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Introduction 

This is an analysis of customer support tickets for BeechTech, a small technology services 

company. The dataset includes ticket details such as creation and resolution dates, priority levels, 

issue types, customer regions, and assigned agents. The goal of the analysis is to evaluate agent 

performance, monitor ticket resolution times, and provide actionable insights to improve 

customer support efficiency. This report demonstrates skills in data cleaning, exploratory 

analysis, pivot tables, dashboards (Power BI), and programmatic analysis using Python. 

  



2. EDA Summary 

This exploratory data analysis (EDA) provides a high-level summary of ticket activity, resolution 

performance, and dataset completeness, serving as the foundation for deeper analysis in Excel, 

Power BI, and Python. 

 

  



3. Excel Pivot Tables 

 

The following pivot tables summarize key aspects of the customer support dataset. They show 

ticket counts by agent, priority, issue type, and region, providing insight into workload 

distribution and trends. 

 

a. Pivot Table 1 (Ticket Count by Priority per Agent): 

This table highlights how many tickets each agent handled at each priority level, helping identify 

workload distribution and high-priority ticket assignments. 

 

 

  



b. Pivot Table 2 (Tickets by Issue Type and Priority): 

This table breaks down tickets by issue type and priority, showing which types of issues occur 

most frequently and at what priority. 

 

  



c. Pivot Table 3 (Tickets by Region and Issue Type): 

This table shows ticket distribution across customer regions and issue types, allowing us to 

identify regional trends and common problems. 

 

d. Table 4 (Agent Totals and Resolution Hours): 

This table provides a performance overview for each agent, including total tickets handled, 

average resolution time, and total resolution hours, helping assess efficiency and workload 

balance. 

 

  



4. Power BI Visuals 

 

Power BI was used to create interactive dashboards and visuals that summarize ticket and agent 

performance. While only static screenshots are included here for reporting purposes, the full 

interactive Power BI file is attached separately, allowing readers to explore the data dynamically. 

 

 

  



 

5. Audit Log 

The audit log documents all data cleaning and preprocessing steps performed on the customer 

support ticket dataset. This ensures transparency, reproducibility, and accuracy for all subsequent 

analyses. 

 

Each step records the issue observed, the action taken, the justification, and the date completed. 

This log demonstrates how the dataset was cleaned and prepared for analysis in Excel, Power BI, 

and Python. 

  



Python Analysis 

Objective: 
To demonstrate repeatable, programmatic analysis of the cleaned customer support 
dataset using Python (pandas and matplotlib). Python was used to verify the data, create 
pivot tables, and generate visualizations for key metrics. 

 

1. Data Load and Verification 
The cleaned CSV dataset was loaded into Python. The first 5 rows were displayed to 
verify that the data loaded correctly and to confirm column names and data types. 
Output: 
First 5 rows of the dataset showing ticket ID, dates, resolution hours, customer 
region, issue type, priority, and assigned agent. 
 

 

  



 
 

2. Column and Data Overview 
A quick check of column names and data types ensured the dataset was ready for 
analysis.  

Output: 

 Full list of columns 

 Data types (numeric, text, datetime) 

 Non-null counts for each column 

 

 



3. Pivot Table: Ticket Count by Priority per Agent 
This pivot table replicates the Excel pivot table, counting the number of tickets each 
agent handled for each priority level. 
Output: 
 Table showing agents as rows, priorities as columns, and ticket counts as 
values. 
 

 

  



4. Pivot Table: Tickets by Region and Issue Type 
This pivot table summarizes tickets by customer region and issue type, providing 
insight into which regions experience certain types of issues more frequently. 
Output: 
 Table with regions as rows, issue types as columns, and ticket counts as 

values. 
 

 

  



5. Tickets by priority bar chart 

 

  



6. Tickets per Agent Bar Chart 

 



6. Conclusion / Insights 

• Total Ticket Volume: 500 tickets in the dataset, with medium priority accounting for the 

largest share. This indicates that the team should pay particular attention to mid-level 

tickets to avoid delays in resolution. 

• Agent Performance: Pivot tables and Python analysis show that Agent C handled 132 

tickets, while Agent B handled 110, highlighting uneven workloads that may require 

redistribution or support. 

• Regional Trends: Certain regions, such as North, report more tickets related to account 

and billing issues, suggesting targeted training or regional support improvements. 

• Resolution Hours: 10 tickets still remain unsolved, however, the completed tickets show 

an average resolution time of 71.98 hours, which can be used as a benchmark for future 

performance. 

• Overall Insight: Combining Excel pivot tables, Python analysis, and Power BI 

dashboards provides actionable insights for BeechTech, helping optimize agent 

workload, target high-volume regions, and improve customer support efficiency. 

 

Conclusion 

This analysis highlights clear patterns in ticket behavior, agent performance, and priority 

distribution. However, 26 tickets were marked with an unknown priority, representing 5.2% of 

the total tickets. These misclassified tickets should have been placed into a defined priority level, 

as missing classifications weaken workload accuracy and SLA measurement. Additionally, 4 

tickets had an unknown issue type, which limits insight into what customers were actually 

experiencing. These unknown values create blind spots that can distort trends and reduce the 

reliability of insights. 

This report consolidates analyses across Excel, Power BI, and Python, providing actionable 

insights into customer support ticket trends and agent performance. All project files including 

raw datasets, Excel workbooks, Power BI dashboards, Python notebooks, and the audit log are 

available for review. 
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