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Gen-Al Technology Choices for Businesses
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I RAG vs Embedding vs Fine-Tuning vs Training

What is it?

Example
Use Cases

Pros

Cons

Retrieval-Augmented Generation

(RAG)

Enhances responses of generative
models by retrieving relevant
information from a dataset or
database.

- Enhancing chatbots with external
data sources for more accurate
responses

- Improving search results with
context-aware information retrieval

- Improves accuracy with dynamic
data data

- Enhances model's knowledge
without direct training on the data

- Depends on the quality and
relevance of the retrieved data

- Potentially increased latency due to

retrieval process

Embeddings

Representation of data in a high-
dimensional space, capturing
semantic relationships.

- Recommendation systems
- Sentiment analysis

- Captures nuanced relationships
- Enables sophisticated analyses
and predictions

- Requires substantial data for
training
- Difficult to interpret

Fine-Tuning

Adapting a pre-trained model on a
domain-specific dataset to
improve performance on specific
tasks.

- Customized chatbots
- Market analysis

- Leverages power of LLMs with
customization

- Cost-effective compared to
training from scratch

- Requires domain-specific dataset
- Risk of model deviation if not
monitored

Training LLMs

Building large, general-purpose
models from scratch that understand
and generate text based on training
data.

- Proprietary Al solutions
- Data analysis and insight generation

- High degree of customization
- Can be tailored to specific needs

- Resource-intensive (time,

computational power, data)
- Requires significant Al expertise and
infrastructure




Gen-Al in Business Functions
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Al has been most widely
%fﬁ adopted in the high-tech and
$ %7

telecoms space, where 38%
of people report using it.
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Our Prediction:

The Real Competition will be between:

m Al-invested Incumbents
m Al-enabled Startups / Newcomers

Not Competition: Everyone else’s Half-hearted attempts and Skeptics




Multi agent systems
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Multi-agent systems: Tech as a Team-mate
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The Gen-Al
Tech Stack
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Other Predictions
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2. Migrating away from Legacy systems will be hard. 3 '

1. Unforeseen issues in A.l. adoption will be ...
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3. Start-ups will have an edge:
1 employee start-up will hit $1B valuation
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We work with CEOs and Executives to implement the Al strategy that is

right for their business; grounded in deep technical expertise.
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