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Innovation shift to Al centric automation

-

©
p ,E,,Zm Google
salesforce
@ ERICSSO facebook ' ANTHROP\C (7N
ERICSSON ‘
- BE Microsoft Meta
[ .
iaad NOKIA Go gle Tencent o 2 Microsoft &) OpenAl
1
=== o o I ol I I a@;on M ByfsDanee cmuoﬁ:s GEN Al
é'——:'é":@ @ Cisco MOBILE INTERNET CLOUD/SAAS
DESKTOP INTERNET (WEB 2.0)
(WEB 1.0)
NETWORKING
PC
MAINFRAME
1960-1980 1980s 1990s 2000s 2010s 2015-2020

2022-2024+

Source: Antler VC

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

HiQo

solutions




Tech Convergence generating historic wave

Estimated Economic Impact of General Purpose Technologies

(Annual Percentage Point Additions to Real GDP Growth And Consumer Surplus)
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Sentiment Analysis from 8,000 Earnings Calls with CEOs

ATETTEE LU WL UL

Keyword growth
260%

70%
60%
50%
40%
30%
20%

10%

0%
-10%
-20%
-30%
-40%
-50%
-60%

Small and grnwmg o N ®Blackwell Blg and growing
—in mpurl:am::si . Llama . ; AUgUSt 424 in importance
i PR Rising LLMs g

P /
7 ¢ Cohere, ol
4 s Mistral _od
| - Ondevice R .
— — - -
| TPUe ol  H100 o ==~ 75 NVIDIA .
v "Machine vision F m 1 = Data centers
- '\ 1 —
R Industrial Al i Eh'p - CGDI|9I> _._SPU g 2 .»m
; .. Reshorin =7 i B 7

',’ Industrial loT*® : e Gemini e LLM e IGI J e Gaming Ecosvstem 1’ Al o
|| Predictive maintenance ,I Chatbot OPenAl . Meta, | Shortagee Cloud ¢, (U 2 i ;h _-Ih ; .
& - ! y ncertain -

. ﬁ“thiﬂF"CData man:err;ent » On-premise 'SG Genefative ,ﬂ\l.__ ST kLl )
| Metaverse Digital twin ChathPT Layoff e Sustalnal:llll‘c',.r ~ E‘klrferest rates -

* o . & - Sustainability [ B Economic concerns

| Edge computing Recession® )

Small and fading 8 Recession Big and fading
Jimportance Erprr— importance

T T 1

0% 1.0% 5.0% 10.0% Logscale 149 0%

MNote: The analysizis based on™8,000 earnings callsfrom™~4,000global companies listedin the U5, in02 2024 and Q1 2024
The mentionsof the selected keywords in each call were counted in each quarter.

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Sentiment Analysis from 8,000 Earnings Calls with CEOs

Key upcoming themes

Declining themes

1. Al Al moves to second-most discussed topic. In Q2 2024, discussions regarding Al
rose 5% QoQ to 33.7% of earnings calls. This climb moved Al to the #2 spot of most-
discussed topics, and as mentioned, it moved it closer to overtaking inflation as the
leading topic.

2. Data center. Data center(s) and related topics continue to rise. Riding on Al's wave is
data center, which rose 24% to 11.4% of earnings calls. Associated terms like the US-
based semiconductor giant NVIDIA and its core offering, GPUs, saw significant
growth in Q2 2024 as well.

3. LLMs. Three LLMs on the rise. In Q2 2024, CEQs appeared to turn their attention to
three LLM providers or their products:

* Meta, a US-based technology firm, offering its Llama series of LLMs

* Cohere, a Canada-based Al company offering 3 flagship models : Command,
Embed, and Rerank

* Mistral Al, a France-based Al company offering 3 models: Mistal 7B, Mixtral 8x7B,
and Mixtral 8x22B.

1. Economic concerns. Across the board, discussions related to economic concerns
declined in Q2 2024:

* Inflation: Down 20.3% QoQ to 36.6% of earnings calls

*  Supply Chain: Down 11.4% QoQ to 29.6% of earnings calls
* Interest Rates: Down 20% QoQ to 27% of earnings calls

*  Uncertainty: Down 18% QoQ to 19.8% of eamnings calls

In mid-June 2024, the US Federal Reserve board met to decide on an anticipated
interest rate drop; however, it chose to keep the interest rate at 5.25%—5.5%—the
same level since July 2023.

1. Sustainability. In Q2, it slid 17.3% QoQ to 17.8% of earnings calls, as did a related
term, emissions, which decreased 20% QoQ to 11.6%. COverall, sustainability-related
topics are not growing in importance and appear to be trending downward.

2. Recession. In Q2 2024, of the tracked keywords, recession had the biggest decline in
mentions, dropping 39% QoQ to 4% of earnings calls. Since Q2 2023, recession has

been a declining topic, eventually separating from its related economic concerns by a
wide margin.

Source: 10T Analytics

HiQo

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Emergence of tough questions

Source: Goldman Sachs

ARTIFICIAL INTELLIGENCE

Will the $1trillion of generative Al
investment pay off?

August 5,2024  Share <

ARTIFICIAL INTELLIGENCE

Al is poised to drive 160% increase
in data center power demand

May 14,2024  Share <

ARTIFICIAL INTELLIGENCE

Al may start to boost US GDP in
2027

November 7,2023  Share =<

Al in numbers

A0 >S1trn
ﬂ_% Tech giants and beyond are
set to spend over S1tn on

Al capex in coming years®

15%
Potential cumulative gross
upside to US GDP from Al*

$200bn
US Hyperscaler capex spend in 2024€?
4x
@nvioia  Blackwell GPUs —
have 4x better training performance vs
their predecessor?
30,000
Each Nvidia GPU has 30k
parts and weighs 32kg. A new

type of GPU costs $5bn in R&D?

High Bandwidth Memory
market CAGR over 2023-26€*

T 65%
CAGR of Al-embedded smartphones over
2024-274

—) Kbl

10-28%

Potential uplift to ASML's 2030 revenue

guidance from Al in bear/bull scenarios (G5e)

' NN c$3trn
M @ NVIDIA market capitalisationwhich is
greater than that of the entire UK market®

40%

% of Nvidia Datacentre GPUs used for
Inferencing in last four quarters?®

‘ $itrn
Expectations for semis TAM by
2030 prior to the recent acceleration

in Al spend, with scope for upside
from A"
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Value creation across industries

Al's potential annual impact across sectors

$ in billions

Aerospace and defense
Pharmaceuticals and medical products
Agriculture

Telecommunications

Chemicals

Media and entertainment

Oil and gas

Insurance

Basic materials

Advanced electronics/semiconductors
Banking

Automotive and assembly

Public and social sectors

Consumer packaged goods
Healthcare systems and services
Travel

Transport and logistics

Source: McKinsev: Economic Potential of Generative Al - June 2023

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

Al technologies and
techniques have the
potential to create between
$3.5-$5.8 trillion in annual
value across various
sectors
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Two lens to view Gen Al impact

Lens 1: Targeted Uses Cases for Gen Al

* Definition: Applying generative Al to specific business “use
cases” to biz challenges to achieve value outcomes.

* Example: In marketing, using generative Al to create
personalized emails, leading to reduced costs and increased
revenue through high-quality content at scale.

* Impact: Potential to unlock $2.6 to 54.4 trillion annually
across 16 business functions, enhancing the $11.0 to $17.7
trillion from non-generative Al and analytics by 15-40%.

Lens 2: Labor Productivity on Work Activities:

* Scope: Affects around 2,100 detailed work activities across
850 occupations...communication about operational plans.

* Productivity: Estimates show generative Al could significantly
boost labour productivity globally.

* Economic Benefit: Excluding overlaps from use case analysis,
the broader application could generate $6.1 to $7.9 trillion
annually in economic benéefits.

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

Lens 2

Labor productivity potential
across ~2,100 detailed work
activities performed by global
workfarce

Lens 1
Total economic potential
of 60-plus organizational
use cases’

Cost impacts of
use cases

Revenue impacts
of use cases’

' For guantitative analysis, revenue impacts were recast as productivity
increases on the corresponding spend in order to maintain comparability with
cost impacts and not to assume additional growth in any particular market HiQo
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Productivity Boom for Al Automation

Economic Benefits of Generative Al

Annual Impact: Estimated at $6.1 to
$7.9 trillion from major use cases and
productivity increases among
knowledge workers.

Future of Generative Al

Potential: Poised to unlock new
creative and innovative frontiers.

Achievements: Already broadening Al's
capabilities and potential impacts.

Context on Al Value

Dominance: Traditional Al applications still
hold the majority of Al's potential value.

Strengths: Advanced-analytics and machine
learning excel in numerical tasks and
predictive modelling, continually expanding
across industries.

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling;

Generative Al could create additional value potential above
what could be unlocked by other Al and analytics

Al's potential impact on the global conomy, $ trillion

11.0-17.7

|l 26-44

'~15-40%

incremental
economic impact

Advanced New generative
analytics, Al use cases
traditional

machine learning,
and deep learning

13.6-22.1

Total use
case-driven
potential

17.1-25.6

{f
'~35-70%

incremental
economic impact

others

All worker productivity Total Al
enabled by generative eConomic
Al, including in use potential

cases

Source: McKinsey
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M d rkEt O UtIOO kS Using generative Al in just a few functions could drive most of the technology’s
impact across potential corporate use cases.

. . @ Represent ~75%/0LmWrative Al
Generative Al Impact by Function: 500

® Sales o

* Key Areas: Customer operations, ® Marketing (st?;”;';eof:tget?%e““g

marketing and sales, software Software engineering

engineering, research and 400 - {for product development) ® °

development—account for ~75% of Customer opgrations

generative Al's annual value.

® Product R&D!

* Lesser Impact: Manufacturing and 300 4

supply chain functions show reduced

potential value compared to prior impact, $ bilion

estimates. ® Supply chain

, 200 —

* Reason: Generative Al's focus excludes Manufacturing

many numerical and optimization tasks -' . .

that drove value in traditional Al ® Finance @ Risicand compliance

app“cations_ 100 4 L IIITaIeni and organization (incl HR)

. ° ® Procurement management
° C:rporate IT Legal
Strategy
0 ® Prlicing | |
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Impact as a percentage of functional spend, %
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Software industry is a first bullseye for disruption

Stack Overflow, a (pre-Al) de facto source for developer’s to find solutions to their coding problems, placed a
ban on responses generated by ChatGPT and has suffered traffic losses as a result of ChatGPT’s popularity.

§ stackoverflow website traffic Stack Overflow vs. ChatGPT and GitHub

Monthly Visits Desktop & Mobile Web Worldwide

Select one series

for traffic page views =

2.000,000,000

77 Copilot
4 Release

T page views

1,5600,000,000

20M -
18M

) ChatGPT
%2 Release 1,000,000,000

16M = date 2019-08-08
page views 17,723,778.612

14M =

12M - 500,000,000
10M - ol
8M = 0
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Software Development market is ground zero

Adoption of Al tools in development tasks, 2023
Source: Stack Overflow Developer Survey, 2023 | Chart: 2024 Al Index report

Writing code

Debugging and getting help

Documenting code

Learning about a codebase

Testing code

Development task

Project planning

Committing and reviewing code

Deployment and monitoring

Collaborating with teammates

0%

82.55%
4.48%
48.89%
6.37%
34.37%
8.07%
30.10%
13.09%
23.87%
1.44%
13.52%
29.77%
10.09%
22.95%
4.74% B Currently using
28.33% Interested in using
3.65% B Not interested in using
41.38%
10% 20% 30% 40% 50% 60% 70% 80%
% of respondents Figure 4.4.15

Source: Stanford

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Github CoPilot drives significant productivity gains for deverlopers

If it's meant to be, it will be (no matter how long it takes). GitHub has finally launched their coding assistant,
CoPilot, to hugely positive reception. The system is trained on billions of lines of code.
e |n Sept 2022, GitHub ran an experiment with 95 professional  stack Overflow vs. GitHub

developers, split them randomly into two groups, and timed o
how long it took them to write an HTTP server in JavaScript. o
This found significant productivity gains. o

e InJune 2023, GitHub reported data from 934,533 CoPilot oox 8 )
users. Interestingly, productivity dips a little bit before ——A S
significantly increasing as Copilot users get acquainted with 200
the tool, and the less experienced users are the ones who w@z\aﬁ? séﬂﬂeev'ﬁ@o*ﬁwﬁ%@@ﬁl@ﬁﬁ w'ifewjfw'fj a°’§@a‘*°@
benefit the most (~32% productivity gain). ® ginubcom @ stackovertowcom

GitHub Copilot Copilot’s impact

@ G | PEEE ) Bl [T

time

Your Al pair programmer

Source: McKinsey

g
HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions
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Al Council

1 + GENERAL PURPOSE TECHNOLOGY LANDSCAPE
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e Evolving Tech Stack Changes
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Al is much broader than Gen Al

Simulation .--7"

s )
v
\
\
\

Generative models
One out of many
Al practices

Al is a broad
space with

many different
techniques and
practices.

-----

_____
-

B

i

" Nongenerative

machine
learning

GenAl Native
Applications

Embedded-

GenAl
Applicationg
Al Molecular
® / GenAl-

Modeling

Enabled Diffusion Al
Al Code Virtual ® \odels
feneration Assistants Al Model as a Service
o

Knowledge
Graphs
ultimodal GenAl @ | @
Models

User-in-the-Loop
Hallucination .
Management

Al-Generated 2>
GenAl Generation c;.e
@ calable Vector Databases Extensions e;-
Q,,. Prompt ?
- ¢ Engineering Tools o

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

B 6to8 Years
3to6 Years
103 Years
Now (0 to 1 Years)

Mass

e Low
Medium

@ High

@ Very High
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Building blocks of Gen Al Tech Stack evolution in 23/24

Labeling

Fine-Tuning

Orchesiration / Vector Databases

Frameworks

Foundational Models /
LLMs

Semiconductors, Cloud
Hosting, Inference

HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Changing aspects of Tech Stack ‘24 beyond

C\D’D B A~eps
Users . Models
It | . Infrastructure
Apps Land Grab: ‘ Viral Growth/Distribution:
End-user facing B2B and B2C applications * 1) Have access to proprietary data e 9) Social Layer
without proprietary modgfs e 2) Create a unique set of proprietary data e 10) Direct Communication
- . ; e 11) Freemium / Premium
Examples: Jasper, Github Copilot Netwo_rk Effects: e 12) Value Chain Spread
e 3) Direct Network Effects e 13) Distribution Partner
4) Data Network Effects
End-to-End s = :
APk Model Hubs e 5) Indirect Network Effects e 14) Unforeseen new
. e 6) Two-Sided Network Effects methods with Al
End-user facing Closat Saxirce Platforms to share and host models ¢ 7) B2B Network Effects
applications with : e 8) Learning Effects
- Foundation Models J Elek
proprietary models Examples: Hugging Face, Replicate
: Large-scale, pre-
Examples: Midjourney, trained models
Runway exposed via APIs
Open-Source
Examples: GPT-3 Foundation Models Differentiating Al Startup Attribute: Benefit:
(OpenAl) Models released as trained weights
1. Have access to unique proprietary data. Moat = Winner take most
Examples; Stable Diffusion (Stability)
2. Create a unique set of proprietary data. Moat = Winner take most
Cloud Platforms 3. Leverage user-to-user interactions within the product. Network Effects
Compute hardware exposed to developers in a cloud deployment model . .
4. Enable the Al to self-learn and improve experience across users. Network Effects
Examples: AWS, GCP, Azure, Coreweave

Compute Hardware

Accelerator chips optimized for model training and inference workload's

Source:

HiQo

solutions

Examples: GPUs (Nvidia), TPUs (Google)

Associates; Reid Hoffman at Blitzscaling; others




Competitive Differentiation

Application Layer
Proprietary Non-Proprietary
(e.g. Jasper) (e.g. Al Box)
End-to-End
Apps Training Models

End-user facing
Proprietary Models

Proprietary Hubs Open Source

(6.9 Midjoumey) Closed-Source, Exposed via APIs

(e.g. Chat GPT)

Sharing Platforms for models Openly released
(e.g. Hugging Face) (e.g. Stable Diffusion)

Cloud Platforms
AWS, GCP, Azure, Etc.

Computer Hardware
GPUs (Nvidia), TPUs (Google)

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Gen Al Tech Stack evolution in 2024

APPLICATIONS

6. Clients w/Plug-Ins & APIs: OpenAl ChatGPT, Microsoft Bing Chat & CoPilat,
Google Bard/Gemini, Facebook/Meta Services, Meta Al Search, Anthropic
Claude 2, Character.ai, Inflection PI, X.AI?, Quora Poe, et al
0\, Applications: Microsoft Windows/Office 365 Copilot, Facebook/Meta Apps,
Apple, Google Search Generative Experience [SGE), Google Apps, Stripe,
Airbnb, TikTok, Adept, Jasper, Notion Al, Harvey, Copy.ai, et al
Muilti-Modal Services: Midjourney, Runway ML, OpenAl Dall-E, Stable
Diffusion, Pika Labs, et al
Soon: Apple Vision Pro, Meta Quest 3 & Smart Glasses, Humane Al Pin,
Sam Altman/lony lve's Al Projects, New Personal Agents/Assistans,
Consumer & Enerprise Twins, et al

e
*

SOFTWARE, INFRA, & DEV TOOLS

5. Workflow Taols: Adept, GitHub Copilot, Replit, Zapier, et al
Hubs & Discovery Infra: Hugging Face, Al21labs, Cohere, Youw.com, et al
Development Toaols: Madular, Wellum, PromptLayer, AlShield, et al

Mkt Cap/Revs/Margins ($)

(f} DATA @
< 4, Extractive Data: Wikipedia, Internet Comman Crawl, Reddit, Quara, :35\
435\ Google Books & Scholar, Media (audio, video, print), YouTube, TikTak, &
eﬁ?« Instagram/Reels, Wolfram Alpha, Vertical Data Sites with Permission, Q'\L‘z’
3 Mew Peronal Data Feeds, et al < ™
Training, Prep, & Interface: Snorkel, Weights & Biases, PyTorch Q \{.\Q
Lightning, Synthesized Mythic, et al 00 Q;bé\
CLOUD COMPUTE SOFTWARE z&’
&

3. Foundation LLM Al Models: Openal GPT 4+, Google DeepMind, PaLM+, Gemini et al,
Facebook/Mata Llama 2+, Anhropic Claude 2, Amazon/Anthropic [to come), Inflection,
Character.ai, Adept, Huggind Face/Bloom, Stability Al, X.Al
Other Open Source: Databricks, Together Al, 01.ai, Red Pajama, Aplaca, Falcon LLM, et al &
Middleware LLM Software: Lonfchain, Meta PyTarch, Google TensarFlow, Amazon Q.,
SageMaker/Bedrock Al, NVIDIA CUDA, Modular, et al (5*'

CLOUD COMPUTE SERVICES o
A"

2. Cloud Datacenters: Microsoft Azure, Amazon AWS, Google Clowd, W&
Nvidia DGX, Oralcle Cloud, CoraWeave, Equinix, Tesla Dojo, et al K
Networking, Storage, Database, et al: Databricks, Snowflake, @F’
Pinecone, FeatureBase, Pure Storage, et al

CHIPS & SoCs (System on Chip)

1. GPUs: Nvidia GPUs, Google TPUs, Apple Silicon, Amazon GPUs,
Meta GPUs, Microsoft Athena, Dpen Al GPUS [to come), AMD GPUs, . f N
e Lo " Rain Al Sam an Tiaris Projeet, et a) RLHF Reinforced Learning with Human Feedback

RLAIF Reinforced Learning with Al Feedback

FABs: TSMC, Samsung, et al
Chip Design & Lithography: ARM, ASML, et al {including crowd-sourced prompts)

[

Time [t)F

HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Market Segmentation impact

[ 1 Observability, Governance &
( Training Infra J [ Pre-train ] [ Fine-Tune ] RLHF ] [ Deploy & Hosting ] [ Evaluate & Monitor ] [ Security
Compute HW Open Source
[ Anvioia M G ) / 3 ¥ @érebras\ Kfs 00 B & aws -3rav scale [ Dop!oy&hottlng\\ / e fiddler \ @nuausr INTELLIGENQ
— s Aarize
SamboNova AMDg1 mo y c:nly O Arthur Rebuff.ai
GRAPHCORE 9roq intel 00 - databricks HoneyHive o DeepMind Weights & Biases ARSI R WHYLABS bl
& intel vellum truera Y
aws = xeplit " s
GPU Cloud & Cluster Mgmt. ~ @ Hyprvisor (i) mosaic™ [T H,O Replicate o ovellum | | credo ai
.. Inflection 2 2 4 aporia
e ooy YRR v vess. s | | trsta Raomaa
. 1 p
O CoreWeave []anyscale TOGETHER 0 mmbopm-} 40 Giskard
Optumi NOMIC (A mosaic™ \ cyounet A stack neptune.ai together.ai — cerebrium u TRUSTIBLE
RunPod  [3] Lambda i \ / @ / avlnkexs
© Fluidstack  Jarvislabs.al Weights & Biases = EAIRLY
Library, Framework, Compiler Slosed Solncs 1| evioeny
/- : .:gt'-m.l P G:
Grvoren oo (@ Alabs <nvibia & cohere  Formic . o o
o 1| OpenAI = 7 LU b HoneyHive 2021 Al
ROCm wiota ‘ ' K S anyscale W MONITAUR
® 1 ANTHROP\C a DeepMind é é BaihSE NAVER censius o
OpenAl 3 aws HUAWEI : S Holistic Al
oneAPI — clech 4'p d ® PureML
\El— decpset  Apache ™M \r"”isuaf Al Adept ‘QYSTELLARIS Al @ C"Pﬁe | gl@* nlgm/

\ anch.A I_'/

HiQo

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Chain-of-Thought (CoT) — Why is this important?

Contrastive
. gaw Chain-Of-Thought (CCoT)
Chain-Of-Verification (CoVe)

LLM Guided Tree of Thought
Knowledge-Driven

Chain-of-Thought (KD-CoT) Least-To-Most Prompting

ST .

Interleaving Retrieval l,flz,'*"“’g A |
| B P o M ||, u {
Chain-of-Thought ' )

e _
N 4
i

Chain-Of-Note (CoN){

Chain-Of-Knowledge (CoK)

HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others



Tree-of-Thoughts (Tot)

Input i thought |

éé

Majonty vote
Output

(a) Input-Output (c] Chain of Thought {c) Self Consistency
Prompting (10) Prompting (CoT) with CoT (CoT-SC)

(d) Tree of Thoughts (ToT)

Figure 1: Schematic illustrating various approaches to problem solving with LLLMs. Each rectangle
box represents a thought, which is a coherent language sequence that serves as an intermediate
step toward problem solving. See concrete examples of how thoughts are generated, evaluated, and
searched in Figures 2,4,6.

HiQo
solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Emergence of Autonomous Al Agents — Vertex Al

' “ Foundational Model: This layer handles content generation, understanding

and responding to user queries in natural language, and summarizing
Model information.

Y F

p 5 Tools & Function Calling: This layer allows your agent to interact with
external systems & APIs, enabling it to perform actions beyond generating

e Tools text or images.
A\, J

Reasoning: This layer organizes your application code into functions, defining
configuration parameters, initialization logic, & runtime behavior. API
Orchestration simplifies LLM app dev by providing the building blocks for
Gen Al apps, & developers maintain control over crucial aspects like custom
functions, agent behavior, & model parameters.

Deployment: Al Agent service platforms to hosts agent & provides benefits
Deployment such as security, observability, and scalability. Reasoning Engine is
compatible with API Orchestration or any open-source framework to build
customizable agentic workflows.

)

Source: GoogleCloud Building and Deploying Al Agents with LangChain on Vertex Al

HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Agentic Systems are highly effective

Coding benchmark (HumanEval)

© Zero-shot

® Reflection
® Tool Use
@ Planning
® Multiagent
\
C‘é\o\,
& &
GPT-3.5 o o0
Zero-shot
(48%)
S
?-.
GPT-4 6] 000
Zero-shot
(67%)
40% 50% 60% 70% 80%
[Thanks to Joaquin Dominguez and John Santerre for help with analysis.] Andrew Ng

Source: McKinsey :
HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Emergence of Autonomous Al Agents

Democratization of LLMs driving autonomous Al agent building

3 i@

Market size for Al Estimated market for Al
autonomous agents in autonomous agents by
2023 2028 (43% CAGR)

So what are autonomous Al agents?

Programs powered by LLMs that complete
user-provided objectives by breaking down
objectives into tasks for themselves to complete and
solve iteratively, acting on a user's behalf

Emergence of LLMs for mass
consumption/production and enterprise use cases is
a catalyst for more Al agents to become even more
autonomous (i.e., iterative) and accurate in doing so.

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

Developers building autonomous
agents within 2 weeks of
open-sourced autonomous agent
cocle bases being created

Stars reached by AutoGPT repos
on Github since end Mar “23
i growth surpassing PyTorch, Go,
Kubernetes, Node.js)

Access to scaled supply (data)

Look up top
restaurants

== Specific Objective

Learning,
+ Iteration

Look up the highest-rated restaurant
with an available table for a specified
date and book the table for 2 pax

Find the best restaurant that fits with
user's
schedule and cuisine preferences then
book it for 2

Autonomous Agent

Ability to meet demand at 1:1 level at
scale

Source: Insignia Venture Capital

HiQo

solutions




Building Blocks of Autonomous Al Agent Systems

Calendar

Calculator

Codelnterpreter

Search

... more

Short-term

Tools

Memory

Agent

Action

Long-term

Planning

Reflection
Self-critics
Chain of thoughts

Subgoal Decomposition

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Emergence of Neurosymbolic Al

Machine Learning Data

NLP + Literature

o5

O’ﬁ,o

Neuro-Symbolic
Knowledge Graph

+ Statistics

+ Entity and Event Extraction from
local unstructured content

* Query Answering on local and
remote knowledge

+ Symbolic Reasoning, Prediction,
Explanation, Causal Chains to
Graph

* RAG - Retrieval Augmented
Generation

Graph Neural Network
Recurrent Neural Networks
Classification,

Anomaly Detection

Symbolic

Ontologies, Taxonomy, Description Logic
Prolog

Constraint-based Reasoning

Multi-step Planning

What-if Scenarios

Knowledge
Representation & Rules

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

Neurosymbolic Al combines neural
networks' data-driven learning with
symbolic reasoning's logic-based
approach.

It integrates pattern recognition with
rule-based systems, enabling more
robust, interpretable Al.

This hybrid approach addresses
limitations of purely neural or
symbolic methods, enhancing Al's
ability to reason, generalize, and
apply knowledge in complex, real-
world scenarios.

HiQo

solutions




Emergence of Neurosymbolic Al

@ thinking
.ecologfal =

e NS NEURO SYMBOLIC Al
Q.resea:cch: 3 I' 7 :-f# i | ‘/ \

NEURAL NETWORKS KNOWLEDGE GRAPHS

SPIKES

Rt e -4

.accajr'\t /T

EXPLANATION

[ =

’ .pmq.:essit.l.g 3

< TRANSFER |
.

(SPIKES OR CROWN) AND (CAPSID)
= CORONAVIRUS

-' Vlsuafllzation

Source: Infranodus
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Al Council

1+ GENERAL PURPOSE TECHNOLOGY LANDSCAPE
hour * Al Technology Constraints
* Chips
30 * Energy
slides . Data

30+

Participants
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Constraints to scaling training by 2030

Training compute (FLOP)

10% - .
Median Median
2e30 FLOP 3e31 FLOP
1032 _
10°" - Median 9e29 FLOP
2e29 FLOP
_________________________________________________________________________________________________________ 2030 compute
1029 4 projection
1028
107 10,000 50,000 80,000 1,000,000
times greater times greater times greater times greater
1026
s TTTTTTTs @ -----essssssssessesseaa- @ -----esssssssssssesseaa- @ ---ssesssssssssssesneaa- L EEEEEEEEEE LY GPT-4
10

Power constraints Chip production capacity Data scarcity Latency wall

Source: EPOCH HliQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others sofutions




Unsustainable — Al compute training — 2x every 6 months

'_i'raining compute -
1,000,000,000,000T | (FLOP) . -
s B II
s W
1,000,000,000T .- . ; :,i )
] .
"Jill L
1,000,000T 14 "
[ ] :tf I
o I,
1,000T - i
. =" .
- “_ _.-"7 Compute
T Compute doubling — e doubling every
every 20 months , 8-~ 6 months *
18 . el . .
__J_.-"r - * ']
1™ .
L 2024
1K
Year
1950 1960 1970 1980 1990 2000 2010 2020

Source: Epoch World Data for TIME

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Arms Race for Compute, Compute, Compute...

GPU demand see NVIDIA print blowout earnings as it exceeds $2T market cap club

’23 data center revenue was a
record of $10.3B up 141% from Q1
23 and up 171 YoY.

Other B Gaming [ Data Center

CO2, Energy &
Compute are

= growing concerns
and limitations

$918

$1,080

$605

$2,048 $2,336 $2,936 $3,263

Q4 FY21 Q1 Fy22 Q2 FY22 Q3 Fr22 Q4 Fy22 Q1 FY23 Q2 FY23 Q3 Fy23 Q4 FY23

Q1FY24  Q2FY24
N N N T

HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Arms Race for Compute, Compute, Compute...

’23 data center revenue was a
record of $10.3B up 141% from Q1
‘23 and up 171 YoV.

CO2, Endrgy &

Computg are
growing}wcerns
and limifations

HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Training Compute of Frontier Al Models Grows by 4-5x per year

Notable models

107+

10*

1022 o

1020 —

10"

10™

10™7]

4.1x/year
\

|
2010

| | | |
20|‘I2 2014 2016 2018 2020

Frontier LLMs

2022 2024

Training compute (FLOP)

10%-

10% -

1022 -

1020 —

10"~

10"

0™~

Introduction of
transformer

A

o
B

5.0x/year

|
2010

Compend

| | | | |
2012 2014 2016 2018 2020

2022 2024

10% -
102+
107+
. 6.7x/year\
10"
10"

10™7]

Frontier models

Frontier

Qutliers

I [ I | | 1 I
2dTO 2012 2014 2016 2018 2020 2022 2024

Select companies

10% -

102 -

1022 =

1020 —

10"

10"

1014 -1

H Meta
[l Open Al
M Google

5x/year i

| | | | I | | |
2010 2012 2014 2016 2018 2020 2022 2024

Publication date

source:

ng; others
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Training compute or 96 frontier models

Training compute (FLOP) Frontier Non-frontier Outliers 96 frontier models
Gemini Ultra

1026 | \)
GPT-4—

1024 L AlphaGo Zero\O
AlphaGo Mas:ter—/D

22
1044 | o
4.2x/year
20 |
10 °
AlexNet
18
1078 L %
()
o0
16
107 - ® 6.7x/year
@
1014 | (@)
| | ! I | 1 | |
2010 2012 2014 2016 2018 2020 2022 2024

Publication date
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Open-Source vs Closed Sourced debate

Foundation models by access type, 2019-23
Source: Bommasani et al., 2023 | Chart: 2024 Al Index report

160

140

120

100

Foundation models
o
o

5]
Q

40

20

B Open Limited [ No access .

Open-Source
L_  growingin
importance

—
27
L e— 3 10
2019 2020 2021 2022 2023
Figure 1.3.13

Source: ‘24 Stanford Al Index
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others



Al Council

1 + GENERAL PURPOSE TECHNOLOGY LANDSCAPE
hour e Al Technology, & Segmentation
e Evolving Tech Stack Changes
3 O * Industry Investment Use Cases
slides * Open vs Closed Models

Energy and constraints on Compute

30+

Participants
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Valuations at Hype Curve Peak

The 14-Billion-Dollar
Bet on OpenAl

Top 8 Al startups worldwide according to capital
invested as of Mar. 25, 2024 (in million U.S. dollars)

Current valuation
(in billion U.S. dollars)

Anthropic |GG 4154 ® 16.1
patabricks || 4002 @ 230
shield Al [JJJj 1.071

. 28
Figure [ 854 .\@ oy
Mistral Al [J] 544 @ . 20
Lightmatter [ 422 | ) - 12
adept [ 415 . 1.0

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

Expectations

2023 Vintage

—-— s -
Smart Robots Generative Al I

Responsible Al
Neuromorphic Computing -

Prompt Engineering

Foundation
Artificial General Intelligence Models Synthetic Data
Decision Intelligence

Al TRiSM

Operational Al Systems
Composite Al

Data-Centric Al

ModelOps

EdgeAl Computer

Vision //——

s Data Labeling

and Annotation

Al Engineering

Al Simulation
Causal Al

Cloud Al

Services

Neuro-Symbolic Al Knowledge Graphs

Multiagent Systems Intelligent Applications

First-Principles Al
Automatic Systems

Autonomous Vehicles
Al Maker and Teaching Kits

Peak of
Innovation Inflated Trough of Slope of Plateau of
Trigger Expectations Disillusionment Enlightenment Productivity
.
Time
Plateau will be reached:
() less than 2 years @ 2to5years @ 51to10years A more than 10 years (%) obsclete before plateau As of July 2023

Source: Gartner
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Investment Data skewed by Big Tech CVC '23-24

amazon Google §® Micosoft SANVIDIA.  ELES

invested in: Anthropic invested in: InAl21 invested in: Adept,  invested in: Adept, Al2lLabs,  invested in: Anthropic,
Labs, Anthropic, Inflection, Open Al Cohere, Inflection, Mistral, Cohere, Mistral, Runway
Runway Runway
ADEPT ANTHROP\C [nflecti G openAl
backed by: Microsoft, backed by: Amazon, : Baciiae B Kiisradot
Nvidia Google, Salesforce SO .. 5

Microsoft, Nvidia

1
Al2llabs ® cohere [y msae (B runway
backed by: Google, Nvidia backed by: Nvidia, Salesforce  backed by: Nvidia, Salesforce R gz;:;:ﬂ:' B

Compendium Sources: Pitchbook, Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman, Blitzscaling; Al Fund, others
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Which industry process rely heavily on Al in 247?

Global Al ranked by revenue of use cases:

$8.9

BILLION $76
ahw  $7.2 $64  $60 $57 454 $54 $5.1

BILLION

BILLION

BILLION BILLION BILLION ercm

=

vehicular static image processing algorithmic localization predictive cybersecurity paperwork intelligent medical image

=N

detection and recognition of patient trading and mapping  maintenance and threat todigitaldata HRsystems analysis
avoidance data strategy prevention conversion

Source: McKinsey :
HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Al Fund Use Case

Recruit FIR & Pre-Seed Seed, Growth,
Ideas Validate VA Bufg W FIR Growth Scale
Stage 2 Stage 4 Stage 5
1 month 2 months 3 months ~12 months indefinite
Market & technical ~ Recruit Founderin  Deep customer $1M pre-seed. ~$2-5M seed
validation by Al Residence (“FIR”)  and technical Hire key funding. Startup
Fund team. and Venture validation. Build executives. Build graduates and is
Advisor (“VA”) to prototype. MVP. Get early well on its way.
partner with us. customer traction.
—— Al technical expertise is important for this process:
BEARI N G ai « Quick and accurate technical validation
5 {d « Al tech is built quickly and well
‘ [ “/ Green shipping powered by Al « Bring in a strong technical team

Dylan Keil

Source: Al Fund Andrew Ng

HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others



Market Use Cases

+ Automating warehouse inventory

& GATHER management
»  Off the shelf drones with CV and SW-layer

« Semi-structured environment

« Autonomous welding
O NORmNGRN © Fixed CV array
« Semi-structured environment

Vertical warehouses Horizontal warehouses

ok AL o i

I.,,,aﬂ 1;#« NS N

Source: Xplorer Capital

HiQo

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Al-Enabled Gains across Value Chain for Investment Mngt

100 1.50-2.50
0.50-0.75

i 2.50-4.50

15-25 30-40 - 1.00-1.50

10-20 0'_75_1'50 0.25-.075
- 20-25 e 0:1070-25 0.10-0.25 0.10-0.25 0.25-0.50 g5_o5

15-30 1525 15-25 15-20 1020 5-10

Estimated efficiency gains (%) -l

Asset Sales Marketing  Investment Operations IT Risk and HR Legal and Finance  Management Asset
managers’ management compliance audit and strategy managers’
cost base and trade Al-powered
(indexed) execution cost base

Business management and support

Sources: BCG’s Global Asset Management Benchmarking Database, 2023; expert interviews; BCG analysis.
Note: Individual value chain ranges do not add up to the total range because of rounding.

Source: BCG

HiQo
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others



Al Council

1 + VC AND INVESTMENT CHANGING LANDSCAPE

hour * Hype Curve, Big Tech Skews and daunting valuations
* Investment Themes, Tech Stack & Segmentation

3 O * Global VC Market Data & Trends

slides * Global Venture Capital challenges

30+

Participants
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VC sharply reduced but Al increase from CVC in

Global startup VC funding landscape

Startup funding - ALL [$ Billion]

655
110 % rise
65% fall
418
258 281 4.7
224 — 5
1.0 1.1
B | ‘

2019 2020 2021 2022 2023 2019 2020 2021

Note: Venture capital deals (announced and completed).

@ GlobalData. Source:

Startup funding - GenAl [$ Billion]

2023-24

10.0

4.4

2022 2023

GlobalData Deals Analytics

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others
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Hype Cycle Comparisons

100 - 100- 3D
Printing
80 - 80 -
60~ Artificial =
Intelligence
40 - 40 -
20~ 20 -
O T T T T T T O T T T T T T
-100 =75 -50 -25 0 25 -100 =75 =50 -25 0 25
100 - 100 -
80 - 80 -
60 - 60 -
Internet of Blockchain
40 - Things 40 -
20 = 20 -
O T T T T T T O T T T T T T
-100 =75 =50 =25 O 25 -100 =75 =50 -25 O 25
100 - 100 =
80 - 80 -
60 - 60 -
Crypto Metaverse
40 - 40 -
20 - 20 = J
O T T O T T

-100 =75 =50 =25 0 25
Months to peak

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others

-100 -75 -50 -25 O 25
Months to peak

Artificial Intelligence (Al)

* General Purpose Technology: Pervasive applicability across multiple sectors.

* Maturing Investment: Transitioning to widespread practical use with proven ROI.
* Current Phase: Hype Peak but fueled by global adoption and innovation.

3D Printing
* Specialized Use: Mainly beneficial in specific industries like aerospace and medical.
* Current Phase: Stabile as limitations in broader use case contexts become evident.

Internet of Things (loT)
* Connectivity Challenges: Progress slowed by security and integration issues.
* Current Phase: Advancing as standards improve and practical deployments increase.

Blockchain
* Expansion Beyond Crypto: Now exploring broader transactional applications.
* Current Phase: Moving past initial disillusionment towards useful niche applications.

Cryptocurrency
* Market Turbulence: Characterized by extreme volatility and regulatory challenges.
* Current Phase: Undergoing reassessment by markets / regulators / spec vehicle.

Metaverse

* Emerging Stage: High initial expectations with uncertain practical utility / value.
* Current Phase: Anticipated challenges as it explores viable applications.

Source: Google Search

HiQo
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General VC “Tourists” Investors are retreating

US Non-Traditional VC Investments
As of Dec 31, 2023 (in USD $B)

= Percent of Deals with NTI Participation B Deal Value ($B)

$100.00 —
L 40.00%
$75.00 —
- 30.00%
o
2 $50.00 —
E - 20.00%
o
>
w
13
(a]
$25.00 | ac0%
0,00 — v L 0.00%
ar1e Q219 Q319 Q419 o120 Q220 Q320 o420 Q121 0221 Q321 Q421 Q12 Q222 Q22 Q422 Q123 Q223 Q323 Q423
Quarter

Source: Antler VC HiQo

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




M&A and IPO “hot” markets turns cold

US VC EXIT ACTIVITY BY QUARTER (IPO & M&A)
As of Dec 31, 2023 (In USD $B)

B Exitvalue (3B) == Exit count

$300 600
$271 541
504
1451)
461
" $206 .
$194 386
$200 n = 400
336 - -
306 302 301 302 304 - s 303 _—
271 269
261 256 $128 $126 243
$103
192
$100 200
$53 §45
$34 $34 $37 ¢33 938 - $35 $34 $38
$20 $20 17 818 $17
$0
Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4 Q1 Q2
2017 2018 2019 2020 2021 2022 2023
Source: Antler VC HiQo

solutions

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




VC deployment in sharp decline since 22

QUARTERLY US VC INVESTMENT
As of Dec 31,2023 (In USD $B)

$100.00

$75.00

wShi $40.20

$40.90

$40.10 $38.30 $36.70 $37.60 $37.50

$34.30 $37.80

$25.00

I
I
I
I
I
I
I
I
I
I
I
I
I
I
|
I
I
I
I
I

$0.00
Q119 Q219 Q319 Q419 Q120 Q220 Q320 Q420 Q121 Q221 Q321 Q421 Q122 Q222 Q322 Q422 Q123 Q223 Q323 Q423

Source: Antler VC

HiQo

Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Unicorn phenomenon in data

Current Unicorns by year minted

As of Dec 31, 2023
400
2013 Today 344
Unicorns 43 1,448
300 Funding
Raised By ~$12B ~$900B
Unicorns -87%
Total
Enterprise ~$150B ~$35.0T 189
200 Value
82 94
100 63
49
35 45
- -
; B - I
2015 2016 2017 2018 2019 2020 2021 2022 2023

Source: Antler VC .
HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others solutions




Closing of Startup rise in 2024

# of Startups That Have Raised >$5M Shutting Down by Quarter
As of Dec 31, 2023

2020 2021 2022 2023 2024
60.00 |
|
|
|
40.00
| 39.00 i o
|
|
27.00
20.00 23.00 |
18.00 I
16.00 |
l
0.00 l
Q1 Q2 Q3 Q4 Q1 Q2 Q3 Q4  Jan-Feb

Source: Antler VC HiQo
Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others —




Cash burn gets worse into 25

Percentage of US VC-backed tech startups running out of runway by date
As of June 30, 2023

100% 68% will run out of
cash if they do not raise

46% of companies

75% must raise within
6-months

50%

Percent (%) Out Of Runway

25%

0%
July 2023 October 2023 January 2024 April 2024 July 2024 October 2024 January 2025 April 2025
g J g J J
' e Y
2023 2024 2025
Source: Antler VC c
HiQo
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Compendium Sources: Goldman Sachs, McKinsey, Stanford HAI Index, State of Al Report, Draper Associates; Reid Hoffman at Blitzscaling; others




Mathew Garver
Liberty Street Capital
HiQo Solutions, Inc.
mgarver@Isgmi.com
404.695.3950
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