Collections (AR) Specialist

Predictive Hiring Model — Results Summary

A data-driven framework identifying the strongest predictors of performance,
designed to help hiring teams make faster, more confident decisions with measurable

accuracy.

HIRING ANALYTICS PREDICTIVE MODEL




Model Overview

What This Model Does

This predictive scoring model evaluates candidates for the Collections (A/R) Specialist role using six validated performance variables. Rather than

relying on intuition or personality assessments, it leverages structured behavioral and experiential signals to forecast on-the-job success.

Input Process Output

Six scored candidate variables (attributes) Weighted scoring equation calibrated A single composite score with a clear hire /

collected during the hiring process against historical performance outcomes borderline / pass decision threshold



Credit Retention Specialist

Final Selected Variables

Six variables were selected after rigorous analysis of their predictive power against actual performance outcomes. Together, they form the foundation of the
scoring model.
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Customer Care Collections Experience

Ability to manage customer interactions with empathy, clarity, and Prior direct experience in collections or accounts management roles
effectiveness
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Planning Goal Setting
Structured approach to organizing work, priorities, and timelines Demonstrated ability to define, pursue, and achieve measurable targets
Career Plans Results Focus

Clear career motivation and intentional alignment with the R1 role Consistent orientation toward outcomes; retained for model stability



Predictive Equation

The R1 Success Scoring Model

Each variable is entered as a percentage score and multiplied by its assigned weight. The sum produces a single composite Collections Specialist Success
Score that drives the hire decision. Weights reflect each variable's relative contribution to predicting a Good R1 outcome.

0.28 — Customer Care

Highest weight; strongest single
predictor of R1 success

0.16 — Planning

Execution discipline; predicts structured
performance

0.12 — Career Plans

Motivation and intent; reduces early
attrition risk

0.22 — Collections Experience

Second strongest; domain-specific
capability signal

0.14 — Goal Setting

Drive and self-management in target-
oriented work

0.08 — Results Focus

Stabilizing variable; reinforces outcome
orientation

The Equation

R1 Score =

0.28(Customer Care)

+ 0.22(Collections Exp.)
+ 0.16(Planning)

+ 0.14(Goal Setting)

+ 0.12(Career Plans)

+ 0.08(Results Focus)

All inputs expressed as percentage scores (0-100).




Decision Framework

Score Thresholds & Hiring Decisions

Once the Success Score is calculated, a simple three-tier decision framework guides the hiring recommendation. Thresholds were validated against
historical good/bad hire outcomes in the dataset.

> 60 50-59 <50

Strong Candidate Borderline Likely Not a Fit

High probability of Good R1 performance. Requires additional evaluation. Use Low predicted performance. Strong signal

Proceed with confidence to offer stage. structured interview layer to assess gaps to pass unless mitigating factors are
before deciding. identified.

[J Borderline candidates should not be auto-rejected. A structured interview layer remains essential to surface context the model cannot
capture alone.



Model Performance

How Well Does the Model Work?

86% ~100%

Overall Accuracy Good Detection
The model correctly classifies Sensitivity: Near-perfect at identifying
candidates 86% of the time against candidates likely to succeed as R1s

validated outcomes

40-50%

Bad Detection

Specificity: Moderate — some false
positives will pass the model screen

What This Means in Practice

The model is exceptionally strong at surfacing good hires — it
will rarely miss a strong candidate. However, its moderate
specificity means some weaker candidates will score above
threshold.

This is an intentional design tradeoff: maximize talent pipeline
yield, then apply a structured interview layer to filter false
positives before final selection.

[J The model is a first-pass filter, not a replacement for
human judgment at the final stage.



Key Insight

What Actually Predicts a Good Result

The strongest drivers success are performance capabilities, domain experience,
and execution discipline.

Customer Interaction Ability

63

Can they manage difficult conversations with skill and composure?

Collections Experience

Have they done this work — or something directly adjacent?

Structured Execution

Do they plan their work and consistently hit their targets?

Career Alignment

Are they genuinely motivated for this role — and planning to stay?



Model Philosophy

A Performance & Discipline Model

What This Model Is What This Model Is Not

A performance predictor grounded in domain capability * Not a personality assessment or trait-based screen
A discipline signal — structured, goal-oriented execution *  Not a culture fit or values alignment tool

A motivation filter — career alignment and intent to perform - Not a replacement for structured interviewing

An empirically validated framework built from real outcomes *  Not a final decision engine — it is a prioritization tool

The model rewards candidates who demonstrate concrete, observable
behaviors — the same behaviors that drive measurable R1 performance
in the field.




Executive Summary

The Ideal Collections (A/R) Specialist Profile

A Good performer is a structured, customer-capable, and execution-focused individual with strong
collections capability and clear career motivation.
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Customer-Capable

Skilled at managing customer interactions — the #1 predictor of success in this role
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Collections-Ready

Brings relevant domain experience that accelerates ramp time and performance
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Structured Executor

Plans work, sets goals, and follows through consistently — not just reactive
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Career-Motivated

Sees this role as part of a deliberate career path, reducing flight risk




Next Steps

Putting the Model Into Practice

The model is ready to deploy as a structured screening assessment tool within the existing hiring workflow. The following steps are recommended to
operationalize results and continuously improve predictive accuracy over time.

01 02

Integrate Scoring into Intake Apply Decision Thresholds

Apply the assessment and six-variable scoring equation at the Use the >60 / 50-59 / <50 framework to route candidates into fast-track,
application or phone screen stage to prioritize candidates before live review, or pass workflows

interviews

03 04

Deploy Interview Layer for Borderlines Track Outcomes & Recalibrate

For scores in the 50—-59 range, use structured behavioral questions Log 90-day and 6-month performance data for all hires to validate and
targeting specificity gaps — particularly collections and planning refine variable weights over time

[J Model recalibration is recommended after every 50—100 new hires to ensure weights remain predictive as the role and talent pool evolve.
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