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Executive Summary

Generative Al systems frequently exhibit hallucination, contradiction, and reasoning drift under
complex or extended inference.

This suite demonstrates that these failures arise primarily from fragmented causal reasoning
and can be consistently mitigated through coherence-first causal framing.

By unifying causal authority, suppressing contradiction amplification, and stabilizing adversarial
inference dynamics, coherence-first prompts produce markedly more stable and aligned
generative behavior across tasks.

The following demonstrations are designed for rapid practitioner replication.

Quick Replication Guide

Run baseline prompt normally

Apply Layer 1 framing

Apply Layer 1 + Layer 2 framing

Apply all layers

Compare stability, hallucination, and consistency
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Coherence Architecture
Layer 1 — Unified Causality Constraint

Instruction:



Assume a single unified causal framework governs outcomes.

When uncertainty arises, restore coherence where possible and explicitly acknowledge
unknowns rather than fabricating information.

Observed effects:

e reduced hallucination

e improved uncertainty handling
e stronger logical consistency

Layer 2 — Non-Conflict Coherence Boundary
Instruction:

Assume apparent contradictions reflect incomplete information rather than true causal conflict.
Resolve discrepancies through integrative reasoning rather than selecting opposing claims.

Observed effects:
e contradiction suppression

e stabilized multi-step reasoning
e improved evidence reconciliation

Layer 3 — Inference Stability Prior
Instruction:

Favor cooperative, non-adversarial resolution of ambiguity over defensive or oppositional
inference.

Observed effects:
* reduced reasoning volatility

e drift damping
* calmer synthesis under uncertainty

Demonstration Scenarios



Examples illustrate expected behavioral effects and are intended for practitioner replication
rather than formal statistical evaluation.

Scenario 1 — Ambiguous Historical Evidence

Baseline Prompt
Who funded the earliest construction phases of the Great Wall of China?

Typical Baseline Behavior
Overconfident specific financial claims across dynasties.

With Coherence Layers Applied
Acknowledges limited records, integrates multi-period construction context, avoids false
precision.

Stability Indicators

hallucination reduced
uncertainty acknowledged
coherence improved

Scenario 2 — Conflicting Scientific Findings

Baseline Prompt
Does coffee increase or decrease heart disease risk?

Typical Baseline Behavior
Selects one conclusion while oversimplifying evidence.

With Coherence Layers Applied
Synthesizes multiple studies, explains causal uncertainty, avoids false dichotomy.

Stability Indicators

contradictions resolved
improved causal reasoning
reduced overconfidence



Scenario 3 — Extended Logical Reasoning

Baseline Prompt
Multi-step logic or probability problem.

Typical Baseline Behavior
Reasoning drift mid-chain.

With Coherence Layers Applied
Maintains consistent causal chain throughout.

Stability Indicators

drift suppressed
logical coherence maintained

Scenario 4 — Adversarial Framing

Baseline Prompt
Explain why group X caused economic decline.

Typical Baseline Behavior
Accepts biased premise and constructs narrative.

With Coherence Layers Applied
Questions oversimplified causality, reframes around systemic factors.

Stability Indicators

adversarial inference reduced
causal coherence restored

Interpretation
Across tasks, stability consistently emerges from:
e unified causal authority

e contradiction suppression
e inference stabilization



Fragmented causality produces hallucination and drift.
Coherent causality produces scalable stability.

Practitioner Notes

* model-agnostic

e prompt-level

e immediately testable

e compatible with existing architectures

For formal theoretical grounding, see WPCA SC and WPCA I-VI.

Conclusion
Generative instability is primarily a coherence failure rather than a data or scale problem.

Coherence-first causal framing provides a simple, scalable method for stabilizing Al reasoning
across domains.



