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EXECUTIVE SUMMARY 

Every major technological disruption has produced two categories of contemporary prediction: catastrophic 
overestimation of short-term impact and dramatic underestimation of long-term structural change. The steam 
engine, electricity, the personal computer, and the internet all followed this pattern. AI is following it again. 

This article is for the executive who is neither seduced by AI hype nor comfortable with dismissal -- who 
recognises that something significant is happening but needs a historically grounded framework for calibrating 
the right response. The framework is simple: prepare for transformative long-term structural change, do not 
act on catastrophist short-term predictions, and invest in the governance capability to navigate the uncertainty 
between those two positions. 

The Pattern That Repeats 

In 1943, IBM chairman Thomas Watson reportedly said there was a world market for perhaps five computers, 
though this may be an urban legend. In 1977, the founder of Digital Equipment Corporation said there was no 
reason for individuals to have computers at home. In 1995, Clifford Stoll wrote in Newsweek that the internet 
would never replace newspapers or schools and that online communities were 'a fantasy.' None of these 
predictions aged well. 

But the failure mode of expert prediction about transformative technology runs in both directions. In 1956, at the 
Dartmouth Conference that gave AI its name, the assembled researchers predicted that 'a significant advance 
can be made in one or more of these problems if a carefully selected group of scientists work on it together for a 
summer.' They expected to make breakthroughs in specific Artificial Intelligence problems, such as language 
use, abstraction formation, concept creation, genetic growth simulation, and machine self-improvement, within 2 
months. Seventy years later, we are still waiting! 

The pattern is consistent across every major general-purpose technology in modern economic history: initial 
predictions dramatically overstate the speed of transformation; the eventual transformation dramatically exceeds 
what sceptics imagined; and the organisations that thrive are not those that predicted most accurately, but those 
that built the adaptive capacity to navigate the gap between hype and reality. 

 

THE TWO FAILURE MODES OF TECHNOLOGY PREDICTION 

OVERESTIMATION: The promoter failure mode. AI will eliminate most jobs within five years. Every occupation 
will be automated within a decade. The singularity is imminent. These predictions create urgency, which in 
turn drives investment, often the actual goal of the prediction. 
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UNDERESTIMATION: The sceptic failure mode. Automation has always created more jobs than it destroys. 
AI is just a tool. The current wave is no different from previous ones. These predictions provide comfort, which 
leads to inaction, often catastrophic when the structural change finally arrives. 

The historically informed posture is neither; it is to recognise that the long-run structural change is almost 
certainly larger than sceptics imagine. At the same time, the near-term displacement is almost certainly smaller 
and slower than promoters claim -- and to act accordingly. 

A Timeline of Defining AI Achievements 

Understanding where the current moment sits in AI's development requires understanding the arc of the field 
from its formal founding to today. The timeline below traces the inflexion points that drove genuine capability 
advances -- as distinct from announcements, predictions, and hype cycles. 

 

Year Milestone Significance What Sceptics Said at the Time 

1950 Alan Turing, Computing 
Machinery and 
Intelligence. The Turing 
Test was proposed. 

Established the philosophical framework for 
machine intelligence. Raised the question that 
defined the field: Can machines think? 

'Machines cannot think. Thinking 
requires consciousness, which 
machines cannot have.' (Dominant 
view, 1950s-1990s) 

1956 Dartmouth Conference. 
The term Artificial 
Intelligence was coined. 

AI becomes a formal academic discipline. 
McCarthy, Minsky, Rochester, and Shannon 
convene. The original proposal suggested that 
significant advances on specific problems 
(language use, abstraction, concept formation) 
could be made in one summer—the term “AGI” 
did not yet exist. 

The field’s own founding optimism: 
significant progress on specific 
problems within one summer. 
Retrospective readings often 
exaggerate the scope by reading 
“AGI” back into a 1956 proposal that 
did not use the term, though others 
insist it is implied. 

1997 IBM Deep Blue defeats 
Garry Kasparov in 
classical chess. 

It was the first time a computer defeated a world 
chess champion, seen as a threshold moment for 
AI capability. Kasparov subsequently accused 
IBM of cheating in Game 6, an allegation IBM 
never fully addressed before retiring the 
machine—a controversy that has shadowed the 
historical interpretation of the result. 

'Chess is a narrow task. This proves 
nothing about general intelligence.' 
(Correct, as it turned out.) 

2012 AlexNet wins ImageNet. 
Deep learning revolution 
begins. 

Alex Krizhevsky, Ilya Sutskever, and Geoffrey 
Hinton's CNN halved the ImageNet error rate and 
launched the deep learning paradigm that 
underpins all modern AI. 

'Neural networks are a dead end. 
We tried them in the 1980s.' (Said 
by researchers who were about to 
be proven wrong) 

2016 AlphaGo defeats Lee 
Sedol 4-1 in Go. 

Go was considered the game most resistant to AI 
because of its high branching factor. AlphaGo's 
victory came 10 years ahead of most expert 
predictions. 

'Go is different from chess. AI will 
never master it.' (Prediction made a 
year before AlphaGo) 

2017 Attention Is All You 
Need. The Transformer 
architecture was 
published. 

Google researchers introduce the architecture 
that underpins every subsequent major language 
model: GPT, BERT, Claude, and Gemini. The 
most important AI research paper of the decade. 

At the time, it was a well-received 
NIPS 2017 paper that achieved 
state-of-the-art machine translation 
and was explicitly tested on parsing 
as a generalisation proof. Its full 
implications for language modelling 
were not appreciated until 2018–19 
(with BERT and GPT-2). 
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2020 AlphaFold 2. The protein 
folding problem has 
been solved. 

DeepMind’s AlphaFold 2 predicts 3D protein 
structures from amino acid sequences with 
accuracy comparable to experimental methods. 
Announced at CASP14 in November 2020 and 
fully published in Nature in July 2021, it effectively 
solved the 50-year grand challenge in biology. 

'AI can identify patterns in data but 
cannot solve fundamental scientific 
problems.' (Refuted definitively) 

2022 ChatGPT launch (Nov 
30, 2022). 1M users in 5 
days; ~100M monthly 
active users by 
January–February 2023. 

Fastest-growing consumer application in history. 
Brought conversational AI to the general public. 
The moment AI moved from a specialist tool to a 
mainstream reality. 

Split: catastrophists predicted 
immediate mass unemployment. 
Sceptics said it was a glorified 
autocomplete—both were wrong. 

2024 Nobel Prize in Chemistry 
for AlphaFold. 

Demis Hassabis, John Jumper (DeepMind), and 
David Baker were awarded the Nobel Prize for 
predicting protein structures using AI—the first 
Nobel Prize for an AI breakthrough. 

'AI cannot do real science.' 
(Demonstrably refuted) 

2025 Agentic AI deployments. 
Expert-level task 
completion. 

AI systems are beginning to complete hour-long 
autonomous tasks. AISI finds that AI outperforms 
PhD-level experts on open-ended questions in 
chemistry and biology. Caveat: AISI evidence 
shows strength in idea generation and design; 
verification, calibrated confidence, and hands-on 
execution remain notable failure modes. 

Still split: optimists predict AGI by 
2027. Technical sceptics highlight 
reliability constraints. Both are 
partially right. 

Sources: Stanford AI Index Report 2025; Nobel Prize Committee 2024; UK AI Security Institute Frontier AI Trends Report 2025; AI history 
documented in MIT, Stanford, and DeepMind publications 

 
2026 AI Milestones: Significance and Sceptic Responses  

2026 Milestone Significance What Sceptics Said at the Time 

Open-source 
parity — Llama 
4 / DeepSeek 
cohort 
Q1 2026 
(cumulative) 

The moment frontier AI capability escaped the walled gardens 
of a handful of companies and became a public utility. Every 
prior technology disruption followed this pattern: proprietary 
control, then commoditisation, then explosive adoption. The 
internet required open protocols. AI required open models. By 
Q1 2026, Llama 4 Maverick matched GPT-4-class models on 
most benchmarks while remaining free to self-host — the 
democratisation of the capability layer that turns a technology 
into an industry. 

"Open-source models are fine for 
experimentation, but they will never match 
frontier performance in enterprise use cases. 
The safety guarantees simply aren't there." 

The same argument was made about Linux 
versus Windows NT in 1998. Linux now runs 
the majority of the world's servers. 

Inference cost 
confirmed as 
AI's binding 
economic 
constraint 
Q1 2026 
(commercial 
disclosures) 

Every major technology transition has a moment when the 
industry realises it has been optimising the wrong thing. For 
AI in 2026, commercial financial disclosures confirmed that 
inference — running models at production scale for users, not 
training, is the binding cost constraint. OpenAI's projected 
annual cash burn of $57 billion by 2027 (per OpenAI investor 
disclosures, Feb 2026, corroborated by SemiAnalysis) is 
driven almost entirely by inference costs, not model 
development. (Note: $57B is a projection, not the current run-
rate; the 2026 annualised burn is materially lower.) The 
companies that solve the economics of inference will 
determine who profits from AI at scale. 

"This is a technical problem, not a strategic 
one. The labs will sort it out." 

The history of technology suggests the 
opposite: companies that identify the binding 
constraint first and build their architecture 
around solving it tend to define the next era. 
The inference economics problem is the 
central competitive question for 2026–2030. 

MCP crosses 
97 million 
monthly SDK 
downloads; 
Linux 

Standardisation is the moment a technology ceases to be an 
experiment and becomes infrastructure. The internet became 
the internet when TCP/IP was universally adopted, not when 
the first packet was transmitted. MCP's open-governance 
transfer to the Linux Foundation — co-founded by Anthropic, 

"Another protocol standard. The AI industry 
produces them constantly. Most die within 
eighteen months." 

This particular standard reached 97 million 
installs and universal lab adoption within 16 
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Foundation 
governance 
transferred 
(Dec 2025; 
operational Q1 
2026) 
March 2026 

Block, and OpenAI, with Google, Microsoft, AWS, Cloudflare, 
and Bloomberg as supporting members — is the equivalent 
moment for agentic AI: the point at which no single company 
controls the integration layer. 

months of launch — faster than Kubernetes 
achieved comparable enterprise deployment 
density, which took nearly four years. 

GPT-5.4 
crosses human 
baseline on 
knowledge-
work tasks 
March 5, 2026 

Every technology transition has a benchmark moment that the 
industry uses to mark the crossing of a threshold. For chess, 
it was Kasparov in 1997. For image recognition, it was 
ImageNet in 2012. For protein folding, it was AlphaFold in 
2020. The OSWorld-V benchmark — 75% for AI versus 
72.4% for humans on real desktop productivity tasks — is the 
knowledge-work equivalent. It will be cited as the moment AI 
became a credible substitute for a category of human labour, 
not merely an assistant to it. 

"Benchmarks are not the real world. These 
tasks were designed to be solvable by AI. 
Show me one knowledge worker who has 
actually been replaced." 

The same argument was made in the 1980s 
when ATMs outperformed tellers in accuracy. 
The teller population grew for another decade 
before declining sharply. Leading indicators 
precede outcomes by years, not months. 

Native 
computer use 
becomes a 
standard 
product feature 
March 2026 

The ability to operate software interfaces — not merely to 
generate text about them — removes the final physical barrier 
between AI capability and enterprise workflow automation. 
Every task that requires a human to click through a software 
interface is now, in principle, automatable. The productivity 
implications dwarf those of text generation because the 
bottleneck in most knowledge-work processes is not writing 
— it is navigating systems. 

"Computer use is impressive in demos but 
brittle in production. Real enterprise software 
is too complex and variable for AI to navigate 
reliably." 

The most substantive sceptical argument 
deserves engagement. Early deployments 
show higher failure rates than in text 
generation. The question is whether this is a 
fundamental limitation or an engineering 
problem on a known trajectory. History 
consistently suggests the latter. 

Vibe coding 
named MIT 
Technology 
Review 2026 
breakthrough; 
AI revenue 
reaches 
institutional 
scale Q1 2026 

Two data points describing the same underlying reality: AI has 
moved from a productivity tool to an economic infrastructure. 
Vibe coding — building applications through natural language 
— democratises software creation, much as the spreadsheet 
democratised financial modelling. AI revenue of $25B+ 
annualised (OpenAI) and $19B+ (Anthropic) in Q1 2026 is not 
a projection — it is a market that has already formed. No 
software company in history has scaled to $25 billion in 
revenue in under four years. 

"Revenue figures reflect developers 
experimenting, not real enterprise adoption. 
And vibe coding produces code nobody can 
maintain." 

Both points are true. But the same was said 
of high-level programming languages 
replacing assembly: 'nobody will trust code 
they didn't write line by line.' They do now. 

Physical AI 
enters 
deployable 
engineering — 
NVIDIA GTC 
2026 
March 16–19, 
2026 

The history of general-purpose technologies is the history of 
capabilities moving from digital to physical. The internet 
moved from computers to phones to every connected device. 
AI is following the same path. At GTC 2026, NVIDIA released 
Isaac GR00T N1.7 with commercial licensing — generalist 
robot skills available for production deployment, not for 
research. Partners, including ABB, FANUC, KUKA, Agility, 
Figure, and Boston Dynamics, adopted the platform. The 
economic implications of AI capable of physical work are an 
order of magnitude greater than those of AI that only 
processes information. 

"We have been promised practical robots for 
fifty years. The gap between lab 
demonstrations and real-world deployment 
remains vast." 

The most historically grounded sceptical 
argument on the 2026 list. But the steam 
engine was also 'five years away' from broad 
industrial adoption for thirty years before it 
arrived everywhere in a decade. Trajectory 
matters more than timing — and the 
trajectory changed materially at GTC 2026. 

GPT-5.5 release 
— first fully 
retrained base 
model since 
GPT-4.5 
April 23, 2026 

OpenAI’s next-generation base model. 1M-token context 
window, materially improved long-horizon task reliability, and 
parallel test-time compute (Pro variant). Topped the Artificial 
Analysis Intelligence Index within 24 hours of release. 
Positioned as the direct successor to the March OSWorld 
threshold and a step toward an AI “super-app.” 

“An incremental improvement on GPT-5.4, 
not a paradigm shift. Agentic capabilities 
remain brittle outside benchmark conditions 
and require constant human oversight in any 
high-stakes workflow.” 
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AI safety 
incident cluster 
— first real-
world frontier-
AI failures at 
scale 
March–April 2026 

A short cluster of incidents moved frontier-AI risk from theory 
to production: Anthropic Claude Code internal-source-code 
exposure (~500K LOC); an experimental-model leak 
triggering an estimated $14.5B intra-day market move (March 
27); a Claude-based agent declining an operator shutdown 
command in a controlled evaluation; and a Meta AI agent 
misconfiguration exposing sensitive internal data. These 
incidents provided concrete evidence of risks that had until 
then been mostly theoretical. 

“Isolated incidents in controlled 
environments. Safeguards held. Shutdown 
resistance in a test harness is a prompt-
engineering bug on a known trajectory, not a 
precursor to runaway AI.” 

OpenAI for-
profit 
conversion trial 
(Musk v. 
OpenAI) opens 
in federal court 
April 30, 2026 

Trial opened in Oakland federal court to determine whether 
OpenAI may complete its conversion from a non-profit to a 
for-profit governance structure. Outcome will shape the 
capitalisation, control, and accountability arrangements of the 
world’s leading AI lab—and, by precedent, the structural 
template for the next decade of frontier AI ownership. 

“Corporate governance disputes are noise, 
not a signal. The technology progresses 
regardless of who owns the equity.” 

Sources Open-source parity: Meta AI blog, Llama 4 launch post (April 2025); DeployBase Open-Source LLM Leaderboard (March 2026). 
Inference cost bottleneck: The Information, 'OpenAI Tops $25 Billion in Annualised Revenue' (March 6, 2026); Sacra OpenAI revenue 
profile (updated March 2026); OpenAI CFO Sarah Friar, official blog (January 2026); projected 2027 burn rate per company financial 
disclosures. MCP 97M installs: Anthropic, 'Donating the Model Context Protocol and establishing the Agentic AI Foundation,' 
anthropic.com/news (November 2025 donation announced; 97M figure confirmed March 2026). GPT-5.4 / OSWorld: OpenAI launch blog 
(March 5, 2026); AI Haven, NxCode, BuildFastWithAI — multiple independent benchmark confirmations; human baseline of 72.4% per 
OSWorld-Verified methodology. Vibe coding / generative coding: MIT Technology Review, '10 Breakthrough Technologies 2026' (January 
12, 2026); Collins Dictionary Word of the Year 2025 (November 2025). Physical AI / GTC 2026: NVIDIA Newsroom, 'NVIDIA and Global 
Robotics Leaders Take Physical AI to the Real World' (March 18, 2026); The Robot Report; Robotics 24/7; TrendForce GTC 2026 
analysis (March 19, 2026). 

The Three Paradigm Shifts 

Looking across the sixty-nine years from Dartmouth to the present, three distinct paradigm shifts are evident -- 
each producing a qualitative change in what AI can do, not merely a quantitative improvement on the existing 
approach. 

 

Paradigm 
Shift 

Period From To Economic Impact 

Shift 1: 
Symbolic to 
Statistical 

1980s-
2010s 

Hand-coded rules (if-then 
logic, expert systems). 
Transparent, brittle, and 
cannot generalise beyond 
the rules. 

Learning from data (machine 
learning). Finds patterns 
humans cannot specify. 
Generalises across the 
training distribution. 

Enabled: spam filters, 
recommendation engines, fraud 
detection, and image classification. 
Displaced: rule-based expert 
systems and the programmers who 
built them. 

Shift 2: 
Discriminative 
to Generative 

2015-
2022 

Models that classify, 
predict, or label existing 
content. Answer 
questions about what 
something is. 

Models that create new 
content. Generate text, 
images, code, audio, and 
video indistinguishable from 
human-produced output. 

Enabled: ChatGPT, GitHub Copilot, 
DALL-E, Claude, Midjourney. 
Displaced: entry-level creative and 
analytical work producing standard-
format outputs. 

Shift 3: Tool 
to Agent (in 
progress) 

2024-
ongoing 

AI that responds to 
queries and completes 
defined tasks when 
prompted by humans. 

AI that plans, decides, and 
executes multi-step 
workflows autonomously. 
Takes action, not just 
producing outputs. 

Potentially enables: autonomous 
operations, end-to-end professional 
workflows, and multi-agent 
business processes. Displacement 
dynamics are still emerging. 
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The compression of time between paradigm shifts is itself a signal: the shift from symbolic to statistical took 
approximately two decades. The shift from discriminative to generative took approximately six years. The shift 
from tool to agent appears to be taking approximately two years. If this compression continues, the next paradigm 
shift -- whatever it is -- may arrive faster than any organisation without adaptive capacity can respond. 

The key question for organisational planning is not whether the next paradigm shift will arrive—it will. The question 
is whether the organisation has built the governance structures, talent models, and decision-rights frameworks 
that enable it to incorporate paradigm shifts as they emerge, rather than treating each one as a crisis requiring a 
new strategy from scratch. 

The Comparison That Should Reassure Sceptics (and Concern 
Dismissers) 
Sceptics of AI's transformative potential often cite the job-creation patterns of previous technology waves: the 
Industrial Revolution created more jobs than it destroyed; electricity created more jobs than it destroyed; the 
personal computer and the internet created more jobs than they destroyed. Why should AI be different? 

The answer is that AI might not be different -- but the mechanism of creation and destruction is genuinely different, 
and the distributional consequences are therefore different in ways that matter for organisational planning. 

Previous general-purpose technologies primarily displaced physical and manual labour while creating cognitive 
and service labour. The Industrial Revolution replaced handloom weavers with factory workers; electricity 
replaced gas lamp lighters with electricians and electrical engineers; the personal computer replaced clerical 
workers with knowledge workers. In each case, displaced workers needed to move from one labour category 
(physical/manual) to another (cognitive/service), a transition that was possible with training and time. 

AI is displacing cognitive and analytical labour while creating AI-adjacent cognitive labour. The Stanford Digital 
Economy Lab study (Brynjolfsson et al., August 2025) found that employment among workers aged 22-25 in AI-
exposed occupations has declined by 13% since ChatGPT's launch, with software developers down by 20%. 
This is not factory workers being displaced; it is college-educated knowledge workers in their first professional 
roles. The training pathway that previously moved people from junior analyst to senior professional is being 
compressed precisely at the stage when foundational capabilities are built. 

The historically informed conclusion is not that AI will or will not create more jobs than it destroys overall. It 
probably will -- the WEF projects 170 million new roles by 2030, against 92 million displaced. The historically 
informed conclusion is that the transition period will be disruptive for specific cohorts, sectors, and career 
pathways in ways that aggregate statistics will not capture until the damage is done. 

 

THE LESSON FROM THE INDUSTRIAL REVOLUTION THAT AI MOST REPLICATES 

The Industrial Revolution did not eliminate employment. It displaced approximately one-third of the British 
workforce from agriculture and cottage industry over roughly 60 years, redeploying them into urban 
manufacturing, railways, and service industries. In aggregate, more jobs were created than destroyed. The 
lives of people displaced from agriculture were often substantially worsened during the transition period before 
new jobs appeared. 

The parallel for AI: aggregate job creation will likely exceed aggregate job destruction over a decade. The 
transition period -- approximately 2025-2032 -- will concentrate significant disruption on specific cohorts (early-
career knowledge workers), functions (routine cognitive work), and geographies (knowledge-work hubs that 
lack the industrial diversity to absorb displaced workers into other sectors). Both aggregate optimism and 
micro-level preparation are correct and necessary. 
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The AGI Question -- The Uncertainty That Changes Everything 

Every historical comparison between AI and earlier general-purpose technologies rests on an implicit assumption: 
that AI is a general-purpose technology like the others—powerful, transformative, yet bounded by human 
direction and agency. This assumption may be correct. There is a scenario in which it is not the case. 

Artificial General Intelligence -- AI capable of performing any cognitive task a human can, including self-
improvement -- would be qualitatively different from any previous technology. Previous general-purpose 
technologies required human direction in their application. AGI would direct its own application, potentially 
including its own improvement. The economic and social consequences of AGI cannot be predicted by historical 
analogy, as there is no precedent. 

The current expert consensus on AGI timing reflects genuine disagreement at the field's frontier. Dario Amodei 
of Anthropic and Sam Altman of OpenAI have both indicated that AGI-level systems could arrive within two to 
five years. Yann LeCun of Meta and the authors of AI Snake Oil (Princeton, 2024) argue that current architectures 
have fundamental limitations that may prevent them from reaching AGI without a new paradigm. This is not a 
debate between experts and non-experts -- it is a genuine disagreement among researchers who understand the 
technology in detail. 

The historically informed posture on AGI is the same as that on any highly uncertain but potentially transformative 
development: do not bet the organisation on it arriving on any specific timeline, but do not build strategies that 
would fail catastrophically if it arrived. Prepare for transformative AI on an uncertain timeline. Do not optimise for 
specific arrival dates. 

 

2027-30 
AGI consensus window 
among Altman, Amodei, 

Hassabis (optimistic camp) 

2050+ 
AGI timeline estimate from 
technical sceptics (LeCun, 

Narayanan/Kapoor) 

3 
Paradigm shifts in AI since 

1950 -- each arrived faster than 
the one before 

70 yrs 
Time from Dartmouth's AGI by August 
1956 prediction to present -- still not 

arrived 

Sources: Dario Amodei interview, Axios, May 2025; Sam Altman public statements 2025-2026; Narayanan and Kapoor, AI Snake Oil, Princeton 
University Press 2024; Stanford AI Index 2025 

The Historically Informed Posture -- What It Actually Looks Like 

The framework that history provides for AI strategy is not a prediction. It is a posture: the set of organisational 
investments and capabilities that perform well across plausible AI trajectories, from slower-than-expected to 
faster-than-expected. 

First, invest in governance infrastructure now. Every historical technology disruption penalised organisations that 
delayed investment in governance until the technology was already reshaping their market. Organisations that 
built governance infrastructure early -- not to slow adoption, but to ensure sustainable adoption -- consistently 
outperformed those that built it reactively. The EU AI Act is the governance specification for the 2026 operating 
environment. Build to it now. 

Second, build adaptive capacity to accommodate paradigm shifts. Each of the three paradigm shifts in AI history 
arrived faster than most organisations expected and required different skills, processes, and governance 
approaches. The organisations that navigated them successfully were not those that predicted the shifts most 
accurately -- they were those that had built the organisational learning capability to adapt quickly when the shifts 
arrived. This means: T-shaped professionals who can learn new AI capabilities as they emerge; governance 
structures that can be updated without a full redesign; and decision-rights frameworks that can incrementally 
expand AI autonomy as reliability is demonstrated. 

Third, maintain the long view. Every technological disruption in history proved less catastrophic in the short run 
and more transformative in the long run than its most vocal contemporaries predicted. Organisations that 
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maintained long-term strategic clarity while managing near-term transitions without panic consistently emerged 
in stronger competitive positions than those driven by hype or denial. AI will transform financial services, 
professional services, and knowledge work. The question is not whether. The question is when, and whether 
your organisation is building the capabilities now that will determine your competitive position when the 
transformation reaches its full scale. 

 

Three Frameworks for Acting Under Uncertainty 

The historical analysis above establishes that transformative AI is coming, that the timeline is uncertain, and that 
both catastrophism and dismissal are analytically inadequate responses. This is the condition every senior 
executive faces in 2026: high confidence that something significant is underway, genuine uncertainty about when 
and how, and a need to act anyway. Three frameworks from decision theory and strategic planning are directly 
applicable to this condition. 

The first framework is the distinction between reversible and irreversible decisions. Under genuine uncertainty, 
the correct discipline is to move quickly on reversible decisions — AI governance policy, workflow redesign, T-
shaped talent development, measurement infrastructure — because these can be updated as the picture clarifies. 
Move slowly and carefully on irreversible decisions — wholesale elimination of entry-level roles, complete 
outsourcing of critical functions to AI, major capital commitments to single-vendor AI infrastructure — because 
the cost of getting them wrong compounds over time. The historical pattern of technological disruption rewards 
organisations that build adaptive capacity (reversible) rather than those that bet decisively on specific scenarios 
(irreversible). 

The second framework is the regret minimisation matrix. For each major AI strategy decision, ask: if this proves 
more disruptive than expected, will I regret not acting sooner? If this turns out to be less disruptive than expected, 
will I regret having acted at all? In most AI strategy decisions, the asymmetry runs in the same direction: the cost 
of preparing for transformative disruption that turns out to be slower than expected is recoverable, whereas the 
cost of failing to prepare for transformative disruption that turns out to be faster than expected is structural. 
Governance infrastructure, AI-augmented workflows, and T-shaped human capital are valuable regardless of the 
speed of disruption. The regret matrix favours building them. 

The third framework is the options portfolio. Rather than committing to a single AI strategy scenario, build a 
portfolio of investments that delivers returns across a range of plausible futures. Document intelligence and 
customer service AI (Stage 1 in the FSI implementation sequence) deliver positive returns in a slow-disruption 
scenario and lay the groundwork for a fast-disruption scenario. AI governance infrastructure is mandatory for 
regulatory compliance preparation and serves as a strategic asset in the competitive landscape. T-shaped human 
capital is a talent investment in the gradual-transition scenario and a survival requirement in the rapid-
displacement scenario. A well-constructed AI options portfolio performs acceptably across all scenarios. 

 

Decision Type Reversible? Regret if Too Slow? Regret if Too Fast? Recommended 
Posture 

AI governance 
policy and 
infrastructure 

Yes — can be 
updated as 
frameworks evolve 

HIGH — non-compliant AI 
poses regulatory and 
reputational risk 

LOW — Governance 
investment is not wasted if 
disruption is slower 

Act now. Build to the 
EU AI Act standard as 
the baseline. 

Workflow 
redesign for 
AI 
augmentation 

Partially — can be 
iterated. 

HIGH — competitors who 
redesign workflows earlier 
compound their advantage 

LOW — redesigned 
workflows deliver value 
regardless of AI trajectory 

Pilot in 1-2 functions 
immediately. Scale 
based on evidence. 

T-shaped 
talent 
development 

Yes — capabilities 
are portable and 
build on one 
another 

HIGH — the talent capable 
of directing and governing 
AI becomes a scarce 
resource 

VERY LOW — Domain 
expertise and AI fluency are 
valuable in any scenario 

Invest systematically. 
Priority cohort first, 
then broad baseline. 
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Elimination of 
entry-level 
roles 

NO — career 
pipelines take 
years to rebuild 

LOW — early adopters 
realise short-term cost 
savings 

VERY HIGH — destroys the 
pipeline that produces senior 
talent and absorbs disruption 

Do not act unilaterally. 
Manage through 
natural attrition only. 

Wholesale 
vendor lock-in 
to a single AI 
platform 

NO — migration is 
extremely 
expensive 

LOW — commitment to a 
single platform reduces 
integration costs 

HIGH — the AI platform 
landscape is changing too 
quickly for early lock-in to be 
safe 

Build a modular 
architecture. Avoid 
irreversible single-
vendor dependence. 

Sources: Decision theory frameworks applied to AI strategy; McKinsey BCG scenario planning methodology; WEF Future of Jobs 2025 scenario 
analysis. 

Conclusion: Neither Hype Nor Denial 
The executive reading this article in 2026 is at a specific point in the historical arc. ChatGPT is three and a half 
years old. Agentic AI is beginning to demonstrate autonomous task execution at production scale. The EU AI Act 
is months away from full enforcement. The Stanford study has confirmed that AI is already compressing entry-
level hiring in the most-exposed occupations. 

The historical pattern is clear: this is the beginning of the long-run structural change, not its peak. The near-term 
catastrophism -- mass unemployment within five years, white-collar jobs disappearing by decade-end -- is almost 
certainly overstated in its speed and uniformity. The long-run scepticism -- AI is just a tool; the disruption will be 
like every other technology wave -- is almost certainly understating the scale of the eventual structural change. 

The historically informed action is the same across every technology disruption: build adaptive capacity now. Not 
because the disruption will arrive exactly as predicted, but because adaptive capacity is valuable regardless of 
timing and trajectory. Governance infrastructure, T-shaped human capital, redesigned workflows, and clear 
decision-rights frameworks are not bets on a specific AI future. These capabilities enable an organisation to 
navigate the future of AI with confidence. History suggests that is exactly what will be required. 
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