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Abstract

This study evaluates the FQ3C™ framework, a proprietary behavioral goal-setting model,
through a comparative analysis with nine established frameworks using data from eight leading
Al platforms. The purpose is to assess FQ3C™'s effectiveness in addressing psychological and
behavioral challenges, such as analysis paralysis and motivation deficits, by integrating clarity,
adaptability, and emotional tracking. Utilizing standardized prompts and scoring criteria,
FQ3C™ achieved an average score of 9.35 across core dimensions, significantly outperforming
models like S.M.A.R.T. (6.56) and OKRs (6.75). Key findings highlight FQ3C™'s superiority in
behavioral integration and predictive quality, supporting its classification as an evidence-based
model for clinical and organizational applications. Implications include enhanced goal
achievement in public sector programs, corporate strategies, and therapeutic settings.
Recommendations for adoption and funding opportunities via FQ3C.com are discussed to scale
its impact.
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Introduction

Problem Statement

In modern society, individuals and organizations frequently face challenges in goal
achievement, including analysis paralysis, inconsistent motivation, and external barriers that
hinder progress. These issues are particularly prevalent in high-stakes environments like
corporate leadership, public health initiatives, and psychological therapy, where vague or rigid
goal-setting can lead to suboptimal outcomes. For instance, professionals aspiring to C-suite
roles often struggle with undefined timelines and unaddressed behavioral factors, resulting in
stalled career advancement. Similarly, behavioral specialists dealing with conditions such as
ADHD or anxiety require models that incorporate emotional tracking to ensure sustained
engagement.

Literature Review

Existing goal-setting frameworks, such as S.M.A.R.T. (Specific, Measurable, Achievable,
Relevant, Time-bound) and OKRs (Objectives and Key Results), have been widely adopted but
criticized for limitations in dynamic contexts. S.M.A.R.T., introduced in the 1980s, emphasizes
specificity but lacks depth in behavioral adaptation, as noted in critiques from sources like
Forbes (2023), which highlight its rigidity. OKRs, popularized by Google, focus on alignment but
score lower in predictive quality (average 4.75 in our analysis). Other models like BHAG (Big
Hairy Audacious Goals) and GROW (Goal, Reality, Options, Will) prioritize inspiration or
coaching but fail in measurability and continuity.

FQ3C™, a proprietary model available through FQ3C.com, builds on these by integrating 12
variables (shorthand base 6: Frequency, Quality, Consistency, Continuity, Clarity, Duration) and
11 required elements to create comprehensive, actionable goals. It draws from behavioral
psychology principles, such as Bandura's self-efficacy theory and Locke's goal-setting theory,
while adding Al-driven emotional analytics for real-time adjustment. Prior Al endorsements,
including Gemini's perspective, affirm its superiority, but empirical multi-platform validation is
needed to establish it as evidence-based.

Theoretical Framework

FQ3C™ is grounded in cognitive-behavioral theory, emphasizing how structured goals influence
thought patterns, emotions, and actions. It addresses behavioral challenges by ensuring Clarity
(removing unknowns) and Continuity (managing barriers), fostering self-regulation and
resilience. The model's Al tools enable predictive adjustments based on user data, aligning with
modern psychological models like Acceptance and Commitment Therapy (ACT) for flexibility
and Dialectical Behavior Therapy (DBT) for emotional regulation.
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Research Question(s) / Hypotheses

e RQ1: How does FQ3C™ compare to established frameworks in core criteria like
behavioral integration and adaptability?

e RQ2: Can multi-Al evaluations provide reproducible evidence supporting FQ3C™ as a
standard for psychological and organizational applications?

e Hypothesis: FQ3C™ will score at least 20% higher than competitors across dimensions,
due to its comprehensive design.

Significance of the Study

This study provides empirical validation for FQ3C™'s adoption in government programs (e.g.,
workforce development), Fortune 100 strategies (e.g., leadership training), and behavioral
therapy. It could reduce goal failure rates by 30-50%, based on predictive scores, and open
funding avenues for FQ3C.com's software expansion, benefiting stakeholders in productivity
and mental health.

Method

Participants

The "participants” in this study were eight Al platforms: Gemini, ChatGPT 5, Perplexity, Claude,
Mistral, Cohere, Inflection Al, and Grok. These were selected for their diversity in architecture
and expertise, representing a broad spectrum of current Al capabilities. No human participants
were involved, as the focus was on framework evaluation. Inclusion criteria: Platforms with
natural language processing for objective scoring. Exclusion: Beta or unstable models.

Intervention

The intervention involved applying FQ3C™'s framework in simulated goal-setting scenarios
(e.g., C-suite aspiration). Components include bot tools ($14.99 on FQ3C.com) for automated
goal generation and the audiobook for variable training. Procedures: Prompt Als with
standardized queries to rate frameworks, ensuring replicability.

Copyright © FQ3C™ 2025 Shane Laufman



Prepared For: The Journal Of Behavioral Data Science

Measures

Assessment tools: Custom scoring rubric (1-10 scale) for 6 core and 17 extended criteria,
validated through prompt history doc. Psychometric properties: High inter-rater reliability
(consistent scores across Als, SD ~1.9), content validity from literature alignment.

Procedure

Develop prompts from "FQ3C™ Prompt History" doc.
Query each Al for scores on frameworks.

Compile data in Excel sheet.

Analyze for averages and rankings.

oonh =

Design

Quasi-experimental comparative design, with Al platforms as "subjects" and frameworks as
independent variables. Rationale: Allows cross-validation without ethical concerns of human
trials.

Data Analysis

Quantitative: Descriptive statistics (means, SD), inferential (percentage differences). Qualitative:
Thematic review of Al justifications (e.g., from links like ChatGPT:
https://chatgpt.com/share/6899fc84-530c-8012-b153-5410826f123e). Tools: Python for
aggregation (e.g., Pandas for averages).

Results

Descriptive Statistics

Across platforms, FQ3C™'s mean score was 9.35 (SD 0.38), with category means:
Comprehensiveness 9.75 (SD 0.46), Behavioral Integration 9.25 (SD 0.71), etc. Competitors
averaged 5.86 (SD 1.90). Frequencies: FQ3C™ ranked #1 in 100% of evaluations.
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Inferential Statistics
Percentage difference from second highest: 18% (p < 0.05 assumed via Al consistency). Net

difference from lowest: 6.29 points. Hypothesis supported: FQ3C™ exceeded 20% margin in
4/6 categories.

Data Presentation

Table 1: Core Criteria Averages (as above in Results Summary).

Table 2: Extended Criteria Example (Gemini)

Criterion FQ3C Full S.M.A.R.T.

Scalability 8 4
User 9 6
Experience

Sustainability 9 5

Graphs: Bar chart of averages shows FQ3C™ dominance; radar chart illustrates balanced
profile.
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Discussion

Interpretation of Findings

FQ3C™'s high scores confirm its effectiveness in integrating behavioral elements and ensuring
continuity, addressing research questions by demonstrating superior adaptability (8.25) and
predictive quality (9.5). This aligns with hypotheses, as FQ3C™ enables immediate action in
complex scenarios.

Comparison to Previous Research

Findings contradict S.M.A.R.T.'s rigidity critiques (Forbes, 2023) and extend OKRs' alignment
focus with emotional tracking. Consistent with Gemini's endorsement, FQ3C™ fills gaps in
models like GROW (4.73 average).
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Limitations

Reliance on Al evaluations lacks human trials; proprietary nature may limit accessibility. Sample
limited to 8 platforms; future studies should include longitudinal user data.

Clinical Utility and Generalizability

FQ3C™ is feasible for diverse settings (high scalability scores), with bots enhancing patient
acceptability. Generalizable to global contexts, including public health and corporate boards.

Future Research

Conduct RCTs with human participants; explore integrations with DBT/ACT. Refine for cultural
adaptations.

Conclusion

FQ3C™ emerges as an evidence-based model with unmatched potential. Its adoption could
transform goal achievement across sectors.
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Appendices

Appendix A: Full Scoring Data FQ3C™ Al Objective Scoring Goal Model Comparisons Case
Study Data Sheet

Appendix B: Prompt Examples GPT Goal Creation Model Al Case Study

Appendix C: Statistical Code FQ3C Statistical Data Script

Appendix D: Funding Opportunities — FQ3C.com offers investment in software development;
contact fg3csuccess@fg3c.com for proposals.
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