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Overall Experience Rating – Measuring Visitor Response in Museums
ANDREW J. PEKARIK , JAMES B. SCHREIBER, AND NICK VISSCHER

Abstract The authors present research comparing different measures of experience quality. Using data

from visitor studies at the Denver Zoo, they claim that a question that asks visitors to rate their overall

experience, when used together with fully grounded five-point ordinal response scales with a category

beyond Excellent, provide better results than a number of other, commonly-used scales, including Net

Promoter Score. With data from the Arthur M. Sackler Gallery, they demonstrate how this measure can be

used to compare and evaluate visitor responses across exhibitions.

INTRODUCTION

Performance measurement has become a

standard feature of contemporary organizations.

Measurement data can shape operations, guide

strategy, and enforce accountability. Deciding

what to measure and how to measure it are criti-

cal questions.

What shouldmuseumsmeasure? In addition

to data on attendance, finances, collections, staff,

offerings, and space, there is the important mat-

ter of the visitor experience. Evaluating visitors’

responses to their time in the museum is more

difficult than determining the success of a trans-

action such as the purchase of a product or ser-

vice. The outcomes of a museum visit are diverse,

unpredictable, and subtle (Pekarik 2010) and are

influenced not only by the opportunities provided

but also by the backgrounds, knowledge levels,

and even personalities of the visitors. As a result

an appropriate measure needs to allow respon-

dents to decide for themselves on what basis they

make their assessment. It needs to encompass all

possible outcomes and all possible subjective

viewpoints. It also needs to point directly to what

it seeks to measure, namely personal experience,

rather than to an indirect, future-oriented proxy

such as willingness to recommend.

In the early 2000s visitor researchers at the

Smithsonian Institution tried a variety of survey

questions and scales in an attempt to arrive at a

single item or set of items that would accurately

and reliably identify the degree to which visitors

were pleased with their experience in the

museum. The best of these was found to be a

question and a scale that came to be called the

Overall Experience Rating (OER). Since then

the Smithsonian has used this measure across all

of its many museums both to rate visitor experi-

ence in a museum as a whole, in individual exhi-

bitions and displays, and in public programs.

Across more than a hundred studies over more

than 14 years, this measure has proven to be

stable and useful. Its implementation in practice

can be noted in the visitor studies made available

on the website of SmithsonianOrganization and

AudienceResearch (https://soar.si.edu/reports).

Overall Experience Rating has recently

started to gain a following in other museums as

well (Henriksen 2017; Visscher et al. 2017). It
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is our intention here to provide a fuller descrip-

tion of the measure and its use, and to offer an

empirical comparison to other related scales and

measures, in the hope that Overall Experience

Rating can become a standard within the field.

QUALITY OF EXPERIENCE

Performance measures of audience res-

ponse are part of a larger research domain gen-

erally known as Customer Satisfaction, which

includes topics such as needs, desires, emotions,

and expectations. The research on satisfaction

spans every area of human engagement, from

automobiles to zoo experiences. Because of the

breadth of coverage, there is also a breadth of

definitions. Cardozo’s (1965) original experi-

mental work paved the way for the field, but

multiple definitions exist and appear to be based

on the characteristics of the study at hand. Giese

and Cote (2000) reviewed 20 definitions span-

ning 30 years of research and created thematic

categories. The first is response, which can be

emotional or cognitive in nature. Then there is

focus, which is particular to expectations, pro-

duct, consumption, or experience. Finally, there

is time frame, which can be after consumption,

after choice, based on experience over time, dur-

ing the purchase, and so on. Oliver (2010, 8,

emphasis in the original) states that

Satisfaction is the consumer’s fulfillment

response. It is a judgment that a product/service

feature or the product or service itself, provided

(or is providing) a pleasurable level of consump-

tion-related fulfillment, including levels of

under- or over-fulfillment.

This definition’s core concept - the judg-

ment of pleasurable fulfillment, under-fulfill-

ment and over-fulfillment – is appropriate in

the museum context. Measures based directly

on this definition are generally of two types:

measures of satisfaction, and measures compar-

ing experience with expectation. Both presup-

pose a clear sense of what was expected

(implicitly in the case of satisfaction, and explic-

itly in the case of comparison). Such expectation

is more likely in situations where the product/

service provider bears primary responsibility for

the outcome of the interaction and the con-

sumer’s role is relatively passive. Visitors’ expec-

tations in museums, however, tend to be vague

and generic because individuals have so much

control over how the encounter will unfold.

We prefer a measure that directly addresses

the mental/emotional state of the visitor at the

moment of response without specifying or

implying any prior reference. One expression of

such a measure is “Quality of Experience,” a

concept that has arisen in the world of digital-

user performance. Quality of experience has

four key dimensions (Schatz et al. 2013):

Subjective – it is based in a personal perspec-

tive

User-centric – its core concern is the user

Holistic – it is a comprehensive, all-inclusive

response

Multi-dimensional – it incorporates differ-

ences in context, users, and products

These four principles encompass the per-

sonal, individual, idiosyncratic, and varied expe-

rience of a museum visitor.

WHYQUALITYOF EXPERIENCEMATTERS

Like all those committed to the public role

of museums, we want visitors to have pleasur-

able experiences in museums. For visitors, plea-

surable experiences provide affirmation that

they made the right choice in choosing a
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museum experience over another option, and

high quality museum experiences are likely to

support a feeling of personal enrichment. For

museums, visitors are a key stakeholder group

whose quality of experience is likely to influence

their willingness to return and to provide sup-

port (Baker and Crompton 2000). At the indus-

try level, all museums benefit when customers

find their museum experiences meaningful and

enjoyable.

Survey Item

We capture these dimensions in a single,

straightforward survey instruction:

Please rate your overall experience with

this [museum/exhibition/event/activity/etc.]

[today].

This survey itemmeets the four dimensions

of experience quality in that it is subjective, i.e.,

it is not an evaluation of the product but of an

individual’s experience. It is user-centric in that

it is only focused on the user/visitor’s experi-

ence, not on the goals/aims/expectations of

others. It is holistic in that it requests a compre-

hensive assessment. It is multi-dimensional in

that it does not limit itself to any particular

aspect of the visitor experience.

Response Scales

For this survey item there are many poten-

tial response options and they can be divided

into three categories:

Numerical scales – ungrounded numerical

scales (numbers from 1 to 5, or 1 to 7, or 1 to

10, etc.); end-grounded numerical scales

(with labels at the low and high ends only);

and fully grounded numerical scales (with

labels for each number).

Non-numerical ordinal scaleswith 3–10 items

(a series of words that indicate rising or fall-

ing levels, such as:Good –Better –Best).1

Disconfirmation-Confirmation scales (sets that

offer comparison of present to prior states,

such as:Worse than I expected –As I

expected –Better than I expected.)

In the museum context these scales behave

very differently, depending on the position of

the item in the survey, the scale type, the num-

ber of scale items, and the labels used.

We maintain that the overall experience

rating question should be placed at or near the

head of the survey, in order to capture unmedi-

ated, top-of-mind responses. Positioning the

question later in a survey might cause it to be

influenced by memories or concepts introduced

by intervening question items.

Numerical scales have a subtle flaw in that

they encourage the analyst to assume that the

separations between successive numbers are

equidistant and that the responses form an

interval variable. (Bond and Fox 2015; Wright

1977). From the use of numbers and the wrong

assumption of equal distance comes the ten-

dency to reduce the measure to a mean value.

Reliance on a mean value masks the distribu-

tion, which in most museum studies is not nor-

mal. It is precisely the distribution which really

matters, not the central tendency of that distri-

bution, because, in reality, numerical scales,

whether labeled or not, are ordinal categorical

variables.

Disconfirmation-Confirmation scales have

subtle problems that differ according to the

specific type. One common type focuses on

expectation:Worse than expected –As expected

– Better than expected. The problem with this

scale is that an individual who is asked to reflect

back to a prior mental state (i.e., what was origi-

nally expected) will have been influenced in that
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memory by what has taken place since then. In

other words, there is a natural tendency to

under-report “Less than expected,” and to over-

report “As expected.” (Yuksel and Yuksel 2001).

Moreover, even when a respondent reports

“Better than expected,” the relative importance

or degree of that difference is unknown. There

is empirical evidence that performancemeasures

are superior to confirmation-disconfirmation

scales (Yuksel and Rimmington 1998).

Non-numerical ordinal scales require that

full attention be given to the distribution of

responses across the categories. This distribu-

tion can be greatly affected by the words used to

identify points on the scale (Krosnick and Fabri-

gar 1997). Research has shown that these scales

work best with five items (Krosnick and Presser

2010). The most commonly used 5-point

labeled rating scale is Poor – Fair –Good –Very

Good –Excellent. When used in museums, this

scale can show distributions that are highly

skewed towards the positive end of the scale.

Those who have no criticisms of their experi-

ence, for example, have no reason to give a rat-

ing below the top, Excellent.2 At the same time,

those who are truly excited about their experi-

ence have nowhere on the scale to go past Excel-

lent. As a result, the scale tends to better

distinguish the degree of criticism (i.e., all rat-

ings below Excellent) than it does levels of qual-

ity within the top category, Excellent. A test

with various labels demonstrates that the Excel-

lent label has a strong draw for museum visi-

tors.3 But “Excellent” is not “Perfect,” and

because Excellent is such an easy and non-criti-

cal choice, there is a need to identify a point

above Excellent that will capture the responses

of those who are not just satisfied and uncritical,

but truly excited about their experience.

The term that we have used above Excellent

is “Superior,” although research presented later

in this article indicates that “Outstanding”

appears to work as well. The key point is that

the respondent has been offered an option that

is better than Excellent.4

Overall Experience Rating

The complete expression of our quality of

experience survey item, Overall Experience

Rating (OER) is:

Please rate your overall experience with this

[museum/exhibition/event/activity/etc.][today].

○ Poor

○ Fair

○ Good

○ Excellent

○ Superior

This scale can also be used to measure

expectation by altering it as follows:

How do you think you will rate your overall

experience at this [museum/exhibition/event/ac-

tivity/etc.] today when you leave?

○ Poor

○ Fair

○ Good

○ Excellent

○ Superior

HISTORY OF OER AND DISTRIBUTION OF

RATINGS

The Smithsonian Institution started using

OER across all exhibitions and museums start-

ing in 2004. In a survey study of 14 Smithsonian

museums in summer of 2004, the average rat-

ings across all themuseums were as follows5 :

0% Poor

3% Fair

29%Good

49%Excellent

19% Superior
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This distribution resembles the median rat-

ings across 30 exhibition studies at the Smithso-

nian’s Arthur M. Sackler Gallery between 2004

and 2017.

0% Poor

2% Fair

22%Good

51%Excellent

23% Superior

The stability of this aggregate distribution

masks the variability in ratings for Superior and

Poor/Fair/Good (i.e., less-than-Excellent) rat-

ings. For example, across the 30 Sackler Gallery

studies, Superior ratings for individual exhibi-

tions ranged from 10% to 52% and less-than-

Excellent ratings ranged from 7% to 44%.

Excellent ratings were more stable, ranging

from 41% to 61%.6

It would seem that the Excellent category

acts as an anchor when there are options both

above and below it. The usefulness of OER

hinges precisely on the sensitivity of those rat-

ings above and below Excellent. Those above

Excellent reveal the feelings of those who were

especially excited or moved to the degree that

the word “Excellent” was no longer adequate to

describe the quality of their experience. At the

same time, less-than-Excellent ratings record

some level of criticism or hesitation, such that

the rater was unwilling tomark Excellent.

Because the Excellent category is so stable,

high percentages of Superior ratings tend to

accompany low percentages of less-than-Excel-

lent ratings, and the relative size of the differ-

ence can itself be understood as a type of

performance measure. It would naturally be

considered desirable to have Superior ratings

that exceed less-than-Excellent ratings.

The very small percentage of visitors who

mark Poor or Fair justifies the recoding of the

five-item OER distribution to these three

categories for analysis purposes: Less-than-

Excellent, Excellent, and Superior. At the same

time, we need to keep Poor and Fair in the origi-

nal survey item because they help to establish a

clear ordinal relationship from Poor rising to

Superior or Outstanding. “Superior” and “Out-

standing” in themselves are not obviously stron-

ger categories than Excellent. It is only through

the force of the scale as a whole that their posi-

tion beyond Excellent becomes obvious. For

this reason the order of items on the scale should

either start with Poor at the left (when the for-

mat is horizontal) or at the top (when the format

is vertical).

COMMON USES OF OER

Comparison of Entrance and Exit Samples

The ability to gather a measure of the qual-

ity of anticipated experience across an entrance

sample allows us to determine what visitors are

expecting. As noted above, the survey question

is revised to read “How do you think you will

rate this [museum/exhibition/event/activity/

etc.] when you leave?” In general we can say that

if entrance and exit samples are surveyed in

equally representative ways, but the ratings are

markedly different, there is reason to believe

that the audience was unexpectedly pleased or

disappointed.

Eight of the thirty SacklerGallery exit sam-

ple surveys cited above were also accompanied

by entrance survey samples that asked entering

visitors for their anticipated overall experience

ratings. In all eight surveys Superior ratings

were higher in the exit samples than in the

corresponding entrance samples. The median

difference was 14 percentage points. Excellent

ratings were lower in six of the pairs, equal

in one, and slightly higher (by 2%) in the

other. The median difference was �5%.
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Less-than-Excellent ratings in the exit samples

were lower than in the entrance samples in four

pairs, equal in one, and slightly higher (by 2%)

in the two others. The median difference was

�8%. This suggests that visitors to these eight

exhibitions were likely to have had better expe-

riences than expected.

OER Comparisons

We can also compare OER across muse-

ums, across exhibitions in different museums,

across time, and across various other offerings,

such as events, education programs, and even

individual displays. Ratings can be an important

factor in motivating improvement. For exam-

ple, in 2014 the Freer|Sackler reviewed overall

experience ratings of 21 exhibitions from the

previous 10 years. The analysis revealed that on

average the eleven exhibitions studied within

the most recent 5 years had significantly lower

Superior ratings than the ten exhibitions from

the 5 years before that. In other words, the data

implied that exhibitions were not getting better

from a visitor perspective. As a result there was a

renewed emphasis on key features associated in

the data with lower OER. More recent studies

suggest that this effort was successful, as Supe-

rior ratings have improved, in some cases to a

remarkable degree.

OER as an Outcome Variable

We can compare OER across various visi-

tor segments, such as first-time and repeat visi-

tors, members and non-members, etc. We

provided a small example of this in our article on

Latent Class Analysis (Schreiber and Pekarik

2014, 56). Understanding who is having a better

time and who is not makes it easier to determine

what might be done to improve the experience

for everyone.

Hopefully, in the future, as more museums

adopt OER as a measure of experience quality

in their museums, it will be possible to compare

the results in any one museum against a reliable

industry standard.

HOW BEST TO ANALYZE CATEGORICAL

DEPENDENT VARIABLES LIKE OER

If we wish to understand more deeply the

reasons behind ratings, we need to analyze the

relationship between OER and other variables

or conditions.

The three groups of the OER scale, Supe-

rior, Excellent, and Less-than-Excellent, are

categorical variables (Azen and Walker 2011).

There are specific analysis techniques for cate-

gorical variables that are useful depending on

the research question (Schreiber and Asner-Self

2010). For example, if the question centers on

predicting OER scores with independent or

predictor variables, then a logistic regression for

multi-category outcomes would be the best

choice. A chi-square analysis would be appro-

priate when seeking a simple association

between OER categories and other variables,

for example, first-time visitors (Schreiber and

Asner-Self 2011). Another approach is to

examine if there are classes of visitors that exist

within the data for each OER category. Latent

class analysis can be used to determine the num-

ber of classes (groups) across a large number of

categorical and continuous variables. (Schreiber

and Pekarik 2014). For example, using variables

such as OER, gender, age group, and first-time

visit, it would be possible in LCA to determine

how each of those variables can classify people

into different groups. Finally, when the ques-

tion is the difference in scores after two different

versions of an exhibition, a Mann-Whitney

analysis would be suitable, or for three or more

versions, a Kruskal-Wallis analysis would serve.
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LIMITATIONS OF OER AND HOW TO DEAL

WITH THEM

Any measure can be gamed, and OER is no

exception. In particular, the more narrowly and

precisely targeted an audience, the easier it is to

obtain a high Superior rating. For example, we

find that visitors who come to amuseum specifi-

cally to see a particular exhibition will tend to

rate their overall experience in that exhibition

more highly than visitors who came across it by

accident. For this reason, it is useful to compare

the OER of different sub-groups such as inten-

tional vs. unintentional visitors. One can feel

confident that an exhibition is successful when

Superior ratings are high for both unintentional

and intentional visitors.

Because the percentage of Superior ratings

are typically around 20 percent, relatively large

sample sizes are needed to confirm that the dif-

ference between two OER results are statisti-

cally significant. For example in a sample size of

100 cases, a 20% rating will have a 95% margin

of error of 8%. In a sample of 300 cases, themar-

gin of error is reduced to 5%. The need for sub-

stantial samples sizes could be a constraint in

small museums without an established evalua-

tion program. But if you collect data over time,

even in relatively small samples, you will obtain

a distribution of percentages in each category.

These percentages will provide an overall idea of

where the general percentages for your museum

should be.

EMPIRICAL EVIDENCE

This section uses the 1,602 cases of the

Denver Zoo Exit Survey 2017 (DZ 2017). This

was a survey administered by email to visitors

who were intercepted on entrance over a 4-

month period (January-April, 2017) and asked

to provide their email addresses for a follow-up

online survey. Surveys were sent out on the day

of the visit with a 2-day follow-up reminder and

a 4-day follow-up reminder for non-respon-

dents. Overall response rate was 55%. In order

to test claims made in this paper, the response

scales for OERwere changed randomly for sub-

samples as described below. Other variables

included Net Promoter Score (NPS) and a con-

firmation-disconfirmation question on expecta-

tion.

Respondents to the Denver Zoo exit survey

were randomly assigned one of five scales for the

same question:7

Please rate the overall experience of your

most recent visit to Denver Zoo.

The five scales, together with their results,

are shown in Figure 1.

The first two scales had nearly identical dis-

tributions, suggesting that the two labels for the

top category, “Superior” and “Outstanding”,

were equivalent. The other three scales are all

negatively skewed, with a higher proportion of

ratings in the top category.

Earlier in this paper we proposed that the

attraction of “Excellent” is that it offers a posi-

tive response without any suggestion of criti-

cism. In the first two scales (Figures 1 and 2),

where Excellent is not the top category, there

is a clear choice between a category that is

beyond Excellent and categories that are below

Excellent. In the other scales, whether or not

Excellent is included, there is a tendency for

the top category to draw the highest percent-

age of ratings. In these cases, we believe, the

top category includes both those who felt that

any marking below the top category would

reflect some degree of criticism, and those

who felt that their experience was truly special.

As a result the distribution is skewed to the

high end. We can see this more clearly by

considering the percentage of respondents in

each of these categories who also noted that
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their experience exceeded their expectations

(see Figure 2).

Note that in the first two scales, the ones

with options beyond Excellent, most respon-

dents who chose the top category also indicated

that the experience exceeded their expecta-

tions. On the other three scales roughly half of

those in the top category did not feel that the

experience had exceeded their expectations.

Our claim is that the top categories on the first

two scales more accurately identify those who

had experiences of particularly high quality.

Superiority of OER to Net Promoter Score

Recently some museums have been experi-

menting with the use of Net Promoter Score

(NPS), a measure widely promoted in the com-

mercial sector, to evaluate museums and exhibi-

tions. In our opinion, this is a mistake.

2%

16%

59%

23%

20%

55%

23%

2%

15%

41%

42%

6%

34%

59%

4%

38%

57%

Poor
Fair

Good
Excellent
Superior

Poor
Fair

Good
Excellent

Outstanding

Poor
Fair

Good
Very Good

Excellent

1 (Poor)
2
3
4

5 (Excellent)

Very Poor
Poor

Somewhat Poor
Neutral

Somewhat Good
Good

Very Good

Figure 1. “Please rate the overall experience of your most recent visit to Denver Zoo”

Five Randomly Assigned Response Scales

Source: DZ 2017, N = 1,602.
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Numerous academic articles have pointed out

the deficiencies of NPS as a measure. NPS is

based on a single question with an end-

grounded numerical scale:

How likely is it you would recommend this

[museum/exhibition/event/etc.] to a friend?

Not at all Extremely

Likely Likely

0 1 2 3 4 5 6 7 8 9 10

The percentages of raters in the 9 and 10

category are then classified as “Promoters”,

those in categories 7 and 8 are called “Passives,”

and those in categories 0 through six are called

“Detractors.” A single Net Promoter Score is

created by subtracting the percentage of Detrac-

tors from the percentage of Promoters.

Before illustrating some of the specific

weaknesses of this measure in the museum set-

ting, we need to point out some of themost rele-

vant criticisms from non-museum researchers.

Figure 2. “Please rate the overall experience of your most recent visit to Denver Zoo”

Five Randomly Assigned Response Scales by Expectations

Source: DZ2017, N = 1,602.
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First, NPS was designed to be a measure of

loyalty. Aside from the fact that this does not

seem to be the case (Grisaffe 2007), loyalty is

not a relevant concern for museums. Unlike the

purchase of a car, for example, a visit to one

museum does not in any way restrict or exclude

the visit to another museum. In fact, the more

an individual identifies as a “museum goer,” the

more likely it is that the individual will visit a

variety of museums.

Second, contrary to the claims of its propo-

nents, research has shown that NPS is not a reli-

able indicator of an organization’s ability to

grow (Keiningham et al. 2007, 2008).

Third, NPS, and the intention to recom-

mend, as well as actual recommendations, have

been shown to have little predictive value for

repurchase or future business performance

(Morgan and Rego 2006).

Fourth, willingness to recommend varies

dramatically across different sectors and mar-

kets (Brandt 2007). While its usefulness for

established, known products is limited, there is

some evidence that NPS is an effective predictor

of repeat purchase behaviors for new customers

(Huang andWang 2014).

Fifth, NPS, when it collapses aggregate

percentages into a single score, no longer applies

0%

0%

0%

0%

1%

1%

2%

9%

17%

16%

0 (Not at all likely)

1

2

3

4

5

6

7

8

9

Figure 3. “Considering your most recent visit, how likely are you to recommend Denver Zoo to friends or family?”

Net Promoter Score Scale

DZ 2017, N = 1,615.
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to individual respondents, and thus resists anal-

ysis. And the use of the full recommendation

scale as a numerical measure for individuals

has the same limitation as any end-grounded

numerical scale, as mentioned above.

OER vs. NPS at Denver Zoo

The overall key to the effectiveness of OER

is the fact that it produces a distribution at the

high end that includes the most enthusiastic

visitors.

In the Denver Zoo data the Net Promoter

Score scale had over half of responses at the

highest response category, as shown in Fig-

ure 3. When you add in the 16% at point 9, so-

called “Promoters” (those who mark 9 or 10)

comprise 69% of the whole. In such a case the

Net Promoter Score, defined as the percentage

marking 9 or 10 less the percentage marking 0

through 6, is 65. While this might seem like a

very satisfying result, is it useful? Could a statis-

tic that is so limited be helpful in measuring

progress?

Table 1 indicates how responses to this rec-

ommendation question compared to OER.8

Only one-third (126 of 380, 33%) of the respon-

dents who would be considered “Promoters”

(points 9 and 10 on the NPS scale) reported a

Superior experience. Nearly twice as many (229

of 380, 60%) rated their experience Excellent.

Table 1 further demonstrates that although the

Promoters category captured nearly all of those

who rated Superior/Outstanding, it also

included 73% (229 of 316) of those who rated

their overall experience Excellent, and even

contains one-quarter of those who gave a rating

that was less than Excellent (25 of 105).

The full versions of these two measures, 5-

point OER and 11-point NPS, are not measur-

ing the same thing. OER measures experience

quality and NPS measures likeliness to recom-

mend. Although they are correlated, they only

have 25% shared variance (Kendall Tau

B = 0.50). In the reduced category versions of

these measures, 3-point OER and 3-point

NPS, the correlation is slightly weaker (Kendall

Tau B = 0.49).

Table 1.

Overall experience rating by net promoter score reduced categories (DZ 2017, N = 553)

Detractors Passives Promoters Total

Less-than-excellent 32 48 25 105

Excellent 3 84 229 316

Superior/outstanding 0 6 126 132

Total 35 138 380 553

5%

22%

37%

4%

32%

Detractor

Passive

Promoter

Figure 4. “Please rate the overall experience of your most recent visit to Denver Zoo”

Net Promoter Score Reduced Scale by Expectations

Source: DZ 2017, N = 1,346.
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As shown in Figure 4, when we consider

those within the three NPS categories who

reported that the Denver Zoo experience

exceeded their expectations, they comprise less

than half of those in the Promoters category.

This is similar to the results that we noted with

the measures that did not use the Poor-Fair-

Good-Excellent-Superior or Poor-Fair-Good-

Excellent-Outstanding scales.

These comparisons as a whole show that

NPS, the recommendation scale, is even more

heavily skewed to its top category, Promoters,

than the three non-OER scales seeking to mea-

sure the quality of experience.

CONCLUSION

We conclude that OER is a better predictor

of enthusiastic experiences than other scales

because the question addresses quality of experi-

ence broadly and the response scale includes a

category beyond Excellent. Those who choose

that top category are especially valuable to

museums because enthusiasm is important for

keeping visitors coming back and for attracting

new visitors. END

NOTES

1. It should be noted that both numerical scales and

non-numerical ordinal scales can be either unipo-

lar or bipolar. They are bipolar when positive and

negative terms or values are symmetrically dis-

tributed around a neutral point in the center.

2. The high ratings visitors give tomuseum experi-

ences are due in part to the tendency of many

museum visitors to blame themselves when they

have had an inadequate experience.

3. These points will be demonstrated with empirical

data later in this article.

4. We also tested offering an option above Superior

(“Optimal”), but the percentages in that category

were too small to be useful in practice.

5. N = 6,082. SeeResults of the 2004 Smithsonian-

wide Survey ofMuseumVisitors at http://www.

si.edu/content/opanda/docs/Rpts2004/04.10.

Visitors2004.Final.pdf. Accessed on 5December

2016.

6. N = 15,624.

7. Each scale was used by at least 300 respondents.

8. TheOERdata cited here is the combination of

the scale ending in Superior with the one ending

inOutstanding.
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