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5G and Beyond Communication Networks

NEW CAPABILITIES FOR 5G AND BEYOND INTEGRATED SENSING AND COMMUNICATIONS
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« To connect to 5G network, UEs establish initial access with gNodeBs.
« gNodeBs transmit pilot signals with narrow beams.
« UEs compute received signal strengths and find the best beam.
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« Deep learning to reduce time for initial access:
« gNodeB transmits with a small number of narrow beams.
« UEs predict the best beam from a larger set of beams.
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Open Radio Access Network (O-RAN) allows modular and disaggregated design via
open interfaces and intelligent controllers.
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Open architecture and control applications to enable Distributed Group Communications.
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