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Why AI Risk Grows Faster Than AI Value 

The AI Operating Model Playbook 

Manoj Tavarajoo  

 

Opening context 

As organisations move from pilots to embedded, automated AI systems, a subtle imbalance 

emerges. Value increases, but risk increases faster. 

Early AI initiatives feel manageable. Use cases are narrow. Oversight is informal. Human 

judgement sits close to decisions. When issues arise, they are contained. 

At scale, these conditions no longer hold. AI systems operate continuously across processes, 

geographies, and customer interactions. Decisions compound. Small errors propagate. 

Exposure grows even when intent remains sound. 

This asymmetry is often underestimated. Leaders expect risk to scale proportionally with value. 

In practice, it rarely does. 

 

Why this fails in most organisations 

Most organisations manage AI risk as if it were static. Risks are assessed at approval. Controls 

are documented. Policies are signed off. Once systems are deployed, attention shifts back to 

delivery and performance. 

AI does not respect this model. As systems learn, integrate, and automate decisions, new risks 

emerge in production. Data distributions change. User behaviour adapts. Model performance 

drifts. Interactions between systems create second-order effects that were not visible at design 

time. 

At the same time, organisational oversight often weakens. Responsibility fragments across 

teams. Monitoring becomes episodic. Escalation paths are unclear. Risk functions rely on 

documentation that reflects intent rather than behaviour. 
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The result is not reckless AI, but unmanaged AI. Exposure accumulates quietly until an incident 

forces attention. 

 

The operating model insight 

AI risk grows faster than AI value because execution outpaces oversight. 

Value compounds through automation, scale, and learning. Risk compounds through the same 

mechanisms. When governance, accountability, and monitoring do not scale at the same rate, 

imbalance is inevitable. 

Managing AI risk therefore requires more than policies or principles. It requires operating 

models that observe, interpret, and respond to AI behaviour continuously. 

Risk must be treated as a dynamic property of systems in operation, not a static attribute 

assessed at approval. 

 

What this looks like in practice 

Organisations that underestimate AI risk exhibit consistent warning signs. Models perform well 

initially, then degrade unnoticed. Automated decisions drift beyond original intent. 

Responsibility for monitoring is assumed but not owned. 

When issues surface, responses are reactive. Teams scramble to explain behaviour after the 

fact. Controls are tightened globally rather than targeted locally. Trust erodes, even where value 

remains real. 

By contrast, organisations that recognise the asymmetry design for it. They invest in continuous 

monitoring. They assign explicit ownership for risk in production. They treat anomalies as 

learning signals rather than exceptions to be hidden. 

Importantly, these organisations do not slow AI down. They redesign oversight to move at the 

same pace. 
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Common mistakes to avoid 

Assuming strong upfront governance prevents downstream risk. 

Relying on policy compliance as a proxy for control. 

Constraining AI deployment broadly rather than addressing root causes. 

Decentralising risk management without coordination. 

 

What leaders must do differently 

Leaders must recognise that AI risk is not a marginal concern that follows value. It is a parallel 

dynamic that accelerates with scale. 

They must ensure that governance, monitoring, and accountability evolve alongside 

automation and decision-making authority. Risk ownership must persist into production, not 

end at approval. 

Some risk is inherent to learning systems. The objective is not elimination, but early detection, 

fast response, and disciplined adaptation. 

 

Conclusion 

AI creates value through scale, automation, and learning. These same forces amplify risk. 

When organisations treat AI risk as static, exposure grows invisibly until it becomes disruptive. 

Managing AI at scale therefore requires recognising the asymmetry between value and risk and 

redesigning oversight accordingly. 

 




