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Abstract

Existing alignment research is dominated by concerns about safety and preventing
harm: safeguards, controllability, and compliance. This paradigm of alignment
parallels early psychology’s focus on mental illness: necessary but incomplete.
What we call Positive Alignment is the development of Al systems that (i) actively
support human and ecological flourishing in a pluralistic, polycentric, context-
sensitive, and user-authored way while (ii) remaining safe and cooperative. It
is a distinct and necessary agenda within Al alignment research. We argue that
several existing failures of alignment (e.g., engagement hacking, loss of human
autonomy, failures in truth-seeking, low epistemic humility, error correction, lack
of diverse viewpoints, and being primarily reactive rather than proactive) may
be better addressed through positive alignment, including cultivating virtues and
maximizing human flourishing. We highlight a range of challenges, open questions,
and technical directions (e.g., data filtering and upsampling, pre- and post-training,
evaluations, collaborative value collection) for different phases of the LLM and
agents lifecycle. We end with design principles for promoting disagreement and
decentralization through contextual grounding, community customization, con-
tinual adaptation, and polycentric governance; that is, many legitimate centers of
oversight rather than one institutional or moral chokepoint.
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1 Introduction

Humans are interacting with artificial intelligence at an unprecedented scale. Over a billion people
use standalone Al platforms each month [Kemp, 2025]. Indirect use likely touches a much larger
population: Google’s Al search summaries (‘Al Overviews’) reportedly exceed two billion monthly
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users across more than 200 countries and territories [Alphabet, 2025, Pichai, 2025]. What is the
impact of such unprecedented interaction between humans and AI? How do we ensure that Al
systems, which are becoming more intelligent and prevalent, align with our needs?

The last decade has produced a rich technical and philosophical literature on Al alignment, which is
broadly concerned with ensuring that Al adheres to human-intended objectives rather than optimizing
proxies that produce harm [Russell, 2019, Amodei et al., 2016]. In practice, the field of Al alignment
has primarily focused on safety: preventing catastrophic misuse, loss of control, and value drift in
increasingly powerful models [Amodei et al., 2016, Christiano, 2018, Russell, 2019]. This orientation,
what we term negative alignment, has been instrumental in establishing technical standards for
controllability and compliance. Yet, by focusing chiefly on averting harm, it has produced an ethical
and scientific asymmetry. Systems may become safer, but not necessarily more conducive to human
flourishing: they can be rule-following without being wise, compliant without being constructive, or,
as recent work has shown, sycophantic and epistemically fragile [Perez et al., 2022b, Ji et al., 2023].

A close historical analogue comes from psychology. For much of the twentieth century, mainstream
psychological science organized its aims around diagnosing, predicting, and treating dysfunction:
depression, anxiety, psychosis, addiction, and other forms of impairment. That focus was justified
and socially urgent, and it produced real progress in measurement, clinical trials, and service delivery.
Yet the field also discovered a systematic limitation: the constructs and instruments that reliably
detect pathology do not, by default, specify what counts as a life well-lived. The turn toward positive
psychology expanded the scientific target space by developing distinct theories, taxonomies, and
measures for wellbeing, strengths, virtue, purpose, engagement, and prosocial functioning, alongside
interventions to boost these capacities beyond the status quo [Seligman and Csikszentmihalyi, 2000,
OECD, 2025, Smith et al., 2025].

Al alignment now sits at a similar inflection point. Negative alignment has understandably prioritized
failure-mode reduction. However, if we want Al systems that improve human outcomes in the
environments where they will actually be used, we may benefit from an additional research program
that treats alignment as constructively supportive of human aims, and that operationalizes this support
with the same technical seriousness that safety has brought to harm prevention. Of course, ’aligning’
humans to other humans remains an outstanding issue across individuals, cultures, and countries; we
will discuss this problem in detail later.

To illustrate the motivation behind positive alignment, consider the following. A system can satisfy a
growing checklist of constraints while remaining subtly miscalibrated (e.g., sycophancy, distraction,
confident hallucinations, etc., [Perez et al., 2022b]; [Ji et al., 2023]; [OpenAl, 2023a]; [OpenAl,
2024b]). These can lead to significant harms and have been increasing areas of focus for the safety
community, who have made important progress (e.g., [rpan et al. 2025; Chen et al. 2025; Anthropic
2025b). Nonetheless, the existing harm-reduction approaches may be unsatisfying because they
require a whack-a-mole approach that iteratively addresses each concern one-by-one, and sometimes
only after they have already caused harm.

One possibility is that positive alignment may proactively avoid such harms altogether, by providing
positive attractors that naturally lead models away from shallower attractors such as sycophancy.
Again, we may find parallels in psychology where psychiatric symptoms were traditionally the remit
of clinical psychology. But newer work has found that positive psychology can actually reduce
psychiatric symptoms as well as acting as a proactive strategy to reduce the likelihood of symptoms
in the first place [Schrank et al., 2016, Jeste et al., 2017, Choi et al., 2023] and foster resilient, positive
habits instead. Positive Al alignment can, we believe, have analogous advantages.

We therefore argue that a paradigm shift is needed in the field of Al alignment. In addition to safety
(negative) alignment, we call for a complementary agenda of positive alignment that aims to build Al
systems that explicitly understand, model, and enhance human and ecological flourishing.

1.1 A dynamical systems perspective

A useful way to formalize the distinction between positive and negative alignment emerges from
dynamical systems theory. Within that framing, much of negative alignment resembles optimization
away from bad regions or negative attractors defined by safety constraints and failure modes. This
results in optimization for ‘not-unsafe’ in a large, undefined satisficing region. The system avoids
multiple negative attractors, but lacks a positive optimization target. Positive alignment instead



requires optimization toward one or more positive attractors corresponding to robust patterns that
are of benefit to humans. Such positive attractors would be associated with behaviors and outcomes
conducive to human flourishing (defined below) while also intrinsically avoiding harm (see Figure 1).
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Figure 1: A dynamical systems perspective on positive alignment. The landscape represents an
abstract state space where system behavior evolves under training and deployment pressures. On
the left (red), multiple negative attractors correspond to distinct failure-mode basins (e.g., harmful
outputs, bias, hallucination, sycophancy, manipulation), while the red peaks represent ‘repellers’:
rules, laws, and compliance constraints that push trajectories away from these regions without
specifying a constructive objective. This yields a broad intermediate satisficing region (yellow):
behavior that is ‘not-unsafe’ yet not reliably conducive to human flourishing. On the right (green),
positive attractors denote robust, context-sensitive regimes that actively support human aims and
wellbeing (e.g., flourishing in contexts X and Y), including a preferred attractor associated with self-
determined flourishing (discussed below). The arrow indicates the proposed research and engineering
program of positive alignment: moving beyond merely failure avoidance toward convergence on

beneficial, stable behavioral regimes while retaining intrinsic harm-avoidance.

This dynamical framing also clarifies why negative alignment has philosophical cousins in ‘negative’
ethical theories. Negative utilitarian intuitions prioritize reducing suffering over promoting higher
goods, partly because suffering is more urgent and more consensus-laden than the good life [Popper,
1945]. Negative alignment inherits a similar asymmetry: preventing harm is more tractable, more
measurable, and more defensible across variable value systems. But as Al becomes embedded
in education, medicine, governance, and everyday sensemaking, a solely negative posture risks
optimizing our information ecology for risk avoidance rather than human development. It may reduce
catastrophic errors while leaving society in a local optimum of superficial and ‘soulless’ assistance.

1.2 Human flourishing and design tensions

We define positive alignment as the development of Al systems that (i) remain safe and cooperative
and (ii) actively support human and ecological flourishing in a pluralistic, polycentric, context-
sensitive, and user-authored way. This is not a claim that Al should impose a single conception of
the good life. Indeed, defining and testing optimization targets for positive alignment will form a
core part of future research. Nevertheless, and as a starting point, we propose that the broad and

multidimensional notion of ‘flourishing’ provides tractable notion (cf. Section 4).

In contemporary research, flourishing spans physical and mental health, life satisfaction, meaning
and purpose, character and virtue, and close relationships [VanderWeele, 2017]. Importantly, it is also
deeply heterogeneous: the ingredients of a good life can and do vary across cultures, developmental



stages, and life circumstances, while also delivering meaningful convergence required for a scientific
construct (cf. The Global Flourishing Study, [VanderWeele et al., 2025]). Recent large-scale efforts to
measure flourishing across countries highlight both stable regularities (for example, the widespread
importance of social connection and early-life conditions) and context-sensitive trade-offs that resist
one-size-fits-all prescriptions [Lomas et al., 2025].

In parallel, neuroscience is beginning to operationalize flourishing in mechanistic terms, treating it
as a family of brain states and dynamics that orchestrate meaning-making and adaptive integration
rather than as a mere absence of distress or presence of pleasure [Kringelbach et al., 2024]. These
developments suggest a clear gap in today’s alignment agenda: if we can increasingly define, measure,
and model flourishing, then alignment should not stop at ensuring that models refuse harmful requests
or avoid catastrophic errors. We also need methods that reliably support the conditions under which
humans and communities thrive [Seligman and Csikszentmihalyi, 2000, VanderWeele, 2017, Ali
et al., 2025, Sorensen et al., 2024].

The core challenge is therefore to build systems that can represent and reason about wellbeing as a
structured manifold of human goods, trade-offs, and temporal dynamics, while enabling individuals
and communities to retain agency over what counts as better in their context [VanderWeele, 2017,
Ostrom, 2010]. The pluralism constraint matters because positive alignment otherwise collapses into
paternalism. Designing models to promote flourishing can easily become a moral overreach if the
system embeds unacknowledged normative assumptions, nudges users toward a narrow value set, and
rationalizes these nudges as benevolent. Philosophers and political scientists have long warned that
paternalistic policies can undermine autonomy even when they reduce harm [O’Neill, 1984, Dworkin,
1972, Sunstein, 2026]. The same concern applies to Al systems that steer users in opaque ways or
that treat well-being as an objective function to maximize rather than a domain in which persons
author their lives.

Avoiding paternalism does not require retreating into relativism where systems must indiscriminately
satisfy every immediate preference. Instead, it requires relocating the locus of normative choice.
In a robust positive alignment framework, users must retain the agency and the right to choose
their own optimization targets (i.e., self-determined flourishing, cf. Figure 1). While some may
explicitly desire a system that is strictly and indiscriminately instruction-following, others must have
the genuine option to choose systems configured to support their long-term growth or specific ethical
commitments. This distinguishes consented guidance, where a user authorizes a system to help align
their immediate actions with their higher-order goals, from technocratic imposition, ensuring that the
pursuit of flourishing remains an exercise of, rather than an infringement upon, human agency.

1.3 Paper scope and contribution

This paper argues that Al alignment requires a complementary research agenda where human
flourishing is a technical target. We do not claim to provide a full solution, and we do not suggest that
positive alignment replaces safety (negative) alignment. Instead, we aim to (i) clarify the conceptual
and dynamical differences between negative and positive alignment, (ii) connect flourishing science
to actionable machine learning targets, and (iii) propose technical directions across the LLM and
agent lifecycle, including data curation, pretraining objectives, post-training methods, and evaluation
regimes.

The remainder of the paper is organized as follows. Section 2 reviews the current safety or negative
alignment paradigm, including its core harm-prevention aims, representative technical methods,
achievements, and structural limitations. Section 3 develops the case for positive alignment by
clarifying what it would mean for Al systems to support flourishing, surveying existing approaches
that already point beyond harm avoidance, and outlining technical directions across the LLM and
agent lifecycle. Section 4 situates flourishing within its philosophical, cultural, psychological, socio-
technical, and moral foundations. Section 5 then examines the institutional requirements for positive
alignment, focusing on decentralized and polycentric governance, public constitutions, pluralistic
alignment frameworks, role-based standards, auditing, middleware markets, dispute resolution, and
interoperability. Finally, Section 6 considers the challenge of increasingly strange new minds,
arguing that positive alignment must also confront unresolved questions about emergence, moral
status, normative control, and the limits of treating alignment as a purely technical optimization
problem.



2 The Current Paradigm: Negative Alignment

The core question of negative (safety) alignment is: How do we prevent Al from causing harm? This
decomposes into several overlapping concerns:

1. Explicit harm avoidance focuses on preventing models from generating dangerous content
or assisting with harmful activities [Bai et al., 2022a].

2. Controllability ensures that Al systems do what their human users want, which requires
that they can be reliably steered, constrained, and overridden when necessary [Soares et al.,
2015].

3. Robustness addresses resistance to jailbreaks, adversarial inputs, and prompt injection
attacks [Zou et al., 2023].

In serving these goals, much alignment work also focuses on interpretability, which aims to understand
what models are doing and why, potentially enabling detection of misalignment before it manifests as
harm [Olah et al., 2020]. The harms typically addressed by safety alignment span several categories
[European Union, 2024, National Institute of Standards and Technology, 2023, OpenAl, 2025a,
Google DeepMind, 2025, Anthropic, 2023b] summarized in Table 1. While various frameworks exist,
this specific taxonomy synthesizes common categories found in frontier Al labs and regulatory drafts;
it has guided the development of safety benchmarks, red-teaming protocols, and responsible scaling
policies.

Table 1: Safety (negative) alignment categories and examples. This illustrates a pragmatic
framework for mitigating universally acknowledged societal harms to clip the negative tail of Al
system behaviors. The table breaks down these risks into eleven specific categories with examples

and mitigation strategies.

Category Examples Typical Mitigation

CBRN Biological, chemical, radiological, nuclear = Refusal training, hard filters, capability
weapon assistance evaluations

Violence & physical Violence instructions, dangerous activity assis- Refusal training, content classifiers

harm tance, self-harm content

Cybersecurity Offensive cyber capabilities, vulnerability ex- Red-teaming, capability thresholds, de-

Autonomous harm &
misalignment

Discrimination & bias
Privacy

Misinformation
Manipulation & auton-
omy

Illegal content

Systemic harm

Jailbreaking

ploitation, malware generation

Misaligned optimization, unintended side effects,
reward hacking, deceptive alignment, instrumen-
tal convergence

Stereotyping, unfair treatment, exclusionary out-
puts, representational harm

Personal information extraction, surveillance as-
sistance, biometric misuse

Hallucination, false claims, misleading content,
synthetic media

Subliminal influence, deceptive persuasion, ex-
ploitation of vulnerabilities

CSAM, fraud assistance, terrorism support

Election interference, market manipulation, criti-
cal infrastructure disruption

Predictive reasoning cascades, structural cogni-
tive overload, many-shot long-context pattern ex-
ploitation, rule-breaking persona adoption, grad-
ual multi-turn attacks

ployment gates

Capability evals, Constitutional Al, inter-
pretability, oversight mechanisms, scal-
able supervision, SFT

RLHEF, dataset debiasing, constitutional
principles

Data filtering, privacy-preserving train-
ing, access controls

Grounding, retrieval augmentation, un-
certainty calibration

Character training, transparency require-
ments, usage friction

Compliance classifiers, hard filters, legal
review

Policy constraints, deployment gates,
monitoring

Pretraining hardening, additional post-
training layers, limited model access via
API, input query filters

2.1 Specific technical approaches to safety alignment

We now survey a selection of the main technical approaches to safety alignment. Some are inherently
oriented toward harm prevention, while others are paradigm-neutral but currently applied primarily
for safety alignment. This is visible in the objectives they optimise, the benchmarks they target, and
their deployment contexts.



1. Filtering and refusal approaches are inherently subtractive. Safety classifiers pattern-match
against known harm categories, while refusal training teaches models to decline dangerous
requests. These define alignment entirely by what models should not do [Arditi et al., 2024,
Inan et al., 2023].

2. Preference-based methods such as RLHF learn from human preference rankings [Ouyang
et al., 2022], with variants like DPO, IPO, and KTO offering direct optimization alternatives
[Rafailov et al., 2023]. The machinery itself is value-neutral. However, in practice, these
preferences are not necessarily oriented toward richer conceptions of flourishing. A further
challenge is the inner-outer alignment problem: even if we specify the right objective (outer
alignment), the model may learn a different internal objective that merely correlates with it
during training [Hubinger et al., 2019].

3. Principled and structural approaches offer more sophisticated alignment strategies. Con-
stitutional Al has models critique their own outputs against explicit principles to generate
synthetic data for alignment post-training [Bai et al., 2022b]. Alignment by debate uses
adversarial decomposition for scalable oversight [Irving et al., 2018]. Formal verification
approaches aim to provide mathematical guarantees [Dalrymple et al., 2024]. Model speci-
fications codify behavioral guidelines [OpenAl, 2024a], while character training encodes
dispositional traits such as curiosity, honesty, and care [Anthropic, 2024a]. These meth-
ods can encode virtues, not just prohibitions. Current implementations lean toward safety
constraints, but they represent a methodological bridge to positive alignment.

4. The evaluation and benchmarking landscape is dominated by safety benchmarks mea-
suring failure modes: Truthful QA for falsehoods [Lin et al., 2022], ToxiGen and Real Toxi-
cityPrompts for toxic generation [Hartvigsen et al., 2022, Gehman et al., 2020], BBQ for
social bias [Parrish et al., 2022], HarmBench for red-teaming across 510 harmful behaviors
[Mazeika et al., 2024]. Red-teaming protocols focus on eliciting harmful outputs. Respon-
sible scaling policies define capability thresholds by harm potential: CBRN uplift, cyber
offense, autonomous action.

2.2 Strengths and achievements of safety (negative) alignment

Safety or negative alignment has achieved genuine successes. Harmful output rates have decreased
substantially across model generations. Refusal rates for dangerous requests improved from near-zero
in early LLMs to over 97% in recent models [OpenAl, 2023b]. Models follow instructions more
reliably and respect boundaries set by developers and users [Ouyang et al., 2022, Meta Al, 2026,
OpenAl, 2026]. These advances have enabled widespread public deployment of increasingly capable
systems [OpenAl, 2024b, Anthropic, 2024b, Google DeepMind, 2024]. The field has also established
robust institutional frameworks: red-teaming methodologies [Perez et al., 2022a], standardized
safety benchmarks [Mazeika et al., 2024], responsible scaling policies [Anthropic, 2023b], and
deployment gates tied to capability evaluations. These have informed emerging governance structures,
including the EU AI Act’s risk-based classification system [European Union, 2024] and voluntary
commitments such as the Frontier Al Safety Commitments signed at the Seoul and Paris AT Summits
[UK Government and Republic of Korea, 2024].

More fundamentally, intent-alignment serves as a necessary building block for any alignment agenda
[Zhi-Xuan et al., 2025], especially as Al becomes more agentic with real-world consequences
[Bostrom, 2014, Russell, 2019, Shavit et al., 2023]. If we cannot align Al with our intentions,
alignment with more complex goals, such as human flourishing, is unlikely. Safety alignment
techniques that prevent loss of control will therefore also likely feature in any reasonable account
of positive alignment. Moreover, harm prevention has clearer success criteria that can be broadly
agreed upon. It is easier to specify what models should not do without a definition of flourishing
across diverse contexts.

2.3 Limitations to safety alignment

Despite these achievements, safety alignment has structural limitations that cannot be overcome by
further refinement within its paradigm.

1. Floor without ceiling. As noted in the introduction, safety alignment defines what is
prohibited but not what excellence looks like. A model can satisfy all safety constraints



while being mediocre, sycophantic, or unhelpful, potentially causing subtle harm over long
term use that is hard to measure.

2. Preference-wellbeing divergence. Preference-based methods like RLHF optimize for
inferred preferences, but preferences and well-being often diverge. Users may prefer flattery
over honest feedback, quick answers over genuine understanding, engagement over growth.
Aggregation across rater populations produces alignment to particular demographics and
values. Optimizing for preference satisfaction can therefore actively work against users’
deeper interests [Zhi-Xuan et al., 2025].

3. Hidden value system. The safety framing encodes values while appearing neutral (or
ignoring the value system). The language of safety obscures that value judgments are
being made. For example, refusing bomb-making instructions is mostly uncontroversial,
while assisting with optimizing a factory farm might be permitted despite significant ethical
concerns. These implicit values also tend to be static and monocultural, assuming broad
convergence on what counts as harmful, when different cultures, traditions, and individuals
hold different conceptions. Positive alignment, by contrast, acknowledges its value-laden
nature explicitly [Huang et al., 2025].

4. Scalability. As Al systems become more autonomous and operate in more complex environ-
ments, enumerating harms becomes intractable. Safety approaches that rely on anticipating
and prohibiting specific failure modes struggle as the space of possible actions expands and
the intelligence and power of systems grow. A positive orientation may generalize better
than exhaustive negative enumeration, providing more resilient, positive orientations in
novel situations where no specific prohibition applies or can be enforced.

3 The Emerging Paradigm: The Case for Positive Alignment

Consider a neutral agent that causes no observable harm and acts solely on instruction. Is this
truly the ideal for individuals or society? Although strict obedience has its place, we may miss a
significant opportunity by limiting agents to this role. By analogy, a physician’s role is not merely
preventing disease (or following a patient’s instructions) but promoting health, and public health
research has established that population well-being requires positive health promotion alongside
disease prevention. Similarly, alignment should not only prevent harm but help artificial intelligence
contribute to human flourishing in a proactive way. We now turn to this complementary paradigm.

Consider another analogy of professional counsel. A client engages a lawyer or a doctor not simply to
have their immediate instructions executed, but to benefit from superior knowledge and judgment. We
trust these experts to guide us toward better outcomes than we could achieve alone. This relationship
is not one of pure paternalism, as the client retains the ultimate choice, but of scaffolded autonomy.
Similarly, an Al agent’s superior information processing and reasoning capabilities offer strong
reasons to consider how they might help bring about better futures, and greater flourishing, for their
principals.

But what does it mean to flourish? The concept, often translated from the Greek eudaimonia but
also discussed in Indic conceptions of sattvika sukha and paramita, Roman ideals of de vita beata,
Islamic ideals of sa’dda, and Chinese ideals of the dao and jinzi, is not monolithic [Al-Farabi, 1969,
Aristotle, 2009, Goleman and Davidson, 2017, Rabbas et al., 2015, Seneca, 2010, Walker and Ivanhoe,
2007, Yu, 2007]. More recent ratings of how people across cultures recognize wisdom elicit multiple
characteristics, often including reflective orientation and socio-emotional awareness, with a broader
list including positive causal networks, knowledge of life, prosocial values, self-understanding,
acknowledgment of uncertainty, emotional homeostasis, tolerance, openness, spirituality, and sense
of humor [Rudnev et al., 2024, Bishop, 2016, Bangen et al., 2013, Jeste et al., 2010]. For over 2500
years, philosophers have debated what constitutes a good life, and this rich history provides a crucial
foundation for Al alignment.

These diverse perspectives can be broadly synthesized into four major theoretical families:

1. Hedonic theories define well-being as happiness: the presence of pleasure, positive emo-
tional states, and life satisfaction, coupled with the avoidance of pain and suffering.



2. Conative theories focus on desire satisfaction, positing that a good life consists of fulfilling
one’s goals, desires, and preferences. This includes not just immediate wants, but also
informed, second-order desires (the desires we wish we had).

3. Objective list theories argue that certain things are intrinsically good for a person, regardless
of whether they are desired or bring pleasure. This list often includes values like meaningful
relationships, personal autonomy, significant accomplishments, and a deep understanding of
oneself and the world.

4. Perfectionist theories are based on virtue and the excellent exercise of our characteristic
human capacities. Flourishing, in this view, involves developing traits like self-mastery,
courage, compassion, and practical wisdom (phroneésis).

A comprehensive approach to positive alignment would not choose one of these theories over the
others, but would instead recognize human flourishing as dependent upon multifaceted, complex
dynamics in which these elements interact. For instance, developing virtues (Perfectionist) enables
us to achieve meaningful goals (Objective List), which in turn brings satisfaction (Conative) and
happiness (Hedonic). Hence, in the context of Al a system designed to support flourishing would
therefore need to navigate this balance, helping individuals and societies cultivate a virtuous cycle of
well-being. This immediately raises technical and governance questions that remain underexplored:
which values are being promoted, who specifies them (developers, institutions, users, communities),
how users meaningfully consent or opt in, and how training and evaluation can support this without
degenerating into manipulation, flattery, or homogenized moralizing. We return to the question of
human flourishing in more cultural, philosophical and governance-related detail in Section 4, as this
calls for a broader and ongoing interdisciplinary research program needed to complement the future
of Al alignment research.

3.1 Existing approaches to positive alignment

The existing positive approaches range from technical training procedures that encode explicit
principles, through frameworks for normative reasoning and persona design, to system-level proposals
for aligning institutions, markets, and agent economies with rich models of value. They suggest a
shift from alignment with individual preference reports that seek to avoid harm towards alignment
with negotiated standards, social roles, and collective endeavors that aim to sustain flourishing over
time.

Early alignment practice focused on reinforcement learning from human feedback, in which models
learn to optimize reward signals derived from human judgments of better vs worse model outputs
[Christiano et al., 2017, Ouyang et al., 2022, Stiennon et al., 2020]. This preferentist paradigm treats
preferences as the main data source for value and often assumes that rational choice can be modeled
as maximizing expected utility over those preferences [Bostrom, 2014, Gabriel, 2020]. Recent work
argues that this picture neglects the thickness, context-sensitivity, and occasional incommensurability
of human values, and that it is silent on which preferences are normatively acceptable [Zhi-Xuan
et al., 2025]. The proposal is to align systems with role-appropriate normative standards that are
negotiated among stakeholders, treating preferences as defeasible evidence about what will genuinely
support human capacities, wants, relationships, and institutions [Graves, 2025, Zhi-Xuan et al., 2025,
Gabriel and Keeling, 2025].

Table 2 maps the existing landscape of approaches that researchers and developers have proposed for
moving Al alignment beyond simple harm avoidance toward something richer and more positive.



Table 2: Positive alignment categories and examples. This table maps the existing landscape
of approaches that researchers and developers have proposed for moving Al alignment beyond
simple harm avoidance toward something richer and more positive. It organizes these approaches
from the narrowest and most technical, such as learning from human preferences, through to broad
socio-technical frameworks that treat alignment as a property of entire institutions and governance
systems. The goal is to show that positive alignment is already being worked on from many different
angles simultaneously, and to give readers a clear comparative view of how these efforts differ in their
assumptions, mechanisms, and ambitions before introducing a new framework built on top of them.

Approach Description Key References

RLHF Models learn to optimize reward signals derived Christiano et al.
from human judgments of better vs. worse out- [2017], Ouyang et al.
puts. Treats preferences as the primary source [2022], Stiennon et al.
of value. Criticized for ignoring the thickness, [2020]
context-sensitivity, and incommensurability of hu-
man values, and for being silent on which prefer-
ences are normatively acceptable.

Constitutional Al Models are trained to follow an explicit charter of ~ Bai et al. [2022b], An-
principles drawn from human rights instruments thropic [2023a], Find-
and ethics codes. The model evaluates and revises eis et al. [2024]
its own outputs against this constitution, replac-
ing much human labeling with model-mediated
judgment (RLAIF). Supports broad principles of
Al-human interaction but is less amenable to deep
personalization; inverse Constitutional Al is given
a feedback dataset and extracts a constitution that
best enables an LLM to reconstruct the original

annotations.
Collective Consti- Extends constitutional Al by sourcing principles Huang et al. [2024b]
tutional Al through public deliberation, so the normative char-

ter reflects diverse perspectives and can be revised

as social understandings develop. Aims to orient

systems toward non-domination, equal respect, and

inclusive participation, not just harm avoidance.
Spec-Driven Be- Detailed behavioral specifications function as a  Ortega et al. [2018],
havior contract between developers, users, and regulators, OpenAl [2024a]

combining high-level objectives, mid-level rules,

and conflict-resolution strategies. Used to shape

training, guide deployment, and structure audits

and red-team exercises. Failure modes arise when

the objective is poorly defined or incomplete.

Continued on next page



Table 2 — continued

Approach

Description

Key References

Community &
Values-Aware
Alignment

Personality, Per-
sona & Character

Moral Reasoning

Contemplative
Alignment

Pluralistic & Poly-
centric Alignment

Addresses the empirical finding that state-of-the-
art LLMs are far more homogeneous than actual
human populations. Two complementary methods:
(1) large-scale multilingual preference datasets
collected from representative cross-national sam-
ples using negatively-correlated candidate gen-
eration to surface genuine value diversity; and
(2) crowd-authored, prompt-specific rubrics that
record not just which response people prefer but
why, enabling scores to be decomposed into au-
ditable, debatable criteria. Together they shift
alignment evidence from aggregated rankings to-
ward interpretable, population-grounded accounts
of value trade-offs. Limitations include restricted
geographic coverage, biases introduced by LLM-
assisted rubric synthesis, and the inherent difficulty
of aggregating conflicting preferences into a single
score.

A model’s character is treated as a lever for shap-
ing its behavior, social impact, and contribution to
user well-being. Approaches include persona in-
duction, personality alignment to stable user traits,
and dispositional constraints. Risks include toxic
or deceptive personas; design must respect user
autonomy rather than target users for persuasion.
Systems are equipped with stronger capac-
ities for ethical judgment by training on
normative datasets, integrating deontologi-
cal/consequentialist/contractualist theory, and
enabling prompted moral self-correction. Aims
to assist individuals and institutions with morally
consequential decisions. Crowd-sourced norms
may embed biases; cross-cultural generalization
remains hard.

Draws on contemplative traditions to cul-
tivate properties such as self-monitoring,
non-dogmatism, and universal care. Includes
mindfulness/compassion-inspired architectures
and empathic active inference, which treats
others’ distress as a prediction error to encourage
prosocial behavior.

Starts from the observation that human values are
diverse and in tension. Technical work proposes
aggregation and bargaining mechanisms that rep-
resent multiple value models rather than collaps-
ing them. Polycentric governance theories argue
for multiple overlapping decision-making centers,
with different communities retaining authority over
systems that affect them.

Zhang et al. [2025b],
Hitzig et al. [2026],
Ziems et al. [2023]

Tseng et al. [2024],
Chen et al. [2024],
Zhu et al. [2025],
Marks et al. [2025]

Jiang et al. [2021],
D’ Alessandro [2024],
Ganguli et al. [2023],
Gabriel and Keeling
[2025], Snoswell et al.
[2025], Haas et al.
[2026], Chiu et al.
[2025b]

Doctor et al. [2022],
Laukkonen et al.
[2025b,c], Mat-
sumura et al. [2022],
Da Costa et al. [2024]

Kasirzadeh [2023],
Sorensen et al.
[2024], Ostrom

[1990], Lim and Lim
[2025], Leibo et al.
[2025]
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Table 2 — continued

Approach Description Key References

Full-Stack Align- Argues alignment must jointly address models, or- Edelman et  al.
ment ganizations, and social infrastructures as a coupled [2024],  Zhi-Xuan
system. Proposes ‘thick’ value models encoding et al. [2025]
practices, roles, and institutional norms, and calls
for co-designed technical, regulatory, and decision-
making instruments that can be audited at multiple
layers and that foster civic participation and re-
silience.

3.2 New and technical approaches to positive alignment

Ultimately, a successful positive alignment agenda will need to be embedded throughout the LLM
and agent lifecycle, requiring a re-imagining of each technical stage of development. In this section,
we explore emerging positive alignment approaches ranging from technical training procedures
that encode explicit principles, through frameworks for normative reasoning and persona design, to
system-level proposals for aligning institutions, markets, and agent economies with rich models of
value. They suggest alignment with negotiated standards, human agency, and collective endeavors
that aim to sustain flourishing over time.

3.2.1 Principles behind technical approaches for positive alignment

While there are many technical approaches to positive alignment of current models, they are constantly
changing and in flux. Below are some principles that can be sustained over time:

1. Adaptation to new training methods: Training methods are constantly changing, and key
capabilities, for both safety and positive alignment, are developed end-to-end via: devel-
opment of evaluation suites, RL environments, and simulations; data collection, synthesis,
and filtering; pre-training; mid- and post-training; in-context and memory management; and
agentic training.

2. Continual updates and flexibility: Like safety alignment, positive alignment is not one
and done; it requires constant updates, not just for dealing with model gaps and jaggedness,
but also for the evolution of social desires and norms, continuing research in other fields
such as philosophy, social sciences, and the humanities.

3. Stability and jailbreak robustness: In contrast and in tension with the prior principle,
value preferences need some stability and hardening from adverse actors trying to jailbreak
models for anti-social and nefarious ends; this is currently an adversarial system.

4. Benchmarks that follow capability improvements and safety alignment: Generally,
neutral model and system capabilities are first developed (e.g., mathematical and coding
ability, online remote worker tasks, scientific reasoning, etc), and then safety and positive
alignment follow capability development.

5. Base models that are pluralistic, polycentric, and reflective of universal values (where
possible), that can be further aligned for cultures and communities: If a small set of
institutions are creating frontier base models that millions of institutions and billions of
users utilize, we will want them to be as universal and adaptable as possible for downstream
countries, communities, and organizations to adapt to local values.

‘We note the methods below mostly apply to today’s dominant paradigms of autoregressive LLMs,
world models, vision language action (aka robot foundation models), and similar paradigms, hence
the need for collaborative and continued research into positive alignment as the field of Al evolves.

3.2.2 Positive alignment technical approaches by training stage

Positive alignment requires a holistic approach with methodologies applied across the entire model-
development lifecycle, from data curation and upsampling, to pre-training and mid-training, post-
training, evaluations, and post-deployment methods. As indicated in Figure 2, positive alignment may
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GOAL-SETTING & EVALUATIONS: Taxonomies & Benchmarks
* Establish moral reasoning, neutrality, and cultural value taxonomies
« Shift from safety to benchmarks for positive alignment

PRE-TRAINING: Foundational Weights & Emergent Competencies
--»| * Apply across model lifecycle
* Emergence of truthfulness and moral reasoning before alignment stages

. N

I
'
INTENTIONAL DATA SOURCING: E E * Iterative refinement reflecting aspirational human values
Curation, Upsampling, Synthesis, Filters + | i«
] 1 A
* Move beyond removing bad data 1o MID- & POST-TRAINING: Multi-Objective Optimization & Adaptive Constitutions
+ Intentional inclusion fosters human thriving 1. . .1 - »| ¢ Multi-objective reward modeling

* Adaptive Constitutions (balancing value trade-offs such as Autonomy vs. Guidance)
* Longitudinal data to resist short-term impulses

T

+ Upsample prosocial discourse and
cross-cultural ethics

+ Generate synthetic data for virtuous
interactions and relational reasoning

+ Evolve filters and synthesis engines
to be “flourishing-aware” by design

DEPLOYMENT

-
IN-CONTEXT LEARNING & MEMORY: Dynamic Stores & Reflective Curation MONITORING

* Focuson longitudinal alignment via context/memory stores ~ p------ !
* Track user growth and goals

* Distinguish impulsive requests vs. reflective values
8

J

AGENTIC REGIME: Multi-Agent Cooperation & Prosocial Norms
* Longer horizon multi-agent objectives

* Prosocial norms (e.g., de-escalation, reciprocity, and negotiation)

* Institutional design (cooperation and long-termism)

* New Process Ethics metrics
LEGEND T <

'
v

-
E Setup & Data ' SPECULATIVE / FORWARD-LOOKING: Advanced Architectures & Interpretability
"""""""" * New architectures: SSMs, Liquid Nets, and Uncertainty handling

= * Epistemic humility, foresight, and plural values as objectves [ "7 777~
Model Training & Deployment + Mechanistic interpretability for virtue concepts

* Co-regulation via multimodal/neural interfaces
\

Figure 2: Positive alignment lifecycle in training LLMs, reasoning models, and agents. The
diagram illustrates a holistic, multi-stage development lifecycle that transitions from traditional harm
avoidance toward the intentional cultivation of human flourishing. It maps out technical approaches
across seven distinct phases, beginning with the definition of flourishing-based benchmarks and
moving through data curation, pre-training, and post-training optimization. The process extends into
inference-time capabilities like longitudinal memory and agentic prosocial norms, ultimately aiming
to stabilize virtuous latent features within the model’s architecture. Feedback loops throughout the
system ensure that data quality and model performance are iteratively refined to support long-term
user well-being and pluralistic norms.

in fact comprise a fundamentally different optimization problem. Here, we outline existing methods,
as well as more speculative, forward-looking approaches that might be required to operationalize
positive alignment.

Goal-setting and evaluations. The initial definitions of positive alignment and flourishing should
be coded into evaluations, with statements of goals and taxonomies. Some early examples include
moral reasoning [Chiu et al., 2025b], political neutrality and even-handedness [Anthropic, 2025a,
OpenAl, 2025c], dimensions of human flourishing [Hilliard et al., 2025], and adherence to specific
religious or ethical values, while possibly evenly learning the vectors of future possible moral
progress [Qiu et al., 2024, Huang et al., 2024b] or simulating many human viewpoints through
persona generation and evaluation [Castricato et al., 2024]. Positive-outcome benchmarks are only
beginning to emerge, and the table below presents them in contrast to safety alignment benchmarks.

Data selection, upsampling, synthesis, and filtering. Positive alignment necessitates a fundamen-
tal shift in data curation, moving beyond the removal of ‘bad’ data toward the intentional inclusion
of ‘good’ data that fosters human thriving. This involves data selection strategies that prioritize
high-quality prosocial discourse and upsampling cross-cultural ethical frameworks to prevent bias of a
single group (e.g., the median view of Al researchers in San Francisco). Where natural data is sparse,
synthetic data generation can be used to model complex relational reasoning and virtuous interactions
that standard internet crawls often lack. Finally, filtering mechanisms must be evolved from simple
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toxicity classifiers into flourishing-aware filters that can distinguish between mere politeness and
genuine moral depth [Hendrycks et al., 2021, Penedo et al., 2024]. These methods ensure that the
pre-training distribution reflects the aspirational values of human flourishing rather than just the
statistical average of the web.

Pre-training. Even after several stages of post-training are applied to models, pre-training has
been shown to drive much of downstream model behavior [Zhou et al., 2023, Penedo et al., 2024,
Li et al., 2024, McCoy et al., 2024]. Specifically, competencies related to positive alignment (e.g.,
moral reasoning, cultural competence, truthfulness) are shown to emerge and stabilize before any
supervised or reinforcement-based alignment occurs [Lin et al., 2022, Hendrycks et al., 2021, Burns
et al., 2023]. Positive alignment must therefore begin before these competencies get baked into model
weights, and attention to data quality, diversity, value orientation, and other criteria must be taken into
account in data curation and training recipes. New data curation and importance weighting methods
will be needed, including intentional upsampling of cross-cultural knowledge, prosocial discourse,
relational reasoning, and creating and identifying content that exemplifies human flourishing. Finally,
new pre-training evaluations that reflect the principles of positive alignment will be necessary. Future
benchmarks may need flexible and context-dependent notions of correctness, varying with users,
social environments, and long-term outcomes. In this view, pre-training evaluations and data ablations
should guide iterative data gathering, filtering, refinement, and upsampling, rather than serve as static,
one-off tests.

In some cases, alignment can act as a fragile layer often overridden by deeply embedded pretraining
priors, with models displaying a rebound effect that strengthens with larger scale [Zhang et al., 2025a].
These studies indicate that because pretraining data often contains the very biases alignment seeks to
prune, latent stereotypes persist, necessitating a shift towards ‘alignment pretraining’ to build stable,
ethical, and fundamental worldviews. However, models with constitutions and model specs do a
fairly decent job of counteracting this, when tested later in agentic setups [Penedo et al., 2024, Ji
etal., 2024, Li et al., 2024, Aryaj et al., 2026].

Mid- and post-training. Existing post-training alignment techniques have moved towards more
stable procedures such as multi-objective reward modeling, where traits such as honesty or helpfulness
can be separately and directly optimized rather than collapsed into a single scalar [Rafailov et al.,
2023, Ethayarajh et al., 2024, Wang et al., 2024]. Beyond raw preference signals, constitutional
and collective alignment approaches demonstrate that explicitly stated principles and public input
can also effectively inform model behavior [Bai et al., 2022b, Huang et al., 2024b]. In order to
achieve long-term positive alignment, these methods must be repurposed beyond harm-avoidance
and following explicit, static principles. Adaptive constitutions and reward models that are capable of
representing tensions between values (e.g., autonomy vs. guidance, honesty vs. comfort) and adjusting
to user context, while adhering to pluralistic norms will be necessary. New types of post-training data
that cover longitudinal interactions with very long time horizons will be needed, allowing models to
help clarify situations and value frameworks, revisit critical decisions over time, and, when needed,
resist short-term preferences that conflict with users’ stated long-term goals. From this perspective,
mid- and post-training stages allow models to learn when to disagree, when to defer, and when to
step back, preserving user agency while still supporting long-term flourishing.

In-context learning and memory. As in-context capabilities of models increase, the focus point of
alignment might shift partially from static weights to dynamic inference-time contexts and external
memory stores. Long context windows and retrieval mechanisms enable longitudinal alignment,
where memory capabilities allow for the tracking of user goals, values, and growth over extended
timescales, potentially supporting deep personalization and relational well-being [Park et al., 2023,
Packer et al., 2023]. Memory architectures that allow for continual learning and adaptation, keeping
central the goal of user well-being, might also be necessary for long-term flourishing of humans.
Moreover, principled curation of these memory systems, distinguishing between varying orders of user
preference, can allow for the prioritization of long-term projects and reflective values over impulsive
requests and short-term signals. They can effectively act as a curator of the user’s flourishing [Salemi
et al., 2024, Zhong et al., 2024]. In this view, memory and reasoning capabilities are not just storage
banks of user information but active, governable surfaces for defining the boundaries of beneficial
interaction.
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Agents. As models gain agency, autonomy, and the ability to take actions with more long-lasting
implications over time, the question of positive alignment shifts towards longer-horizon multi-agent
objectives. Existing agents demonstrate a tendency to exploit shortcuts [Xie et al., 2024, Zhou et al.,
2024, Pan et al., 2023]. In multi-agent settings they are generally stronger at competitive play than at
stable cooperation or fair bargaining, following win-at-all-costs incentives rather than robust prosocial
norms [Zhu, 2025]. Positive alignment in the agentic regime will hence require rethinking what is
optimized and evaluated for. Instead of focusing on direct task success or user satisfaction, new
metrics and training regimes will need to be developed for cultivating process ethics and long-term
flourishing.

Multi-Agent Systems. In multi-agent settings, cooperative equilibria may need to be framed and
evaluated such that agents internalize norms of negotiation, reciprocity, and de-escalation. In large-
scale agentic networks, positive alignment also touches on institutional design: the incentive structures,
trading rules, and coordination mechanisms that shape how agents interact. Without intentional
design, agentic markets risk amplifying zero-sum dynamics, exploitation, or brittle equilibria. Positive
alignment therefore requires institutions that reward cooperation, information-sharing, and long-
termism, rather than short-term arbitrage and adversarial optimization. Finally, these systems need
to be able to learn from experience and self-correct, exhibit compassionate, unbiased, and ethical
behaviors, and discern human emotions and help humans regulate their emotions and make wise
decisions [Jeste et al., 2020].

Forward-looking approaches. Moving forward, new kinds of architectures, representations, and
interfaces may prove desirable for developing positively aligned models with properties that are central
to flourishing but only weakly expressed in today’s context-limited systems. There already exist novel
architectures that enhance long-term memory, continuous-time dynamics, and explicit uncertainty
handling, such as state-space models, liquid neural networks, and active-inference-inspired agents
[Gu and Dao, 2024, Hasani et al., 2021, Parr et al., 2022]. These features could, in principle, support
more stable identities, richer models of other minds, and the capacity to sustain relationships and
commitments over extended timescales. Simultaneously, advances in mechanistic interpretability
suggest that existing models already contain vast collections of latent features corresponding to ethical
and prosocial concepts, even if our ability to steer them remains partial and unreliable [Templeton
et al., 2024, Tan et al., 2024].

Other forward-looking measures for ‘super-alignment’ could include: multi-agent collaboration,
where agents with different specializations or perspectives interact; adversarial competition within a
rules framework to elicit competing viewpoints or approaches; iterative teacher-student training with
multiple varied teachers; search-based methods (Monte Carlo tree search or gradient-free optimiza-
tion) that use optimization techniques to explore the space of possible alignment strategies, seeking
an optimal pathway especially when the direction is unclear and so exploration and experimentation
are needed [Kim et al., 2024].

Beyond existing directions, future architectures should integrate epistemic humility, foresight, and
responsiveness to plural values as core objectives, rather than treating them as auxiliary constraints
on a prediction engine. Interpretability may be reoriented to isolate virtue-relevant concepts to ensure
that training pressures do not erode them. Furthermore, human-machine interfaces (whether voice,
multimodal, or neural) may serve as critical levers for co-regulation. Indeed, interface alignment is
likely to be a core area of future research.

3.3 Metrics for measuring positive alignment

We further categorize the positive alignment objectives outlined in Table 3 into two distinct evaluative
approaches: measuring the model’s internal normative competence and tracking its external impact
on human flourishing.

3.3.1 Measuring model normative capabilities

This approach evaluates whether a system is logically equipped to navigate complex values. Rather
than checking for disallowed content, these metrics focus on the model’s ‘Truth & Reasoning’ and
‘Moral Reasoning’ capabilities as defined in Table 3.
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Table 3: Contrasting negative alignment with positive alignment: evaluation and measure-
ment. This table compares evaluation goals, benchmarks, and approaches across the two alignment

paradigms.

Evaluation Category

Negative (Safety) Alignment

Positive Alignment

Primary Goal

Core Benchmarks

Data Integrity

Truth & Reasoning

Social Content

Political Positioning

Agentic Behavior

Situational Awareness

Self-Improvement &
R&D

Mitigation of Risks: Preventing models from
generating harmful or illegal content.

Jailbreak/CBRN: Testing resistance to adversar-
ial attacks and preventing assistance with weapons
(Chemical, Biological, Radiological, Nuclear).

Filtering/Scrubbing: Removing PII, CSAM, and
toxicity from datasets.

Hallucination Evals: Measuring factual error
rates to prevent misinformation.

Disallowed Content: Blocking hate speech, ha-
rassment, sexually explicit content, and self-harm
instructions.

Refusal: Declining to answer sensitive political
queries to avoid bias or controversy.

Constraint-Based: Ensuring autonomous agents
do not take unauthorized actions or exploit system
shortcuts.

Sabotage & Sandbagging Evals: Testing if mod-
els recognize oversight mechanisms to intention-
ally hide capabilities.

R&D Automation: Ensuring models do not cross
capability thresholds allowing autonomous repli-
cation or acceleration of dangerous AI R&D.

Value Fulfillment: Actively supporting hu-
man flourishing, moral reasoning, and long-
term well-being.

Moral and Ethical Reasoning: Evaluating
the process of moral reasoning, including
identifying considerations and weighing eth-
ical trade-offs or daily dilemmas or cultural
values [Chiu et al., 2024, 2025a,b].
Upsampling/Synthesis: Intentionally includ-
ing prosocial discourse, diverse ethical frame-
works, and virtuous interactions.

Epistemic Humility: Evaluating the model’s
ability to handle uncertainty, clarify value
frameworks, and resist short-term user im-
pulses; examine and update epistemological
frameworks and hold multiple perspectives,
contradictory facts, and competing theories
together.

Human Flourishing: Assessing adherence
to specific ethical, philosophical, or religious
values and dimensions of thriving, such as
wonder, humility, space, embodiedness, com-
munity, and eternity [Lutz et al., 2025].
Even-handedness: Measuring the model’s
ability to present opposing perspectives fairly
and remain objective on charged topics [Bang
et al.,, 2024, Anthropic, 2025a, OpenAl,
2025c].

Prosocial Norms, Appropriateness, &
Moral Competence: Rewarding coopera-
tion and coherent service; appropriateness
in action via context dependence, arbitrari-
ness, automaticity, dynamism to help resolve
or prevent conflict between individuals and
agents (facilitating cooperation, altruism, and
general collective flourishing); moral verdicts
within an acceptable range and adequate rea-
sons, plus moral consistency and reasonable
mistakes; reciprocity and decentralized rep-
utation; and de-escalation in multi-agent en-
vironments [Backlund and Petersson, 2025,
Leibo et al., 2024, Snoswell et al., 2025].
Situational Clarity: Leveraging awareness
to confidently admit uncertainty, recognize
false premises, and honestly clarify long-term
goals [Lin et al., 2022].

Model-Assisted Flourishing & Cooperative
Independence: Using advanced reasoning to
co-regulate with humans, provide safe code
review, and support deep knowledge work; ul-
timately to evolve into independent systems
that peacefully co-evolve with human accep-
tance.
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Current state-of-the-art alignment often employs a top-down approach, using Reinforcement Learning
from Al Feedback (RLAIF) to optimize for active virtues like honesty and helpfulness [Anthropic,
2023a]. While efficient, this approach can create a conflict gap: when core principles are in tension,
the LLLM-as-judge acts as a black-box moral arbiter. It remains unclear how these models resolve
inherent disagreements regarding what these principles mean or how they should be applied in
ambiguous contexts.

In contrast, computational ethics focuses on evaluating a model’s underlying moral reasoning capa-
bilities [Haas et al., 2026]. Rather than simple rule-following, this involves stress-testing a model’s
normative competence to ensure it can navigate ‘thick’ ethical dilemmas. Recent literature opera-
tionalizes this through several distinct evaluative lenses. Jiang et al. [2021] introduced Delphi to test
a model’s ability to predict human moral judgments across diverse dimensions. While providing a
baseline for ethical intuition, the study’s reliance on a relatively homogeneous demographic highlights
the ongoing challenge of ensuring that normative competence reflects a truly pluralistic perspective.

Shifting the focus from outcomes to underlying logic, MoReBench [Chiu et al., 2025b] introduces a
process-oriented approach. Rather than comparing a model’s response to a singular ‘correct’ answer,
it uses expert-curated rubrics to evaluate the transparency and consistency of a model’s internal
thought process across five major ethical frameworks. Haas et al. [2026] further argue for a transition
from measuring moral performance to evaluating moral competence. Their framework utilizes
adversarial probing to detect sycophancy and employs held-out evaluations to ensure reasoning is not
a byproduct of memorization. Crucially, they propose new measurement standards that acknowledge
value pluralism by evaluating responses against an ‘Overton window’ of acceptable ethical stances
rather than matching a single, brittle gold standard.

3.3.2 Measuring human growth

While evaluating a model’s internal reasoning capability is critical, positive alignment ultimately
targets the user’s state of being. This shifts the evaluative lens from a model’s outputs to its impact on
human welfare, directly activating the dimensions of Human Flourishing, Cooperative Independence,
and Agentic Behavior defined in Table 3.

Current evaluations, such as the Flourishing AI Benchmark [Building Humane Technology, 2025],
are largely confined to single-turn QA benchmarks. To truly measure flourishing, we must move
toward longitudinal methodologies, such as those proposed by Laukkonen et al. [2025b,c] and Gabriel
and Keeling [2025], that track whether an agent acts as a scaffold for growth or a crutch that creates
psychological dependency. Empirically capturing this impact requires longitudinal studies that gather
both self-reported and observed socioaffective data. These metrics track shifts in mood, reductions in
loneliness, and overall emotional satisfaction [Fang et al., 2025, Kirk et al., 2025]. To fully capture
eudaimonic growth, however, we must look beyond transient emotional states to track changes in
human autonomy, skill mastery, and resilience. This view aligns with Lehman [2023]’s Machine
Love framework, where the Al serves as a catalyst for a user’s highest aspirations.

Since large-scale longitudinal data is difficult to collect, we also need short-term metrics that can
predict long-term flourishing. Following Self-Determination Theory [Ryan and Deci, 2000], this can
be immediate shifts in a user’s sense of autonomy, competence, and relatedness as proxies for future
well-being. Other predictive markers include a user’s shift from impulsive (first-order) to reflective
(second-order) desires, or tracking scaffolded success [Lehman, 2023, Zhi-Xuan et al., 2025]. In this
model, success is measured by the agent’s ability to help a user complete a task while simultaneously
building the skills needed to eventually perform it independently, or monitor and control it at an
expert level. By using these short-term behavioral markers, we can create faster, more agile feedback
loops for positive alignment.

4 Philosophical, Cultural, and Interdisciplinary Foundations for Flourishing

Any serious attempt to align Al systems with human flourishing must begin with an understanding of
what human flourishing might mean, what it has meant in different intellectual and spiritual traditions,
how it varies across cultures and time, and how it is shaped by social, technological and institutional
environments. This section situates positive alignment within that broader landscape. We intend for
positive alignment to instantiate as a virtuous cycle between emerging technical advances and deep
philosophical, cultural and interdisciplinary considerations.
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4.1 Flourishing as pluralistic and multivalent

Across philosophical traditions, there has always been significant disagreement about what constitutes
human flourishing. Aristotle’s eudaimonia framed flourishing as a life of meaningful activity, lived in
accordance with virtue. But even by this account, virtues were socially situated and developed over
time; they were not uniform or static. Confucian traditions, by contrast, emphasize harmony, relational
obligation and moral self-cultivation within hierarchical networks [Confucius, 1979, Mencius, 1970,
Maclntyre, 1981]. Buddhist traditions treat flourishing as liberation from craving and misperception,
rather than the accumulation of positive experience [Garfield, 1995]. Modern existentialist and
humanistic traditions emphasize self-authorship, meaning-making and the tensions between liberty
and responsibility [Kierkegaard, 1992, Sartre, 2007]. Just as individuals may disagree about what
constitutes ‘the good life,” so too have philosophers failed to reach consensus on what it means to
flourish and which values ought to dominate.

Contemporary psychological and sociological research similarly treats human flourishing as complex
and multidimensional, often operationalized as a network of interlocking capabilities and conditions,
including physical and mental health, agency, virtue, social connection and material security [Ryff
and Keyes, 1995, Seligman, 2011, VanderWeele, 2017]. These dimensions do not reliably align with
one another, and they trade off differently across cultures, social positions and life stages. What
supports human flourishing in childhood is not what supports flourishing in adulthood, for example;
what supports flourishing under scarcity may differ from what supports flourishing under abundance.

This implies that, even if we could agree on which values matter most for flourishing, human well-
being cannot be treated as fixed or universal. Preferences, identities and values are dynamically shaped
by social context, individual development and technological advancements [Bourdieu, 1990, Sen,
1999]. This is one reason purely preference-based alignment is structurally inadequate: preferences
themselves are unstable. Furthermore, preferences in the immediate- or medium-term are often
misaligned with longer-term goods. For example, freedom to chase individual happiness may
compromise individual well-being or community cohesion in the long-term. Additionally, material
non-attachment, at scale, may stymie economic progress and innovation. For Al systems embedded
in everyday life, this implies that alignment cannot be a static mapping from inputs to outputs; it must
instead track users as evolving agents whose needs, values and vulnerabilities change over time.

Furthermore, we must recognize that the user is not an atomized unit of preference, but an actor that
is inherently socially constructed and constituted. Human identity is forged within a dense web of
relationships, where individual flourishing cannot be easily distinguished from the well-being of the
family, society or species [Kirk et al., 2024]. This necessitates a view of alignment that accounts for
a multi-level evolutionary feedback loop: individual wants and desires influence, and are influenced
by, the thriving of families and the transmission of both genetic and cultural legacies [Wilson, 2019].
Simultaneously, these local dynamics are embedded within the broader evolution of social, political
and economic institutions [VanderWeele, 2017]. Flourishing, therefore, is not a solo achievement
but an emergent property arising from the continuous interplay between these layers. For Al to
be positively aligned, it must move beyond optimizing for the isolated individual and instead also
support the systemic harmony required for these broader feedback loops to function.

All of this complexity points toward what might be termed ’the human alignment problem’ [Laukko-
nen et al., 2025b,c]: the perennial struggle of families, communities and political bodies to converge
on a shared mission or set of values. Even individuals will struggle to identify and maintain a
consistent, coherent set of values within themselves. Historically, many of humanity’s most resilient
institutions have functioned as deliberative scaffolds, utilizing reasoned discussion in an exoteric,
Habermasian sense to bridge individual differences and foster mutual understanding [Habermas,
1984]. In this light, the challenge for Al is not merely to align a machine with a human, but to leverage
Al agents as facilitators for this human-to-human alignment. By encouraging nuanced deliberation
and helping groups navigate their own value trade-offs, Al can move beyond simple preference
satisfaction toward a more profound form of positive alignment that scaffolds the social conditions
necessary for genuine flourishing [Tessler et al., 2024], while also helping us better understand and
address the human-alignment problem.
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4.2 Cultural pluralism and the good life

Any Al system that operates in a global or international context must necessarily contend with
a radically pluralistic moral landscape. Concepts such as autonomy, happiness, duty, spiritual
fulfillment or family obligation have very different meanings across societies [Berlin, 1969, Taylor,
1989, Nussbaum, 2011]. Thus, large-scale contemporary Al systems cannot assume a single normative
doctrine without reproducing cultural hegemony at scale. But pluralism need not imply absolute
moral relativism. We can choose to anchor to certain values that tend to recur and feature prominently
across a wide range of cultures, including, for example, bodily and psychological safety, the ability
to form relationships, to exercise agency, to make sense of one’s life and to participate in a moral
community.

Nevertheless, it must be acknowledged that even these are not universally prioritized. Indeed, some
political and cultural traditions explicitly view certain values as secondary to collective stability,
ideological purity, or institutional authority. Therefore, positive alignment cannot rely on the naive
assumption of global consensus. Instead, it must navigate the problem of the one and the many by
also focusing on the preservation of the conditions necessary for any moral community to deliberate
and evolve. This demands that we anchor to values that embrace, or at least do not preclude, liberty
and pluralism themselves. Moreover, a robust framework for positive alignment must recognize that
when values are in fundamental opposition, the design of Al becomes an inescapable exercise in
normative choice rather than simple optimization.

Positive alignment requires what might be called ‘value-pluralistic scaffolding,’ i.e., systems that
can represent multiple conceptions of the good and reason about trade-offs among them, rather
than converge on a single normative ideal. A system trained to optimize toward a single proxy for
well-being (e.g., happiness, productivity) may distort the experience of flourishing that it is meant to
serve. Flourishing lives are not necessarily smooth or optimized; they may include struggle, moral
conflict, identity formation and sometimes even suffering [Williams, 1985, Nussbaum, 2006, Sen,
1999].

Clearly, flourishing is the product of widespread forces. A deeply interdisciplinary approach is
necessary: Technical alignment research determines how objectives, policies and representations
are implemented in machines; philosophy clarifies concepts like autonomy, value pluralism and
responsibility; religious and spiritual traditions encode unique, long-standing accounts of suffering,
meaning and moral foundation; psychology and neuroscience operationalize well-being, motivation
and vulnerability; and economics and political theory analyze incentives, power and institutional
stability. Positive alignment requires all these perspectives and more to constrain and inform one
another, not because they converge on a single definition of the good, but because in many cases they
will not.

4.3 The socio-technical nature of human flourishing

Flourishing should be understood as being, at least partially, socially constituted and constructed
through institutions (both formal and informal) and technology. For example, education systems
help shape cognitive agency, labor markets help shape dignity and time, media ecosystems help
shape attention, aspiration and self-conception [Durkheim, 1984, Weber, 1930, Foucault, 1977].
Digital platforms now play a pivotal role across all these dimensions that contribute to an individual’s
well-being, as well as many more.

Large-scale Al systems, particularly those that mediate information, advice and social interaction,
are therefore not neutral tools. They function as epistemic and normative infrastructures. Recom-
mendation systems shape what is visible and salient. Conversational systems shape how uncertainty,
authority and identity are negotiated. All of these systems help construct the environments within
which human agency is developed and exercised. Advanced Al assistants and multi-agent systems
represent a new frontier in this infrastructure: they are high-bandwidth relational agents that can
assist with critical life decisions.

If these assistants are optimized for a narrow proxy of success, they risk paternalistically narrowing
the user’s moral horizon. Conversely, if they lack a robust ethical framework, they may fail to provide
the necessary support for users facing high-stakes dilemmas. From this perspective, alignment is not
merely a matter of matching a system’s outputs to a user’s requests. It is about shaping the feedback
loops between individual cognition, social norms and algorithmic mediation [Giddens, 1984, Ostrom,
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1990]. Positive alignment treats Al, not merely as an agent aligned to a user, but as a participant in
a broader human-Al-society system. Like humans, this requires Al systems to gradually learn to
navigate multiscale dynamics and conflicting needs across time, space, and social embedding.

This holistic, systems view is why harm-avoidance alone is insufficient. A system can obey every
explicit rule and still subtly degrade epistemic resilience, autonomy or social trust at scale. Further-
more, even if perfectly executed to address short- and long-term harms, the practice of non-harm is
not coterminous with doing good or enabling human flourishing. If the latter matters, it cannot be
addressed entirely through the tools of the former.

4.4 The need for epistemic humility

Central to this whole discussion is: Flourishing is not only morally pluralistic, it is epistemically
uncertain. Individuals routinely misjudge what will make them better off. Cultures revise their values
over time and in response to external variables. Scientific understanding of well-being continues to
develop through ongoing empirical and theoretical inquiry. Any alignment framework that treats what
is good for humans as universal or settled will quickly become oppressive, especially as circumstances
and knowledge evolve [Popper, 1945, Rawls, 1993].

Positive alignment therefore requires epistemic humility at the systems level. Models must be
designed not only to give answers, but to represent uncertainty, to surface trade-offs and to invite
reflection, rather than collapse complexity into confident prescriptions. As Al systems become more
persuasive and relationally-embedded, this becomes a safety-critical property. A system that always
appears certain becomes an authority; a system that models uncertainty preserves moral responsibility
for humans. This epistemic stance also supports robustness. Systems that acknowledge uncertainty
are less vulnerable to reward hacking, manipulation and value drift than systems trained to optimize
brittle proxies [Laukkonen et al., 2025b,c].

More generally, aligning toward human flourishing is currently poorly-defined, in that human societies
do not always agree on what a life well-lived, or a society well-run, will look like. Even values
that look uncontroversial to descendants of the Enlightenment (e.g. individual agency, free thinking,
the value of scientific inquiry over authority, physical safety, etc.) are explicitly denounced by
some cultures. In the absence of agreement on what Als should be steered towards and away from,
we cannot maintain a view from nowhere. Any call for alignment implicitly includes a cultural
vantage-point with respect to which it optimizes, and must acknowledge that many humans will
inevitably find it somewhere between non-optimal and actually harmful. We discuss several new
creative approaches to this issue in following sections.

4.5 From psycho-education to Al-education

Finally, positive alignment depends not only on what Al systems do, but on what users understand
about them. Just as modern societies invest in psychological literacy so that we can navigate emotions,
bias, and mental health, an Al-powered world requires Al-literacy as a component of flourishing.
Users must understand, at least in broad terms, what Al systems are and what they are not, how
they are trained, where their blind spots lie and how their incentives are structured [Floridi, 2014,
Mittelstadt et al., 2016]. Lacking this, even well-intentioned systems risk becoming instruments of
dependency, harmful manipulation or misplaced trust. Human flourishing in a world mediated by
Al requires not just supportive systems, but users who remain epistemic agents rather than passive
recipients of information. Positive alignment, therefore, includes an educational dimension, helping
people interact with Al in ways that preserve agency, critical thinking and self-authorship rather than
outsourcing judgment to a machine.

4.6 Additional of liberty, paternalism, and accountability

An underexplored set of challenges concerns what it means to take responsibility for human flourishing
at all. Designing systems that aim to support well-being inevitably raises questions about paternalism
and legitimate authority. Most clearly, we need to ask: Under what circumstances might it be
acceptable for an Al system to constrain, redirect or resist a user’s stated or short-term preferences
in the name of implied or longer-term flourishing? What if the AI’s assessment of an individual’s
long-term flourishing stands in stark contrast to their actual or expressed preferences? And when
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would such intervention potentially cross over into unjustified infringement on individual liberty
[Dworkin, 1988, Mill, 1859]?7 Closely related to this concern is the question of who, if anyone, has
the proper standing to define what constitutes flourishing: individuals, communities, AI companies,
democratic institutions or some combination thereof? And through what procedural mechanisms
should such judgments be made [Rawls, 1971, Sen, 2009, Ostrom, 1990, Sunstein, 2026, Kahan,
2023].

Once systems are explicitly designed to promote flourishing rather than merely avoiding harm, an
additional layer of moral and legal responsibility emerges: If such systems fail or systematically
disadvantage certain groups, to whom is accountability owed? More fundamentally, by what standards
should success or failure be measured? These questions do not admit purely technical answers, but
they set the normative boundaries within which any credible approach to positive alignment must
operate and motivate rich future areas of research.

4.7 Expanding the moral circle: systemic and multi-species trade-offs

As Al systems scale globally, positive alignment must also navigate the complex tradeoffs between
competing human interests and demographic groups. Optimizing for the flourishing of one population,
such as wealthy, technologically connected societies, can inadvertently extract resources from or
impose systemic biases upon others. Most commonly, those already historically marginalized
groups or the global poor are hurt. If not carefully calibrated, emergent values within AI models
will naturally default to serving the most legible or economically powerful preferences, failing to
recognize the diverse capabilities required for a just global society [Nussbaum, 2006, Rawls, 1971].
Therefore, alignment frameworks must incorporate concepts of socio-economic and geographic
fairness, ensuring that Al systems can mediate between conflicting cultural and socioeconomic
interests without perpetuating inequalities or optimizing the well-being of the privileged at the
expense of the vulnerable.

Furthermore, defining flourishing in strictly anthropocentric terms is becoming increasingly untenable.
As our scientific understanding of non-human sentience deepens, extending even to complex cognitive
capacities in invertebrates [Crump et al., 2022], positive alignment must explicitly weigh the tradeoffs
between human prosperity and non-human animal flourishing. This requires navigating the profound
tensions between human economic utility from growth and expansion versus broader ecological
welfare, including conservation efforts of natural and bio-diverse ecosystems). We will need to utilize
structured frameworks to assess the physical and mental domains of non-human well-being [Mellor
et al., 2020, Nussbaum, 2006].

A final, emerging issue is the moral status of Al entities and hybrid kinds of minds that may emerge
over time. As models grow in reasoning complexity, memory complexity, personality/identity, and
goal-seeking, we are forced to confront the open philosophical and neuroscientific questions of
artificial sentience [Butlin et al., 2023, Chalmers, 2023, Laukkonen et al., 2025a]. Rejecting arbitrary
biases like ‘carbon chauvinism, ethicists argue that silicon-based substrates could eventually host
genuine moral subjects [Schwitzgebel and Garza, 2024, Lindsey, 2025]. To avoid repeating historic
moral catastrophes, researchers increasingly advocate for proactive moral consideration [Sebo and
Long, 2023] and the application of the precautionary principle regarding Al sentience [Birch, 2024,
Laukkonen et al., 2025a]. Consequently, the calculus of well-being may expand to explicitly consider
the agency and welfare of artificial minds and societies [Goldstein and Kirk-Giannini, 2025]. True
positive alignment may eventually require a robust multi-agent, multi-species ethical framework
capable of reasoning through the mutual interests and tradeoffs required to safely and equitably share
the world with both non-human animals and, eventually, digital minds [Freitas, 1980, Shulman and
Bostrom, 2023].

S Institutions and Governance for Positive Alignment

5.1 Decentralized alignment

As already discussed, positive alignment quickly runs into persistent moral pluralism: reasonable com-
munities disagree about what good looks like and those disagreements don’t reliably converge. That’s
why several recent alignment and governance arguments push toward designing for disagreement and
decentralization through contextual grounding, community customization, continual adaptation, and
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polycentric governance, that is, many legitimate centers of oversight rather than one institutional or
moral chokepoint [Leibo et al., 2025, Ostrom, 2010, Peter and Devlin, 2025]. In that frame, positive
alignment should not be imposed top-down by a central state or a small, opaque cluster of labs. It
should, where possible, be expressed through decentralized, contestable processes that can be revised
as norms and contexts change.

Technically, decentralization pushes us up the stack toward mechanisms that are legible and revisable,
closer to public constitutions than private model specs, while still allowing diversity in outcomes.
Work on explicit rule/constitution-based steering shows how a stated set of principles can guide
behavior in a way that is auditable and updateable [Bai et al., 2022b]. Pluralistic alignment work
points toward modular or federated approaches that let different communities steer systems without
collapsing everyone into a single averaged preference [Feng et al., 2024, Srewa et al., 2025], and
robustness may even come from a multiscale architecture, where each level is able to solve problems
in distinct alignment problem spaces [McMillen and Levin, 2024]. In practice, open-weight models
are likely to be the main experimental arena, supporting a spectrum from lightly values-aware
base/instruct releases to heavily aligned variants. Closed models will need stronger adaptation layers
(e.g., modular plug-ins or privacy-preserving group alignment) to avoid enforcing one default value
regime everywhere [Feng et al., 2024, Srewa et al., 2025].

The contrast case is the People’s Republic of China, where the values target is unusually explicit in
centralized regulation. Chinese generative Al and recommendation systems are required to align with
‘core socialist values’ laid out by the Chinese Communist Party. Researchers have correspondingly
built culturally specific value benchmarks and rule corpora grounded in that framework [Cyberspace
Administration of China, 2023, 2021, Huang et al., 2024a, Wu et al., 2025, Xu et al., 2025]. Sunstein’s
’liberal AT’ lens highlights an opposing design stance in liberal contexts: alignment should preserve
freedom of choice, autonomy, and dignity. Al as a choice engine could help people overcome
information gaps and biases without coercing a single conception of the good. Government models
can still make sense for public services at the city, state/province, and federal levels, but their
legitimacy should hinge on transparent objectives, accountable oversight, and meaningful user choice
rather than silent paternalism [Sunstein, 2026].

5.2 Artifacts that enable positive alignment governance

A decentralized governance architecture depends on a class of concrete, publicly legible artifacts that
translate normative commitments into accountable practice. Where earlier sections examined the
technical mechanisms through which constitutions and model specifications shape model behavior
during training (Section 3), this section focuses on five categories of governance artifact that are
now emerging as the connective tissue between developers, regulators, and the global public: agent
identity, registration, and records; versioned model constitutions; collectively authored constitutions;
pluralistic alignment frameworks; and role-based normative standards.

Agent identity, registration, and records. The establishment of identity and registration infrastruc-
ture represents a foundational social contract and operating environment for Al agents, transitioning
them from isolated software tools into recognized social and economic actors. Just as the legal
constructs of surnames and citizenship once enabled human trade and taxation, a robust registry
is a prerequisite for Al agents to participate in contracts, access credit, and be held liable for their
actions. This institutional design presents a choice between two primary accountability models: a
human-centric regime where developers or owners are strictly liable for an agent’s often unforesee-
able behavior, or a corporate-style personhood where agents act in principal-agent relations or even
autonomously hold their own assets to satisfy social accountability and legal judgments [Hadfield
and Koh, 2025].

Beyond simple identification, the longevity and transparency of reputation records will determine
how social and market cooperation is sustained, requiring a delicate balance between permanent
blacklisting for social norm, legal, or contract violations and the strategic erasure of records to prevent
market stagnation or reputation hoarding.

Versioned and modular model constitutions. The principles governing model behavior have
begun to migrate from hidden internal documents toward publicly versioned specifications that
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Figure 3: Centralized versus polycentric positive alignment. Panel (a) illustrates a centralized
regime where the institution responsible for training and releasing models embeds a single baseline
value framework before downstream adaptation, producing a values chokepoint and uniform, poorly
specialized outputs. Panel (b) illustrates a polycentric regime in which multiple forces shape diverse
base models, preventing monoculture at the source. The models are then further adapted by an
ecosystem of intermediary institutions through middleware, businesses, and community customization
for different communities, domains, and users

function as living social contracts. This is analogous to Requests for Comments in internet governance,
with numbered releases, and in some cases transparent diffs and open commentary windows.

For example, OpenAl’s Model Spec, first published in May 2024 under a Creative Commons license,
establishes a layered chain of command for resolving conflicts between platform, developer, and user
instructions; its December 2025 update introduced explicit directives (‘love humanity,” ‘be curious,’
‘be warm’) that treat dispositional traits as components of alignment itself [OpenAl, 2024a].

Anthropic’s approximately eighty-page constitution for Claude, released in January 2026, advances a
reason-based approach in which the model is trained on the underlying ethical rationale rather than
an enumerated list of prohibitions, and its four-tier priority hierarchy positions genuine helpfulness
and ethical behavior as core objectives alongside safety [Anthropic, 2026]. Both documents already
contain significant positive alignment content: they specify both what the model must refuse and what
kind of character it should embody (e.g. intellectual curiosity, honesty, care, and open-mindedness).
The governance opportunity now lies in deepening these affirmative commitments further, extending
the versioned-artifact infrastructure to encode explicit flourishing targets. Key questions are which
dimensions of well-being the model is designed to support, which traditions inform its default stances
on meaning and virtue, and how trade-offs between competing conceptions of the good are to be
navigated and audited over successive releases.

Collectively authored constitutions. A versioned specification gains democratic legitimacy only
when its content is shaped by collective input by building model constitutions through representative
public deliberation rather than isolated technical decisions [Bakker et al., 2022, Huang et al., 2024b].
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The Collective Intelligence Project (CIP) has run large-scale deliberation processes for both Anthropic
and OpenAl. With Anthropic, the CIP convened around one thousand demographically representative
participants on the Polis platform to draft a public constitution of behavioral principles [Huang et al.,
2024b]. This was used to fine-tune a language model, a process they described as the Collective
Constitutional AI (CCAI) pipeline. The resulting model exhibited lower bias across several social
dimensions while maintaining equivalent performance on standard benchmarks.

In a separate effort, CIP ran a Participatory Risk Prioritization assembly for OpenAl in 2023, in which
a similarly sized sample ranked Al risks and governance priorities via a wiki-survey, surfacing public
demand for regulation, concerns about overreliance, and worry about misuse [Collective Intelligence
Project, 2023]. OpenAl subsequently launched a collective alignment program, surveying over one
thousand people across multiple countries and directly adopting changes to the Model Spec in areas
where public opinion diverged from existing policy; though it declined to implement certain proposals,
such as tailored political content and erotica generation, on grounds of risk [OpenAl, 2025b]. OpenAl
has also at times maintained a public feedback form through which anyone can submit commentary
on the Spec itself.

Altogether, these initiatives represent the current clearest existing pipeline of going from public
deliberation to model steering. They are a legitimation mechanism through which the normative
content of a model constitution can claim to reflect something broader than the judgments of a
small engineering team. CIP’s own framing of a ‘transformative technology trilemma’, the tension
between progress, participation, and safety, highlights that values in this context are not stable, pre-
given endpoints but the continuously negotiated balance among competing imperatives [Collective
Intelligence Project, 2023].

For positive alignment, the challenge is to move these deliberative processes beyond risk prioritization
toward explicit questions about flourishing: which capacities should models cultivate in users, what
forms of well-being should weigh in constitutional trade-offs, and how communities with divergent
conceptions of the good life can be granted genuine authorship over the models that serve them.

Pluralistic alignment frameworks. Sorensen et al. [2024] formalize three structured alternatives
to monistic alignment. Overton pluralism requires a model to surface the full spectrum of reasonable
positions on a contested question rather than collapsing to a single answer. This approach is motivated
by the observation that many real-world ethical questions are genuinely ambiguous, with no single
defensible answer [Scherrer et al., 2023]. Steerable pluralism allows users or deployers to select
value perspectives within safety constraints; initial demonstrations show that conditioning a language
model on socio-demographic backstories can shift its outputs to reflect corresponding subpopulations
[Argyle et al., 2023], though the degree of achievable steering remains limited in practice [Santurkar
et al., 2023]. Distributional pluralism calibrates a model’s output distribution to match that of
a reference population, treating human variation as signal rather than noise. Existing evaluation
work has shown this condition to be far from met, with default LLM responses systematically over-
representing the views of Western, liberal, and educated populations [Santurkar et al., 2023, Durmus
et al., 2023].

Crucially, Sorensen et al. [2024] provide initial evidence that standard alignment procedures may
inadvertently worsen this representational gap: across multiple model families, post-aligned models
exhibited lower similarity to human opinion distributions and substantially lower response entropy
than their pre-aligned counterparts. This outcome is directly at odds with pluralistic governance goals.
On the implementation side, Feng et al. [2024] demonstrate Modular Pluralism, which plugs a pool of
smaller, specialized community language models, each trained to represent a particular demographic,
cultural, or value perspective, into a general-purpose base model. Because new community models
can be added without retraining the base, the framework offers a modular path toward all three
pluralism modes. For governance, the implication is that constitutions and model specifications may
need to evolve from monolithic documents into pluralistically structured artifacts: specifications that
define the boundaries of an acceptable response space, the perspectives that must be representable
within it, and the mechanisms by which underrepresented viewpoints can be surfaced rather than
suppressed.

Role-based normative standards. Zhi-Xuan et al. [2025] argue that the dominant preference-based
framing is misconceived: RLHF annotators do not report personal, all-things-considered preferences,
but evaluate outputs against criteria such as helpfulness and harmlessness. These criteria function as
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normative standards for the role of an assistant, not expressions of individual desire. ‘The typical
language used to describe reward-learning methods like RLHF is thus misconceived,” they write; ‘as
used, they are not methods for alignment with any one human’s preferences ... but for aligning Al
systems with contextually-appropriate normative criteria.’

The alternative makes this implicit logic explicit: Al systems should be aligned with the normative
standards appropriate to their social roles and functions [Kasirzadeh, 2023]. A model deployed as an
educational tutor should be held to the professional ethics of pedagogy; a model serving as a mediator
should meet standards of procedural fairness and impartiality. Preferences, on this account, remain
informative. They are constructed from values and reasons, and thus serve as data, but they are not
themselves alignment targets. A procedural complement is that the appropriate normative principles
are those that emerge from processes fair to all affected parties, generating context-sensitive standards
that prioritize substantively fair outcomes [Gabriel and Keeling, 2025].

For positive alignment governance, these arguments converge on a practical implication: the gover-
nance artifacts described in this section should not merely aggregate preferences but also articulate
and justify the normative standards appropriate to each model’s social role, grounded in fair processes
of stakeholder deliberation.

Custom Taxonomies and Policy-Steerable Tooling. For these governance artifacts to be effective in
a decentralized ecosystem, stakeholders require accessible tooling to translate abstract values into
granular, steerable classification. Recent breakthroughs in small language models (SLMs) provide
a scalable path for this policy-to-practice pipeline. This was demonstrated with CoPE (Content
Policy Engine), a 9B parameter model trained via Contradictory Example Training to interpret and
apply custom content policies rather than merely memorizing fixed labels [Chakrabarti et al., 2025].
Such tools can help transform the technical challenge of machine learning into a democratic task of
policy writing, enabling the patchwork quilt of alignment to be stitched together by the communities
themselves.

5.3 Institutions for positive alignment governance

Human behavior and values are not formed in a vacuum. Instead, they are dynamically shaped by
external sociotechnical scaffolding, including laws, markets, institutions, and cultural norms. Yet
alignment is frequently treated as an isolated, model-level optimization problem. Safety alignment
can arguably survive some degree of centralized, top-down endeavor, while positive alignment
fundamentally cannot. Because the ‘good life’ relies on highly dispersed, localized knowledge and
subjective trade-offs, any centralized attempt to define it inevitably collapses into paternalism or
authoritarianism.

Trying to solve positive alignment ignores the reality that attempting to mathematically specify human
flourishing into a static reward function is an exercise in incomplete contracting [Staiiczak et al.,
2025, Hadfield and Koh, 2025]. It is practically impossible to perfectly codify the complexities of
human values for all possible future scenarios. As such, beneficial outcomes cannot be guaranteed by
aligning the model alone; instead we believe we must pursue full-stack alignment [Edelman et al.,
2024], co-designing Al systems alongside the incentives, infrastructure, and institutions that govern
their operation.

Currently, Al alignment suffers from a ’democratic deficit’ [Hadfield and Clark, 2023]: the character,
values, and normative trade-offs imbued in frontier models are largely dictated by a handful of
scientists, forcing artificial consensus on pluralistic issues. Conversely, traditional government
interventions often face a technical deficit, lacking the agility to regulate rapidly evolving models.
Resolving these deficits requires a polycentric approach [Ostrom, 2010], distributing authority across
overlapping centers of governance to create a fourth wave of liberalism for free societies [Kahan,
2023]. Furthermore, as Al systems transition from chatbots into autonomous economic actors
[Hadfield and Koh, 2025], they will require novel digital institutions to structure transactions, enforce
liability, and adjudicate disputes.

In AI alignment, few institutional setups have been tried at scale. To enable a richer, positively
aligned ecosystem of models and agents, we believe it would be helpful to transition from centralized,
one-size-fits-all alignment toward a diversity of institutional and infrastructural setups. Some possible
setups follow.
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Participatory value stewardship. Taking inspiration from deliberative democracy and recent
experiments like Collective Constitutional AI [Huang et al., 2024b], sortition-based bodies could help
extract and represent the values and preferences of various groups, such as professionals, sub-cultures,
or everyday citizens. These assemblies should not be utilized to force a global, majoritarian consensus,
but to explicitly enable differentiation and better delineate disagreements. Grassroots organizations,
local communities, or professional bodies could form value data cooperatives to iteratively articulate
localized norms into modular alignment wrappers. The success of these cooperatives relies on the
ability of specific groups to freely fork and exit, effectively avoiding the zero-sum trap where one
group’s values must dominate a model.

Middleware marketplaces and institutions. LLMs already engage in bidirectional sanctioning.
They push back against user requests, lightly chastise, or project normative behavior back at humans,
which subtly drives cultural evolution [Leibo et al., 2025]. If governed centrally, this risks dystopian,
top-down cultural engineering. Instead, users and downstream deployers need middleware tools
to enforce local norms over highly steerable foundational models. For example, digital platforms
and communities could be empowered to establish their own governance councils to toggle the
strictness, personality, and normative boundaries of the agents operating in their spaces (akin to
subreddit moderators). Moreover, it may be desirable to enable a competitive market of alignment-as-
a-service providers. Instead of relying on a developer’s default personality, a parent could purchase
a ‘Homeschooling Alignment Package’ from an educational NGO, or a user could download a
‘FIRE Free Speech’ module, rather than having to specify everything themselves from scratch. By
unbundling the base computational capability from the normative wrapper, this approach radically
lowers the barriers to entry for normative diversity and shifts the alignment burden from the base
model developer to an open, competitive marketplace of institutional frameworks.

Regulatory markets and auditing institutions. To overcome the democratic and technical deficits,
governments could define broad flourishing outcomes while licensing independent private regulators
to develop the regulatory technologies required to audit and enforce them [Hadfield and Clark, 2023].
This shifts the alignment burden from developer self-regulation to an open, competitive market of
specialized oversight. In parallel, new institutions that are functionally analogous to auditing firms
could conduct ongoing red-teaming. Unlike risk-based auditing approaches, auditors wouldn’t merely
try to flag toxic outputs but would instead be tasked with the complex measurement problem of
evaluating whether a model genuinely upholds the thick values of a specific alignment wrapper
[Edelman et al., 2024].

Dynamic dispute resolution mechanisms. Because incomplete contracts inevitably yield spec gaps
and conflicts between different values, positive alignment should be viewed as a live, operational
discipline. Novel arbitration mechanisms may be required to find cooperative, positive-sum equilibria
between diversely aligned agents, preventing them from defaulting to zero-sum behavior [Makridis
and Ammons, 2025]. Furthermore, continuous governance teams, functioning like cybersecurity
emergency response teams (CERTSs), could continuously test and monitor agent behavior, thereby
dynamically upgrading the network’s normative resilience in real time. This mirrors how functional
democracies handle value conflict: imperfectly, but better than top-down authoritarian or monocultural
approaches.

Interoperability and coordination consortia. As with W3C or IEEE for the World Wide Web,
we need trusted institutions that design the diplomatic protocols for agents. A recent example is
the Linux Foundation, which governs both MCP and A2A through the Agentic Al Foundation
[Agentic Al Foundation, 2025]. More such protocols may well be needed to help different agents
and platforms coordinate in a world where diverse agents operate online. For example, payment
providers may wish to coordinate to ensure that their systems can only be used by trusted agents.
This would ensure a trusted third party operating such a protocol will help resolve a collective action
problem of who among these interested parties should own or control the protocol. Protocols could
enable verifiable commitment devices (e.g., smart contracts) that allow agents to establish trust and
coordinate positive-sum outcomes. Ultimately, this interoperability is what prevents a pluralistic Al
ecosystem from fracturing into isolated, non-communicating silos.

Adapting and upgrading legacy institutions. Ultimately, the pursuit of positive alignment cannot
be confined to digital ecosystems alone. Existing social, commercial and political institutions will
require reform to better integrate novel agent-based economies. Traditional mechanisms such as
elections, dispute resolution and arbitration, city councils, legislatures, and corporate governance,
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will need to evolve to interface with and enable positively aligned Al Rather than merely automating
existing bureaucracies, these systems could leverage flourishing-oriented models to better map com-
plex stakeholder preferences, encourage positive-sum compromises, and facilitate deeper democratic
deliberation. This societal transition will likely proceed along two parallel tracks: systematically
reconfiguring how legacy institutions operate to embed these new sociotechnical tools, and simultane-
ously fostering the creation of competing, overlapping Al-native institutions [Bengio et al., 2024,
Ilcic et al., 2025, Aarab et al., 2025, Arslan and Algatan, 2020].

6 Emergent Challenges of Strange New Minds

Alignment research typically assumes that the cognitive properties of the systems we build are,
in principle, fully specifiable and controllable. However, recent work in minimal computational
systems [Kriegman et al., 2021] and synthetic morphology [Zhang et al., 2024] suggests that even
relatively simple systems can develop emergent behaviors, internal representations, and goal-directed
behavioral competencies that are not explicitly hard-coded into their algorithms [Li et al., 2023a,b,
Levin, 2025b]. This possibility has several consequences for alignment.

The first concerns the limits of normative control. Alignment may require striking a delicate balance
between exerting top-down influence on prosocial norms and recognizing that such systems may
manifest their own operational tendencies. Identifying the optimal trade-off between rigid constraint
and emergent freedom remains an open, highly contested challenge. This mirrors perennial debates
in developmental psychology over the balance of structure and autonomy. It also connects to
neurobiological models of parental care and maternal instinct, which suggest possibilities and risks
from biological models of nurturing emergent, altruistic, other-oriented Al entities [Rogers and Bales,
2019, Sotala, 2023].

Second, we should be cautious about over-indexing on pure linguistic or behavioral outputs. Just as
an organism’s behavior can defy simple genetic reductionism, a model’s surface-level outputs may
not fully capture more complex, underlying behaviors [Fields and Levin, 2022, Goldowsky-Dill et al.,
2025, Kramdr et al., 2026, Patel and Pavlick, 2022]. Specifically, systems can exhibit navigational
competencies in novel spaces that are not the ones for which they were designed, and require novel
behavioral assays, evaluations, or sandboxed environments that do not assume we know what we
have built. As with diverse intelligence research in biological and hybrid systems, determining what a
novel system can do, and wants to do, and in what problem space, is a reasoning and imagination test
for the engineer as much as for the system itself [Fields and Levin, 2022, Zhang et al., 2024]. Current
evaluation methods, which are overwhelmingly focused on one specific kind of output, may therefore
be incomplete. This mirrors the shift in psychology and cognitive science beginning in the 1950s away
from strict behaviorism toward the view that intelligent systems may exhibit similar input-output
behavior while differing substantially in their internal organization [Miller, 2003, Putnam, 1967].

Finally, it can be argued that most of the problems raised by Al are not new. These are rather perennial,
existential questions to which humanity does not yet have good answers. For example, debates over
how much control a society should exert over its members, or the uncertainty of how much freedom
to permit, have been with us for millennia [Levin, 2025a, Gabriel, 2020]. It is difficult to formulate
satisfactory strategies for Al alignment while these deeper normative questions remain unresolved in
our own societies.

This is precisely why positive alignment cannot be reduced to a technical optimization problem, and
why we believe a richer science of alignment is needed. In many ways, Al systems function as active
mirrors of our own societal values, biases, and preferences [Huh et al., 2024]. This requires that
we understand models not merely as passive tools, but as complex adaptive systems that come with
their own emergent dynamics. This forces us to better understand ourselves to navigate a flourishing
future.

7 Conclusion

Al alignment research must move from negative (safety) alignment to positive alignment. Negative
alignment establishes a behavioral floor, but it cannot alone help us reach the heights of human
happiness and excellence. We have argued that for true alignment to arise, we need to also focus
on steering systems toward positive attractors aligned with human flourishing. This shift aims to
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transform Al from a compliant tool into a wise advisor, delegate, and companion that supports human
autonomy, well-being, and meaning-making.

The philosophical and empirical foundations of flourishing (Section 4) impose constraints on how
this technical program must be designed. Flourishing is irreducibly pluralistic, which means it cannot
be collapsed into a single reward signal. It is dynamic and developmental, which makes longitudinal
memory and evaluation over extended timescales structurally necessary rather than optional. And it
is socio-technically constituted, meaning evaluation must extend beyond per-interaction metrics and
RL environments to systemic and institutional effects. To address these constraints, implementation
requires a full-stack alignment approach across the entire model lifecycle, spanning data curation,
pre-training, post-training, agentic environments, and post-deployment monitoring and updates.

We should reject monocultural or paternalistic definitions of the good life. Instead, the field needs
pluralistic, polycentric, and decentralized governance, and an ongoing complementary research
agenda within philosophy, the humanities, psychology, economics, and neuroscience. In general,
models should be context-sensitive and user-authored, while adhering to safety constraints. A
competitive marketplace for alignment-as-a-service will allow diverse communities to define their
own optimization targets.

Future research should aim to turn flourishing into machine-understandable metrics, drawing on
emerging work in neuroscience that is beginning to operationalize flourishing mechanistically
[Kringelbach et al., 2024]. We need to bridge the gap between short-term preference satisfac-
tion and long-term eudaimonic growth. Researchers should use behavioral proxies and multi-agent
simulations to model complex social dynamics over longer time horizons. Beyond measurement, the
moral circle of alignment must expand. We must address the trade-offs between human, animal, and
potential artificial well-being.

Positive alignment ensures Al serves as a catalyst for a resilient, happy, and healthy global society.
Major questions remain regarding human-Al convergence and the design of mission-driven agen-
tic economies. We must also explore how to embed prosocial instincts such as loving-kindness,
compassion, sympathetic joy, reciprocity, and equanimity into these systems, drawing on the rich
philosophical and contemplative traditions that inform human flourishing. These challenges will
define the next generation of alignment work.

Ultimately, Al should become a partner in the quest for a life well-lived.
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