linux Test dimensions are latent
drivers we can operationalize with observables.

1) What we’re trying to estimate
Core empirical question

When an “open” substitute improves (open weights, open-source stack, permissive licensing), does the
proprietary layer’s economic rent collapse (Linux outcome), or does it shift upward (platform
outcome)?

So we need:

® Outcome variables (rents, margins, price power, adoption share)
e Treatment/exposure variables (open capability shocks + diffusion)
® Mechanisms (switching costs, integration depth, flywheels, governance)

2) Unit of analysis and panels
Choose one (we can run all three):

A) Vendor-Market-Time panel (best for pricing & margins)

® j:vendor (OpenAl, Anthropic, Cohere, Meta-managed offerings, etc.)
® m: market/segment (industry x geography x workload class)
® t: month or quarter

B) Firm—Workload-Time panel (best for switching costs & performance)

® f:adopting enterprise
o w: workload type (customer support, coding, RAG search, risk, etc.)
® t:month/quarter

C) Product-Cohort panel (best for open-release event studies)

® product cohort = apps launched before/after major open model releases
3) Dependent variables (what “commoditization” means)
We want at least one price-power metric and one rent-capture metric.

Price / margin outcomes

o Effective price per unit capability:
o S$/1M tokens (normalized for context length, latency SLA, reliability)
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O or $/task-success (preferred; see §6)
® Gross margin (if available; otherwise infer via cloud cost benchmarks)
® Price dispersion across vendors (commoditization — dispersion shrinks)
® Markup proxy: price / marginal inference cost (estimated)

Market outcomes

® Share of inference by vendor (or by “open vs closed”)
® Churn / switching rate (vendor-to-vendor migration frequency)
® Time-to-switch after open shock

Quality-adjusted outcomes

® Capability gap premium: price premium conditional on measured task success
® Reliability premium: premium conditional on latency/uptime/hallucination rates

4) Key explanatory variables: operationalizing the Linux Test
We convert each Linux Test dimension into measurable proxies.
(1) Performance Sufficiency Threshold (PST) proxy

For each workload w and time t:

o Sufficiency indicator:

Suff, ; = 1{max(OpenPerf, ;) > 7, }

® where (\tau_w) is a pre-defined “economically sufficient” threshold (e.g., 95% task success).

Also useful:

® Open—Closed performance gap:

APerf,, ; = ClosedPerf, ; — OpenPerf,,,

(2) Switching Cost Elasticity (SCE) proxy

® Adapter layer usage (LangChain/Llamalndex style abstraction) share

® Prompt portability measures (prompt rewrite count / tokens changed)

® Model-specific fine-tuning investment (LoRA hours, tuning spend)

® Integration depth into internal tools (count of dependent systems/APIs)
Construct:

SwitchCosty ¢+ = o log(Integrations) + o log(TuningSpend + 1) + asAbstractionUse ™

© 2026 Visionary Future LLC. All rights reserved.

Intelligence Capital Manifesto

98



IMPERIAL
TRUSTED Al

Intelligence Capital Manifesto

(3) System Integration Depth (SID) proxy

® Number of integrated features consumed (identity, audit, evals, vector store, agent
orchestration, policy)
® Vendor “bundle intensity” index

SIDy; = Z 1{feature;, adopted}

kefeatures

(4) Data & Learning Flywheel (DLF) proxy

This is the hardest, but we can proxy compounding:

Update cadence (model / safety / tool releases per quarter)
Improvement slope in task success for the vendor (A performance / time)
Ecosystem activity: plugins/tools, marketplace volume, citations, GitHub dependents (for open),
etc.
® Fine-tune feedback volume (RLHF-like signals, user corrections—often private)

DLF,; = B - PerfSlope, ; + 3 - ReleaseRate,; + 33 - EcosystemIndex,

(5) Governance & Trust Embeddedness (GTE) proxy

Regulated workload share (finance/health/gov)
Presence of SLAs, certifications, audit tooling adoption
Internal risk sign-off time (days) + incident counts

“Policy friction” index (how hard it is to deploy open weights)

GTE;,; = v1RegulatedShare;; + 7;ComplianceControls;; — y;Incidents,

5) The baseline econometric model
Quality-adjusted price equation (hedonic pricing)
For vendor v, workload w, segment m, time t:

log(P,wmt) = 6 + 61 - OpenExposure,, , + 02 - APerf, ,,; + 03 - SLA, ; 4 04 - SIDy,; + 05 - GTE s + py + Ay + ¢ + €
Where:

® P = effective price (ideally $/successful task)

OpenExposure

o w.t'= intensity of open alternatives for that workload (see next)
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Open exposure definition (treatment intensity)

OpenExposure,, ; = Z w; - AdoptionShare;

SRTE Perf]ﬁwyt

j€open models

This captures how “real” the open substitute is.

Interpretation: 61 <0

indicates commoditization pressure from open substitutes.

Intelligence Capital Manifesto

6) Best practice: normalize prices by “successful work”

Token prices confound because models differ in:

® verbosity, tool-use, retries, latency, and failure modes.

Define:
Cv w,t  _
° Wt = expected cost per attempted task
° S%wst = probability of task success (on wer eval suite)

® Cost per successful task: C/S

Then estimate:

log(cv,w,t/sv,w,t) =...

If open substitutes reduce C/S for the market, we'll see the commoditization channel clearly.

7) Identification strategy (how we avoid “correlation isn’t causation”)
A) Event study around major open releases (preferred)

Treat big open releases as exogenous-ish “capability shocks”:

K
Youwe = Y B+ 1{t — Treicase = k} - Exposure, + FE + ¢
k=—K

® Y:price premium, margin proxy, share, churn

® Look for pre-trends flat; post-release shifts significant.

B) Difference-in-differences across workloads

Some workloads become “open-sufficient” earlier (e.g., summarization) than others (e.g., complex

planning). Use that heterogeneity:
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Yywt = B - (Post, x SuffWorkload,,) + FE + ¢

C) Instrumental variables (if we have adoption endogeneity)
Potential instruments for open adoption:
GPU price shocks / capacity constraints (affect self-hosting incentives)

Regulatory changes affecting on-prem requirements
Cloud region availability for certain model families

Licensing changes (policy-driven, discrete)

8) Estimating the “Linux Test” as a structural index
We can build an estimated index rather than a hand-scored rubric.
Step 1: latent factor model for Linux pressure

L

Let the Linux pressure ~@t be a latent factor causing multiple observed proxies:

Xw,t = ALw,t +u
where X includes PST, SCE, SID, DLF, GTE proxies.

L

Estimate ~wt using factor analysis / PCA / SEM.

Step 2: map Linux pressure to rents

Alog(Markup, ;) = p + L, + controls + FE + ¢

o P< 03: higher Linux pressure — rent compression.

9) The “value migrates upward” test (wer Intelligence Capital claim)

We want to show that when the model layer commoditizes, premium moves to
orchestration/governance/workflow.

Construct layered spend shares for each firm f:

model spend share
orchestration spend share
governance spend share

workflow integration spend (engineering hours)
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Then test:

ASpendShame},J’:pcrLa"cr = k- OpenExposure, + FE + ¢

if K= 0-, that’s our “migration up the stack” empirically.

Intelligence Capital Manifesto

10) Concrete data plan (what we’ll actually need)

Minimum viable dataset (MVD)

Sources (practical)

A standardized eval suite by workload with success rates for open + closed models over time
Effective cost per successful task (or per resolved ticket / shipped feature)

Vendor choice per workload for a panel of firms (even 30-50 firms can work)

Controls: industry regulation, scale, GPU constraints, latency requirements

® Public model evals (use consistent harness; don’t mix benchmarks blindly)

® Procurement records / cloud bills (for price and volume)
® Engineering telemetry (calls, retries, latencies, incidents)

11) What “validation” looks like (clear falsifiable predictions)
Prediction 1: Commoditization signature

In workloads where open becomes sufficient:

closed model price premium falls
price dispersion shrinks
switching rises

markups compress
Prediction 2: Platform defense signature

Where SID + GTE are high:

® premium persists despite open exposure
® churn remains low
® costs shift to governance/orchestration (not weights)

Prediction 3: Intelligence Capital compounding signature

High DLF vendors show:

® persistent or rising quality-adjusted premium
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® superior performance slope over time (PerfSlope)
® increasing ecosystem capture

12) Deliverable: the “Linux Econometric Score” (LES)

Once estimated, we can publish a single score per workload/segment:

LES,;=a-PST +5-SCE +¢-SID +d-DLF +é- GTE

Where coefficients come from predictive power on rent compression (not hand weights). This becomes
our empirical bridge between open substitution dynamics and Intelligence Capital durability.
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	The Intelligence Capital Manifesto:​How Enterprises Can Win in the Intelligence Economy 
	ABSTRACT 
	This paper develops a unified theoretical and empirical framework for understanding the rise of Intelligence Capital as a new dominant factor of production: institutionalized, process-owning human+AI systems that learn, retain memory, and compound in economic value.  
	We argue that recent macroeconomic anomalies, including sustained output growth with weak employment creation, rising productivity without proportional hiring, and increased capital concentration, reflect a structural transition rather than cyclical fluctuations. Using cross-national labor and productivity data, we document a “labor inversion” in which output increasingly flows through embedded intelligence systems prior to labor-market absorption, generating persistent “phantom jobs.”  
	At the microeconomic level, we reinterpret the firm as a learning-and-compounding engine rather than a transaction-cost minimizer, modeling enterprises as portfolios of Intelligence Capital Generators that internalize knowledge, capture feedback, and exhibit power-law return dynamics.  
	We introduce the Intelligence Capital Yield Function to formalize how exploration, failure, and institutional learning are converted into scalable economic advantage. The analysis shows that high experimental failure rates and valuation asymmetries are endogenous features of Intelligence Capital formation rather than indicators of misallocation.  
	Finally, we identify organizational and behavioral constraints that limit compounding and propose governance mechanisms that align managerial incentives with long-run learning yield. The findings contribute to theories of the firm, endogenous growth, and technological change by demonstrating how intelligence-based capital reshapes productivity, employment, and competitive dynamics in advanced economies.  
	 
	 
	Executive Summary 
	The Intelligence Capital Manifesto argues that the global economy has entered a structural transition in which economic growth is no longer primarily driven by labor or traditional capital, but by Intelligence Capital: institutionalized, process-owning human–AI systems that learn, retain memory, and compound in value over time. This shift explains a set of contemporary anomalies—including strong GDP growth with weak job creation, rising productivity without proportional hiring, capital concentration, high AI pilot failure rates, and valuation asymmetries—that are often treated as separate phenomena but are, in fact, manifestations of a single underlying transformation. 
	At the macroeconomic level, the paper documents a “labor inversion” in which output increasingly flows through embedded intelligence systems before reaching labor markets. This produces persistent “phantom jobs”: roles that would historically have been created but are now structurally bypassed. Evidence from the United States and Europe indicates that this decoupling is not cyclical but reflects a durable reorganization of production around cognitive infrastructure rather than human labor. 
	At the microeconomic level, the manifesto reframes the firm. Departing from the Coasean view of firms as transaction-cost minimizers, it models enterprises as learning-and-compounding engines organized around portfolios of Intelligence Capital Generators. These generators encode workflows, capture feedback, and accumulate institutional knowledge, enabling firms to generate increasing returns through endogenous learning. Competitive advantage arises not from deploying AI tools, but from owning and governing systems that continuously improve their own economics. 
	The paper introduces the Intelligence Capital Yield Function to formalize how exploration, disciplined failure, and institutional learning are transformed into scalable economic value. Within this framework, high experimental failure rates are interpreted as necessary inputs to capital formation rather than as inefficiencies. Power-law return structures and extreme outcome dispersion are shown to be intrinsic features of Intelligence Capital systems. 
	Organizational and behavioral constraints are identified as primary barriers to effective Intelligence Capital formation. Loss aversion, endowment effects, and familiarity bias systematically impede transformation. The manifesto proposes a managerial “change stack” based on reversible pilots, status repricing, and embedded human–AI collaboration to overcome these frictions and enable sustained learning velocity. 
	The analysis further argues that contemporary concerns about AI-driven “bubbles” misunderstand the economics of cognitive capital formation. High capital expenditure, concentrated returns, and valuation asymmetries reflect discovery and scaling processes inherent to new dominant asset classes. Financial markets are increasingly pricing future Intelligence Capital dominance rather than current product revenues, while many traditional enterprises remain undervalued due to unrecognized Intelligence Capital deficits. 
	Finally, the manifesto situates Intelligence Capital as a new dominant factor of production, comparable in historical importance to land, machinery, and information. In this emerging regime, enterprises and nations compete primarily on their ability to generate, govern, and compound institutional intelligence. The CEO’s central role shifts from overseeing digital transformation to stewarding internal capital markets for learning systems. 
	The central conclusion is that economic advantage in the coming decades will accrue not to organizations that merely adopt artificial intelligence, but to those that systematically transform intelligence into durable, self-reinforcing capital. Firms and societies that master Intelligence Capital formation will dominate productivity, innovation, and geopolitical influence, while those that do not will become structurally dependent. 
	 
	Thesis 
	The central conclusion of manifesto is: 
	We are not entering an AI economy. We are entering an Intelligence Capital economy. 
	In this economy: 
	●​Advantage comes from generating, governing, and compounding institutional intelligence. 
	●​Tools do not confer durable power; learning systems do. 
	●​Firms and nations that master Intelligence Capital will dominate. 
	●​Those that do not will become structurally dependent. 
	 
	The Intelligence Capital Manifesto 
	A. Presentation of Arguments​I. The Structural Break 
	 
	 
	II. Intelligence Capital Defined 
	1. Coase: The Firm as a Transaction-Cost Minimizer 
	The Coasean Boundary Rule helps a firm (and a manager) decide the make-vs-buy decision. You internalize when: 
	Whereas the Intelligence Capital Boundary Rule says you internalize when: 

	 
	4. Treatment of Knowledge 
	In Coase knowledge is: 
	In Intelligence Capital knowledge is: 

	5. Production Function: Static vs Dynamic 
	Coase (Implicitly) states of firm production: 
	Intelligence Capital states that firm production: 

	6. Failure Economics 
	Under Coase, failure is a sign of inefficiency. Failed transactions are deadweight loss. When you have a failure, you write it off. The concept of writedowns is embedded throughout modern finance and accounting.  

	7. Managerial Objective Function 
	In a Coasean Firm, managers optimize: 
	In an Intelligence Capital Firm, managers optimize: 

	8. Organizational Form: Hierarchy vs Portfolio 
	Coase proposes that a firm offers a hierarchy to replace markets. The structure of this hierarchical firm minimizes supervision cost. 
	9. Returns Structure 
	The return profile for Coase is mostly linear. Coordination improves efficiency at the margin. A 5% operational improvement quarter over quarter is considered ‘good’ under Coase.  
	Intelligence Capital, however, looks for extreme returns on a power-law curve. Augmentation can lead to 200% to 600% ROI. Symbiotic or additional intelligence can generate a 2000% to 5000% ROI. 

	10. The Microeconomic Shift 
	 
	 
	III. The New Factor of Production 
	What to do 
	Why it works 
	Operational rule 
	What to do 
	Why it works 
	Operational rule 
	What to do 
	Why it works 
	Operational rule 

	 
	 
	IV. The Intelligence Capital Labor Inversion 
	 
	 
	V. The Intelligence Capital Mispricing Argument 
	 
	 
	VI. Intelligence Capital Economics 
	 
	 
	 
	VII. The Intelligence Capital Engine 
	 
	 
	 
	VIII. Intelligence Capital Generators 
	 
	 
	IX. Portfolio Doctrine 
	 
	The power law returns distribution, however, says that the tiny fraction of IC Generators that succeed will create exponential value creation across the overall portfolio. 
	 
	Below is a table showing the main peer-reviewed empirical papers in the Gompers–Lerner tradition that contain quantitative evidence on venture outcomes, together with what each implies about “survival” or “success” in practice. It is important to note that none of these papers use a unified definition of “survival.” Outcomes are proxied by IPO, acquisition, capital returned, continuation, or fund-level performance. So this is a comparative evidence table, not a formal meta-analysis. 
	Empirical Evidence on VC-Backed Firm Survival & Success 
	 
	If we integrate the literature conservatively: 
	Outcome Category 
	Evidence-Based Range 
	Early termination 
	~40%–50% 
	No meaningful exit 
	~60%–70% 
	Positive exit (any) 
	~20%–30% 
	IPO-level success 
	~10%–15% 
	Outlier winners 
	~3%–7% 
	This is the closest thing to a cross-study “net survival rate” supported by the academic record. 
	 
	Across multiple large-scale studies covering tens of thousands of firms and investments, only about 20–30% of VC-backed ventures achieve a meaningful positive exit, with IPO-level success limited to roughly 10–15%, and outlier returns concentrated in fewer than 5% of firms. 
	 
	Translating Venture Capital Learnings to Intelligence Capital Generators 
	If we take this data and apply it to the Intelligence Capital framework, we see a direct structural mapping between the empirical venture-capital evidence and your Intelligence Capital (IC) Generator / Engine framework, showing why extreme failure rates are not an anomaly but a necessary operating condition of cognitive/knowledge-intensive capital systems. 

	 
	Intelligence Capital and Venture Failure: 
	Why 70–80% Attrition Is a Feature, Not a Bug 
	1. Empirical Baseline (From the VC Literature) 

	Across large datasets (Gompers, Lerner, Kaplan, Hall, Puri): 
	Outcome 
	Typical Rate 
	Early termination 
	40–50% 
	No meaningful exit 
	60–70% 
	Positive exit 
	20–30% 
	IPO / dominant winner 
	10–15% 
	System-defining outliers 
	3–7% 
	This pattern is stable over five decades, multiple countries, and different technology waves. 
	It is structural, not cyclical. 
	2. Why This Pattern Emerges in Intelligence Capital Systems 
	A. Intelligence Capital Is Non-Linear 

	Traditional capital: 
	Input → Output → Marginal Return 
	Intelligence Capital: 
	Input → Exploration → Learning → Network Effects → Optionality → Discontinuous Returns 
	Most experiments cannot mature into scalable knowledge assets. 
	So attrition is inevitable. 
	Formally: 
	IC generation follows a power-law / Pareto / extreme-value distribution. 
	This is what VC empirics are measuring. 
	B. Most “Projects” Are Really Probes 

	In IC systems, most ventures are not “firms.” 
	They are: 
	●​Hypothesis tests 
	●​Learning instruments 
	●​Data generators 
	●​Capability probes 
	●​Market-sensing devices 
	Their economic function is information production, not survival. 
	Failure = signal extraction. 
	Hence: 
	High death rate = high epistemic throughput. 
	C. Selection Pressure Creates Capital Efficiency 

	VC staging (Gompers 1995) mirrors IC governance: 
	Stage 
	IC Function 
	VC Analogue 
	Ideation 
	Hypothesis space 
	Angel/pre-seed 
	Validation 
	Signal filtering 
	Seed/Series A 
	Scaling 
	Capitalization 
	Growth/IPO 
	At each gate: 
	●​Cognitive entropy is reduced 
	●​Capital is concentrated 
	●​Knowledge density rises 
	Attrition is how this filtering happens. 
	3. Intelligence Capital Generators: Portfolio Logic 
	Your IC Generators (labs, platforms, ecosystems, venture studios) behave like evolutionary systems. 
	They operate on: 
	Many low-cost mutations → ruthless selection → rare dominance 
	Mathematically, if you want: 
	●​1 system-level winner 
	You need: 
	●​20–30 partial successes 
	●​70+ failures 
	●​Hundreds of probes 
	This matches the VC data. 
	4. Why “Low Failure” Means Low Intelligence Capital 
	Organizations boasting “90% AI success rates” are not high-performing. 
	They are: 
	●​Under-exploring 
	●​Over-optimizing 
	●​Path-dependent 
	●​Risk-averse 
	●​Learning-poor 
	They are running replacement economics, not IC economics. 
	Empirically: 
	Low failure → Low variance → No outliers → No compounding. 
	 
	5. Intelligence Capital Engines: Where Value Accumulates 
	Failure happens upstream. Value compounds downstream. In IC Engines (platforms, networks, data moats, institutional memory): 
	Component 
	Function 
	Failed ventures 
	Training data 
	Abandoned products 
	Design memory 
	Exited founders 
	Talent pool 
	Dead models 
	Architecture evolution 
	So “failed” ventures are absorbed into the Engine. They are not wasted. They are metabolized. 
	6. System-Level Economics: Why This Produces 100× Returns 
	Because IC returns obey: 
	E(Return) = Small N × Huge Impact 
	If: 
	●​95% fail 
	●​4% succeed 
	●​1% dominates 
	Then, dominant node captures: 
	●​Network rents 
	●​Standards rents 
	●​Data rents 
	●​Coordination rents 
	●​Institutional rents 
	This is why Google, Visa, OpenAI-scale platforms emerge. 
	 
	7. Mapping to Your Intelligence Capital Architecture 
	A. Generator Layer 

	Function 
	Empirical VC Parallel 
	Exploration 
	Angel/Seed 
	Hypothesis testing 
	Early rounds 
	Rapid termination 
	Write-offs 
	Knowledge capture 
	Post-mortems 
	Failure rate: 70%+ = necessary. 
	B. Engine Layer 
	Function 
	Empirical Parallel 
	Scaling 
	Late-stage VC 
	Lock-in 
	IPO 
	Institutionalization 
	Platform dominance 
	Rent extraction 
	Market power 
	Survival rate: 5–10%. But compounding is extreme. 
	8. Policy Implication: Why Governments Misread Innovation 
	Most governments try to: 
	Maximize “project success rate.” 
	Which destroys IC generation. 
	Optimal policy is: 
	Maximize learning velocity. 
	Which implies tolerating failure. VC markets accidentally discovered this. IC theory explains it. 
	 
	9. Strategic Implication for Enterprises 
	For boards and CFOs: 
	Metric 
	Replacement Econ 
	IC Econ 
	KPI 
	ROI 
	Learning rate 
	Target 
	80% success 
	70% failure 
	Risk 
	Minimize 
	Optimize 
	Value 
	Efficiency 
	Optionality 
	Our framework formalizes this shift. 
	10. Synthesis: The Intelligence Capital Law of Attrition 
	From VC evidence + IC theory: 
	Any system generating scalable cognitive capital must sacrifice most experiments. 
	Formally: 
	IC Yield ≈ f(Exploration Intensity × Failure Tolerance × Knowledge Retention) 
	Where: 
	●​Exploration ↑ → Failure ↑ → Returns ↑ 
	●​Suppression of failure → collapse of IC 
	Fifty years of venture-capital evidence show that only about 20–30% of ventures achieve meaningful success and fewer than 10% become system-defining winners. Intelligence Capital theory explains why: most ventures function as learning instruments rather than durable firms.  
	High attrition is not inefficiency—it is the mechanism through which cognitive capital is generated, filtered, and concentrated into scalable engines of value. Entrepreneurial theorist Steve Blank famously said that startups are ‘search engines for business models’. Intelligence Capital is the ultimate realisation of this idea. 
	Below is a formal Intelligence Capital Yield Function (ICYF). It is written in the style of an applied economic production function, grounded in the VC/innovation literature, but extending it into our Intelligence Capital framework. 

	The Intelligence Capital Yield Function (ICYF) 
	1. Purpose 
	The Intelligence Capital Yield Function formalizes how exploratory activity, failure, and institutional learning are transformed into scalable cognitive-economic assets. 
	It explains why high failure rates are structurally necessary for high-value outcomes in knowledge-intensive systems. 
	2. Core Definition 
	 
	 
	3. Generator Function (Knowledge Production) 
	3.1 Intelligence Capital Generation 

	 
	Interpretation: 
	Intelligence Capital is produced by exploration multiplied by disciplined failure and institutionalized learning. 
	If any term → 0, generation collapses. 
	3.2 Failure as Productive Input 
	 
	 
	4. Conversion Function (Selection & Amplification) 
	Not all generated IC compounds. 
	 
	 
	 
	5. Yield Function (Economic Conversion) 
	Economic output: 
	 
	6. Full System Representation 
	 
	7. Comparative Statics 
	7.1 Why “Efficiency” Kills IC 

	 
	7.2 Why Venture Ecosystems Win 

	 
	7.3 Why Platforms Dominate 

	 
	 
	8. Regimes of Intelligence Capital Production 
	Regime 
	E 
	F 
	L 
	λ 
	θ 
	κ 
	Outcome 
	Bureaucracy 
	Low 
	Low 
	Low 
	Low 
	Low 
	Low 
	Stagnation 
	Startup Hub 
	High 
	High 
	Medium 
	Medium 
	Medium 
	Low 
	Volatility 
	Big Tech Platform 
	Medium 
	Medium 
	High 
	High 
	High 
	High 
	Dominance 
	IC-Optimized  
	High 
	Optimal 
	High 
	High 
	High 
	High 
	Compounding 
	9. Measurement Proxies (Operationalization) 
	Variable 
	Proxy 
	E 
	Experiments/year, pilots, patents 
	F 
	Termination rate 
	L 
	Post-mortem integration score 
	λ 
	Promotion rate of pilots 
	θ 
	API usage, platform adoption 
	κ 
	Knowledge reuse metrics 
	Y 
	Market cap, productivity 
	10. Policy & Governance Implications 
	 
	 
	11. Testable Hypotheses  
	H1: Organizations with (F \in [0.6, 0.8]) have higher long-run (Y). 
	H2: κ mediates persistence of advantage. 
	H3: β > 1 only when θ > θ*. 
	H4: IC depreciation accelerates when κ < κ_min. 
	12. Executive Summary: Intelligence Capital Generator Yield Formula  (ICGYF) 
	 
	1. Formal Meaning 
	2. Economic Interpretation in Intelligence Capital Terms 
	β captures five structural forces: 

	3. Intuition: What β “Feels Like” in Practice 
	β ≈ 1 (Linear Intelligence) 
	β ≈ 1.2–1.4 (Weak Superlinearity) 
	β ≈ 1.5–2.0 (Platform Regime) 
	β > 2 (Systemic Control Regime) 

	4. Why β Is Central to Our Thesis 
	5. Relationship to Failure and Exploration 
	6. How β Emerges (It Is Not Chosen) 
	7. Measurement Proxies (How to Estimate β) 
	A. Revenue vs Knowledge Stock 
	C. Marginal Return to R&D 
	D. Network Density 

	8. Strategic Meaning  
	9. Policy Implication 
	Conclusion 
	 
	X. The New Competitive Divide 
	XI. The CEO Doctrine 
	XII. The Unified Explanation 
	XIII. Final Doctrine 

	Part I — Macro 
	Intelligence Capital and the Structural Break in the Global Economy 
	The Structural Break 
	The "Waithood" Indicator 

	 
	1. The Debt-to-Income (DTI) "Trap" 
	 
	The "Waithood" Comparison 

	2. Why the 28M "Phantom Jobs" Fuel the Grievance 
	3. Structural Conclusion: The "Intelligence Surplus" 
	1. 2026 Stability Risk Map: High-Stress Corridors 
	2. Key 2026 Evidence: The "Intelligence Surplus" 
	3. Stress Test Conclusion: Why the "Phantom" is Real 
	1. The Paradox: Shortage of Labor, Surplus of "Intellectuals" 
	Structural Breakdown: 1917 Russia vs. 2025 USA 

	2. The "Intelligence Capital" Disconnect 
	3. Stress Testing the 19M: The "Revolutionary Threshold" 
	1. The Cohesion Stress Test (1917 vs. 2025) 
	2. The European "Intelligence Capital" Paradox 
	3. The Breaking Point: Cost of Living vs. Status 
	4. Stress Test Conclusion for Our 19M Thesis 
	 
	1. Tri-Era Cohesion Stress Test: The Political Realignment 
	2. Europe 2025-2026: The "Right-Wing" Youth Wave 
	3. USA 2026: The "Grievance Gap" in the Midterms 
	 
	 
	4. Stability Risk Conclusion 
	Comparative Summary: Structural Stress and “Intelligence Surplus” Across Four Eras 
	Cross-Era Structural Pattern (from the Evidence) 
	Key Differentiating Factor 
	Strategic Interpretation 
	 
	The Rise of Intelligence Capital as the Dominant Factor of Production 
	The Phantom Job Phenomenon 
	Why This Is Not a Bubble 
	Capital Markets Are Correctly Pricing Intelligence Capital 

	It begs the question, was Windows Server low margin? Not exactly “low-margin”—but low strategic leverage. Microsoft’s margins were fine. The problem was ecosystem control. 
	1) The core analogy 
	Servers (then) 
	Foundation models (now) 

	2) When open weights displace closed models (Linux outcome). Open wins when the “model layer” is treated like infrastructure, and these conditions hold: 
	A) Performance is “good enough” for most workloads. Once most enterprise use cases are satisficed by open models, the marginal value of frontier models collapses. 
	B) Switching costs are low. If apps talk to an “LLM abstraction layer” and prompts are portable, model switching becomes like changing distros. 
	C) The moat is not the weights, but the ops. If the real enterprise pain is: 
	D) Local deployment is a “must”. Regulated industries + sovereignty + IP protection drive self-hosted demand. Open weights dominate by default here. 

	3) When open weights expand the market but don’t cannibalize (the usual hypothesis). Open broadens the base without displacing the premium when the premium is protected by non-commoditizable advantages: 
	A) Frontier capability matters economically. If top models reliably unlock: 
	B) The product is more than the model. Closed providers can bundle: 
	C) Data/network effects are real. If training data, feedback loops, and post-training pipelines compound into a durable gap, open has a harder time “catching up.” 

	4) A crucial wrinkle: “open weights” ≠ “open source”. A lot of what the market calls “open” is actually open weights with license constraints (e.g., restrictions on using outputs or model components to train competing models, depending on license/version). (Llama) 
	5) The likely market structure (what “actually happens”). Most plausible equilibrium is bifurcation, not winner-take-all: 
	Segment 1: Regulated / sovereign / embedded / cost-sensitive 
	Segment 2: Frontier-dependent / product-integrated / speed-to-market 

	6) Intelligence Capital mapping. A Linux moment happens when the asset’s yield is mostly Coasian (cost minimization, standardization) rather than compounding cognitive advantage. 
	In Appendix C, we conduct a more in-depth analysis of the open source argument, and provide a “Linux Test for AI Commodization” scoresheet. 
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