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RESOURCES

ÅDemystifying Data Science presented at DATAWorks 2018 

by Prof. Alyson Wilson, NC State Laboratory for Analytical Sciences
https://dataworks2018.testscience.org/wp-content/uploads/sites/8/2018/03/demystifying-data-science_Alyson-Wilson.pdf

Data science is the new buzz word ïit is being touted as the solution for everything 

from curing cancer to self-driving cars. How is data science related to traditional 

statistics methods? Is data science just another name for ñbig dataò? In this mini-

tutorial, we will begin by discussing what data science is (and is not). We will then 

discuss some of the key principles of data science practice and conclude by 

examining the classes of problems and methods that are included in data science.

https://dataworks2018.testscience.org/wp-content/uploads/sites/8/2018/03/demystifying-data-science_Alyson-Wilson.pdf


RESOURCES

My Recorded Tutorials & Slide Decks at www.jmp.com/fedgov

http://www.jmp.com/fedgov


RESOURCES

Prof. Dick De Veaux, Williams College 

Predictive Analytics for 

Smarter Business Decision Making

On-Demand Webinar 
https://www.jmp.com/en_us/events/ondemand/explorers/explorers-seminar-de-veaux-sep28-video.html

https://www.jmp.com/en_us/events/ondemand/explorers/explorers-seminar-de-veaux-sep28-video.html


RESOURCES GO-TO BOOK TO TEACH DATA SCIENCE IN R - (ALYSON WILSON)

G. Shmueli, P. Bruce, I. Yahav, N. Patel, K. Lichtendahl (2018).

Data Mining for Business Analytics: Concepts, Techniques, 

and Applications in R. John Wiley & Sons.

G. Shmueli, P. Bruce, P. Gedeck, N. Patel (2019).

Data Mining for Business Analytics: Concepts, Techniques, 

and Applications in Python. John Wiley & Sons.

G. Shmueli, P. Bruce, M. Stephens, N. Patel (2017).

Data Mining for Business Analytics: Concepts, Techniques, 

and Applications with JMP Pro®. John Wiley & Sons.



MACHINE LEARNING FROM A PROCESS PERSPECTIVE

Data Mining for Business Analytics: Concepts, Techniques, and Applications with JMP Pro®.

G. Shmueli, P. Bruce, M. Stephens, N. Patel (2017). 
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MACHINE LEARNING VS. DATA MINING VS. ARTIFICIAL INTELLIGENCE

ÅMachine Learning: focused on prediction, based on known 

properties learned from the training data.

ÅData Mining: focused on the discovery of (previously) 

unknown properties in the data.

ÅData Mining + Machine Learning are currently being rebranded 

as Artificial Intelligence.
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All models are wrong, but some are useful.

Since all models are wrong the scientist cannot obtain a 

ñcorrectò one by excessive elaboration. é 

overelaboration and overparameterization is often 

the mark of mediocrity.

George E. P. Box (1979)

George E. P. Box (1976)
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ñEverything should be made as simple as possible, 

but not simpler.ò

Attributed to Albert Einstein (1950)








