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Opening context 

Across industries, AI has moved from experimentation to expectation. Boards ask about 

readiness. Executives sponsor flagship initiatives. Organisations invest heavily in data 

platforms, cloud infrastructure, and specialist talent. On the surface, AI appears firmly 

embedded in the leadership agenda. 

Yet when outcomes are examined more closely, a familiar pattern emerges. AI impact is 

inconsistent, difficult to scale, and rarely embedded into the way the organisation actually runs. 

Success depends on exceptional teams or individual sponsors. When priorities shift or funding 

cycles reset, momentum fades and capability erodes. 

This gap between intent and outcome is now one of the defining frustrations of enterprise AI. 

It is not explained by lack of effort. It points to a deeper structural mismatch that most 

organisations have not yet addressed. 

 

Why this fails in most organisations 

AI initiatives stall not because leaders lack ambition or the technology is immature, but because 

they are forced to operate inside operating models designed for a different era. 

Traditional enterprise operating models are built around stability, predictability, and control. 

They assume work can be planned upfront, requirements stabilised, and outcomes delivered 

through linear execution. Decision-making authority is layered. Funding is episodic. 

Accountability is fragmented rather than owned end-to-end. 

These assumptions work reasonably well for capital projects and incremental digital change. 

They break down when applied to AI. 

https://www.linkedin.com/in/manojtavarajoo/
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AI systems do not create value through one-off delivery. They improve through continuous 

experimentation, feedback, and adaptation. Value emerges progressively rather than being fully 

specified in advance. Performance degrades when learning loops are interrupted or ownership 

is unclear. When AI is governed through annual planning cycles, fixed business cases, and 

stage-gate delivery, learning slows and relevance decays. 

Structural fragmentation compounds the problem. Strategy teams define ambition. Technology 

teams build platforms. Data teams develop models. Risk and compliance functions impose 

controls. Business units are expected to consume outputs. No single part of the organisation 

owns the full system that turns data into decisions at scale. Models are built but not trusted. 

Insights are generated but not acted on. 

Taken together, these recurring patterns point to a deeper issue than poor execution. 

 

The operating model insight 

AI exposes a fundamental incompatibility between how most enterprises are run and how AI 

creates value. 

Traditional operating models are designed to minimise variation and manage risk through 

predictability. AI creates value by embracing variation, testing hypotheses, and learning faster 

than competitors. One logic suppresses what the other requires. 

The implication is not that organisations need better AI tools, more data scientists, or faster 

delivery. It is that the underlying system of decision rights, governance, funding, and 

accountability must be redesigned to support continuous learning rather than episodic 

execution. 

Until this structural incompatibility is addressed, AI will remain fragile. Progress will depend 

on individual effort rather than institutional capability, and scaling will remain the exception 

rather than the norm. 
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Figure 1: Traditional Operating Model vs AI Operating Model 

 

What this looks like in practice 

In practice, this incompatibility shows up in consistent executive symptoms. AI teams deliver 

technically sound models that never make it into core workflows. Approval processes lag 

behind operational reality, making insights obsolete by the time they are deployed. Business 

leaders view AI as external support rather than a capability they own. 

When results disappoint, leaders often respond by tightening controls, adding reporting layers, 

or investing in additional platforms. These responses increase complexity without addressing 

the root cause. The operating model remains unchanged, and AI continues to operate at the 

margins. 

By contrast, organisations that begin to confront the structural nature of the problem shift the 

conversation. They stop asking how to accelerate AI delivery within the existing model and 

start questioning whether the model itself is fit for purpose. This reframing does not solve the 

problem immediately, but it creates the conditions for meaningful change. 
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Common mistakes to avoid 

One common mistake is assuming that AI can be absorbed into existing delivery and 

governance structures with minor adjustments. Familiarity feels safe, but it locks in 

underperformance. 

Another mistake is treating operating model redesign as a downstream execution concern. By 

the time structural issues surface, behaviours and incentives are already entrenched. 

Many organisations attempt to compensate by centralising AI capability. While this can create 

short-term coherence, it often reinforces dependency rather than building distributed 

ownership. 

Finally, some leaders confuse standardisation of tools and platforms with organisational 

alignment. Technical consistency does not resolve structural fragmentation. 

 

What leaders must do differently 

Leaders must examine their operating model with the same seriousness as their AI strategy. 

This means confronting where authority sits, how learning is funded, and who is accountable 

for outcomes over time. 

AI is not an initiative to be managed or a capability to be bolted on. It is a learning system that 

challenges how decisions are made and how work is organised. Treating it as such elevates AI 

from a technical concern to a leadership responsibility. 

This shift does not require abandoning control, but it does require redefining it. 

 

Conclusion 

AI does not fail because organisations lack vision, talent, or technology. It fails because it is 

forced to operate inside structures designed for predictability rather than learning. 

Traditional operating models were not built for systems that continuously adapt and improve. 

Until leaders confront this incompatibility directly, enterprise AI will continue to disappoint, 

regardless of how advanced the tools become. 
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