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Abstract: 

This paper documents the use of a quintic polynomial to assign Trump’s percentage of the vote in 
each precinct in each county of Michigan. The initial quintic starts with two conjugate roots, with the 
other three roots at zero. 

 
These qunitics are used to impersonate a natural distribution of the ratios (percentages) for Trump 

in each precinct. 
 
The polynomial is then rotated via a simple rotation matrix on each coordinate generated by the 

polynomial, where x is the precinct number, and y is the percentage corresponding to the quintic. 
 
The negative rotation of the initial polynomial induces a large subset of the precincts that are 

assigned to the second half the initial polynomial (the portion that is concave up) to now have lower 
percentage values for Trump for an equal sized subset of precincts assigned to the first half of the 
polynomial (the portion is concave down). 

 
The entire polynomial is then vertically translated down the y-axis to subtract a flat percentage 

from Trump in every precinct. 
 
However, to cover their tracks, the engineers of this algorithm do not permit these two subsets of 

the precincts to swap their positions on either side of the mean percentage, as such an obvious map 
between the domains of either polynomial would make an easy case for fraud. Rather, they simulated 
Brownian Motion inside of a trigonometrically shaped container (two cosine waves), such that the map 
between the domains of either polynomial appears as a scatter plot bounded between two standard bell 
curves. 

 
Brownian motion - Wikipedia 
https://en.wikipedia.org/wiki/Brownian_motion 

 
  

https://en.wikipedia.org/wiki/Brownian_motion
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 Section I, Timestamp Set, Precinct Set and Ratio Set Definitions: 
 
Let T be the set of all unique timestamps, let |T| = ;   = 141 
Let P be the set of all unique precincts,     let |P| = ;   = 2499 
 
Definition of Cardinality: 
https://brilliant.org/wiki/cardinality/#:~:text=The%20cardinality%20of%20a%20set,elements%20that%20are%20in%20it. 

 
For all pd in P: 
Let Zd be set of all total votes for each precinct on each timestamp,  |Zd| = ;   = 141 
Let Y be set of all Zd,  |Y| = ;   = 2499 
 
By definition, Y is a dynamic matrix, of dimension  by . 
 
For all pd in P: 
Let Xd be set of all Trump votes for each precinct on each timestamp,  |Xd| = ;   = 141 
Let W be set of all Xd,  |W| = ;   = 2499 
 
By definition, W is a dynamic matrix, of dimension  by . 
 
Let H be the set of all quotients for each precinct, on each timestamp, where the quotient is Trump’s vote 
divided by the Total Vote. 
 
Let R be the Ratio Set, where all quotients in H are reduced to their simplest form, such that there exists a 
surjection from H onto R. 
 
Let |R| = Ψ;  Ψ = 4789  
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 Section II, Definition of the Tensor Sets 

 
Specific Definition of the Second Tensor Set. 

 
Let R be the set of all ratios (Trump’s total to the Grand Total for each precinct, over the entire 
timeline), and |R| = Ψ, and let R be ordered from least to greatest. 
 
Let T2 be the Second Tensor, such that T2 contains all consecutive pairings of R. 
 
Then let T2,1 be the first partition of the Second Tensor, such that T2,1 contains all pairing of R, 
leading with the odd element of R; likewise, let T2,2 be the second partition of the Second 
Tensor, such that T2,2 contains all pairings of the R, leading with the even element. All such 
tensors are ordered from least to greatest, in respect to their leading elements from R. 
 
In general, let T2,m denote the mth partition of the Tensor. 
 
Then let T2,m,k  denote the kth pairing, which is the kth element of T2,m . 
 
Let X be the set of timestamps for which a ratio, ri, in T2,m,k , is reported, and let |X| = Ω. 
 
Then let T2,m,k,x  denote the xth timestamp for which ri is reported, such that 1≤ x ≤ Ω, containing 
all precincts reporting ri  at time x. 
 
Finally let Y be the set of precincts that simultaneously report ri at time x; and let |Y|= . 
Now let T2,m,k,x,y  denote the yth precinct that reports ri, within the timestamp x, such that 1≤ y ≤ . 
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General Definition of the Tensor Set. 
 
Let R be the set of all ratios (Trump’s total to the Grand Total for each precinct, over the entire 
timeline), and |R| = Ψ, and let R be ordered from least to greatest. 
 
Let Tg be the gth tensor, where G is the set of all tensors, |G| = Γ , such that Tg contains all 
groupings of consecutive ratios of length g in respect to R. 
 
Let Tg,m denote the mth partition of the Tensor, such that: 
 

Tg,m is the mth partition, containing all groupings of consecutive ratios such that the 
difference in the indices of the leading and the trailing ratio in the group is equal to g, with the 
index leading ratio of the group, ri, being congruent to m mod g, and the index of the trailing ratio 
of the group being congruent to (m+g-1) mod g. 
 
Then let Tg,m,k  denote the kth grouping, which is the kth element of Tg,m . 
 
Let X be the set of timestamps for which a ratio, ri, in Tg,m,k , is reported, and let |X| = Ω. 
 
Then let Tg,m,k,x  denote the xth timestamp for which ri is reported, such that 1≤ x ≤Ω, containing 
all precincts reporting ri  at time x. 
 
Finally let Y be the set of precincts that simultaneously report ri at time x; and let |Y|= . 
Now let Tg,m,k,x,y  denote the yth precinct that reports ri, within the timestamp x, such that 1≤ y ≤ . 
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Specific Definition of the First Tensor Set. 
 
Let R be the set of all ratios (Trump’s total to the Grand Total for each precinct, over the entire 
timeline), and |R| = Ψ, and let R be ordered from least to greatest. 
 
Let T1 be the 1st tensor. 
 
Let T1,1 denote the only partition of the First Tensor, such that: 
 
T1,1,k  denotes the kth ratio, since each “group” contains a single ratio. 
 
Let X be the set of timestamps for which a ratio, ri, in T1,1,k , is reported, and let |X| = Ω. 
 
Then let T1,1,k,x  denote the xth timestamp for which ri is reported, such that 1≤ x ≤Ω, containing all 
precincts reporting ri  at time x. 
 
Finally let Y be the set of precincts that simultaneously report ri at time x; and let |Y|= . 
Now let T1,1,k,x,y  denote the yth precinct that reports ri, within the timestamp x, such that 1≤ y ≤ .  
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Section III, Definitions of Stasis Sets: 
Let T be the set of all unique timestamps, let |T| = ;   = 141 
Let P be the set of all unique precincts,     let |P| = ;   = 2499 
 
Definition of Cardinality: 
https://brilliant.org/wiki/cardinality/#:~:text=The%20cardinality%20of%20a%20set,elements%20that%20are%20in%20it. 
 
For all pd in P: 
Let Zd be set of all total votes for each precinct on each timestamp,  |Zd| = ;   = 141 
Let Y be set of all Zd,  |Y| = ;   = 2499 
 
By definition, Y is a dynamic matrix, of dimension  by . 
 
For all pd in P: 
Let Xd be set of all Trump votes for each precinct on each timestamp,  |Xd| = ;   = 141 
Let W be set of all Xd,  |W| = ;   = 2499 
 
By definition, W is a dynamic matrix, of dimension  by . 
 
Let H be the set of all quotients for each precinct, on each timestamp, where the quotient is Trump’s vote divided by the Total Vote. 
 
Let R be the Ratio Set, where all quotients in H are reduced to their simplest form, such that there exists a surjection from H onto R. 
 
Let |R| = Ψ;  Ψ = 4789 
 
For each precinct, pi, in P, let Si be the set of timestamps from T, such that the precinct updated its vote 
tabulations, with those timestamps ordered from least to greatest, |Si| = η ≤ . 
 
ҵ pi ҽ P, let Si ְ T, such that the total numbers of votes,  zj-1  , at time tj-1 is not equal to 
zj  , at time tj . The timestamp tj is the stamp that is injected into Si.  
 
However, Si shall start with the first timestamp that this precinct recorded information in its tabulations. 
 
Set Si shall be known as the Statis Set of pi. 
 
 Let V be the set of all Si, |V| =  ; by definition V is a dynamic two-dimensional array. 
 

Definition of Present Stasis: 
For each timestamp,  tj , for any precinct pi, the first timestamp in Si that is less than or equal to tj, is 
known as the Present Stasis, since that precinct has yet to update its tabulations. 
This value is known as si,f 

 

This will often be referred to as the “Time of Release.” 
 

Definition of Prior Stasis: 
The Prior Stasis, for each timestamp,  tj, for any  pi, is the timestamp preceding si,f , since this was the first 
before last timestamp at which the precinct had updated its tabulations. 
This value is simply  si,f-1. If f is equal to 1, then this value is zero. 
 
This will often be referred to as the “Time of Seizure.”  
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Definition of Penultimate Stasis: 
The Penultimate Stasis, for each timestamp,  tj, for any  pi, is the timestamp preceding si,f-1 , since this was 
the second before last timestamp at which the precinct had updated its tabulations. 
This value is simply  si,f-2. If f is equal to 1, then this value is equal to -10,000, to denote a null entry. 
 
This will often be referred to as the “Last Potential Free State.” 
 

Definition of Future Stasis: 
The Future Stasis, for each timestamp,  tj, for any  pi, is the timestamp succeeding si,f , since it is the next 
timestamp at which the precinct will have updated its tabulations. 
 
This value is simply  si,f+1. If f is equal to η, then this value is equal to +10,000, to denote a null entry. 
 
This will always be referred to as the Future Stasis.  
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Chapter One; Polynomial Regression of Each County. 

 
Section I, General Definitions,  

Regression of the Largest Percentage Drop for Trump in each Precinct 
 
For each precinct, pi, in P, let Cj be the subset of P, such that all for pi in Cj, pi is from the same county. 
 
Let D be the set of all Cj , where |D| is the number of counties in the Fathersheet, |D| = 20. 
 
For each precinct,  ck ҽ Cj, let Ej be the set containing the largest negative drop (in absolute value) in 
Trump’s percentage for each precinct, ck, in that County. If the precinct has no negative drop on record, 
then it is removed from Cj, and it’s least positive increase is removed from Ej , maintaining the bijection 
between the sets. 
 
Let Ej be ordered from least to greatest, and remove outliers from this set, where the difference between 
two consecutive indexes of Ej expands rapidly in respect to the prior differences between the consecutive 
indexes of Ej; such that |Ej| = e   (let it be noted that even with the inclusions of the few remote outliers, 
the regressions remain strong degree 10 polynomials). 
 
Let the number of outliers removed from Ej be equal to ε; let |Ej - ε| = e- ε. 
 
Let Fj - ε  be the precincts corresponding to each index in Ej - ε ; let |Fj - ε| = e- ε. 
 
Let each index of Fj - ε  be graphed as the x-axis input for the polynomial regression. 
Let each index of Ej - ε  be graphed as the y-axis input for the polynomial regression. 
 
There exists a bijection between both sets. 
 
We will use the following calculators for these regressions: 
Polynomial Regression Calculator (stats.blue) 
https://arachnoid.com/polysolve/ 
 
After each regression is determined, when then calculate the amount of votes that were deleted from 
Trump, by adding the Percentage on the algorithmically seized timestamp to the net loss that occurred, 
and then multiplying the natural percentage against the Total Number of Votes on the seized timestamp.  

https://stats.blue/Stats_Suite/polynomial_regression_calculator.html
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Random Number Generation of Maximum Negative Drops 

 
Let T be the set of all unique timestamps (in this simulation), let |T| = ;   = 100 
Let P be the set of all unique precincts (in this simulation),     let |P| = ;   = 100 
 
Let A ,  be the array of the total number of votes added to each Candidate A for each timestamp in each 
precinct. 
 
Let B ,  be the array of the total number of votes added to each Candidate B for each timestamp in each 
precinct. 
 
ҵ ti,j ҽ T, let ai,j and bi,j be a random number bounded between m and n. 
 
Let C ,  be the total number of votes added to each precinct on each timestamp, such that ci,j = ai,j + bi,j. 
 
Let F ,  be the cumulative number of votes for Candidate A for each timestamp (in each precinct):. 
Let G ,  be the cumulative number of votes for Candidate B for each timestamp (in each precinct): 
 
Let H ,  be the cumulative number of votes for each precinct on each timestamp, such that hi,j = fi,j + gi,j. 
 
Let R ,  be the ratio  ( fi,j ) / (hi,j). 
 
Let � -1,  be the difference between  ( ri,j ) - (ri-1, j ). 
 
Let Δ  be the one dimensional array containing the least value of � x for each � y. 
 
Now let Θ  be Δ  ordered from greatest to least, now let Γ  be the absolute value of each entry in Θ . 
This will be the response array in the regression. 
 
Now Let P ʹ be the reordered set of the precincts corresponding the entries in Γ . 
This will be the explanatory array in the regression. 
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In order to allow for a dynamic number of precincts and timestamps, we used the following 
formula for the Precincts  against the Timestamps. 
 
Make a list from 1 to ( )(  ). 
=CONCATENATE("Precinct #",MOD(A2,100)+1) 
Or more generally: 
=CONCATENATE("Precinct #",MOD(A2, )+1) 
 
Where each precinct, pi, starts on timestamp pi, and then each successive timestamp for each precinct is 
equal to: 
pi+k , for  iterations,  0≤ k ≤ , thus, the last timestamp for each precinct is equal to pi+( -1)( ). 
 
Then resort both the timestamp and precinct columns by Precinct Ascending only. 
Now all consecutive timestamps congruent to pi mod  correspond to each precinct’s series of 
timestamps. 
 

The resulting histogram, showing the distribution of these maximum deltas, per precinct, is as follows: 
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The resulting natural graph of the regression of the largest difference in each precinct, is as follows: 

 
Polynomial degree 10, 100 x,y data pairs; https://arachnoid.com/polysolve/ 
Correlation coefficient = 0.9938251306192952 
Standard error = 0.0077356827443010685 
 

     6.8307183817297931e-004,  
     1.4405486445013022e-002, x 

    -3.3889699870534545e-003,    x^2 
     3.9577071263138569e-004,    x^3 
    -2.5076336931664835e-005,    x^4 
     9.3844728545769911e-007,    x^5 
    -2.1636827802877174e-008,    x^6 
     3.1024318250517910e-010,    x^7 
    -2.6916604801642070e-012,    x^8 
     1.2920500959517656e-014,    x^9 

    -2.6310766438204999e-017,      x^10 
 
Here is the exponential regression; Exponential Regression Calculator (stats.blue) 
 

 
 

https://stats.blue/Stats_Suite/exponential_regression_calculator.html
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Pure Random Number Generator, for a single Candidate 
 

Let T be the set of all unique timestamps (in this simulation), let |T| = ;   = 30 
Let P be the set of all unique precincts (in this simulation),     let |P| = ;   = 378 
 
Let A ,  be the array of the total number of votes for each Candidate A for each timestamp in each 
precinct. 
 
ҵ ti,j ҽ T, let ai,j be a random number bounded between m and n (this simulation is not cumulative, as the 
prior simulation was). 
 
Let � -1,  be the difference between  ( ai,j ) - (ai-1, j ). 
 
Let Δ  be the one dimensional array containing the least value of � x for each � y. 
 
Now let Θ  be Δ  ordered from greatest to least, now let Γ  be the absolute value of each entry in Θ . 
This will be the response array in the regression. 
 
Now Let P ʹ be the reordered set of the precincts corresponding the entries in Γ . 
This will be the explanatory array in the regression. 
 

In order to allow for a dynamic number of precincts and timestamps, we simply start with matrix 
of size: ( )(  ). 

 
The resulting histogram, showing the distribution of these maximum deltas, per precinct, is as follows: 
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The resulting natural graph of the regression of the largest difference in each precinct, is as follows (take 
note that this graph has a strong linear regression, and the decic regression has nine changes in concavity). 

 
Polynomial degree 10, 100 x,y data pairs; https://arachnoid.com/polysolve/ 
Correlation coefficient = 0.9938251306192952 
Standard error = 0.0077356827443010685 
 

Polynomial degree 10, 378 x,y data pairs. 
Correlation coefficient = 0.9977351615620487 

Standard error = 50.60873417534612 
 

     4.4192244077516043e+003, 
     1.9473592971901033e+002, 
    -8.7586429683474236e+000, 
     2.1208772793318764e-001, 
    -2.9362067059432945e-003, 
     2.4904101349234941e-005, 
    -1.3387703247752521e-007, 
     4.5758033453077935e-010, 
    -9.6298631140299514e-013, 
     1.1371162181874423e-015, 
    -5.7623398299408060e-019 
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Difference Between Two ​ Naturally​ Distributed Sets on consecutives timestamps (relative to each precinct): 
 

Let T be the set of all unique timestamps (in this simulation), let |T| = ;   = 2 
Let P be the set of all unique precincts (in this simulation),     let |P| = ;   = 10,000 
 
Let the standard deviation, , be equal to 1; and let  p5016 be the mean at zero,  = 0. 
 
Let R0 be the set of all ratios (in this simulation), let |R| = ;   = 10,000, such that the ratio of each 
precinct corresponds to its natural distance from p5016. 
 
Now transform  to 10%, applying the formula (10rk /100); 
Now transform  to 65%, applying the formula 0.65+(10rk /100). 
Let this transformation be equal to R1. 
 
These are the ratios for the first timestamp that each precinct began to report its tabulations. 
 
Now transform  to 7%, applying the formula (7rk /100); 
Now transform  to 40%, applying the formula 0.40+(10rk /100). 
Let this transformation be equal to R2. 
 
These are the ratios for the second timestamp that each precinct updated its tabulations. 
 
Now let D be the set of differences, r2,k -r1,k, ҵk ≤  , and then convert D to absolute value. 
 

Set D will be the response of the regression, and set P will be the explanatory axis of the regression. 
Histogram Distribution of D. 
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The resulting graph of the difference between these two naturally distributed sets appears as follows:
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The resulting graph of the difference between these two naturally distributed sets appears as follows; 
Using Linear Regression: 
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Oakland County Regression, 010Evo 

 
After the sets Ej - ε  and Fj - ε  were determined for Oakland County, the result of the polynomial regression returned a 99.05% R^2 

value for degree five (quintic regression) and a 99.83% R^2 for degree ten (Decic Regression). All successive degrees fail catastrophically. 
Trump suffers a net loss of 112,044 votes from this act. Actual polynomial on next page:
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Oakland County, Actual Decic Polynomial: 
Mode: normal x,y analysis 

Polynomial degree 10, 378 x,y data pairs. 
Correlation coefficient = 0.9983586620981255 

Standard error = 0.002052365687023779 
 

Output form: mathematical function: 
 

f(x) = -9.4560878626671480e-003 * x^0 
     +  6.5312388128317758e-003 * x^1 
     + -5.6432191533824423e-005 * x^2 
     + -1.5510230293790736e-006 * x^3 
     +  4.4410490812850710e-008 * x^4 
     + -5.0090131092300033e-010 * x^5 
     +  3.1570075939277991e-012 * x^6 
     + -1.1966602890131484e-014 * x^7 
     +  2.7118155733875802e-017 * x^8 
     + -3.3892101121244086e-020 * x^9 
     +  1.7985920499718028e-023 * x^10 

 
Oakland Hist, same bucket size at 2%. 
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Kent County Regression, 010Evo 
 

After the sets Ej - ε  and Fj - ε  were determined for Kent County, the result of the polynomial regression returned a 99.81% R^2 value 
for degree five (quintic regression) and a 99.87% R^2 for degree ten (Decic Regression). All successive degrees fail catastrophically. Trump then 

suffers a net loss of 44,053 votes from this act. 
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Kent County, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 223 x,y data pairs. 
Correlation coefficient = 0.9989403255368532 

Standard error = 0.13965184055614888 
 

Output form: mathematical function: 
 

f(x) = -2.8769607098756977e+000 * x^0 
     +  9.5081814995777381e-001 * x^1 
     + -3.9802883319774607e-002 * x^2 
     +  1.1602085303810540e-003 * x^3 
     + -2.2588609052030097e-005 * x^4 
     +  2.9192396240136943e-007 * x^5 
     + -2.4881463880642809e-009 * x^6 
     +  1.3750964209010889e-011 * x^7 
     + -4.7236551004857299e-014 * x^8 
     +  9.1403793373321801e-017 * x^9 

     + -7.5946088963928345e-020 * x^10 
 

Kent Hist, same bucket size at 2%. 
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Kalamazoo County Regression, 010Evo 
 

After the sets Ej - ε  and Fj - ε  were determined for Kent County, the result of the polynomial regression returned a 99.51% R^2 value 
for degree five and a 99.81% R^2 for degree ten. All successive degrees fail catastrophically (except 11, which has a lower R^2 value than 10). 

Trump then suffers a net loss of 15,910 votes from this act. 
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Kalamazoo, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 76 x,y data pairs. 
Correlation coefficient = 0.9981131581434618 

Standard error = 0.22808639511639908 
 

Output form: mathematical function: 
 

f(x) =  5.4197236758015255e-001 * x^0 
     +  5.5013562909189462e-001 * x^1 
     +  2.0851297904859911e-001 * x^2 
     + -3.9306532679476022e-002 * x^3 
     +  3.2285582520283494e-003 * x^4 
     + -1.5029807718279015e-004 * x^5 
     +  4.2965793755929391e-006 * x^6 
     + -7.6982371277358507e-008 * x^7 
     +  8.4338504776218692e-010 * x^8 
     + -5.1646565785570038e-012 * x^9 
     +  1.3538808051149861e-014 * x^10 

 
Kalam Hist, same bucket size at 2%. 
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Ingham County Regression, 010Evo (No Delta Data, Reflexive) 
 

Since Ingham County had no prior differences to measure for the regression, we simply took the least percentage recorded by each 
precinct, the result of the polynomial regression returned a 99.84% R^2 value for degree five and a 99.88% R^2 for degree ten. All successive 

degrees fail catastrophically (except 11, which has a lower R^2 value than 10). We do not have the prior data from Ingham County to know the 
amount of votes stolen from President Donald J. Trump. We will use this data in Section II of this Chapter. 
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THIS IS NOT DELTA REGRESSION, WE WILL RETURN TO THIS IN SECTION II. 
 

Ingham, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 115 x,y data pairs. 
Correlation coefficient = 0.9987829002399025 

Standard error = 0.47932344591084103 
 

Output form: mathematical function: 
 

f(x) =  1.0587210078193035e+001 * x^0 
     +  2.6351121234279176e+000 * x^1 
     + -3.4343935874537213e-001 * x^2 
     +  2.6686733515223368e-002 * x^3 
     + -1.1879535482091071e-003 * x^4 
     +  3.2296673007515566e-005 * x^5 
     + -5.5369140829377692e-007 * x^6 
     +  6.0031965336045307e-009 * x^7 
     + -3.9885136059869065e-011 * x^8 
     +  1.4810994529954557e-013 * x^9 

     + -2.3530020548186278e-016 * x^10 
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Saginaw County Regression, Part 1   010Evo 
 

Since many precincts in Saginaw County had no prior differences to measure for the regression, we first applied the same logic as we 
did to the counties prior to Ingham, only considering the precincts with recorded negative changes. The regression returned a 99.01% R^2 value 

for degree five and a 99.64% R^2 for degree ten. All successive degrees fail catastrophically (except 11,  
which has a lower R^2 value than 10) .Trump then suffers a net of 10,286 votes from this act. 
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Saginaw 1, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 60 x,y data pairs. 
Correlation coefficient = 0.9963822077812268 

Standard error = 0.0028675907999551496 
 

Output form: mathematical function: 
 

f(x) = -2.0979080217749423e-002 * x^0 
     +  3.6548363825861283e-002 * x^1 
     + -1.1273408652485651e-002 * x^2 
     +  1.8891853630980885e-003 * x^3 
     + -1.6912091064194697e-004 * x^4 
     +  8.9599930581750883e-006 * x^5 
     + -2.9658213881205975e-007 * x^6 
     +  6.2130474729839530e-009 * x^7 
     + -8.0128996181236346e-011 * x^8 
     +  5.8085080465768596e-013 * x^9 

     + -1.8112577500212840e-015 * x^10 
 
 

Saginaw Partial, same bucket size at 2%. 
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Saginaw County Regression, Part 2   010Evo 
 

Since Saginaw County had many precincts with  prior differences to measure for the regression,we then applied the same method as 
we did in Ingham. The result of the polynomial regression returned a 99.84% R^2 value for degree five and a 99.67% R^2 for degree ten. All 
successive degrees fail catastrophically (except 11, which has a slightly increased R^2 value than 10, at 99.67%). We do not have the data to 

determine the total amount of votes stolen in Saginaw, the current minimum stands at 10,286.
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THIS IS NOT DELTA REGRESSION, WE WILL RETURN TO THIS IN SECTION II. 
Saginaw 2, Actual Polynomial 

Mode: normal x,y analysis 
Polynomial degree 10, 85 x,y data pairs. 

Correlation coefficient = 0.9966829978813773 
Standard error = 1.2031989744703895 

 
Output form: mathematical function: 

 
f(x) =  3.6587382390260843e+000 * x^0 
     +  7.5292894393938159e-001 * x^1 
     + -4.7585174302399635e-001 * x^2 
     +  1.0388361177825606e-001 * x^3 
     + -8.1310151074834008e-003 * x^4 
     +  3.3200524251345302e-004 * x^5 
     + -7.9733633077362391e-006 * x^6 
     +  1.1685947491276487e-007 * x^7 
     + -1.0283384631706999e-009 * x^8 
     +  4.9910188831513645e-012 * x^9 

     + -1.0260745718821363e-014 * x^10 
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Macomb County Regression, 010Evo 
 

After the sets Ej - ε  and Fj - ε  were determined for Macomb County, the result of the polynomial regression returned a 99.82% R^2 
value for degree five (quintic regression) and a 99.88% R^2 for degree ten (Decic Regression). All successive degrees fail catastrophically 

(except degree 11, which has a lower R^2 value). Trump suffers a net loss of 70,944 votes from this act. 
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Macomb,  Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 329 x,y data pairs. 
Correlation coefficient = 0.9988304639559799 

Standard error = 0.11627129677001413 
 

Output form: mathematical function: 
 

f(x) =  3.0561895992198469e+000 * x^0 
     +  4.1100698612116471e-001 * x^1 
     + -1.1805899419019659e-002 * x^2 
     +  2.5493886392480172e-004 * x^3 
     + -3.6617291579924573e-006 * x^4 
     +  3.4281574570430148e-008 * x^5 
     + -2.0898417091744871e-010 * x^6 
     +  8.2042534443506227e-013 * x^7 
     + -1.9958170920886724e-015 * x^8 
     +  2.7330308081619253e-018 * x^9 

     + -1.6086412956942258e-021 * x^10 
 

Macomb Hist, Bucket Size at 0.18 for best fit. 
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Detroit, AVCB Boards.  Regression, 010Evo 
 

After the sets ��E��j - ε��  and ��F��j - ε��  were determined for the AVCB BCounty, the result of the polynomial regression returned a 99.82% R^2 value for degree 
five (quintic regression) and a 99.52% R^2 for degree ten (Decic Regression). All successive degrees fail catastrophically, degree 11 also fails catastrophically. Trump 

suffers a net loss of 225 votes from this act; however, it is believed that this was used as the starting point, as in Ingham County, before further corrupting the vote 
tabulations via the Wheel Model, to which the remainder of this Analysis shall be dedicated. 
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AVCB Detroit, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 116 x,y data pairs. 
Correlation coefficient = 0.9952398459819962 

Standard error = 0.013041544376612434 
 

 
     4.2746943894595224e-001, 
    -1.5326156765998397e-001, 
     2.1244043133314738e-002, 
    -1.4914149427036336e-003, 
     6.1471000271997819e-005, 
    -1.5868305875228917e-006, 
     2.6365144539362871e-008, 
    -2.8146871089117555e-010, 
     1.8638283835865803e-012, 
    -6.9615227754315517e-015, 
     1.1203565629165077e-017 

 

Detroit Hist, Bucket Size 0.0002666 for best fit: 
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All Remaining Counties,  010Evo 

We now take all remaining precincts from the remaining counties with recorded negative changes. The regression returned a 
UPDATE% R^2 value for degree five and a 99.64% R^2 for degree ten. All successive degrees fail catastrophically, including degree 11 .  

Trump then suffers a net loss of 34,518 votes from this act. 
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All Remaining Counties, Actual Polynomial 
Mode: normal x,y analysis 

Polynomial degree 10, 160 x,y data pairs. 
Correlation coefficient = 0.9990098240610615 

Standard error = 0.12800858300649948 
 

 
    -4.4756011437802890e+001, 
     8.8320639686920011e+000, 
    -6.1323158446672588e-001, 
     2.4132851892921900e-002, 
    -5.8896794872416902e-004, 
     9.3322475711270948e-006, 
    -9.7618546395537602e-008, 
     6.6849241163281526e-010, 
    -2.8797011919923757e-012, 
     7.0720837718086629e-015, 
    -7.5431309525061190e-018 

 

All Remaining Counties, Bucket Size 0.03% for best fit: 
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Conclusion of Regression Analysis, 
The Polynomic Sledgehammer 

 
The total sum of votes stolen from President Donald J. Trump, by this algorithm, hitherto named the Polynomic 

Sledgehammer, is: 287,980 votes; bear in mind that Trump lost the state by 154,188 votes. 
 
Let it be known, that natural data (in this manner) should be distributed normally, such that it has a strong linear 

regression, with a second derivative of zero (third model). 
 

Let it be known, that purely randomly generated computer data (second model of random number generation between 
two bounds), is distributed evenly, such that it also has a strong linear regression, with a second derivative of zero. 

 
Let it be known, that cumulative randomly generated computer data (first model) is not distributed evenly, and that it 

has strong exponential regression. As witnessed above, Detroit’s regression of the maximum delta (greatest percentage drop in 
each precinct), perfectly fits the model of Cumulative Random Number Generation. 

 
Let it be known, that no weak polynomial of degree five (the weak polynomial of degree k), nor its corresponding 

strong polynomial of degree ten (the strong polynomial of degree 2k), can capture the tail ends of natural delta regression (the 
polynomial always exits the bounds of the graph); furthermore, that the distribution of such deltas, should be natural, assuming 
that the distribution of ratios for the county were both natural (not fabricated!) on the two consecutive timestamps (for each 
precinct) where Trump was winning on the former the timestamp, and then was losing on the latter timestamp. 

 
Let it be known that the residuals to such polynomials (for natural data) all pool below the polynomial regression line 

on the left side of the graph, and all pool above the polynomial regression line on the right side of the graph; furthermore, that 
although the residuals in the main band have a very shallow sinusoidal regression...all but visible to the human eye. 

 
Yet the actual data, for each county, has degree five polynomials with only three changes in concavity (instead of its 

maximal limit of four), that perfectly capture the tail ends of the delta regressions; likewise, the degree ten polynomial also has 
three (at most four), changes in concavity (instead of its maximal limit of nine), and that the floating point of the stats.blue 
calculator was insufficient to carry the regression beyond degree 12 (and often in degree 11); yet, since the data was actually 
fabricated to a degree five polynomial (Quintic Regression), this calculator had no issues detecting the corresponding Decic 
Regression of the imposed Quintic Polynomial. 

 
It took the full power of the arachnoid.com  calculator to carry these regressions beyond degree ten, since the data was 

not fabricated to fit a degree six or higher polynomial, and thus had no easily determined fits for degrees at or above 12 (twice the 
degree of six). 

 
We also observe that the histograms show that the maximal deltas for each precinct are not naturally distributed, but we 

can see that the algorithm attempted its best to fake such a distribution, and failed miserably in most cases. 
 

Finally, we observe that the residuals in the main band have a very broad sinusoidal regression, clearly visible to the 
human eye, where the algorithm attempted to fake the residual distances from the polynomial; furthermore, that the residuals 
corresponding to the tail ends of these polynomials were not concentrated below the left side, nor concentrated above the right 
side, but rather the algorithm simply spray painted these residual distances with a random number generator. 
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Section II 
 

First Stases and Drop Stases 
The Polynomic Sledgehammer 

 
Definition of the Active First Stasis and the Drop Stasis. 

 
For each precinct, pi, in P, let Cj be the subset of P, such that all for pi in Cj,  pi is from the same 

county.  
 

For each precinct,  cu ҽ Cj, let Hj be the set containing the first recorded percentage for each 
precinct (where the total number of votes is not equal to zero), let |Hj| = h;  |Cj| = h . 

 
Let Hj,2 be the adjoinment of the arrays Hj and Cj. 
 
Now let C�{��j ְ Cj, such that each c���{��u�� ҽ C�{��j has a future stasis (that the precinct reports at least 

one more time after its first report; we are culling inactive precincts from the set). 
 
Let F be the subset of precincts in C�{��j that have no negatives changes in Trump’s percentage over 

the course of their history (we are culling precincts with no negative changes). 
 
Now let C�{�{��j = C�{��j - F. 
 
For each precinct, c���{�{��u�� ҽ C�{�{��j, let H�{�{��j be the set containing the first recorded percentage for each 

precinct in  C�{�{��j, let |H�{�{��j| = h-m;  |C�{�{��j| = h-m. 
 
Let H�{�{��j,2 be the adjoinment of the arrays H�{�{��j and C�{�{��j.   This is the Active First Stasis​. 
 

Sort H�{�{��j,2  by H�{�{��j from least to greatest. 
Now assign each precinct in C�{�{��j a local index from 1 to (h-m) after the sort, and let this 
array be X�{�{��j. 
Now adjoin X�{�{��j  to the Array H�{�{��j,2 , giving us  H�{�{��j,3 . 

 
For each precinct,  c���{�{��u�� ҽ C�{�{��j, let E�{�{��j be the set containing the largest negative drop in Trump’s 
percentage for the entire history of that precinct; thus |E�{�{��j| = h-m. 
 
Now for each precinct,  c���{�{��u�� ҽ C�{�{��j, let G�{�{��j be the set of each recorded percentage on the timestamp that 
corresponds to the respective precinct, c�{�{��u, in E�{�{��j ; thus |G�{�{��j| = h-m.  
 

Let G�{�{��j,2 be the adjoinment of the arrays G�{�{��j and C�{�{��j.   This is the Active Drop Stasis​. 
Sort G�{�{��j,2  by G�{�{��j from least to greatest. 


